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Abstract

The Glycaemic Index (GI) serves as a critical indicator of carbohydrate quality linked to postprandial
glycaemic response. As “Low-GI” claims proliferate on front-of-pack labels, it remains unclear how
consumers value this complex signal. This study quantifies willingness to pay (WTP) for Low-GI
labeling and tests a “motivation—capability” mechanism, positing that health orientation motivates
label use, while objective Low-GI knowledge facilitates targeted evaluation across nutritional
contexts. A discrete choice experiment was conducted in China using plain yogurt (N = 910). Mixed
logit models analyzed how the valuation of the Low-GI claim is moderated by carbohydrate context,
health orientation, and objective knowledge. Results indicate a significant average premium for Low-
GI labeling, with health orientation acting as a consistent motivational amplifier. Objective
knowledge functions as a critical moderator interacting with carbohydrate context, driving label
valuation only in specific low- or high-carbohydrate profiles while triggering skepticism in regular-
carbohydrate ones. These findings suggest that the public-health effectiveness of emerging
physiological claims depends jointly on consumer motivation and label-specific literacy.
Consequently, policy interventions should combine label standardization with targeted education,
equipping consumers with the capability to decode the claim’s physiological meaning rather than
relying on a generalized health halo.

Keywords: Low-GI claim; front-of-package labeling; willingness to pay; discrete choice experiment

1. Introduction

Low-glycaemic index (GI) diets are widely discussed as a practical approach to improving
carbohydrate quality and moderating postprandial glycaemic response—an outcome closely linked
to cardiometabolic risk [1-3]. This issue is particularly salient in China, which has the world’s largest
number of adults living with diabetes [4]. Alongside growing scientific and policy attention, GI-
related labeling and “Low-GI” claims have become increasingly visible in food markets, reflecting
both consumer demand and firms’ incentives to differentiate products with health-oriented signals
[5,6]. The yogurt category provides a timely setting to study this phenomenon: yogurt is often
perceived as a “healthy” everyday food, it is physiologically compatible with Low-GI positioning [7],
and yogurt products in China are increasingly marketed with multiple front-of-pack (FOP) cues in a
rapidly developing market [8].

For the Low-GI attribute to effectively shape purchase decisions, it requires a communication
format that facilitates rapid notice and processing. FOP cues can facilitate rapid interpretation and
have been shown to affect attention and evaluations [9,10]. Yet Low-GI is a comparatively complex
physiological claim that is not readily verified from the nutrition facts panel, potentially increasing
misinterpretation [6,11]. This complexity may amplify the well-documented heterogeneity in FOP
effects across label formats and consumer groups [10,12]. Accordingly, in the Low-GI context we
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expect consumers’ motivation to use health information (health orientation) and their capability to
decode the claim (objective Low-GI knowledge) to play a more central role in shaping responses.

Consistent with evidence that consumers differ widely in how they attend to and use FOP cues,
we examine health orientation as a key motivational source of heterogeneity in responses to Low-GI
labeling [13,14]. In this context, health orientation —conceptualized as a stable motivational tendency
to prioritize health outcomes in daily dietary choices—offers a parsimonious framework for
explaining such variation. Consumers with higher health orientation are more likely to allocate visual
attention to on-package nutrition information [14] and to incorporate these cues into purchase
decisions [13]. Despite the established role of health orientation in shaping information processing,
to our knowledge, no prior work has directly examined whether this motivational factor modulates
consumer responses specifically to Low-GI labeling.

Motivation alone, however, may be insufficient when the claim entails physiological complexity.
We therefore distinguish capability from motivation and focus on objective knowledge about the
Low-GI claim (objective Low-GI knowledge) as a separate mechanism shaping label valuation [13].
Rather than treating knowledge merely as a background control, we posit that objective Low-GI
knowledge functions as a “cognitive decoder,” affecting whether consumers can correctly map the
physiological meaning of the claim onto the information available at purchase [15]. This mechanism
is particularly pertinent for Gl-related claims because the underlying concept is physiological and
cannot be directly verified from the nutrient panel alone [1].

When nutrition cues co-occur, consumers may evaluate claims through a lens of cue congruence
[16]. Accordingly, we expect that any context dependence in Low-GI valuation is tied to the product’s
carbohydrate context—that is, whether the surrounding carbohydrate profile makes the claim’s
functional meaning more (or less) diagnostic. Crucially, we argue that carbohydrate context primarily
moderates the knowledge channel: consumers with objective Low-GI knowledge are more able to
interpret when and why Low-GI should matter under different carbohydrate contexts, whereas
health orientation should act as a broadly positive and context-stable motivational driver of
responsiveness to health-related cues.

To address these gaps, this study employs a discrete choice experiment (DCE) in a yogurt choice
setting in China to estimate willingness to pay (WTP) for Low-GlI labeling and to identify systematic
preference heterogeneity. DCEs provide a robust framework for decomposing choices into part-
worth utilities and testing interaction-based mechanisms under controlled information presentation
[17-19]. Our approach also aligns with recent consumer research that uses choice experiments to
quantify label valuation and preference heterogeneity in food markets [20-22]. Drawing upon
signaling and information-economics perspectives [23-25], we propose the following hypotheses:

Hypothesis 1 (H1). Consumers derive positive marginal utility from the Low-GI label in our yogurt choice
setting, resulting in a premium in WTP relative to products without the label.

Hypothesis 2 (H2). Consumers with higher health orientation place a greater value on the Low-GI label in
our yogurt choice setting, independent of their objective Low-GI knowledge. This reflects the motivational
aspect of consumer choice, where health-oriented individuals are more prone to use health cues as heuristic
signals of “better-for-you” quality.

Hypothesis 3 (H3). The valuation of the Low-GI label in our yogurt choice setting is context-dependent; its
utility is amplified when the product’s carbohydrate context aligns with the label to present a more coherent
health scenario (e.g., low-carbohydrate contexts).

Hypothesis 4 (H4). Objective Low-GI knowledge acts as a cognitive decoder that enables consumers to
distinguish the functional mechanism of the label across contexts. Knowledgeable consumers will not value the
label uniformly; instead, they will exhibit higher WTP in contexts where the label offers a clearer functional
rationale—either as perceived two-cue reinforcement (low-carbohydrate contexts) or as a cue for a more gradual
postprandial glycaemic response relative to higher-GI alternatives (high-carbohydrate contexts)—uwhile
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discounting the label in ambiguous regular-carbohydrate contexts where the functional positioning is less
diagnostic.

Empirically utilizing DCE estimates, this study contributes to the extant literature in three
distinct ways. First, it extends evidence on WTP for relatively novel and conceptually abstract
physiological claims (Low-GI) within a realistic choice setting. In contrast to prior nutrition-labeling
research that has largely focused on consumer responses to simpler nutrient information and familiar
health/credence cues [9,26,27], existing evidence on Low-GI valuation remains relatively limited and
concentrated in specific product contexts and stated-preference applications [28,29]. Second, it
clarifies the role of consumer motivation by quantifying how health orientation shapes functional-
label valuation, demonstrating that health orientation acts as a consistent amplifier of WTP. Third, it
incorporates objective Low-GI knowledge to probe the mechanisms underlying context-dependent
valuation, showing that carbohydrate-context variation in the WTP premium is concentrated among
knowledgeable consumers—consistent with a decoder-based interpretation of how consumers
process complex physiological claims.

2. Related Research

2.1. Functional Foods and Complex Health Claims: The Case of Low-GI

Functional foods are typically positioned as products offering benefits beyond basic nutrition;
however, consumer uptake often hinges on whether the claimed mechanism is understandable and
credible at the point of purchase [30]. Compared with simpler nutrient-content claims, “Low-GI”
represents a complex physiological claim: it refers to the postprandial glycaemic response elicited by
available carbohydrates, and its definition and testing rely on standardized measurement protocols
[31]. While the existence of international GI tables and methodological standards has supported
scientific comparability, it also underscores that GI is not a single-ingredient attribute —its realized
value depends heavily on the food matrix, processing, and serving context [6].

From a labeling perspective, the policy and scientific debate remain active. Reviews for
regulators have questioned whether GI labeling might mislead consumers if interpreted as a blanket
“healthier” cue, particularly when it distracts attention from the overall nutrient composition [32].
Empirically, consumer-side evidence suggests that GI concepts can be difficult to interpret without
guidance, creating substantial heterogeneity in understanding and usage [11]. Concurrently, GI-
related research continues to expand in applied nutrition and food systems, including work
connecting GI metrics with broader carbohydrate quality indicators [33].

Crucially for the present context, evidence regarding the monetary valuation of Low-GI claims
remains limited and is largely concentrated in carbohydrate-dense staple categories rather than dairy.
For instance, discrete choice experiments (DCE) have quantified a positive WTP for Low-GlI rice,
suggesting that the claim can carry a market premium when attached to a staple food where
glycaemic response is salient in consumers” minds [29]. However, to our knowledge, comparable
WTP estimates for Low-GI claims in yogurt (and more broadly in fermented dairy) remain scarce. In
yogurt research, Low-GI is predominantly discussed as a physiological property rather than as a
market signal whose value can be monetized [7]. Meanwhile, dairy labeling debates tend to focus on
compliance and the consistency between on-pack claims and nutrition information, which are
relevant to consumer trust but do not directly recover the magnitude of a Low-GI premium [34].
Against this backdrop, our study contributes to the literature by quantifying (i) whether a Low-GI
front-of-pack claim commands a premium in the yogurt category, and (ii) how that premium is
contingent upon the product’s nutritional context (carbohydrate level) and consumer heterogeneity.

2.2. Labels as Signals under Information Asymmetry

A core premise in food labeling research is that when consumers cannot fully verify quality or
health outcomes prior to purchase, labels function as signals to mitigate information asymmetry. In
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economic terms, many health and functional attributes are typical “credence attributes,” the veracity
of which remains difficult to verify even after consumption [35]. In such markets, a combination of
regulatory disclosure and voluntary claims shapes “believable quality cues,” influencing both
consumer choice and corporate product strategy [36]. Reviews of labeling economics further
emphasize that the effectiveness of a signal depends on its verifiability, the cost of understanding,
and its combination with other quality cues [37].

The distinct challenge of complex functional signals like Low-Gl is that they do not correspond
to familiar nutritional dimensions (e.g., “low fat” or “low sugar”) but require specific knowledge to
map “Gl” onto health outcomes. Consequently, the signaling strength of Low-GI is likely highly
dependent on consumer cognitive processing and trust in the information source. This dependency
explains why cross-national studies often observe significant disparities in the credibility, difficulty
of understanding, and overall acceptance of nutrition and health claims [38]. In this context, our
research contributes by empirically examining the valuation of Low-GI in the Chinese yogurt market,
explicitly modeling how the signaling efficacy of this complex physiological cue is conditioned by
the interplay between nutritional context and consumer cognitive capability.

2.3. Nutritional Context, Congruence, and Halo Effects

A prevalent argument in food consumption research is that the effect of a label is not constant
but contingent upon its congruence with nutritional facts and its potential to trigger a “health halo.”
Extensive experimental evidence indicates that health and nutrition claims can enhance consumers’
judgments of overall healthfulness—and even alter risk perception and trust—but may also be
discounted or viewed with skepticism when information conflicts [39,40]. More granular evidence
from package information combination studies suggests that when the nutrition facts panel aligns
with the claim (congruence), consumers are more likely to form positive evaluations. Conversely,
when claims are inconsistent with nutritional facts, consumers often fail to identify the discrepancy
or rely on heuristic biases, processing only the claim while ignoring the facts [41-43].

At the attentional level, visual attention to nutrition information is also influenced by label
presentation and familiarity; thus, in realistic purchase settings, the combination of “FOP signals +
key nutrition facts” may be more determinant of choice than either information source alone
[16,44,45]. These studies collectively suggest that identifying the true market value of a complex claim
like Low-GlI requires testing it within a specific nutritional context rather than estimating it in
isolation. To capture these dynamics, we explicitly model the interaction between the Low-GI label
and carbohydrate content (nutritional context). This approach allows us to translate the theoretical
concepts of "congruence” and "halo effects" into an estimable utility structure (WTP), thereby testing
whether consumers rationally adjust their valuation based on nutritional consistency.

2.4. Consumer Heterogeneity: Health Orientation and Nutrition Knowledge as a “Decoder”

Existing literature repeatedly emphasizes that consumers are not a homogeneous group; the
transition from “seeing a label” to “perceiving value” is jointly shaped by motivation and capability.
Health orientation (or health consciousness) is generally viewed as a stable motivational variable that
increases attention to health-related cues and reinforces the probability of choosing products with
health claims [46,47]. However, motivation alone does not guarantee “correct understanding”:
nutrition knowledge and literacy critically affect whether consumers can effectively read and
integrate on-pack nutrition information, thereby altering the marginal effect of the claim [27].

Classic frameworks in consumer expertise suggest that knowledge alters the weighting of
extrinsic cues and the manner of information integration, enabling high-knowledge individuals to
perform consistency checks and reduce reliance on single signals [48]. Our study extends this
literature by operationalizing the “decoder” mechanism: we distinguish between health orientation
and objective knowledge to test how these distinct factors moderate the marginal utility of the Low-
Gl label across congruent and incongruent nutritional contexts.
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3. Materials and Methods

3.1. Survey Administration and Participants

The study was carried out online in late 2025 (November—-December) via the Wenjuanxing
platform. Participation was voluntary and anonymous. Before proceeding, respondents were
informed that the survey was for academic research purposes and provided informed consent.
Eligible participants were screened at the beginning of the questionnaire and were required to be 18
years or older and to be the primary or joint household food purchase decision-maker. Respondents
who completed the survey received a small cash incentive.

To ensure data quality, an instructional attention-check item was embedded in the
questionnaire. Responses that failed this attention check (which instructed respondents to select
“Agree”) were excluded from the analysis. The final analytic sample consisted of 910 valid
respondents, contributing 10,920 choice tasks (910 x 12). The average completion time was
approximately 6.7 minutes, suggesting limited rapid satisficing.

3.2. Discrete Choice Experiment (DCE): Attributes and Design

The study employed a generic discrete choice experiment to elicit consumer preferences for
original-flavored yogurt. Each choice task presented three product alternatives (A/B/C) and an opt-
out option (“I would not buy any of these / I would buy other brands”), which avoids forced choices
and better reflects real purchase settings. A short cheap-talk script was presented prior to the DCE to
encourage respondents to make choices as if they were shopping in a real-world setting, considering
their actual budget and habits.

Each yogurt alternative was described by five attributes. Specifically, these attributes included
price, carbohydrate content, fat content, the Low-GlI label, and the organic label. Although not central
to our research question, fat content and the organic label were included as market-relevant controls
to capture salient health/quality cues and reduce confounding when estimating preferences for the
Low-GI label [49,50]. Except for price, all attributes were categorical and subsequently represented
by dummy variables in the econometric models. To reduce information asymmetry and help
respondents better anchor their choices, the levels for nutritional attributes (carbohydrate and fat
content) were explicitly presented with auxiliary numerical values in addition to their categorical
labels. Carbohydrate content, rather than sugar, was selected because Chinese nutrition facts panels
commonly report carbohydrates as a standard item, whereas sugar information is not consistently
displayed; moreover, in yogurt products carbohydrate levels are closely related to perceived
sweetness and energy density, providing a familiar and comparable nutrition reference for
consumers.

Prior to the DCE, respondents were shown the corresponding package labels and informed that
the products carried “Low-GI” and “organic” labels, but no further explanation of the Low-GI
concept was provided. This was intentional to avoid priming or experimenter-demand effects and to
preserve the naturally existing variation in consumers’ knowledge. After completing the DCE,
respondents took an objective knowledge quiz about Low-Gl, and the measured level of
understanding was used as a key source of heterogeneity in subsequent analyses. The specific
attributes and levels are presented in Table 1. A sample choice card illustrating the presentation of
these categorical labels and auxiliary values is shown in Figure 1.

Table 1. Attributes and levels used in the discrete choice experiment (DCE).

Attribute Levels Unit / description

Front-of-pack label shown as an icon. In
Low-GI label Absent; Present the questionnaire, the items were
presented as follows:
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Prior to the DCE, respondents were shown
the Low-GI logo and informed that it
denotes a Low-GI label; no additional
information about health benefits was
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numeric information).
Certification label shown as an icon. In the

questionnaire, the items were presented as

follows:

Organic label Absent; Present

Before the DCE began, we showed
respondents this image and informed them
that it represents an Organic label.
Price 2,4.5;8 CNY per 135 g serving.

Notes: Approximate nutrition values were provided as auxiliary information on the choice cards to

facilitate interpretation of the attribute profiles. Specifically, carbohydrate content was shown as Low
(~6 g/100 g), Regular (~9 g/100 g), and High (~12 g/100 g), and fat content was shown as Skim (0 g/100
g), Low-fat (~3 g/100 g), and Whole-fat (~6 g/100 g). The attribute levels for price and nutritional
content (carbohydrate and fat) were derived from a market survey of plain yogurt products on major

Chinese e-commerce platforms to ensure market realism.
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Figure 1. An example of a decision situation. The original questionnaire was designed in Chinese; an English
version of this example is provided in Appendix Figure Al for reference.

A pilot study (n=80) was conducted to test comprehension and to obtain preliminary parameter
estimates. Based on the pilot results, a Bayesian D-efficient design was generated using NGENE, with
normally distributed priors specified using pilot-based means and variances. During the design
generation process, specific constraints were implemented to prohibit dominant alternatives. The
final experimental design comprised 24 choice sets, which were divided into two blocks of 12 tasks
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each to reduce respondent burden. Each participant was randomly assigned to one block and
completed 12 choice tasks.

3.3. Variable construction

To examine preference heterogeneity related to health motivation and objective understanding
of the Low-GI concept, two measures were constructed from the questionnaire. Health orientation
was assessed using three 7-point Likert items: 'T often reflect on my health status', Tam very sensitive
to changes in my health’, and T actively pay attention to the impact of my daily diet on my health'.
Responses were averaged to form a composite index and mean-centered prior to inclusion in
interaction terms with the Low-GI label. The scale showed good internal consistency (Cronbach’s a
=0.856). Construct validity was supported (KMO = 0.733; Bartlett’s test p < 0.001), and an exploratory
one-factor solution yielded strong loadings (0.872-0.891), with AVE =0.778 and CR = 0.913.

Objective Low-GI knowledge was measured using a multiple-choice item. Respondents who
selected the scientifically correct definition—i.e., a more gradual postprandial blood glucose rise
given the same carbohydrate intake —were coded as 1; all other responses were coded as 0. Incorrect
responses included defining Low-GlI as (i) having lower carbohydrate or sugar content, (ii) involving
less carbohydrate or sugar absorption, or (iii) “do not know.” This single-item measure captures
objective concept recognition (i.e., whether respondents understood the core physiological meaning
of Low-GI) rather than broader nutrition knowledge; single-item measures are often adequate when
the construct is narrow and unidimensional [51]. Given the cognitive demands of DCE tasks, keeping
the knowledge check brief helps reduce respondent burden and satisficing [52].

3.4. Econometric Specification and Model Strategy

3.4.1. Random Utility Framework

Consumer choices were modeled within the Random Utility Theory (RUT) framework. For a
respondent n in choice situation ¢, the utility derived from selecting alternative j among / options
(comprising three yogurt profiles and an opt-out option) is expressed as:

Unjt = ant + Epnjit
where V,;, represents the deterministic component of utility and ¢,;, is the stochastic error term,
assumed to be independently and identically distributed (i.i.d.) following a Gumbel (Type I extreme
value) distribution. The systematic utility of the opt-out option was normalized to zero. A single
alternative-specific constant (ASC,,) was specified for the three purchase alternatives, with the opt-
out as the reference, to capture the baseline propensity to purchase a yogurt product.

3.4.2. Mixed Logit Estimation

To account for unobserved preference heterogeneity, Mixed Logit (MIXL) models were
estimated using simulated maximum likelihood. The vector of taste parameters B, is assumed to
vary across individuals according to a multivariate normal distribution:

Bn=B+Mpnn~N(0,X)
where B is the vector of mean population preferences and X is the covariance matrix. To capture the
correlations among random parameters, a Cholesky decomposition was applied to the covariance
matrix. In our model specification, six attribute parameters—the Low-GI label, organic certification,
two dummy variables for carbohydrate levels (low and high), and two dummy variables for fat
content (skim and whole) —were specified as random parameters following a normal distribution.
Conversely, the price coefficient, the alternative-specific constant (ASCy,,), and all interaction terms
(including two-way and three-way interactions) were treated as fixed parameters. The price
coefficient was kept fixed to ensure stability in the estimation of Willingness to Pay (WTP) and to
avoid the identification issues associated with a random price distribution. Interaction terms were
fixed to facilitate a more straightforward interpretation of how specific consumer characteristics
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(health orientation and knowledge) moderate the utility of the Low-GI label. The models were
estimated using 500 Halton draws in Stata 16.0.

3.4.3. Model Sequence

Three sequential models were estimated to test the research hypotheses (H1-H4). For categorical
attributes, 'regular carbohydrate' and 'low-fat' were set as the reference categories.
Model 1 (Baseline Main-Effects): This model evaluates the general impact of the Low-GI label
and other product attributes. The systematic utility is defined as:
V3 = ASChyy - 1( # 0) + By - pricen;e + Ber - LowGlyje + Borg
rorganicyj. + Be - carb_lowy e + Bep - carb_highyj,
+ Bys - fat_skimyj, + Bpy - fat_wholeyj;
H1 is supported if Bg; > 0 and is statistically significant. The mean WTP for the Low-Gl label is
computed as —B;/Bp-
Model 2 (Two-Way Interaction): To investigate how Low-GI valuation is moderated by health

orientation, carbohydrate context, and objective knowledge, interaction terms were introduced:
@y

it = Vnji T YL lowGlyj - carb_lowy e + vy - lowGly e - carb_highy, .

+ 6 lowGl,j; - healthy, + x - lowGl, . - objknow,

H2 is assessed via the interaction between the Low-GI label and health-orientation scores, while
H3 is tested through the interactions with carbohydrate levels.

Model 3 (Three-Way Interaction): To explore the "decoder" role of knowledge (H4), we included
three-way interaction terms:

V15133 = Vrsjzt) + 0, - lowGly, - carb_lowy . - objknowy, + 8y - lowGl,, ¢
-carb_highy,j; - objknow,

This model tests whether objective knowledge conditions the cue congruence effect of Low-GI

and carbohydrate levels. By combining these coefficients, the marginal utility and WTP for Low-GI

can be derived across different carbohydrate contexts and knowledge groups.
4. Results

4.1. Sample Characteristics and Descriptive Statistics

The socio-demographic profile of the valid respondents (n = 910) is summarized in Table 2.
The sample exhibited a balanced gender distribution, with 50.11% males and 49.89% females. In terms
of age, the largest groups were aged 18-25 (29.34%) and 26-35 (21.65%), representing a relatively
young and active consumer segment. Regarding education, the majority of participants had
completed vocational or higher education, with 19.78% holding a bachelor's degree. The geographic
distribution was diverse, with a broad representation across different regions and city tiers, ranging
from Tier 1 cities (15.38%) to rural areas (17.80%), ensuring a wide coverage of the Chinese consumer

market.
Table 2. Sample characteristics and opt-out behavior (N = 910).
Characteristic Category n %
Gender Male 456 50.110
Female 454 49.890
Age 18-25 267 29.341
26-35 197 21.648
36-45 191 20.989
46-55 185 20.330
56-65 29 3.187
> 65 41 4.505
Education Middle school or below 147 16.154
High school / Vocational school 276 30.330
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Associate degree 254 27.912

Bachelor’s degree 180 19.780

Master’s degree 24 2.637

Doctoral degree 13 1.429

Other / Prefer not to say 16 1.758

Residence Tier-1 city 140 15.385
New Tier-1 city 134 14.725

Tier-2 city 155 17.033

Tier-3 or below / County-level 164 18.022

Town / Rural area 162 17.802

Other regions 155 17.033

Monthly Income (CNY) < 5,000 488 53.626
5,000-9,999 235 25.824

10,000-19,999 93 10.220

20,000-29,999 34 3.736

30,000-49,999 34 3.736

>50,000 13 1.429

Prefer not to say 13 1.429

Purchase Frequency
Never 105 11.538
(past month)

Once 250 27.473

2-3 times 471 51.758

>4 times 84 9.231

Selected the scientifically correct definition: a more
Objective Low-GI knowledge gradual blood glucose rise given the same 423 46.484
carbohydrate intake (ObjKnow=1)
Interpreted Low-GI as having lower carbohydrate or 256 28.132
sugar content
Interpreted Low-GI as II’IV.OIVlng less carbohydrate or 182 20.000
sugar absorption by the body
Reported not knowing the definition 49 5.385
Mean SD

Opt-out behavior Opt-out rate 0.074 0.134
Health orientation Index score 4.201 1.510
ObjKnow=1 ObjKnow=1 (correct definition) 0.465 0.499

Notes: Percentages are computed at the respondent level (N = 910). For the last two rows, columns
report the mean and SD. Health orientation is the mean of three items on a 1-7 scale. Objective Low-
GI knowledge was measured using a multiple-choice item; ObjKnow=1 indicates selecting the

scientifically correct definition. Opt-out rate is computed across respondents (12 choice tasks each).

Regarding economic status, 53.63% of households reported a monthly post-tax income of less
than 5,000 CNY, while 25.82% earned between 5,000 and 9,999 CNY. In terms of consumption habits,
over 60% of respondents purchased original-flavored yogurt at least twice a month, with 51.76%
buying it 2-3 times monthly, indicating high familiarity with the product category. Notably, in the
discrete choice experiment, the opt-out option (“would not buy”) was selected in only 7.44% of the
total choice tasks. This low opt-out rate suggests that the experimental design successfully presented
realistic and attractive alternatives, and that respondents were highly engaged in the decision-
making process.

In addition, respondents” health orientation and objective Low-GI knowledge were summarized
as key individual characteristics. The mean health orientation index (average of three items on a 1-7
scale) was 4.201 (SD = 1.510), suggesting moderate health-related attentiveness in the sample.
Regarding objective Low-GI knowledge, fewer than half of respondents correctly identified Low-GI
as indicating a more gradual postprandial blood glucose rise under the same carbohydrate intake
(46.48%). Misconceptions were common: 28.13% interpreted Low-GlI as implying lower
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carbohydrate/sugar content, and 20.00% believed it means less carbohydrate/sugar is absorbed by
the body, while 5.38% reported not knowing the definition. This distribution highlights substantial
knowledge gaps and supports our focus on knowledge as a key factor shaping how consumers
interpret Low-GlI information in different carbohydrate contexts.

4.2. General Consumer Preferences: Baseline Results (Model 1)

Model 1 in Table 3 presents the baseline Mixed Logit (MIXL) estimation results, which evaluate
consumer preferences for the primary attributes of original-flavored yogurt. Consistent with
economic theory, the coefficient for price is negative and statistically significant (p < 0.01),
indicating that higher price levels decrease the probability of selection. The alternative-specific
constant (ASCp,,) is positive and highly significant, reflecting a robust baseline propensity among
respondents to select one of the yogurt alternatives rather than the opt-out option, thereby suggesting
a high level of engagement with the product category.

Regarding the labeled attributes, the Low-Gl label yields a positive and highly significant utility
premium (B = 0.331,p < 0.001). This result demonstrates that consumers derive substantial
marginal utility from the presence of a Low-GI claim relative to an otherwise identical product,
providing strong empirical support for H1. Similarly, the organic label exerts a positive and
significant effect on choice, aligning with previous literature that identifies organic certification as a
key credence attribute associated with perceived healthfulness and superior quality.

In contrast, the preference for physical attributes reveals a different pattern. Relative to the
reference level (low-fat), both skim and whole-fat alternatives are associated with significantly lower
utility. This implies that respondents in this study systematically favor the baseline "low-fat" profile
over the extremes of fat content in the context of original-flavored yogurt. Regarding carbohydrate
content, respondents exhibited a significant preference for the low-carbohydrate profile (8 =
0.175,p < 0.01) relative to the regular baseline, whereas the high-carbohydrate alternative did not
yield a statistically significant difference in utility.

Finally, the estimated standard deviations of the random coefficients are statistically significant
for all key attributes. This confirms the presence of substantial unobserved preference heterogeneity
across the sample, validating the use of the Mixed Logit specification to capture individual-level
variations in the valuation of yogurt attributes and functional labels.

Table 3. Mixed logit estimates for original-flavored yogurt choice.

Variable Model 1 Model 2 Model 3
Panel A. Mean coefficients
1.859%** 1.907*** 1.900***
ASC_buy
(0.051) (0.054) (0.054)
. -0.094*** -0.094*** -0.094***
Price
(0.004) (0.005) (0.005)
L R34 K%
Low-GI label 0.331 0.192 0.313
(0.028) (0.050) (0.053)
. 0.152%** 0.150*** 0.150%**
Organic label
(0.024) (0.024) (0.024)
. -0.193*** -0.199*** -0.202%**
Fat: skim
(0.026) (0.026) (0.026)
-0.324*** -0.327*** -0.330***
Fat: whole
(0.027) (0.027) (0.027)
0.175%** 0.035 0.030
Carb: low
(0.034) (0.044) (0.043)
-0.034 -0.074* -0.081*
Carb: high
(0.033) (0.045) (0.044)
271#%* -0.014
Low-GI x Carb: low — 0 00
(0.058) (0.070)
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0.068 -0.064
Low-GI x Carb: high —
(0.058) (0.070)
. 7 K%K . 7 CE
Low-GI x Health orientation — 0.0 0075
(0.023) (0.023)
0.063 -0.222%**
Low-GI x Objective knowledge —
(0.059) (0.075)
0.617***
ObjKnow x Low-GI x Carb: low — —
(0.086)
0.307%**
ObjKnow x Low-GI x Carb: high — —
(0.085)
Panel B. Standard deviations of random parameters
SD: Low-Gl label 0.181*** 0.056 0.066
Frowbtabe (0.032) (0.045) (0.044)
) 0.194*** 0.205%** 0.199%**
SD: Fat skim
(0.034) (0.034) (0.035)
0.208*** 0.195%** 0.185%**
SD: Fat whole
(0.035) (0.036) (0.037)
. 0.265*** 0.257*** 0.256***
SD: Organic
(0.028) (0.029) (0.029)
0.561*** 0.550%** 0.473%**
SD: Carb low
(0.038) (0.038) (0.040)
0.507*** 0.495%** 0.446%**
SD: Carb high
(0.038) (0.038) (0.039)
Model fit statistics
Respondents 910 910 910
Choice tasks 10,920 10,920 10,920
Observations 43,680 43,680 43,680
Log likelihood -13,539.629 -13,519.872 -13,494.501
AIC 27137.26 27105.74 27059.00
BIC 27389.11 27392.34 27362.96

Notes: Standard errors are in parentheses. * p <0.10, ** p <0.05, *** p < 0.01.

4.3. Moderating Effects of Context and Individual Characteristics (Models 2 and 3)

Column 2 in Table 3 presents the estimation results for Model 2, which extends the baseline
specification by introducing several two-way interaction terms to examine whether the utility
derived from the Low-GI label is conditional upon the product’s carbohydrate context and the
consumers' individual characteristics. The empirical results reveal distinct and statistically significant
moderation patterns that refine the understanding of Low-GI label valuation. The model captures the
role of individual heterogeneity through health-orientation moderation (H2). The interaction
between the Low-GI label and health orientation is positive and statistically significant
(Browgixheaitn = 0.075,p = 0.001). Given that the health orientation variable is mean-centered, this
estimated coefficient indicates that respondents with a health orientation above the sample average
place a higher valuation on the Low-GlI label, a finding that is consistent with the predictions of H2.
This suggests that consumers who are more intrinsically motivated by health-related goals are more
sensitive to functional claims that facilitate the selection of healthier dietary options.

Furthermore, regarding context moderation (H3), the interaction between the Low-GI label and
the low-carbohydrate yogurt profile is positive and highly significant (Bowegixcars_iow = 0.271,p <
0.001), indicating that the marginal utility of a Low-GI claim is substantially amplified when the
product is presented within a low-carbohydrate nutritional context. In contrast, the interaction
between the Low-GlI label and the high-carbohydrate profile does not reach statistical significance,
suggesting that the incremental value of the Low-GI label does not significantly differ in a high-
carbohydrate context relative to the reference carbohydrate level. Taken together, these findings
provide empirical support for H3, suggesting that the effectiveness of a functional label is context-
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dependent and appears stronger when the overall nutritional profile is conceptually congruent with
the health cues signaled by the label.

The interaction between the Low-GlI label and objective knowledge (objknow) is not statistically
significant in Model 2, implying that knowledge does not act as a simple additive moderator of Low-
Gl valuation in a generalized context. This lack of a direct interaction effect motivates the subsequent
analysis of higher-order interactions in Model 3. In this final specification, objective knowledge is
examined as a potential “decoder” that shapes how consumers jointly interpret the Low-GI claim and
the specific carbohydrate context provided. This approach allows for a more nuanced investigation
of whether nutritional knowledge is required to reconcile functional information with the physical
attributes of the product, particularly when such information may appear complex or contradictory
to uninformed consumers.

It is also important to highlight the robustness of the model specification. As shown in Table 3,
the coefficients for the non-interacted control attributes—specifically price, organic certification, and
fat content—remained remarkably stable in magnitude and significance compared to the baseline
model. While the main effect of the low-carbohydrate attribute decreased in magnitude in Model 2,
this is an expected structural shift: the utility previously attributed to the low-carbohydrate attribute
alone is now captured by the significant interaction term (BLowegixcarb_tow)- This pattern clarifies the
interpretation of the coefficients: once the interaction is included, the main effect is identified at the
baseline (Low-GI = 0), while the significant interaction term captures the incremental utility of low
carbohydrate specifically when the label is present, consistent with H3.

4.4. The "Decoder” Role of Knowledge

Column 3 in Table 3 presents the estimation results of Model 3, which extends the analysis by
incorporating three-way interaction terms between objective knowledge, the Low-GI label, and
carbohydrate levels. This advanced specification is explicitly designed to test H4 by examining
whether nutritional knowledge functions as a cognitive "decoder”, enabling consumers to
discriminate the value of the Low-GlI label based on the specific carbohydrate context. The empirical
results provide robust evidence that knowledgeable consumers do not value the label uniformly;
rather, they adjust their preference according to the distinct nutritional logic of each product profile,
distinguishing between the physiological velocity of the glucose response (GI) and the total quantity
of carbohydrate intake.

The most pronounced positive effect is observed in the low-carbohydrate context
(BobjxLowaixcarp_tow = 0.617,p < 0.001). For knowledgeable consumers, this combination is consistent
with a cue-reinforcing interpretation of quantity and quality cues. Specifically, the low-carbohydrate
attribute provides a favorable quantity signal (lower carbohydrate intake), while the Low-GI label
provides a favorable quality signal (slower glycemic response rate). Together, the pattern of estimates
suggests that the marginal value of the Low-GI label is highest when the surrounding nutritional
information supports a coherent physiological narrative. Notably, comparing Model 2 and Model 3
reveals a critical insight regarding the base interaction effect. Once objective knowledge is explicitly
modeled in the three-way interaction, the two-way interaction term between the Low-GlI label and
the low-carbohydrate context (Low-GI x Carb: low) becomes statistically insignificant (=
—0.014,p > 0.10). In Model 3, this term specifically captures the incremental effect among less
knowledgeable consumers (ObjKnow = 0). Its insignificance suggests that, for consumers who do not
correctly understand the Low-GI concept, the Low-GI claim does not generate additional utility in
the low-carb setting beyond the main effects. This pattern is consistent with the possibility that low-
knowledge consumers do not systematically integrate the Low-GI claim with carbohydrate-quantity
cues; instead, they may treat the two pieces of information as weakly diagnostic or only loosely
related. This pattern clarifies that the cue-congruence effect originally detected in Model 2 is, in fact,
driven almost entirely by the knowledgeable segment. By isolating this effect, Model 3 further
supports the proposed “decoder” role of knowledge, showing that the cue-reinforcement mechanism
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in perceived healthfulness operates only when consumers have sufficient cognitive capability to
interpret the signal.

Crucially, a positive and significant effect also emerges in the high-carbohydrate context
( BobjxLowGixcarb_high = 0.307,p < 0.001), although the magnitude is smaller than in the low-
carbohydrate scenario. In the high-carbohydrate context, the positive three-way interaction is
consistent with a risk-mitigation interpretation: knowledgeable consumers may interpret the Low-GI
label as a cue of slower carbohydrate absorption, leading them to expect a more gradual postprandial
glycaemic response relative to higher-GI alternatives, even in a high-carbohydrate option[2,3]. More
broadly, the estimates suggest that objective knowledge is associated with greater reliance on a
mechanism-based evaluation (GI as a “rate” cue) rather than a purely heuristic “health halo.”

In contrast, relative to these specialized profiles, the valuation of the Low-GI label in the regular-
carbohydrate context (the reference category) is significantly lower. Crucially, the negative
interaction term observed here does not imply that knowledgeable consumers view the label
negatively; rather, it indicates that their net marginal utility in the reference context (calculated as
Browar T Broweixobjknow) converges toward zero, rendering the WTP statistically insignificant. For
knowledgeable consumers, a 'Regular Carb + Low GI' product lacks a clear functional positioning,
being neither a strict diet option nor a specialized energy source. Consequently, without the clear cue
congruence in perceived healthfulness (in low-carbohydrate contexts) or risk-mitigation value (in
high-carbohydrate contexts) found at the extremes, the marginal utility of the label diminishes.
Collectively, these findings support the view that objective knowledge acts as a sophisticated filter
that amplifies the label’s value when it offers a clearer perceived functional rationale, thereby
providing strong empirical support for H4.

Finally, the stability of the estimates across Model 2 and Model 3 warrants mention. Despite the
increased complexity introduced by the three-way interaction terms, the coefficients for the control
variables (price, organic, fat) and the carbohydrate main effects remained virtually unchanged
compared to Model 2. Specifically, the main effect for the low-carbohydrate attribute remained
statistically insignificant (B = 0.030,p > 0.1), mirroring the result in Model 2. This consistency
confirms that for the baseline group (uninformed consumers in the absence of a Low-GlI label),
physical carbohydrate reduction alone continues to generate limited utility.

4.5. Willingness to Pay (WTP) Estimates and Economic Implications

To translate utility estimates into economically interpretable metrics, willingness-to-pay (WTP)
for the Low-Gl label was computed as WTP = —AU/B,;ccusing the Delta method. We calculate WTP
for the Low-GI label based on the estimated parameters from Model 3 (Table 3), because it provides
the richest representation of preference heterogeneity by incorporating both contextual interactions
and individual-level moderators, and it also delivers the best overall fit among the competing
specifications, as indicated by the lowest AIC and BIC. Table 4 reports WTP (CNY) across three
carbohydrate contexts (low/regular/high), stratified by objective knowledge (Obj=0 vs. 1) and health
orientation (evaluated at 0 and +1 SD of the mean-centered health index). The results show that the
economic value of the low-GI label is strongly context-dependent and differs systematically across
consumer segments.

Health orientation acts as a general upward shift in valuation. Across knowledge groups and
carbohydrate contexts, higher health orientation is associated with higher WTP for the Low-GI label.
For example, among consumers without objective knowledge in the regular-carbohydrate context,
WTP increases monotonically from 2.14 CNY (-1 SD) to 4.55 CNY (+1 SD). This pattern indicates that
stronger health motivation translates into a greater willingness to pay for a health-related label.

Objective knowledge operates as a contextual “decoder”, amplifying valuation when
carbohydrate information provides a congruent (or salient) context. In the low-carbohydrate context,
knowledgeable consumers exhibit a substantially larger premium for the low-GI label, amounting to
nearly 2.3 times the value placed by uninformed consumers (7.42 CNY vs. 3.20 CNY). In the high-
carbohydrate context, knowledgeable consumers also maintain a higher WTP (3.58 CNY) than
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uninformed consumers (2.67 CNY). These differences suggest that objective knowledge helps
consumers integrate the Low-GI claim with the product’s carbohydrate profile, thereby
strengthening the perceived relevance of the label in context.

In contrast, in the regular-carbohydrate reference context, knowledgeable consumers show a
small and statistically insignificant WTP (0.97 CNY), while uninformed consumers display a
moderate premium (3.35 CNY). This pattern may reflect differences in information processing:
consumers with limited objective knowledge may rely on a general “health halo” associated with the
label, whereas knowledgeable consumers may evaluate the label more critically when the
surrounding nutritional context does not clearly signal a low- or high-carbohydrate positioning,
making the incremental information content of the label less diagnostic.

Finally, the magnitude of the Low-GI premium is economically meaningful when benchmarked
against other attributes. Under the low-carbohydrate context among knowledgeable consumers with
higher health orientation (+1 SD), WTP reaches 8.62 CNY, exceeding the premium associated with
the organic label (1.60 CNY). This comparison highlights that Low-GI can function as a high-intensity
functional signal, but the premium is most likely to be realized when the label is paired with a
nutritionally congruent product profile and targeted toward consumers with sufficient nutritional
literacy to interpret its physiological implications.

Table 4. Willingness-to-pay for the Low-GI label across carbohydrate contexts.

ObjKnow =0 ObjKnow =1
Carbohydrate context ‘gg) \Z\;’l};l)’
[95% CI] [95% CI]
Health orientation = -1 SD
2.140%** -0.233
Regular (0.619) (0.810)
[0.927, 3.353] [-1.821, 1.356]
1.991%** 6.212%**
Low carb (0.637) (0.825)
[0.742, 3.240] [4.596, 7.829]
1.459** 2.373%**
High carb (0.630) (0.788)
[0.225, 2.694] [0.827, 3.918]
Health orientation = Mean (0, centered)
3.346%** 0.973
Regular (0.583) (0.630)
[2.204, 4.487] [-0.262, 2.209]
3.197%** 7.418%**
Low carb (0.610) (0.682)
[2.001, 4.393] [6.082, 8.754]
2.665*** 3.579***
High carb (0.589) (0.616)
[1.511, 3.819] [2.372, 4.785]
Health orientation = +1 SD
4.552%** 2.179***
Regular (0.763) (0.652)
[3.056, 6.048] [0.902, 3.457]
4.403%** 8.624***
Low carb (0.791) (0.732)
[2.852, 5.954] [7.189, 10.059]
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3.871%* 4.785%%
High carb (0.764) (0.651)
[2.375, 5.368] [3.509, 6.060]

Notes: WTP is in CNY and computed as -AU/P_price (delta method). Standard errors are in
parentheses below point estimates; brackets report 95% confidence intervals. * p < 0.10, ** p < 0.05, ***
p<0.01.

Figure 2 visualizes the WTP estimates from Table 4, highlighting three systematic regularities.
First, health orientation acts as a consistent amplifier, increasing WTP across all contexts. Second,
objective knowledge generates a strong cue-congruence premium: in the low-carbohydrate context,
knowledgeable consumers exhibit the highest WIP, which widens further with health motivation.
Third, a “decoder” mechanism is evident in the distinction between contexts: unlike uninformed
consumers who value the label globally, knowledgeable consumers discount the label in the regular-
carbohydrate context while maintaining a positive “risk-mitigation” valuation in the high-
carbohydrate setting. This confirms that the label’s economic value is structurally determined by the
interplay of nutritional context and consumer capability.

101 Health orientation: -1 SD Health orientation: Mean (0) alth orientation: +1 SD

s ObjKnow =0
. ObjKnow =1

WTP for Low-Gl label (CNY)
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Figure 2. Consumers’ willingness to pay for Low-GI under various health orientations, respective objective

knowledge, and carbohydrate content.

5. Discussion

This study used a discrete choice experiment (DCE) to quantify consumers’ willingness to pay
(WTP) for a “Low-GI” front-of-pack (FOP) claim in China’s yogurt market and to unpack why this
value varies across consumers and product profiles. Positioned within the broader agenda of food
labeling as a policy instrument, our findings highlight that complex physiological claims do not
function as unconditional signals of healthiness. Instead, their behavioral and welfare relevance
depends on (i) whether consumers are motivated to use health information (health orientation) and
(if) whether they have the label-specific capability to interpret what the claim means (objective Low-
GI knowledge), especially when other nutrition cues are present on the package. In other words, the
effectiveness of emerging labels hinges on a “motivation-capability” pathway, and the label’s
economic value is structurally shaped by the interaction between the claim and the surrounding
nutrition context.
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5.1. General Preference for Low-GI Labeling (Baseline Valuation)

Across the full sample, the Low-GI claim generated a statistically significant utility premium,
implying that consumers are willing to pay extra for this FOP signal. This baseline result is consistent
with labeling research emphasizing how front-of-pack information can reduce search costs and shape
product evaluation when quality/health attributes are not directly observable [10,12]. Importantly,
our result extends existing work on glycaemic index labeling as a nutrition-information policy tool
by illustrating that consumers attach value to Low-GI cues even in categories where physiological
meaning is not self-evident from the nutrition panel [5,32]. In the yogurt category, a Low-GI label
appears to function as a salient shortcut that many consumers translate into perceived added value,
thereby creating meaningful demand for the claim as a labeling attribute.

5.2. The Role of Health Motivation

We find clear evidence that health orientation amplifies consumers’ valuation of the Low-GI
claim. This pattern aligns with prior evidence that health motivation and nutrition orientation
increase attention to and use of nutrition information on packages [13,14]. From the perspective of
food-labeling interventions, this result implies that the same label can generate very different
behavioral responses depending on the motivational state of the target population. For labeling
policy and public-health strategy, it suggests that increasing label availability alone may not shift
behavior uniformly; outcomes will likely be strongest among consumers who already prioritize
health goals [14].

5.3. The Role of Nutritional Context and Knowledge

A central contribution of this study is showing that the Low-GI claim is not evaluated in
isolation. Its value depends on the broader nutritional context—here, carbohydrate content—because
consumers interpret multiple on-pack cues jointly. This is consistent with evidence that consumers’
responses to health claims depend strongly on what other nutrition information appears on the
package [16] and on how claims interact with nutrition facts and consumers” motivation to process
information [53]. In Model 2, the Low-GI premium appears larger in low-carbohydrate profiles,
consistent with cue congruence: “low carb” (quantity cue) and “low GI” (quality/rate cue) together
create a coherent health narrative [16]. However, Model 3 demonstrates that this congruence effect is
largely driven by consumers who correctly understand the Low-GI concept, which supports a
“decoder” mechanism: objective knowledge enables consumers to map the claim onto the product’s
nutritional profile and to adjust valuation in a context-sensitive way rather than applying a blanket
“health halo” [11,13,27].

Three implications follow that are directly relevant to food-labeling debates. First,
knowledgeable consumers display the strongest WTP when “Low-GI” is paired with low
carbohydrate content, consistent with a reinforcing two-cue interpretation (a favorable quantity—
quality bundle). Second, knowledgeable consumers retain a positive valuation even in high-
carbohydrate profiles, consistent with a “risk-mitigation” logic: they may view Low-GI as
informative about the rate of postprandial glycaemic response relative to higher-GI alternatives, even
when carbohydrate quantity is high [2,3]. Third —and muost revealing—knowledgeable consumers
discount the claim in the regular-carbohydrate reference context, where the product does not provide
a clear functional positioning and the incremental diagnostic value of the claim is weaker. By contrast,
less knowledgeable consumers show a more global premium, consistent with a generalized health-
halo response rather than a mechanism-based evaluation [11,27].

Taken together, these results highlight a key challenge for complex health claims: when
consumers lack label-specific literacy, the claim may be valued as a broad positive signal even in
contexts where its functional meaning is ambiguous. This is precisely the type of mechanism that
motivates policy attention to claim governance and consumer comprehension when simplified FOP
cues coexist with more detailed nutrition information [16,53].
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5.4. Implications for Industry and Policy

Our evidence suggests that the behavioral effectiveness of a Low-GI claim depends on whether
consumers can interpret it correctly and integrate it with co-occurring nutrition information. This
supports approaches that reduce comprehension costs —clearer claim definitions, more standardized
presentation, and complementary interpretive elements that help consumers understand what the
claim does and does not imply [5,11].

The results reveal segmentation opportunities that align tightly with consumer behavior. For
low-carbohydrate products, Low-GI can be positioned as a complementary “quality-of-
carbohydrate” signal that reinforces an already coherent nutrition profile. For higher-carbohydrate
products, the claim may be framed more carefully as an absorption-rate cue that differentiates the
product within its category, without implying that Low-GI negates high carbohydrate quantity [2,3].
More broadly, firms’ returns to Low-GlI labeling are likely to be highest when targeting consumers
with higher health orientation and when the product formulation supports a credible nutrition
narrative [13,14].

From a policy perspective, our findings imply that the welfare impact of physiological claims is
conditional on consumer capability. Motivation raises general responsiveness, but knowledge
determines whether the claim is used diagnostically [27]. Therefore, policy packages that combine
claim standardization and enforcement with targeted nutrition education are more likely to translate
labeling into informed choices [5,13].

5.5. Limitations and Future Research

Several limitations point to promising directions for future research in food labeling and
consumer behavior. First, as a stated-preference DCE, our WTP estimates may differ from real-market
behavior under time pressure and budget constraints. Future work should validate these patterns
using incentive-compatible designs and field evidence. Second, we focused on one product category
(plain yogurt). Because label interpretation depends on the food matrix and category expectations,
replication in other contexts would clarify how general the “cue reinforcement vs. risk mitigation”
logic is [16]. Third, our knowledge measure captures objective concept recognition but not broader
label trust or subjective understanding; incorporating these dimensions would help distinguish
“knowing” from “believing” a claim [11,27]. Finally, more policy-evaluation work could exploit
natural experiments or staggered introductions of labeling rules to assess causal impacts on
purchasing and diet quality.
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FOP Front-of-pack

GI Glycemic Index

WTP Willingness to Pay

DCE Discrete Choice Experiment
RUT Random Utility Theory
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ASC Alternative-Specific Constant
CNY Chinese Yuan

AIC Akaike Information Criterion
BIC Bayesian Information Criterion
SD Standard Deviation

SE Standard Error

Appendix A

16. Imagine you are purchasing original-flavored yogurt. [Single Choice] *

&)

Netwr 135¢ NQUM |3Sg ¢
‘
. <

Carbs: Low (6g/100g) Carbs: Low (6g/100g) Carbs: High (129/100g) ©:Neither
Fat: Whole milk (6g/100g) Fat: Low-fat (3g/100g) Fat: Non-fat (0g/100g) S:Jaynzther
¥2 per portion ¥ 8 per portion <4.5 per portion
OA os oc

Figure Al. Illustrative English translation of the decision situation shown in Figure 1. The actual experiment was

conducted in Chinese; this translation is provided for reference.
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