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Abstract

This study focuses on the factors influencing the performance of agribusiness MSME clusters in
Central Java Province, an area that has not been previously studied. The novelty of this study lies in
the use of cluster performance variables and indicators that differ from those in previous studies.
This study uses a descriptive analytical method. The research locations were determined purposively,
specifically in Pati Regency, Rembang, Demak, Purbalingga, Pekalongan, Sukoharjo, and Magelang
City, which have a larger number of agribusiness MSME clusters compared to other regions. The
research sample consisted of 251 agribusiness MSMEs, selected proportionally across seven areas.
Data analysis used the SEM method with PLS tools. The results of the study indicate that social capital
is the factor influencing the performance of agribusiness MSME clusters. Social capital drives the
performance of agribusiness MSME clusters. While collective efficiency, social and economic benefits,
and MSME performance do not affect the performance of agribusiness MSME clusters. Collective
efficiency influences social capital, meaning that collective efficiency drives the development of social
capital. Additionally, collective efficiency also influences socioeconomic benefits, indicating that
collective efficiency drives socioeconomic benefits. However, collective efficiency does not affect
MSME performance. Social capital influences socioeconomic benefits, meaning that it drives these
benefits; however, social capital does not directly affect MSME performance. Socioeconomic benefits
influence the performance of MSMEs, which means that socioeconomic benefits drive their
performance.

Keywords: performance; social capital; cluster; MSMEs; agribusiness

1. Introduction

Central Java Province is one of the provinces in Indonesia with a growing potential for Micro,
Small, and Medium Enterprises (MSMEs). To strengthen the MSME development network in Central
Java Province, an agribusiness MSME cluster has been established. However, intersectoral roles and
coordination are still suboptimal, with overlapping programs in cluster development often occurring,
requiring further improvement (Wulandari et al., 2023). This situation has led to the less-than-optimal
implementation of MSME development programs in Central Java Province, necessitating more
integrated efforts to develop MSMEs within a single area for the development of leading commodities
(Yunus et al., 2021). MSME data in Central Java Province is presented in Table 1.

Table 1. MSME data in Central Java Province 2017 — 2022.

Y
No Description Unit car
2017 2018 2019 2020 2021 2022
1 Nl;dH;inEOf unit 133.679  143.738 161.458 167.391 173.431 177.256
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Non .
. unit 45.963 49.328 55.275 57.527 60.449 63.311
Agriculture
Agriculture unit 22.329 23.956 26.833 27.653 28.284 28.357
Trading unit 49.198 53.063 59.836 62.083 63.965 64.707
Services unit 16.189 17.391 19.514 20.128 20.733 20.881
2 Labor orang 918455 1.043.320 1.312.400 1.298.007 1.311.015 1.320.953
3 Asset Bp. 26.249 29.824 38.158 38.353 38.521 38.719
Milyar
Rp.
4 Omzet . P 49.247 55.691 67.550 67.087 68.242 68.387
Milyar

Source: Central Java Province Cooperatives and SMEs Service (2022).

The potential for agribusiness MSMEs in Central Java Province is substantial, as indicated by the
number of progressive agribusiness MSMEs. This condition can be a potential for the development
of agribusiness MSME Clusters, but it can also be problematic if the MSME cluster is not managed
correctly. In the development of agribusiness MSMEs in Central Java Province, in addition to
developing MSMEs individually based on business type, it is also implemented with a cluster
approach, where the development of agribusiness MSMEs is carried out by involving not only
agribusiness MSME actors but also related stakeholders (Indreswari et al., 2021) (Bappeda dan
Litbang Kabupaten Wonogiri, 2022).

Industrial clusters are not only determined by geographical proximity, but primarily by real
economic linkages through input-output relationships, knowledge flows, and functional interactions
between business actors (Feser & Sweeney, 2000; Delgado et al., 2016). Clusters are understood as
regional economic systems that are formed when the intensity of ongoing financial and institutional
relationships accompanies the spatial concentration of companies. (Feser & Bergman, 2010). The
success of clusters also depends on the evolutionary dynamics of market relationships, institutions,
and social networks, not solely on geographic location (Martin & Sunley, 2011). Intense economic
interactions within clusters foster collective learning, knowledge diffusion, innovation, and
improved firm performance, particularly through vertical and horizontal relationships between
business actors (Cainelli & lacobucci, 2012; Giuliani, 2013). In the context of MSMEs, economically
connected clusters can increase productivity, competitiveness, and regional growth through
mutually beneficial relationships between companies and supporting institutions (Delgado et al,,
2014).

Several issues persist in the agribusiness MSME cluster, including suboptimal coordination
among members, infrequent meetings, and challenging market access, which result in suboptimal
sales despite the availability of well-known products. Further challenges include suboptimal sectoral
coordination within local governments, hindering strategic partnerships, particularly those related
to technology adoption and capital access. The performance of the agribusiness MSME cluster in
Central Java generally ranges from the initial to the development stage, with strengths in specialty
superior commodities but weaknesses in coordination and marketing (Adi et al., 2016).

Several researchers have previously studied the performance of MSME clusters. A study in
Purbalingga found that business networks were the most dominant factor influencing the
performance of agribusiness MSMEs, as determined through multiple linear regression (Wulandari
et al.,, 2023). In contrast, an analysis of batik business funding in Pekalongan revealed a positive
relationship with both financial and operational performance (Rachmawati & Widowati, 2021).
Further mapping includes the Klaten cluster (ceramics) that explores the financial-technical-
marketing aspects via Spearman correlation (Apriliyani & Amalia, 2019), while the Central Java
Investment Board emphasizes the role of FPESD in resource coordination for collective efficiency.
Previous studies tend to use descriptive quantitative and regression methods, do not explore the
relationships or interactions between variables themselves and have not described the factors that
influence cluster performance holistically. This study examines the impact of collective efficiency,
social capital, and social and economic benefits on the performance of MSME clusters.
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Based on the aforementioned urgency, this study aims to examine the influence of collective
factors of efficiency, social capital, social and economic benefits, and MSMEs' performance on the
performance of the agribusiness MSME cluster in Central Java Province. The novelty of this study
lies in the use of more holistic cluster performance indicators and the use of SEM analysis to
determine the interactions between variables. The results of this study are beneficial as a reference
for relevant stakeholders in the development of agribusiness MSME clusters in Central Java Province
in the future.

2. Literatur Review and Hypothesis

2.1. Literatur Review

Micro, Small, and Medium Enterprises (MSMEs) play a strategic role in the Indonesian economy.
MSMEs in the agribusiness sector play a crucial role in driving rural development and maintaining
national food security (Dharmadjaya et al., 2022). Agribusiness MSMEs are the driving force of the
rural economy, as they can absorb labor and increase household incomes. Food security and the
smooth supply chain of agricultural products are also strengthened through agribusiness MSME
activities. The scope of agribusiness MSMEs includes food processing, horticulture, livestock, and
herbal products that process agricultural products into value-added products. Efficient production
process management and the application of modern technology to increase MSME productivity
(Kumari & Dhingra, 2024).

Agribusiness MSMEs possess several advantages that significantly contribute to economic
growth, job creation, and innovation development. The presence of MSMEs in this sector plays a
significant role in creating employment opportunities, particularly in rural and underdeveloped
areas, thereby reducing regional disparities and promoting income equality (Srinvasan et al., 2015).
Agribusiness MSMEs are also known to be adaptable to change by implementing various new
practices and technologies. The use of digital technology and environmentally friendly innovations
is widely employed to enhance production efficiency while promoting business sustainability
(Khomah et al., 2021).

Agribusiness MSMEs face limited access to financing due to complex loan requirements and
procedures, resulting in low investment in technology and production facilities, as well as the
continued dominance of conventional production practices, which leads to suboptimal business
efficiency (Bisht & Singh, 2020). This situation has been further exacerbated by the COVID-19
pandemic, which has created liquidity pressures and disrupted the availability of working capital for
MSMEs (Gupta & Kumar, 2023).

A cluster refers to a group of business actors that are interconnected and mutually reinforcing
through the use of shared resources and cooperation among members. This business grouping
approach can improve the operational efficiency, competitiveness, and innovation capacity of
MSMEs. Cluster formation can be based on various characteristics, such as asset size, turnover,
workforce, and business licensing (Alamanda et al., 2023). The performance of an MSME cluster
reflects the success rate of a connected group of businesses in achieving higher productivity, growth,
and competitive advantage than if they operated individually. Grouping MSMEs into clusters also
takes into account their readiness to implement technology, ranging from small-scale clusters to
large-scale clusters (Purnomo et al., 2021).

Cluster performance determinants include the strength of business networks, the quality of
human resources, and institutional support. Effectively established collaborative relationships within
a cluster act as a bridge between cluster characteristics and the performance of individual businesses
(Wudu et al.,, 2024). A strong network enables information exchange, technology utilization, and
access to market opportunities among members, enabling faster innovation and production
efficiency. Human resource capacity, from managerial, technical, and entrepreneurial perspectives,
directly influences a cluster's ability to increase productivity and adapt to market demand. The role
of the government and supporting institutions through cluster policies, training, and partnership
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facilitation helps strengthen the cluster ecosystem and encourages increased collective performance.
Furthermore, cluster performance is influenced by broader institutional conditions, including
governance patterns and the macroeconomic situation, which determine the level of cluster
integration within the economic system and its contribution to growth. (Parto, 2008).

Measuring cluster performance involves various interrelated aspects, such as economic, social,
and institutional. The impact of clusters on economic performance varies across business sectors, with
some industries, such as automotive, engineering, and nanotechnology, showing more pronounced
performance improvements than others (Zizka & Stichhauerova, 2023). However, improved
economic performance within clusters is not always accompanied by the creation of strong social ties
in the surrounding area, as economic benefits can coexist with less positive social impacts (Rocha et
al., 2020). Institutional roles, including governance systems and macroeconomic conditions,
significantly determine whether clusters can integrate well into the economic system and contribute
to growth. The use of information systems for benchmarking can help clusters compare performance,
improve collective efficiency, and strengthen cooperation among members (Carpinetti & Oiko, 2008).
Cluster success is strongly influenced by the ability to share knowledge, collective efficiency, good
governance, and attention to human and social resources so that cluster benefits can be felt
sustainably. The conceptual model used in this study refers to Carpinetti (2008), which is presented
in Figure 1.

Socioeconomic
Benefit

1

. . MSMEs
Social capital Cluster Performance Performance

!

Collective
efficiency

Figure 1. Conceptual Model of Cluster Performance Measurement (Carpinetti et al., 2008).

Referring to (Carpinetti et al., 2008), there are four variables used in this study: collective
efficiency, social capital, company performance, and social and economic benefits. The design of the
cluster performance measurement model produces KPIs (Key Performance Indicators) as a tool to
measure performance through the stages carried out. The first stage is determining the objectives of
the research model. Each variable has different objectives: collective efficiency aims to reduce costs
incurred and increase cooperation among cluster members (Schmitz, 1995). Social capital aims to
increase employment opportunities in the surrounding environment and improve employee
performance to produce optimal products. (Cohen & Prusak, 2021). The performance of MSME
clusters aims to improve marketing, productivity, and company profits (MSMEs). This is supported
by Royo-Vela, M., Amezquita Salazar, J. C., & Puig Blanco, F. (2022), who stated that MSME clusters
improve marketing performance through collective promotion and branding, expanding market
access, and increasing business productivity through collaboration between actors. The ultimate
impact is seen in improving MSME financial performance and profits. Meanwhile, Faisol, Aliami, S.,
& Anas, M. (2022) stated that MSME cluster performance encourages increased productivity and
innovation through collaboration and resource sharing, while strengthening product marketing and
distribution. This synergy contributes directly to sales growth and company profits. This is also
supported by Hoetoro, A. (2020), who stated that MSME cluster development focuses on increasing
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production efficiency, market access, and competitiveness, which ultimately impacts the profitability
and sustainability of MSME businesses.

The social and economic benefits experienced by cluster members —such as trust, collaboration,
and mutual benefits —are the main attractions for new companies to join, thus driving the growth of
cluster membership. Gerke, A. (2023) states that economic benefits (market access, cost efficiency)
and social benefits (networking, legitimacy) serve as membership incentives, which increase
participation and expansion of the number of cluster members. Meanwhile, Guimaraes, L. G. d. A,,
Blanchet, P., & Cimon, Y. (2021) state that clusters that are able to generate real economic benefits and
collaborative benefits show higher attractiveness to other companies, thus accelerating the growth
and expansion of membership. Meanwhile, Kim, N., & Shim, C. (2018) also state that social benefits
such as trust and knowledge exchange, along with economic benefits in the form of better business
performance, increase the intention of companies to join and remain in the cluster, which has an
impact on increasing the number of members.

The next step is to determine the elements that influence the objectives to achieve them. Once
the elements are defined, KPIs will be generated as a tool to measure performance and achieve the
objectives of the model. Indicator determination refers to the Feser approach and the Carpinetti
model. After each indicator is compiled into a variable, a KPI confirmation check is performed. This
KPI confirmation check is conducted to determine which indicators are needed and which are
unnecessary.

2.2. Hypothesis

Collective efficiency is formed through the interconnectedness and synergy between core
industries, related industries, supporting industries, and other supporting services, which ultimately
impacts the performance of agribusiness MSME clusters and community welfare (Chaminade dan
Vang, 2008; Hadi et al, 2022; Lema dan Vang, 2018). Improved soft locational factors encourage
network expansion, build greater trust, and encourage innovation and specialization within the
cluster. The combination of these factors can strengthen collective efficiency and ultimately improve
the overall performance of agribusiness MSME clusters (Dornberger dan Utama, 2006).

H1. Collective efficiency has a significant and positive effect on the performance of agribusiness MSME clusters.

Social capital significantly influences the operational activities of MSMESs, especially under
conditions of limited resources (Collins and Clark, 2023; Easmon et al., 2019; Ho, 2025; Luo et al.,
2004; Tomlinson and Fai, 2013). Social capital plays a crucial role in increasing the efficiency of MSME
operations. This increased efficiency ultimately has a positive impact on the overall performance of
agribusiness MSME clusters.

H2. Social capital has a significant and positive effect on the performance of agribusiness MSME clusters.

Socioeconomic benefits are a crucial factor contributing to the improved performance of small
and medium enterprises (MSMEs). Socioeconomic benefits significantly influence business
performance within clusters (Hoetoro, 2020; Ramez et al., 2022; Seo et al., 2023; Tran et al., 2024).
Socioeconomic benefits not only impact the social environment but also play a strategic role in
improving business sustainability and performance.

H3. Socioeconomic benefits significantly and positively influence the performance of agribusiness MSME
clusters.

Company or MSME performance is closely related to cluster performance or MSME group
dynamics. Improved company performance, as reflected in various performance indicators,
significantly shapes and influences cluster performance (Temouri, 2012; Monni et al., 2017). Similarly,
individual MSME performance is also used as an indicator of the success of MSME networks or
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clusters (Susanto, 2021). This suggests that company performance and cluster conditions mutually
influence each other, so that MSME performance at the individual level can impact overall cluster
dynamics and performance (Zhao et al., 2023).

H4. Company (MSME) performance has a positive and significant effect on agribusiness MSME Cluster
Performance.

Collective efficiency in MSME clusters is reflected in the ability of business actors to work
together in a coordinated manner through resource sharing, information exchange, and production
and marketing collaboration. These collective practices encourage the formation of repeated and
intensive relationships among business actors, thereby strengthening trust, shared norms, and social
networks, which are the core of social capital (Schmitz, 1999; Nadvi, 2004). Social capital develops
when economic interactions are sustainable and mutually beneficial, as business actors become
increasingly dependent on one another to achieve collective efficiency (Putnam, 2000). Therefore, the
higher the collective efficiency in an agribusiness MSME cluster, the stronger the social capital formed
among cluster members (Woolcock & Narayan, 2000).

HS5. Collective efficiency has a positive and significant effect on social capital.

Collective efficiency enables MSMEs within a cluster to gain economic benefits through reduced
production costs, increased business scale, and broader market access. In addition to economic
benefits, collective cooperation also generates social benefits such as increased solidarity, a sense of
community, and stable relationships among business actors (Schmitz, 1995; Humphrey & Schmitz,
2002). In the context of agribusiness clusters, collective efficiency creates an inclusive business
environment, where MSMEs not only gain financial benefits but also social and institutional support
(Becattini, 1990). Therefore, collective efficiency plays a crucial role in simultaneously increasing
social and economic benefits for cluster members.

Heé6. Collective efficiency has a positive and significant effect on social and economic benefits.

Collective efficiency directly contributes to improved company performance by increasing
productivity, product quality, and the competitiveness of MSMEs. Collaboration among business
actors within a cluster enables companies to capitalize on shared advantages, such as sharing
technology, market information, and production process innovations (Porter, 1998; Schmitz, 1999).
Company performance within a cluster is also influenced by the ability of MSMEs to access resources
previously difficult to obtain individually. Thus, collective efficiency is an important mechanism for
sustainably improving the performance of agribusiness MSMEs (Giuliani et al., 2005).

H?7. Collective efficiency has a positive and significant effect on MSME performance.

Strong social capital is characterized by trust, norms of reciprocity, and solid social networks
among MSMEs. This social capital facilitates economic cooperation and facilitates the flow of
information, thereby increasing business efficiency and income opportunities (Putnam, 1993;
Coleman, 1988). In addition to economic benefits, social capital also generates social benefits in the
form of increased social cohesion, a sense of belonging, and a strengthened collective bargaining
position of MSMESs in the marketplace and external parties (Woolcock, 2001). Therefore, social capital
is a crucial foundation for creating sustainable social and economic benefits for agribusiness MSME
clusters.

HS. Social capital has a positive and significant impact on social and economic benefits.

Social capital acts as an intangible asset that can improve company performance through easier
access to information, reduced transaction costs, and increased trust among business partners.
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MSMEs with high social capital tend to be more adaptive, innovative, and better able to manage
business risks (Nahapiet & Ghoshal, 1998; Adler & Kwon, 2002). In the agribusiness MSME cluster,
social capital strengthens relationships between business actors and encourages collaboration, which
positively impacts productivity and company performance (Susanto, 2021). This indicates that social
capital is a crucial determinant in improving individual MSME performance.

HO9. Social capital has a positive and significant effect on MSMEs' performance.

The social and economic benefits obtained by MSMEs, such as increased income, market access,
social support, and business stability, directly contribute to improved company performance.
Economic benefits strengthen MSMESs' financial capacity, while social benefits increase motivation,
loyalty, and the sustainability of business relationships (Monni et al., 2017; Zhao et al., 2023). In the
agribusiness MSME cluster, the synergy between social and economic benefits creates a conducive
business environment for sustainable company performance improvement. Therefore, the greater the
social and economic benefits received by MSMEs, the higher the company's performance can be
achieved.

H10. Socioeconomic benefits have a positive and significant effect on MSMEs' performance.
3. Materials and Methods

3.1. Variables and Indicators

The exogenous variables in this study are Collective Efficiency (X1), Social Capital (X2), Social
and Economic Benefits (X3), and Company Performance (MSMEs) (X4).

Meanwhile, endogenous variables are dependent variables whose outcomes are influenced by
several independent (exogenous) variables. In the SEM method, endogenous variables are
characterized by arrows pointing to them. The endogenous variable in this study is MSME Cluster
Performance (Y). The variables and indicators used in this study refer to the Feser and Carpinetti
Model approaches. The variables and indicators are presented in Table 2 below:

Table 2. Variables and Indicators.

No Variable Indicator Reference
Model Carpinetti,
Agribusiness MSME .L'and access o odel Carpinetti
Water, electricity, and communication Feser Approach
Cluster Performance

accessibility
Research and development accessibility
Transportation accessibility
Downstreaming achievement
Number of MSMEs
Number of processing industries
Number of supporting material suppliers
Number of raw material suppliers
Existence of associations
Existence of related service industries
Existence of educational institutions
Existence of financing institutions
Cluster cooperation
Cooperation between processing industries
Industry association cooperation
Cooperation with related service industries
Cooperation with educational institutions
Cooperation with training institutions
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Cooperation with financing institutions
Cooperation with research institutions
Marketing cooperation
Cooperation with supporting raw material
suppliers
Cooperation with primary raw material
suppliers
Availability of technological equipment
Leading clusters
Product quality
Technology utilization
Role of working groups in clusters
Role of government in clusters
Role of government in clusters
The role of the private sector in clusters

Cluster Activities
Honesty

inetti, 2008
Completeness of Technology Components (Carpinett, 2008)

Handayani et al (2016)
(Cohen dan Prusak, 2001)

2 ial Capital
Social Capita Commitment

Coordination
Public perception

Brand Image
Product Quality
Workforce Training
Socioeconomic Services
Benefit Industrial Waste Management
Labor Absorption
Workforce Rewards
Working atmosphere
Existence of research institutions
Local government policies (Carpinetti, 2008)
4  Collective Efficiency Efficiency collaboration Handayani et al (2016)
Geographical location (Schmitz, 1995)

Establishing good relationships with
suppliers
Cluster growth and development

Resource Utilization
Product Development
Competition
Profit Growth
MSME’s Capital Growth (Carpinetti, 2008)
Performance Market Growth Handayani et al (2016)

Labor Force Growth

Sales Growth
Facilities and Infrastructure
Tingkat komplain

The factors influencing the performance of MSME clusters were measured using a Likert scale.
According to Sugiyono (2013), a Likert scale is used to measure the attitudes, opinions, and
perceptions of an individual or group of people regarding social phenomena. Using a Likert scale,
the variables to be measured are broken down into variable indicators.

© 2025 by the author(s). Distributed under a Creative Commons CC BY license.


https://doi.org/10.20944/preprints202601.0744.v1
http://creativecommons.org/licenses/by/4.0/

Preprints.org (www.preprints.org) | NOT PEER-REVIEWED | Posted: 9 January 2026 d0i:10.20944/preprints202601.0744.v1

9 of 21

3.2. Sampling and Data Collecting

The research locations and respondents were determined purposively (Ahmad & Wilkins, 2025),
(Tongco, 2007), (Campbell et al., 2020), (Memon et al., 2025), and (Tsang et al., 2019), based on specific
characteristics or considerations relevant to the research problem. The distribution of locations and
respondents is described in Table 3

Table 3. Research Location and Sample.

Location Number of Sample
Pekalongan Regency 40
Pati Regency 42
Magelang City 32
Purbalingga Regency 39
Rembang Regency 32
Demak Regency 36
Sukoharjo Regency 30
Total 251

Primary data collection used a survey through direct interviews with MSME entrepreneurs.
Secondary data collection from stakeholders was conducted through note-taking.

Data Analysis Method

The data analysis method used Structural Equation Modeling (SEM) with SMART PLS 4
software. SEM is a statistical technique capable of analyzing the relationship patterns between latent
constructs and their indicators, one latent construct with another, and directly measuring error. SEM
allows for direct analysis between multiple dependent and independent variables (Hair et al., 2014)
(Purwanto & Sudargini, 2021). SEM is a statistical technique used to build and test statistical models,
typically in the form of cause-and-effect models (Weiser, 2020) (Manhas et al., 2012). SEM is a
statistical tool used to simultaneously solve multilevel models that cannot be solved by linear
regression equations.. The SEM model for this study, shown in Figure 2,as follow:

Efficiency
Collective
XD

Socioeconomic
Benefit (X3)

Agribusiness
MSME Cluster
Performance

(Y)

MSME'’s
Performance)
(X4)

Figure 2. Proposed Research Model.
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According to Lubis et al. (2019), the advantages of SEM in research include: (1) the ability to test
causal relationships, validity, and reliability simultaneously; (2) the ability to observe the direct and
indirect influences between variables; (3) the ability to test multiple dependent variables
simultaneously with multiple independent variables; (4) the ability to measure the extent of the
influence of indicator variables on corresponding factor variables; and (5) the ability to measure factor
variables that cannot be directly measured by indicator variables. This study also used quantitative
analysis using Partial Least Squares (PLS). PLS is a powerful analysis method because it does not rely
on many assumptions (Purwanto and Sudargini, 2021). The advantages of the PLS method are that
the data does not have to be multivariate data with a normal distribution, the sample size does not
have to be large, and PLS can be used not only to strengthen the theory but also to explain whether
it is true or not (Edeh et al., 2022). The stages of data analysis are as follows:

3.3. Measurement Model Evaluation (Outer Model)

Testing with an external model improves reliability and validity. The tests performed on the
outer model are as follows:

3.3.1. Convergent Validity

The convergent validity value indicates the validity of the measurement indicators. Convergent
validity can be seen from the loading factor values of endogenous and exogenous variables. The
recommended convergent validity value is >0.7 for relatively well-studied models (Musyaffi et al.,
2022).

3.3.2. Discriminant Validity

The discriminant validity value is the cross-loading factor value, which aims to identify the
differentiating factors within the research construct. The adequacy of structural partitioning is
determined by comparing the higher value between the proposed structural stress rating and the
stress ratings of other structures. The indicator's ability to explain the measured variable must be
higher than its ability to explain other variables.

3.3.3. Reliability

To measure reliability, Cronbach's Alpha and Composite Reliability parameters are used. These
values can be used to gauge the actual reliability of the designed structure. The expected CA and CR
values are at least 0.7 (Sarstedt et al., 2017), indicating that the available data can be concluded as
highly reliable.

3.4. Structural Model Evaluation (Inner Model)

The first step in evaluating a structural model is to examine collinearity between constructs and
the model's predictive ability (Sarstedt et al.,, 2017). This is followed by measuring the model's
predictive ability using four criteria: the coefficient of determination (R2), cross-validated
redundancy (Q2), effect size (£2), and path coefficients (Sarstedt et al., 2017).

3.4.1. R2 (R Square)

The coefficient of determination (R2) is a method for estimating the extent to which an
endogenous construct can be explained by an exogenous construct. The coefficient of determination
(R2) is estimated to be between 0 and 1. R2 values of 0.75, 0.50, and 0.25 indicate a strong, moderate,
and weak model, respectively (Sarstedt et al., 2017). Chin categorizes R2 values of 0.67, 0.33, and 0.19
as strong, moderate, and weak, respectively (Chin, 2014).
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3.4.2. Q2 (Predictive Relevance)

The cross-validated redundancy (Q2) or Q-square test is used to assess predictive relevance. A
2 value > 0 indicates that the model has accurate predictive relevance for a particular construct, while
a Q2 value <0 indicates that the model has poor predictive relevance (Sarstedt et al., 2017).

3.4.3. F2 (Effect Size)

In addition to evaluating whether there is a significant relationship between variables,
researchers must also evaluate the effect size or f-square effect size between variables (Wong, 2013).
An F2 value of 0.02 indicates a small relationship, 0.15 indicates a medium relationship, and 0.35
indicates a large relationship. Values below 0.02 can be ignored or considered insignificant (Sarstedt
et al., 2017).

3.5. Hypothesis Testing

The bootstrapping procedure produces a t-statistic value for each relationship path used to test
the hypothesis. The t-statistic value will be compared with the t-table value. Test at a 95% confidence
level so that the precision limit or inaccuracy limit () = 5% = 0.05, the t-table value is 1.96. If the t-
statistic value is smaller than the t-table value (t-statistic < 1.96), then Ho is accepted and Ha is
rejected. If the t-statistic value is greater than or equal to the t-table (t-statistic > 1.96), then Ho is
rejected and Ha is accepted.

4. Results and Discussion

4.1. Measurement Model Test

The results of the data validity and reliability tests using the SEM PLS algorithm are presented

in Table 4.
Table 4. AVE, CR and CA.
Cronbach's Composite
Alpha Reliability AVE
Socioeconomic Benefit 0,906 0,924 0,604
MSMEs Cluster Performance 0,970 0,972 0,505
MSMESs Performance 0,928 0,938 0,607
Efficiency Collective 0,880 0,907 0,583
Social Capital 0,818 0,869 0,527

Source: Primary data Analysis (2023).

Based on Table 4, it shows that all variables, namely socio-economic benefits, collective
efficiency, social capital, MSME performance and MSME cluster performance, have values above the
Cronbach's Alpha value of 0.70, so the question items in the questionnaire are reliable.

The results of the measurement model analysis are presented in Table 5. The table illustrates the
relationships between construct variables and their indicators or manifest variables. The discriminant
validity results (cross loadings) are also reported.

Table 5. Outer loadings.

Socioeconomic MSMESs MSMEs Efficiency Social
. Cluster . .
Benefit Performance  Collective Capital
Performance
Al 0,662
A10 0,711
All 0,697
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A2 0,656
A3 0,637
A4 0,618
A5 0,692
A6 0,693
A7 0,707
A8 0,666
A9 0,693
BSE1 0,744
BSE2 0,779
BSE3 0,808
BSE4 0,803
BSE5 0,616
BSE6 0,776
BSE7 0,842
BSES 0,829
I 0,776
2 0,609
I3 0,682
4 0,755
15 0,775
JK1 0,729
JK10 0,782
JK11 0,705
JK12 0,810
JK13 0,600
JK14 0,732
JK1 0,626
JK3 0,719
JK4 0,685
JK5 0,780
JK6 0,744
JK7 0,609
JK8 0,836
JK9 0,765
KE2 0,671
KE3 0,762
KE4 0,721
KE5 0,832
KE6 0,832
KE7 0,766
KP1 0,614
KP10 0,621
KP2 0,848
KP3 0,828
KP4 0,808
KP5 0,748
KP6 0,849
KP7 0,903
KP8 0,830
KP9 0,679
MS1 0,789
MS2 0,742
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MS3 0,749
MS4 0,755
MS5 0,617
MS6 0,691
RN1 0,662
RN2 0,773
RN3 0,728
RN4 0,764
KE1 0,748
Source : Primary data analysis, 2023.
4.1.1. Discriminant Validity (Cross Loading) Result
Table 6. Heterotrait-monotrait ratio (HTMT) — Matrix.
. . MSMEs - oMEs . .
Socioeconomic Cluster Perform Efficiency Social
Benefit Perform Collective Capital
ance
ance
Socioeconomic Benefit
MSMEs Cluster 0,569
Performance
MSMESs Performance 0,194 0,129
Efficiency Collective 0,684 0,649 0,112
Social Capital 0,539 0,596 0,162 0,826
Source: Primary data analysis, 2023.
Table 7. Fornell-Larcker criterion.
. . MSMEs  \oMEs . .
Socioeconomic  Cluster Perform Efficiency Social
Benefit Perform Collective Capital
ance
ance
Socioeconomic Benefit 0,777
MSMEs Cluster 0,557 0711
Performance
MSMESs Performance 0,197 0,005 0,779
Efficiency Collective 0,636 0,615 0,105 0,764
Social Capital 0,487 0,547 0,083 0,705 0,726

Source : Primary data analysis, 2023.

4.1.2. Hypothesis Test Results

Bootstrap tests were used to test the hypotheses in this study, and the results are presented in
Table 8.

Table 8. Path coefficients Mean, STDEV, T values, p values.

Original T Statistics

P-Val
Sample (O)  (I0/STDEVI) atues
Socioeconomic Benefit ->MSME Cluster 0,286 4762 0,000
Performance
Socioeconomic Benefit -> MSME’s Performance 0,218 2,616 0,009
MSME’s Performance -> MSME Cluster 0,100 1,800 0,072
Performance
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Efficiency collective -> Benefit Sosial dan Ekonomi 0,582 5,730 0,000
Efficiency collective -> MSME Cluster Performance 0,298 3,462 0,001
Efficiency collective -> MSME’s Performance -0,035 0,382 0,703
Efficiency collective -> Social capital 0,705 13,372 0,000
Social capital -> Socioeconomic Benefit 0,077 0,908 0,364
Social capital -> MSME Cluster Performance 0,206 2,887 0,004
Social capital -> MSME’s Performance 0,001 0,013 0,990

Source : Primary data analysis, 2023.

T
1.800 7
o
P1 kP10 kP2

Figure 3. Resea

4.2. The Influence of Collective Efficiency on the Performance of Agribusiness MSME Clusters.
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The results of the hypothesis test indicate that collective efficiency affect the performance of
agribusiness MSME clusters. This is evidenced by the p-value of 0.001, which is below a = 0.05 (a =
0.05), thus the hypothesis is accepted This means that collective efficiency affect the performance of
MSME clusters. This finding is consistent with research (Chaminade & Vang, 2008; Dornberger &
Utama, 2006; Hadi et al., 2022; Lema & Vang, 2018), which states that collective efficiency in
agribusiness MSME clusters is formed through synergy between core, related, and supporting
industries, as well as strengthening non-physical location factors such as networks, trust, innovation,
and specialization, which collectively improve cluster performance and business actor welfare.

4.3. The Influence of Social Capital on the Performance of Agribusiness MSME Clusters

Based on the results of the bootstrapping test, social capital has a positive and significant effect
on the performance of agribusiness MSME clusters. This finding is indicated by a p-value of 0.004,

© 2025 by the author(s). Distributed under a Creative Commons CC BY license.



https://doi.org/10.20944/preprints202601.0744.v1
http://creativecommons.org/licenses/by/4.0/

Preprints.org (www.preprints.org) | NOT PEER-REVIEWED | Posted: 9 January 2026 d0i:10.20944/preprints202601.0744.v1

15 of 21

which is below a = 0.05 (o = 0.05), thus the hypothesis is accepted. This means that social capital
influences the performance of MSME clusters. These results align with research (Collins & Clark,
2023; Easmon et al., 2019; Ho, 2025; Luo et al., 2004; Tomlinson & Fai, 2013), which states that social
capital plays a crucial role in improving the operational efficiency of MSMEs, particularly under
conditions of limited resources, which directly impacts the performance of agribusiness MSME
clusters.

4.4. The Influence of Socioeconomic Benefits on the Performance of Agribusiness MSME Clusters

Social and economic benefits have a positive and significant effect on the performance of
agribusiness MSME clusters, as indicated by a p-value of 0.000, which is below o = 0.05 (o = 0.05);
therefore, the hypothesis is accepted. This study's results align with those of Hoetoro (2020), Ramez
et al. (2022), Seo et al. (2023), and Tran et al. (2024), who stated that socioeconomic benefits
significantly influence the performance and sustainability of MSMEs within business clusters.

4.5. The Influence of MSME Performance on the Performance of Agribusiness MSME Clusters

Bootstrapping results suggest that the performance of MSMEs does not significantly impact the
performance of agribusiness MSME clusters. This finding is supported by a p-value of 0.072, which
is above a = 0.05 (ax = 0.05); therefore, the hypothesis is rejected. The results of this study contradict
those of Temouri (2012), Monni et al. (2017), Susanto (2021), and Zhao et al. (2023), who found that
MSME performance influences cluster performance. Improved company performance is a key
indicator of the success and dynamics of MSME clusters.

4.6. The Effect of Collective Efficiency on Social Capital

The results of the hypothesis test indicate that collective efficiency has a positive and significant
effect on social capital, based on a p-value of 0.000, which is below a = 0.05 (a = 0.05); therefore, the
hypothesis is accepted. This means that collective efficiency influences social capital. These results
align with research (Schmitz, 1999; Nadvi, 2004; Putnam, 2000; Woolcock & Narayan, 2000), which
suggests that collective efficiency in MSME clusters fosters stronger interactions, trust, and social
networks among business actors, thereby encouraging the formation of more substantial social
capital within the cluster.

4.7. The Effect of Collective Efficiency on Socioeconomic Benefits

In this study, collective efficiency has a positive and significant effect on social and economic
benefits, as indicated by a p-value of 0.000, which is below a = 0.05 (ct = 0.05); therefore, the hypothesis
is accepted. This means that collective efficiency has a significant impact on socioeconomic benefits.
The results of this study are in line with (Schmitz, 1995; Humphrey & Schmitz, 2002; Becattini, 1990),
which states that collective efficiency in MSME clusters provides economic benefits through reduced
costs, increased scale, and market expansion, while also producing social benefits in the form of
solidarity, togetherness, and social and institutional support for business actors.

4.8. The Influence of Collective Efficiency on MSME Performance

The results of the hypothesis test indicate that collective efficiency has a positive and significant
effect on MSME performance. This is supported by a p-value of 0.703, which is above a = 0.05 (ax =
0.05), therefore the hypothesis is rejected. This means that collective efficiency not influences to
MSME performance. These research findings contradict with those of Porter (1998; Schmitz, 1999;
Giuliani et al., 2005), who stated that collective efficiency within clusters improves MSME
performance through increased productivity, quality, and competitiveness, supported by
collaboration in sharing technology, market information, innovation, and access to shared resources.
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4.9. The Influence of Social Capital on Socioeconomic Benefits

Social capital has a positive and significant effect on social and economic benefits, as indicated
by a p-value of 0.364, which is above a = 0.05 (a = 0.05). Therefore, the hypothesis is rejected. This
means that social capital not influences to socioeconomic benefits. The results of this study contradict
with research showing that substantial social capital, characterized by trust, norms of reciprocity, and
social networks, increases business efficiency, income opportunities, and social cohesion and
collective bargaining power for MSMEs (Putnam, 1993; Coleman, 1988; Woolcock, 2001).

4.10. The Influence of Social Capital on MSME Performance

This study found that social capital did not affect MSME performance, based on a p-value of
0.990, which is above ot = 0.05 (o = 0.05), thus rejecting the hypothesis. This finding is inconsistent
with research findings (Nahapiet & Ghoshal, 1998; Adler & Kwon, 2002; Susanto, 2021), which state
that social capital, as an intangible asset, improves MSME performance through access to
information, reduced transaction costs, and trust, as well as encouraging adaptability, innovation,
and collaboration within agribusiness clusters.

4.11. The Influence of Socioeconomic Benefits on MSME Performance

Bootstrapping results indicate that socioeconomic benefits have a positive and significant effect
on MSME performance. This finding is supported by a p-value of 0.009, which is below o =0.05 (o =
0.05), thus the hypothesis is accepted. This means that socioeconomic benefits influence MSME
performance. These results align with research (Monni et al., 2017; Zhao et al., 2023), which states that
social and economic benefits, such as increased income, market access, social support, and business
stability, directly contribute to improved MSME performance by strengthening financial capacity and
sustaining business relationships. 96

5. Conclusions and Implications

5.1. Conclusions

This study provides a nuanced picture of the performance of agribusiness MSME clusters. The
Collective efficiency, social capital and socioeconomic benefits influence MSME cluster performance,
meaning they drive agribusiness MSME cluster performance. MSME performance do not influence
MSME cluster performance. Social capital can enhance socioeconomic benefits. Collective efficiency
can also strengthen social capital. Collective efficiency does not influence MSME cluster performance.
MSME performance does not influence MSME cluster performance. Collective efficiency influences
social capital, meaning collective efficiency drives social capital. Collective efficiency influences
socioeconomic benefits, meaning collective efficiency drives socioeconomic benefits. Collective
efficiency influences MSME performance, meaning collective efficiency drives MSME performance.
Social capital influences socioeconomic benefits, meaning social capital drives socioeconomic
benefits. However, social capital does not influence MSME performance. Socioeconomic benefits
influence MSME performance, indicating that socioeconomic benefits have a significant impact on
MSME performance.

Strengthening social capital and socioeconomic benefits influences the performance of
agribusiness MSME clusters in Central Java Province. This means that enhancing social capital and
socioeconomic benefits will further boost the performance of agribusiness MSME clusters. Social
capital is strengthened when collective efficiency is also improved. Improved social capital will
increase socioeconomic benefits. Improved collective efficiency will lead to increased socioeconomic
benefits. Strengthened socioeconomic benefits will enhance the performance of MSME clusters and
boost MSMESs' performance.
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5.2. Implications

This study found that the performance of agribusiness MSME clusters in Central Java Province
can be boosted by strengthening collective efficiency, social capital and socio-economic benefits.
Efforts to enhance social capital and socio-economic benefits, such as motivation related to honesty,
strong commitment, and intense coordination among cluster members, are essential. Collaboration
with stakeholders (government, MSMEs, universities, the private sector, and NGOs) is needed to
boost the performance of agribusiness MSME clusters in Central Java Province.

The findings of this study provide a different picture regarding the determinants of agribusiness
MSME cluster performance. Performance of agribusiness MSME companies do not necessarily drive
the performance of agribusiness MSME clusters. Future research can examine other factors that may
improve MSME cluster performance, such as knowledge sharing, innovation performance, and
others.
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