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Abstract 

Background/Objectives: This study explores the perceived usefulness and use of artificial 

intelligence (AI)–based technologies as informational and emotional support among university 

students with and without disabilities. Methods: The sample consisted of 358 students aged between 

16 and 30 years; 88 participants identified as having a disability, while 270 reported no disability. The 

gender distribution was balanced, with 53% women and 47% men. A validated questionnaire was 

administered to assess familiarity, frequency of use, and perceived usefulness of AI as a means of 

obtaining informational and emotional support. Results: ANOVA results showed that students 

without disabilities reported greater familiarity with and more frequent use of AI tools compared to 

students with disabilities. Significant differences were found in perceived usefulness for obtaining 

both informational and emotional support, with higher ratings among students without disabilities, 

and a moderate effect size. Moreover, frequency of use was positively associated with perceived 

usefulness in both groups, suggesting that practical experience influences users’ evaluations. 

Discussions: Overall, the findings suggest that students perceive AI as a resource that can facilitate 

access to informational and emotional support. However, as with other technologies, it is crucial to 

address accessibility and perception gaps to promote effective inclusion in university contexts. 

Keywords: artificial intelligence; socio-emotional resilience; motivational profiles; higher education; 

emotional competencies 

 

1. Introduction 

We live in an era defined by digital technology, in which artificial intelligence (AI) has rapidly 

become an omnipresent and essential tool, reshaping fundamental aspects of daily life. From how we 

consume information to how we interact socially, make decisions, or manage our emotions, AI is 

increasingly embedded in multiple domains at an unprecedented pace and depth. Its use has become 

so common that it often goes unnoticed, even though its effects are increasingly decisive [1,2]. 

From a theoretical perspective, this phenomenon can be understood through the Theory of 

Technological Mediation, developed by Peter-Paul Verbeek [3], who argues that technologies are not 

merely neutral tools but mediating agents that shape human experience, world perception, and 

interpersonal relationships. According to this theory, technological artifacts—such as AI systems—

intervene in human interpretation, action, and morality, shaping the ways in which we think, feel, 

and make decisions. Rather than conceiving technology as something “external” to the human being, 

Verbeek proposes understanding it as a co-constructor of the human, that is, as a constitutive part of 

contemporary experience. 

From the lens of technological mediation, these results can be understood as examples of 

“hermeneutic mediations,” in which AI functions as an interpretive filter that helps individuals make 
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sense of their emotional experiences. Rather than replacing the human therapeutic relationship, these 

technologies transform how psychological support is accessed, generating a new form of shared 

agency between humans and machines [3]. 

The educational field offers an equally fertile ground to observe this phenomenon. Systems such 

as Jill Watson, the virtual assistant developed at the Georgia Institute of Technology, or adaptive 

learning–based intelligent tutors (for example, Knewton or Duolingo Max), illustrate how AI 

mediates learning processes and teacher–student interactions. Liu et al. [4] and Brown et al. [5] 

document how these systems increase student motivation and autonomy by providing immediate 

and personalized feedback. In Verbeek’s theoretical terms, these constitute “practical mediations,” in 

which technology guides action and transforms educational practice itself. 

Therefore, this type of more human and empathetic interaction has opened new opportunities 

to apply AI in areas that were once considered sensitive, such as mental health, emotional well-being, 

and academic or educational contexts [4–6]. Proposals that integrate virtual assistants into 

psychological support programs or personalized educational interventions are becoming more 

frequent. Indeed, some studies have shown that these virtual assistants can help reduce mild mental 

health symptoms such as anxiety or depression, particularly when used in brief, accessible, and low-

cost interventions [7,8]. 

However, this technological revolution also raises important questions about its real scope and 

ability to benefit everyone equally. Perceptions of AI’s effectiveness, reliability, and usefulness are 

not always positive, and multiple personal, social, and cultural factors influence its actual impact. 

Significant disparities exist in access, trust, and the way different population groups integrate these 

tools into their daily lives [9,10]. 

One group facing greater challenges in this digital landscape is people with disabilities. Far from 

being a homogeneous category, disability encompasses a diversity of physical, sensory, intellectual, 

and psychosocial conditions that may significantly influence interactions with digital systems. In 

many cases, these technologies are not designed with universal accessibility in mind, nor do they 

consider the specific needs of this population, creating functional, semantic, and emotional barriers 

[11,12]. Failure to address these needs risks digitally excluding certain groups from the benefits of 

AI, potentially exacerbating pre-existing inequalities and restricting fundamental rights such as 

participation, communication, and access to mental health services [13,14]. 

Within this context, young people with disabilities represent a group of particular interest. On 

the one hand, as digital natives, they are highly familiar with digital tools, which can foster 

empowerment, social inclusion, and improved emotional well-being [15,16]. On the other hand, they 

continue to face structural and attitudinal barriers that prevent equal access to technological 

platforms and emotional support resources that meet their needs [17,18]. Difficulties accessing 

conversational AI systems, combined with the limited emotional sensitivity of some models, may 

increase the risk of social isolation and restrict autonomy during critical stages of personal 

development [19]. 

By contrast, students without disabilities generally enjoy better conditions of access, usage 

experience, and participation in digital environments. This allows them to use AI-based tools more 

independently and frequently, contributing to a more natural integration of these technologies into 

their daily lives [20]. Comparing both groups—students with and without disabilities—makes it 

possible to identify not only access gaps or differences in perceived usefulness but also opportunities 

to design truly inclusive technologies that adapt to human diversity from their earliest stages of 

development [21,22]. 

This study stems from the need to move beyond the traditional analytical focus—often limited 

to users without disabilities—to adopt a more inclusive and representative perspective. It proposes a 

comparative analysis to explore how perceptions of AI usefulness, particularly as an emotional and 

informational support resource, differ among students with diverse personal conditions. It also 

examines how frequency of use influences these perceptions, and whether a bidirectional relationship 
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exists: whether sustained use leads to more favorable perceptions, or whether an initially positive 

view drives continued use [9]. 

From this standpoint, the study seeks to contribute to a deeper, more nuanced understanding of 

the role AI can play in the emotional and communicative lives of young people, especially those 

historically marginalized in the design of emerging technologies. 

This general objective is broken down into the following specific objectives: 

1.To describe the level of familiarity with and current use of AI technologies among students 

with and without disabilities. 

2.To compare perceptions of AI usefulness between students with disabilities and those without 

disabilities. 

3.To analyze the relationship between perceived usefulness and frequency of AI use in both 

groups. 

Based on these objectives, the following hypotheses are proposed: 

H1. Students without disabilities will report higher levels of familiarity and frequency of AI use 

compared to students with disabilities. 

H2. Significant differences exist in the perceived usefulness of AI as an informational and 

emotional support tool between students with and without disabilities. 

H3. Direct experience with AI systems will mediate the relationship between disability status 

and perceived usefulness, such that greater use reduces differences between groups. 

H3.1. Students with disabilities will report greater perceived barriers to AI use (e.g., accessibility, 

emotional adequacy, semantic understanding), which will negatively impact their perception of 

usefulness. 

2. Materials and Methods 

2.1. Participants 

The study was conducted with a sample of 358 university students aged 16 to 30 (M = 22.4; SD = 

4.1), residing in urban and semi-urban areas. Of the total sample, 88 participants (24.6%) identified 

as having a disability, while 270 (75.4%) reported no disability. Participants were recruited through 

partnerships with higher education institutions, social organizations, and community platforms, 

ensuring diversity in profiles and contexts. 

Key sociodemographic variables such as gender and age were balanced across groups.in terms 

of gender 53.1% were women (n = 190) and 46.9% men (n = 168), proportions that were consistent in 

both groups. The average age was 22.1 years (SD = 4.2) in the disability group and 22.5 years (SD = 

4.1) in the non-disability group. 

Participants were enrolled in various academic disciplines. The most represented fields were 

Social Sciences (30.2%), Health Sciences (24.3%), Engineering and Technology (22.6%), Economics 

and Business (13.7%), and Arts and Humanities (9.2%). The distribution across fields was similar in 

both groups, reinforcing the comparative homogeneity of the sample. 

Table 1. Sociodemographic Characteristics of the ample by Disability Status. 

 Variable Total (n = 358) 
With disability 

(n = 88) 

Without 

disability (n = 

270) 

Gender  
Women 190 (53.1%) 47 (53.4%) 143 (53.0%) 

Men 168 (46.9%) 41 (46.6%) 127 (47.0%) 

Age (M, SD)  22.4 (4.1) 22.1 (4.2) 22.5 (4.1) 

 Social Sciences 108 (30.2%) 27 (30.7%) 81 (30.0%) 

 Health Sciences 87 (24.3%) 20 (22.7%) 67 (24.8%) 

Field of study 
Engineering & 

Technology 
81 (22.6%) 20 (22.7%) 61 (22.6%) 
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 Economics & Business 49 (13.7%) 12 (13.6%) 37 (13.7%) 

 Arts & Humanities 33 (9.2%) 9 (10.2%) 24 (8.9%) 

2.2. Instruments 

A self-developed instrument was designed to collect basic participant information, including 

gender, age, disability status, and academic field. 

Data were gathered using a Likert-scale questionnaire (1 = Never, 5 = Very frequently), 

structured into three sections addressing familiarity, frequency of use, and perceived usefulness of 

AI for informational and emotional support. 

Familiarity with AI. This section explored participants’ prior knowledge and exposure to AI. 

Using a 5-point Likert scale, participants rated how familiar they felt with the concept, whether they 

had received training, their understanding of how AI works, and how often they seek information 

about advancements in the field. This section assessed participants’ subjective sense of closeness to 

AI. 

Frequency of AI use. Participants reported how often they used various AI-enabled applications 

or platforms in daily life, including virtual assistants (e.g., Siri, Alexa), mental health apps, chatbots, 

educational tools, or entertainment platforms. Responses, also on a Likert scale, provided a map of 

participants’ real and routine engagement with AI technologies. 

Perceived usefulness of AI. This section assessed how students evaluated AI’s usefulness in two 

key dimensions: informational and emotional support. For informational support, items examined 

whether participants considered AI helpful in providing clear, useful, and timely information and 

whether they saw it as valuable for learning or productivity. For emotional support, items measured 

whether AI interactions felt comforting, whether responses seemed empathetic, and whether 

participants sometimes preferred AI over human support. Responses were rated on a 5-point 

agreement scale (1 = Strongly disagree, 5 = Strongly agree), capturing nuanced perceptions. 

Table 2. Dimensions and items of the questionnaire on familiarity, frequency of use, and perceived usefulness 

of artificial intelligence (AI). 

Dimension Items 

1. Familiarity with AI 

- How familiar do you feel with the term artificial intelligence? 

- Have you used applications or platforms with AI? 

- Do you consider that you understand how AI based technologies 

work? 

- Have you received information or training about AI? 

- How often do you seek information about AI advancements? 

2. Frequency of AI  use 

- Use of virtual assistants (Siri, Alexa, Google Assistant) 

- Use of chatbots for inquiries or digital support 

- Use of AI-based wellness or mental health apps 

- Use of AI for educational or study-related tasks 

- Use of AI for entertainment or socialization 

3. Perceived usefulness of 

AI 

Informational support 

- AI helps me obtain useful information quickly 

- AI-generated responses are clear and accurate 

- I use AI to complement my learning or studies 

- AI facilitates access to hard-to-find resources 

- AI improves my academic or personal productivity 

Emotional support 

- AI provides me with emotional support when I need it 

- I feel comfortable expressing emotions through AI 

- AI responses to emotional topics are empathetic and appropriate 

- AI can help reduce feelings of loneliness or isolation 
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- I prefer using AI for certain emotional topics rather than talking to 

people 

  

2.3. Psychometric Properties of the Questionnaire 

The questionnaire developed for this study demonstrated adequate validity and reliability, 

supporting its use as an instrument to assess familiarity, usage, and perceived usefulness of AI among 

university students with and without disabilities. 

Content validity was ensured through review by three experts in educational technology, 

psychology, and digital accessibility. They evaluated the clarity, relevance, and appropriateness of 

the items for the target population, making lexical and structural adjustments as needed. The final 

version was understandable and culturally appropriate for both students with and without 

disabilities, with neutral language and adaptability to accessible formats. 

To verify psychometric properties, sample adequacy was first tested using the Kaiser-Meyer-

Olkin (KMO) measure and Bartlett’s test of sphericity. Results showed a KMO of .840 and a Bartlett’s 

significance of .001, indicating that the sample size was adequate and the covariance matrix suitable 

for factor analysis. An exploratory factor analysis (principal components extraction with varimax 

rotation) revealed a clear two-factor structure: informational usefulness and emotional usefulness. 

These two factors explained 34.2% and 29% of the variance, respectively, accounting for 63.2% of the 

total variance, thus supporting construct validity. To reinforce construct validity, a confirmatory 

factor analysis (CFA) was subsequently conducted. The CFA results indicated an adequate fit for the 

three-factor model, with fit indices of CFI = 0.96, TLI = 0.95, RMSEA = 0.045 (90% CI: 0.032–0.058), and 

SRMR = 0.038. All standardized factor loadings were significant (p < 0.001) and exceeded 0.50, 

confirming that each item consistently measured its corresponding theoretical dimension. 

Reliability was assessed using Cronbach’s alpha coefficient to estimate internal consistency. The 

AI familiarity subscale yielded an alpha of 0.81, indicating acceptable homogeneity across items. The 

frequency of use scale obtained an alpha of 0.84, while the perceived usefulness scale showed even 

higher reliability, with an overall alpha of 0.89. At the subscale level, informational usefulness had 

an alpha of 0.86, and emotional usefulness an alpha of 0.82, demonstrating strong internal consistency 

in both domains. 

These results indicate that the questionnaire consistently and reliably measures the intended 

constructs, reinforcing its suitability for use in similar studies with young populations in educational 

contexts. 

Prior to the main study, the instrument was piloted with a sample of 85 students with similar 

demographics, allowing potential comprehension issues to be identified and item wording refined. 

The final version of the questionnaire was administered online and in accessible formats, ensuring 

inclusivity for participants with different levels of functionality. 

2.4. Procedure 

Data collection was carried out over three months in 2025, following approval from an 

institutional ethics committee and with informed consent from all participants (or legal guardians 

when required). 

Participants completed the questionnaire either in person or digitally, with appropriate support 

provided for those requiring assistance—particularly students with visual or intellectual disabilities. 

Sessions were supervised to address questions and ensure response quality. 

Statistical analyses included ANOVA tests to compare perceptions and frequency of use 

between students with and without disabilities, as well as across disability types. Effect sizes were 

calculated to determine the practical significance of differences, and correlations were conducted to 

examine relationships between perceived usefulness and AI use. 

2.5. Data Analysis 
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Data were processed using SPSS (version 28.0). Descriptive statistics (frequencies, percentages, 

means, and standard deviations) were first computed for sociodemographic variables and 

questionnaire indicators, to profile the sample and assess familiarity, use, and perceptions of AI 

among students with and without disabilities. 

Group differences in familiarity, frequency of use, and perceived usefulness of AI were 

examined using one-way ANOVA, with significance set at p < .05. When significant differences were 

found, effect sizes were calculated using partial eta squared (η2p), following conventional 

benchmarks (0.01 = small, 0.06 = medium, 0.14 = large). 

To explore relationships between perceived usefulness and AI usage frequency, Pearson 

correlation analyses were performed, considering both the strength and direction of associations. 

Linear regression analyses were also conducted to assess whether frequency of use predicted 

perceived usefulness in both groups and to identify possible moderating or mediating variables. 

3. Results 

3.1. Objective 1: To Describe the Level of Familiarity and Current Use of AI Technologies Among Students 

with and Without Disabilities 

To address this objective, ANOVA was applied to compare mean levels of AI familiarity and 

usage between students with and without disabilities. Disability status (yes = 1, no = 0) served as the 

independent variable, while dependent variables were: (a) AI familiarity (measured on a 5-point 

scale), and (b) frequency of AI use in daily life (ordinal scale transformed into a continuous variable). 

Results revealed statistically significant differences between groups in both variables. Students 

without disabilities reported significantly higher familiarity (M = 3.8, SD = 0.9) and frequency of use 

(M = 3.5, SD = 0.8) compared to their peers with disabilities (familiarity: M = 3.3, SD = 1.0; use: M = 

3.0, SD = 0.9). The analysis showed small but meaningful effect sizes, with a magnitude of η2 = .13 for 

familiarity and η2 = .44 for frequency of use. 

These findings suggest that, although both groups engage with AI technologies, students 

without disabilities have a more consolidated usage experience, which may influence subsequent 

perceptions of usefulness. 

 

Figure 1. Comparison of AI familiarity and use by disability status. 

3.2. Objective 2: Comparing Perceptions of Usefulness Between Students with and Without Disabilities 

Statistical analyses revealed significant differences between young people with and without 

disabilities regarding their perception of the usefulness of AI, both in its informational and emotional 

dimensions, as well as in the overall score. 

First, with regard to informational support, students without disabilities reported a higher 

perception of usefulness (M = 3.7; SD = 0.8) compared to their peers with disabilities (M = 3.4; SD = 

0.9). This difference was statistically significant (t(356) = 2.98, p < .05), with a small-to-moderate effect 

size (d = 0.36). This indicates that students without disabilities find AI to be a more efficient resource 

for accessing information, complementing their studies, and improving their academic productivity. 

3.3

3

3.8

3.5

Familiarity with AI

Frequency of use Without

disabilities

Disabilities
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Regarding emotional support, a significant difference was also observed between groups (t(356) 

= 2.17, p < .05), with a lower mean reported by the group with disabilities (M = 2.9; SD = 1.0) compared 

to the group without disabilities (M = 3.2; SD = 0.9). Although the effect size was more modest (d = 

0.28), the data suggest that individuals with disabilities may encounter greater barriers in 

experiencing AI as an empathetic or emotionally satisfying resource. This could be due to frustrating 

interaction experiences, accessibility limitations, or a lack of personalization in system responses. 

Finally, when considering the overall usefulness of AI (composite mean of both dimensions), a 

significant difference was once again found between groups (t(356) = 3.16, p < .05), with an effect size 

close to moderate (d = 0.39). This finding reinforces the idea of a structural gap in AI use, whereby 

young people with disabilities perceive fewer benefits from these technologies, both in terms of 

information access and emotional support. 

Although these differences are not extreme in magnitude, they are consistent and significant and 

should be understood not as a reflection of an inherent limitation of the group with disabilities, but 

as the result of technological, cognitive, and contextual barriers that hinder an equitable user 

experience. In this sense, the findings align with the social model of disability, showing that the 

inequalities perceived in the usefulness of AI are not inherent to the individual but arise from a design 

that has yet to adequately consider user diversity. 

Table 3. Comparison of AI familiarity and use by disability status. 

Dimension Group M (SD) t(356) p Cohen’s d 

Informational support 
With disability 3.4 (0.9) 

2.98 .003 0.36 
Without disability 3.7 (0.8) 

Emotional support 
With disability 2.9 (1.0) 

2.17 .031 0.28 
Without disability 3.2 (0.9) 

Overall usefulness 
With disability 3.15 (0.85) 

3.16 .002 0.39 
Without disability 3.48 (0.78) 

3.3. Objective 3: Analyzing the Relationship Between Perceived Usefulness and Frequency of AI Use in Both 

Groups 

To analyze this objective, a bivariate Pearson correlation was conducted between frequency of 

use and perceived usefulness, both for the total sample and by group. In addition, a linear regression 

model with interaction was applied to evaluate whether disability status moderated this relationship. 

Results showed a moderate positive correlation in the total sample (r = .42, p < .001), indicating 

that the more frequently AI is used, the higher its perceived usefulness. When disaggregated by 

group, the relationship was stronger among students without disabilities (r = .45) than among 

students with disabilities (r = .29), although both were statistically significant. 

The moderated regression analysis confirmed a significant interaction effect between AI use and 

disability status (β interaction = -0.19, p < .05), suggesting that the impact of frequency of use on 

perceived usefulness is weaker among students with disabilities. 

Table 4. Moderated linear regression: interaction between use and disability. 

Predictors β t p 

Frequency of use 0.38 7.44 < .001 

Disability (0 = no, 1 = yes) -0.15 -2.88 .004 

Use × Disability (interaction) -0.19 -2.32 .021 

Model R2 0.27   

4. Discussion 

The integration of artificial intelligence (AI) into higher education has transformed learning 

dynamics, generating new opportunities and challenges for university students [1,3,25]. Within this 
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context, the present study identified three motivational profiles toward AI use (Academic-High, 

Balanced, and Emotional-Informational) and explored their relationship with resilience dimensions: 

personal and social competence, self-discipline, and self-acceptance [12,13,18]. 

The results of this study provide a positive outlook on how university students—both with and 

without disabilities—engage with AI when using it as an informational and emotional resource. 

Through a comparative approach, it was possible to identify significant differences not only in the 

degree of familiarity and use of these technologies but also in how their usefulness is perceived in 

everyday life. 

One of the clearest findings is that students without disabilities reported considerably higher 

levels of familiarity and frequency of use of AI-based tools. This result is consistent with existing 

evidence showing that people with disabilities often face more obstacles in accessing digital 

technologies [13,14]. Although multiple digital solutions have been developed in recent years with 

the goal of improving accessibility, structural barriers still persist that hinder equitable adoption. 

Digital environments often fail to adequately respond to the diverse functional, cognitive, and 

emotional needs of this population. 

Regarding perceived usefulness, the group without disabilities also provided more favorable 

assessments. This can partly be explained by their greater experience and familiarity with these tools. 

Individuals who use technologies more frequently tend to be more aware of their advantages—such 

as quick access to information, academic support, or even a sense of companionship during times of 

stress or uncertainty. Furthermore, people who face fewer technical or communication barriers tend 

to have smoother and more satisfactory interactions with AI systems, which reinforces a positive 

perception of their usefulness. These findings align with other studies warning that non-inclusive 

technology design tends to widen the digital divide, excluding those who could benefit the most from 

adapted tools [12,20]. 

Nevertheless, it is important to note that students with disabilities were not entirely reluctant 

toward AI use, nor did they perceive it negatively—rather, their perceptions were more moderate. 

This nuance reflects that this group also recognizes the potential value of these technologies, even 

though their experience is limited by factors such as usability or lack of personalization. 

At this point, it is crucial that developers, educational institutions, and technology policymakers 

view accessibility not as a complement, but as a fundamental design principle from the outset. 

Including diverse perspectives from the early stages of technological development not only improves 

the experience of those currently facing barriers but also contributes to building fairer, more sensitive, 

and more sustainable digital environments for all of society. 

The analysis of the second objective, a direct comparison between groups using t-tests, revealed 

significant differences in perceptions of AI usefulness, with a small-to-moderate effect size. Although 

these differences are not extreme, their systematic and repeated nature suggests the existence of a 

stable gap in symbolic and functional access to these technologies. This disparity cannot be attributed 

solely to individual variables, such as personal interest or technological familiarity, but likely reflects 

a more complex interplay of social, technological, and educational inequalities shaping digital 

experiences across groups. 

From this perspective, the social model of disability is highly relevant, as it emphasizes that the 

barriers faced by people with disabilities do not arise from the disability itself but from environments 

that fail to adequately accommodate human diversity [17,18]. 

Regarding the third objective, the study explored the relationship between perceived usefulness 

and AI use frequency. Correlational results revealed a positive association in both groups, suggesting 

a feedback mechanism: students who use AI more frequently tend to perceive it as more useful, and 

positive perceptions, in turn, encourage more intensive use. However, moderated regression analysis 

showed that this effect was significantly weaker in the group with disabilities. This could be 

interpreted as a warning sign: in this group, frequent use does not always translate into a better 

experience or more positive perception, possibly due to accessibility barriers or unmet expectations. 
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Notwithstanding, it is important to recognize the limitations of this study. First, as a cross-

sectional study, it only captures associations at a specific point in time, without allowing causal 

inferences or understanding changes over time. Second, participation was voluntary, meaning that 

respondents may have had particular interests or experiences with AI. This could introduce bias, as 

non-participants may hold different views or behaviors, limiting representativeness. Third, the group 

of students with disabilities was smaller than the group without disabilities, which reduces the 

strength of generalizations. Furthermore, disabilities were not differentiated by type, so we cannot 

determine whether, for example, students with visual impairments experience AI differently than 

those with intellectual or auditory disabilities. Lastly, the study was conducted in a specific cultural 

and educational context—university students in one region—which limits generalization to other 

educational levels, age groups, or cultural settings. 

Despite these limitations, the findings provide valuable insights and encourage cautious 

interpretation while pointing toward future research with broader and more diverse designs. 

Theoretically, these results make a meaningful contribution to technology acceptance models, 

particularly the TAM (Technology Acceptance Model) proposed by Davis [23] and later extended by 

Venkatesh et al. [24]. While widely validated, the present findings suggest that TAM could be 

enriched by incorporating variables specific to accessibility, emotional support, and users’ 

sociotechnological contexts. Technology adoption processes are not neutral, and explanatory models 

must reflect the diversity of user experiences. 

Practically, the results highlight key areas for intervention. First, educational institutions play a 

strategic role in democratizing access to AI tools—not only by providing technology but also through 

training initiatives that promote critical digital literacy and awareness of ethical and inclusive AI use. 

Second, AI developers—particularly those designing applications for informational, educational, or 

emotional support purposes—must integrate cognitive, sensory, and affective accessibility criteria 

from the earliest design stages. This involves adapting interfaces, revising language, interaction 

formats, response times, and providing alternative communication channels. 

Moreover, the potential of AI as an emotional support resource should not be overlooked. While 

these technologies cannot replace professional mental health interventions, they can play an 

important complementary role—serving as a bridge to specialized services or offering everyday 

companionship. For this to be beneficial for students with disabilities, interactions with AI must not 

be perceived as additional sources of stress or exclusion. In this sense, truly empathetic AI must 

necessarily be accessible AI. 

Finally, the findings of this study open multiple avenues for future research. It is essential to 

examine differences by disability type, since the experience of a student with a visual impairment is 

not comparable to that of a student with a psychosocial or cognitive disability. Additional variables 

such as technological self-efficacy, trust in AI, or social support should also be included, as they can 

significantly influence the relationship between use, perception, and satisfaction. Longitudinal 

studies would further help capture changes over time, offering a more dynamic perspective on 

technology appropriation processes. 

5. Conclusions 

This study confirms that artificial intelligence is perceived as a useful resource by university 

students with and without disabilities, both in its informational and emotional support dimensions. 

However, differences observed in perceived usefulness and frequency of use highlight the existence 

of significant barriers limiting equitable adoption of these technologies. 

The positive relationship identified between perceived usefulness and frequency of use 

reinforces the importance of improving user experience to foster effective adoption. Future strategies 

should focus on eliminating technical and design obstacles, fostering inclusion from the development 

stage, and promoting a technological culture sensitive to functional diversity. 

To advance inclusive applications of AI, future research should embrace interdisciplinary 

approaches, account for diverse user profiles, and explore psychological, technological, and social 
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variables influencing AI use and perceptions. In this way, the opportunities offered by AI can be 

ensured to empower users rather than becoming new forms of exclusion. 
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