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Abstract 

Background: Recent data show that approximately 3.8% of the global population has a diagnosis of 

depression. Understanding psychological risk and protective factors is crucial for improving 

prevention strategies and mental health interventions. Among these, worry and Emotional 

Intelligence (EI) have emerged as relevant, yet rarely studied together. To date, no studies that 

analyzed the relationship between Emotional Intelligence, worry, and depression together have been 

found. Therefore, this study aims to investigate the association among EI, worry, and depression. 

Methods: This study included 924 participants (N = 806 non-clinical and N =118 subclinical sample 

with elevated depressive symptoms), with mean age of M = 25.55 years (SD = 11.38). A total of 118 

participants (12.8%) met the criteria for clinical depression based on the BDI-II cut-off. All participants 

completed the Penn State Worry Questionnaire (PSWQ; Meyer et al., 1990), the Beck Depression 

Inventory-II (Beck et al., 1996), and the Emotional Intelligence Scale (EIS; Schutte et al., 1998). To 

examine the relationships among all variables examined zero-order correlation coefficients were 

calculated. To investigate the predictive power of EI and worry on depression, Bayesian linear 

regression was conducted. Results: The results showed significant and positive correlations between 

worry and depression in both samples. EI showed significant and negative correlations with both 

depression and worry in both subclinical sample with elevated depressive symptoms and non-

clinical sample. Finally, worry emerged as the strongest contributor of the somatic dimension of 

depression in both groups. In the subclinical sample with elevated depressive symptoms, age and 

Evaluation and Expression of Emotion to Self, along with worry, were the best predictors of somatic 

symptoms. Conclusions: Our data suggest that high worry levels increase depression risk, whereas 

higher EI may serve as a protective buffer. Training programs designed to enhance EI could help 

mitigate the impact of negative events, improve problem solving skills, and enhance the expression 

of one’s own emotions. 

Keywords: worry; depression; emotional intelligence; association 

 

1. Introduction 

Depression is characterized by a pervasive low mood, anhedonia (i.e., a lack of pleasure in most 

daily activities) and other symptoms such as changes in appetite or weight, sleep disturbances, 

psychomotor retardation or agitation, fatigue or loss of energy, feelings of guilt or worthlessness, and 

difficulty concentrating or making decisions [1]. Cognitive dysregulation is a core feature of 

depression, encompassing cognitive biases and maladaptive cognitive emotion regulation strategies. 

Cognitive biases include a negative self-referential process, negative attentional bias toward negative 

stimuli, negative interpretation of ambiguous stimuli and situations, and enhanced recall of negative 

events (Balsamo, 2010; Balsamo & Saggino, 2007; Balsamo et al., 2015; Beach & Whisman, 2012; 

Maurer et al., 2018; Ruan-Iu et al., 2023). Maladaptive cognitive emotion regulation strategies refer to 

the emotional elaboration of a stimulus, aimed at coping by reducing emotional impact. These 
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strategies are characterized by excessive rumination (dwelling on past negative events), limited 

distraction, and reduced cognitive reappraisal of negative emotion (LeMoult & Gotlib, 2019; Sarkisian 

et al., 2019). 

Recent epidemiological data indicate that the estimated prevalence of depressive symptoms 

among adults in the Italian general population is 6% between 2016 and 2019. Additionally, depression 

ranks as the second costliest pathology after cardiovascular diseases, and it is projected to become 

the leading cause of years loss of ill health by 2030 (Italian National Institute of Health [ISS], 2022). A 

recent meta-analysis (Cenat et al., 2022) documents an increase in depression rates, particularly from 

2020 onwards among young adults and adults across North America, Europe, Latin America, and 

Australia. Globally, approximately 3.8% of the population has a diagnosis of depression, with a 

higher incidence among females (Chahal et al., 2020; World Health Organization [WHO], 2022). The 

higher occurrence of depressive symptoms in women, is attributed to both psychological and 

biological factors. Biologically, hormonal fluctuations during specific life periods (e.g., premenstrual 

phase) and low estrogen levels increase vulnerability. Psychologically, women exhibit a higher 

number of internalizing behaviors (Akhtar-Danesh & Landeen, 2007; Albert, 2015; Piccinelli & 

Wilkinson, 2000; Sergi et al., 2023). Italian data further reveal a prevalence of depressive symptoms 

of 6.6% in the age group18-34 years, 5.6% in the 35-49 group, and 7.3% in the 50-69 group. 

Age emerges as a salient factor in depression prevalence (Islam &Adnan, 2017; Salk et al., 2017). 

Several studies document associations between age and depression in both male and female 

populations (Akhtar-Danesh & Landeen, 2007; Islam & Adnan, 2017; Schaakxs et al., 2017; Stordal et 

al., 2003), with some showing age as a predictor in clinical samples (Akhtar-Danesh & Landeen, 2007; 

Islam & Adnan, 2017). However, findings are mixed, potentially due to sample differences or 

measurement variability (Hwu et al., 1996; Knight, 1984; Salk et al., 2017). An interaction effect 

between age and gender may account for variability, as depressive symptoms appear to increase 

more sharply with age in women, possibly due to psychosocial stressors and hormonal changes 

(Albert, 2015; Salk et al., 2017). Understanding such interactions is critical to elucidate depressive 

disorder development and progression. 

Beyond sociodemographic factors, genetic and family influences play a critical role in the onset 

of depression. Twin studies estimate the heritability of major depressive disorder at approximately 

40% (Kendler et al., 2006). Moreover, early-life events such as childhood trauma and abuse have been 

consistently linked to increased risk of depression later in life (Heim & Nemeroff, 2001; Gilbert et al., 

2009). Neurobiological evidence suggests maltreatment during critical developmental periods can 

alter brain structures implicated in emotion regulation, heightening vulnerability to depressive 

disorders (Teicher et al., 2016). Including these factors provides a more comprehensive 

understanding of depression’s multifactorial etiology. 

1.1. The Role of Worry and Emotional Intelligence in Depression 

The study of psychological risk factors for depression facilitates understanding its course, 

prevention, and the development of mental health promotion programs (Thapar et al., 2022). Worry 

is a maladaptive, future-oriented and persistent cognitive-emotional process focused on potential 

negative outcomes (Gustavson et al., 2018; Rood et al., 2009; Wells, 1995) that has been consistently 

identified as a risk factor for depression. Numerous longitudinal studies and meta-analyses have 

demonstrated its predictive role. For instance, Jacobson and Newman (2017) conducted a meta-

analysis of 66 longitudinal studies and found that anxiety symptoms—of which worry is a core 

feature—predict depressive symptoms. Emotional Intelligence (EI) is considered a protective factor 

against affective disorders, including depression. A recent meta-analysis (Sánchez-Álvarez et al., 

2015) found a significant and positive correlation between EI and subjective well-being in a sample 

of 8520 participants, indicating that emotional competencies help manage stress and promote positive 

emotions. Furthermore, Mestre et al. (2017) found that higher levels of EI are associated with 

increased resilience, which facilitates better anxiety symptoms. Moreover, Wapaño (2021) showed 

that EI positively predicted self-efficacy and resilience, while negatively predicted anxiety and 

Preprints.org (www.preprints.org)  |  NOT PEER-REVIEWED  |  Posted: 20 October 2025 doi:10.20944/preprints202510.1522.v1

© 2025 by the author(s). Distributed under a Creative Commons CC BY license.

https://doi.org/10.20944/preprints202510.1522.v1
http://creativecommons.org/licenses/by/4.0/


 3 of 24 

 

depression, indicating that emotionally intelligent individuals are more likely to respond positively 

to their environment. 

Worry, traditionally viewed as an anxiety correlate, has since been conceptualized as an 

independent construct (Davey et al., 1992). Correlational studies reveal consistent positive, significant 

associations between worry and depression across clinical and non-clinical samples (Borkovec et al., 

1983; Calmes & Roberts, 2007; de Jong-Meyer et al., 2009; Dugas et al., 1997; Hong, 2007, 2013; McEvoy 

& Brans, 2013; Nolen-Hoeksema, 2000; Roberts & Robichaud, 2005; among others). Some studies 

show that worry predicts depression (De Vlieger et al., 2006; Eisma et al., 2017; Hong, 2007), although 

others have failed to replicate this finding (Dar et al., 2017; Fergus et al., 2013). Experimental research 

demonstrates higher depression levels in worry conditions compared to controls (Andrews & 

Borkovec, 1988; Borkovec et al., 1983). 

The Beck Cognitive Behavioral Model of depression emphasizes maladaptive cognitive styles 

such as worry in maintaining depressive symptoms. The Emotional Contrast Avoidance Model (Llera 

& Newman, 2010, 2014) suggests worry acts as an emotional regulation strategy buffering against 

sudden negative emotional spikes, maintaining a relatively constant intrapersonal negativity. This 

aligns with the Tripartite Model (Clark & Watson, 1991), which posits negative affect as a shared 

dimension of anxiety and depression, with worry as a transdiagnostic cognitive-emotional 

mechanism involved in both disorders. 

In contrast, Emotional Intelligence (EI) is a pivotal construct that could play a protective role 

against depression (Abdellatif et al., 2017). “Trait EI” can be defined as a series of self-perceptions 

about the ability to identify emotions (Petrides & Furnham, 2000; 2001; 2003). In this context, there 

are training programs designed to enhance EI, focusing on emotion regulations to mitigate the impact 

of negative events, improve problem solving skills, and enhance the expression of one’s own 

emotions (Jahangard et al., 2012). 

Regarding the association between Emotional Intelligence and depression, several studies have 

demonstrated negative and significant correlations between the two constructs and the predictive 

power of EI on depression in both adult and adolescent samples, even after controlling for gender 

and age (Picconi al., 2019). Abdellatif et al. (2017) found significant and negative correlations among 

positive expressivity, attending to emotion, and empathy of EI and depression, measured through 

the BDI-II, in a sample of patients with depression. These findings are consistent with other studies 

in which EI predicts depression (Abdollahi et. al., 2013; Aradilla-Herrero et al., 2014; Extremera & 

Fernández-Berrocal, 2006; Fernandez-Berrocal et al., 2006; Lloyd et al., 2012; Sergi et al., 2012; 

Salguero et al., 2012). Ciarocchi et al. (2002) found significant and negative correlations between 

Managing Self Emotion of EI and depression, measured through BDI-II, in a sample of undergraduate 

students. Another study showed the following factors of EI: Emotional Recognition and Expression, 

Understanding Emotions External, Emotions Direct Cognition, Emotional Management, and 

Emotional Control of EI predict depression, measured through the BDI-II, in a sample of adults with 

depression (Downey et al., 2008). These results are confirmed by Davis and Humphrey (2012), who 

found significant and negative correlations between the total score of EI and depression in a sample 

of non-clinical adolescents. The total score of EI was a predictor of depression. More recently, Sergi 

et al. (2021) found significant and negative correlations between EI and depression, measured 

through Teate Depression Inventory (TDI; Balsamo & Saggino, 2013, 2014; Balsamo et al., 2014) in a 

sample of non-clinical adults. Correlations ranged from r = -.412; p<.01 for “Social Skills” to r = -.208; 

p<.01 in males; correlations range from r = -.283; p<.01 for “Social Skills” to r = -.136; p<.01 for 

Optimism/Mood regulation in females. Results show that the Social Skills factor was the best 

predictor of depression. Moreover, Vucenovic et al. (2023) found significant and negative correlations 

among Expressing and Naming Emotion and Managing Emotions of EI and depression in a sample 

of high-school students, measured through Depression Anxiety Stress Scale. Finally, several studies 

(Andrei et al., 2016; Batselé et al., 2019; Gomez-Baya et al., 2017; Karim & Weisz, 2010; Miller et al., 

2020; Moeller et al., 2020; Saklofske et al., 2003; Sergi et al., 2012) found significant and negative 

correlations between depression and Global EI, which served as a predictor of depression in non-
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clinical samples. These results were further supported in clinical samples (Batool & Khalid, 2009; 

Korkmaz et al., 2020). 

While worry and EI operate at different psychological levels (process vs. trait/ability), their joint 

evaluation offers a balanced model examining vulnerabilities and resilience factors in depression. 

This dual approach aligns with literature suggesting that effective mental health screening and 

prevention should target both risk mechanisms and protective resources. To date, no studies have 

been found that examined the relationship between Emotional Intelligence, worry and depression, 

limitating current understanding of their interrelations. Clarifying this relationship between worry, 

EI, and depression enables clinicians to design target interventions-such as training in emotion 

regulation and cognitive strategies-that improve patients’ ability to maintain positive affect and 

reduce maladaptive negative thought patterns (Liu et al., 2018). The present study addresses this gap 

by proposing testing a three-tiered model that integrates demographic, psychological, and behavioral 

components contributing to depression risk. This model reflects the multilevel nature of vulnerability 

and protective factors associated with depression. 

Therefore, based on the literature reviewed above, the first aim of this work is to analyze the 

association among EI, worry, and depression on a sample drawn from the relevant general 

population. We hypothesized different associations among variables investigated. In particular, the 

first hypothesis is divided into five sub- hypotheses: 

1. H1a: Worry could be positively related to affective factors of depression both in clinical and non-

clinical samples; 

2. H1b: Worry could be positively related to somatic factor of depression both in clinical and non-

clinical samples. 

3. H1c: EI could be negatively related to affective factor of depression both in clinical and non-

clinical samples; 

4. H1d: EI could be negatively related to somatic factors of depression both in clinical and non-

clinical samples; 

5. H1e: EI could be negatively related to worry both in clinical and non-clinical samples. 

The second aim of this work is to analyze the contribution of psychological risk factors and age 

to depression. In particular, the second hypothesis is divided into four sub- hypotheses: 

1. H2a: We examine whether the posterior estimates supported a relationship between worry and 

the affective factor of depression in both participants above BDI threshold and non-clinical 

sample; 

2. H2b: Worry was expected to contribute to the explanation of the somatic factor of depression in 

both participants above BDI threshold and non-clinical sample; 

3. H2c: Both worry and were expected to be associated with the affective factor of depression in 

both participants above BDI threshold and non-clinical sample; 

4. H2d: Both worry and EI were expected to contribute to the explanation of the somatic factor of 

depression in both participants above BDI threshold and non-clinical sample. 

The third aim of this work is to study the mean difference between subclinical samples with 

elevated depressive symptoms and non-clinical samples among EI, depression, and worry. We 

hypothesize that the non-clinical sample has higher means in Emotional Intelligence than the 

subclinical sample with elevated depressive symptoms, while the participants above BDI threshold 

have higher means than the non-clinical sample. 

2. Materials and Methods 

Participants and Procedure. A total of 924 participants (67.3% females; missing = 0.2%) are included 

in the study on a voluntary basis. Inclusion criteria are the following: 1) participants fluent in Italian 

living in Italy; 2) age ≥ 18 years. The sample was recruited in person by trained professionals in the 

psychometric and clinical fields, following standardized procedures. 

The survey was administered entirely face to face. The participants were drawn from the general 
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reference population. The mean age of the total sample was 25.55 years (minimum = 18 years and 

maximum = 70 years; SD = 11.38). Eighteen participants (1.9%) did not declare their age. Participants 

partially overlapped with those included in Sergi et al. (2021) (N= 1725). 

The Sample was divided into subclinical sample with elevated depressive symptoms and non-

clinical sample on the Beck Depression Inventory Total Score (BDI-II; Beck et al., 1996). Scores ≥ 20 

indicate a Moderate depression. Based on this cut-off 118 participants (78.8% females) met the criteria 

for elevated depressive symptoms, while 806 participants formed the non-clinical group. 

The non-clinical sample Included 529 females (65.6%), with a mean of 25.69 yrs and a SD of 11.58 

yrs. The majority (75.4%) were undergraduate students; other occupational categories included 

employment (4.7%), housewives (3.3%), office clerks (3.2%), freelancers (3.1%), workers (2.9%), 

teachers (1.9%), traders (1.1%), armed forces personnel (1.0%), technical workers (0.9%), nurses 

(0.6%), doctors (0.6%), social operators (0.1%), with 1.1% missing data.. 

Subclinical sample with elevated depressive symptoms was composed by 118 subjects. 93 

participants were females (78.8%), with a mean of 24.63 yrs and a SD of 9.92 yrs. 78.0% were 

undergraduate students, 5.9% were in other employments, 5.9% were housewives, 2.5% were in 

technical employments, 2.5% were freelancers, 0.8% were social operators, 0.8% were doctors, and 

there was a missing data rate of 3.4%. 

All participants provided written informed consent prior to participation, in accordance with 

the Declaration of Helsinki (World Medical Association, 2013). Participants’ anonymity and privacy 

were guaranteed according to the Italian and the European laws about privacy (Italian law n. 

196/2003 and EU GDPR 679/2016, respectively). The study obtained the ethical approval from the 

Department of Medicine and Aging Science, Italy (number 2223/07.09.2021). 

2.1. Measures 

Emotional Intelligence Scale. The Emotional Intelligence Scale (EIS; Schutte et al., 1998) assesses 

Emotional Intelligence based on the model of Salovey and Mayer (1990). The self-report instrument 

consists of 33 items on a 5-point Likert scale from 1 (“Totally disagree”) to 5 (“Totally agree”). The 

instrument comprises four factors: Evaluation and Expression of Emotion to Self (α = .75); Evaluation 

and Expression of Emotion to Other (α = .76); Social Skills (α = .73) and Optimism/Mood Regulation 

(α = .64) (Sergi et al., 2021). 

Beck Depression Inventory-II. The Beck Depression Inventory-II (BDI-II; Beck et al., 1996) is a self-

report instrument used to measure the severity of depression in adults. The BDI-II consists of 21 items 

based on the diagnostic criteria for major depressive disorder (MMD) and the instrument comprises 

two factors: affective (α = .80) and somatic symptoms (α = .82). 

Penn State Worry Questionnaire. Worry is assessed through the Penn State Worry Questionnaire 

(PSWQ; Meyer et al., 1990). The self-report instrument consists of 16 items on a 5-point Likert scale 

from 1 (“Not at all typical of me”) to 5 (“Very typical of me”). This instrument has a total score, 

deriving from the sum of all items (α = .89 in our total sample). 

2.2. Statistical Analyses 

Descriptive statistics. Descriptive statistics for the collected data are means, standard deviations, 

skewness and kurtosis. Skewness and kurtosis values between -2 and 2 indicate a normal distribution 

of the data (Gravetter & Wallnau, 2014). 

Reliability. Psychological scales internal consistency was assessed using Cronbach’s Alpha. 

Correlations. To examine the relationships among Emotional Intelligence, Depression and Worry 

zero-order correlation coefficient is calculated. 

Bayesian linear regression. We used Bayesian linear regression to estimate the relationships among 

variables. This method explicitly models the uncertainty associated with parameter estimates and 

allows the comparison of multiple models without relying on traditional significance thresholds. 

Bayesian regression begins with a prior probability distribution that reflects initial knowledge or 

assumptions about the relationships among variables. When new data D are observed for a given 
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model Mj, the prior is updated via Bayes’ theorem to produce a posterior distribution (Bergh et al., 

2021). The extent of the update is quantified using the Bayes Factor (BFMj), which represents the ratio 

of the posterior odds to the prior odds (Bishop et al., 2003; Dunson et al., 2007; Gelman et al., 2019; 

Greenland, 2007; Minka, 2000; Vandekerckhove et al., 2018). 

For example, a Bayes Factor BF10 = 5 means the data are five times more likely under Model 1 

than under Model 0. Conversely, BF10 = 0.5 (i.e., BF01 = 2) means the data are two times more likely 

under Model 0. Interpretation thresholds include: 

- 1–3: weak evidence 

- 3–10: moderate evidence 

- 10–30: strong evidence 

- 30–100: very strong evidence 

- >100: extreme evidence for one model over another. 

We used noninformative (default) priors to ensure an objective estimation process. 

1. BF𝑀𝑗 =  

𝑝(𝑀𝑗 | 𝐷)

1− 𝑝(𝑀𝑗 | 𝐷)
𝑝(𝑀𝑗)

1− 𝑝(𝑀𝑗)

⁄  

If BF10 = 5, it means that the data is 5 times more likely under Model M1 than under M0. For 

instance, if BF10 = 0.50, then 
1

BF10
= BF01 = 2, which means that the data are 2 times more likely under 

M0 than under M1. Values between 
1

3
 < 𝑥 < 1 indicate moderate evidence for M0; Values between 

1

3
 < 𝑥 <  

1

10
 indicate strong evidence for M0; values equal to 

1

10
 indicate very strong evidence for M0; 

values < to 
1

100
 an extreme evidence for M0 (Bergh et al., 2021). 

Welch’s ANOVA. To investigate the mean differences between the non-clinical and subclinical 

sample with elevated depressive symptoms among EIS dimensions, Affective and Somatic 

symptoms, and worry were estimated Welch’s ANOVA given the unequal simple sizes. All statistical 

analyses are conducted using JASP version 18.1 (Jasp Team, 2023). 

3. Results 

Table 1 presents descriptive statistics of EIS dimensions, depression, and worry in non-clinical 

sample and subclinical sample with elevated depressive symptoms. All scores showed normal values 

of skewness and kurtosis. For the subclinical sample with elevated depressive symptoms (n = 118), 

the assumption of univariate normality was assessed by computing standardized skewness and 

kurtosis values, following the criteria outlined by Kim (2013). Specifically, z-scores were obtained by 

dividing the skewness and kurtosis values by their respective standard errors. All Z- skewness values 

were within the acceptable range (absolute z < 3.29) for medium-sized samples, except for the 

Optimism/Mood Regulation variable, which showed a slight deviation from normality (Z- skewness 

= 4.49). All Z- kurtosis values were below the critical threshold of an absolute z-value of 3.29, 

indicating no substantial departure from normality. 

Table 1. Mean, Standard Deviation, and Normality Indices of EIS dimensions, depression, and worry in total, 

non-clinical sample and subclinical sample with elevated depressive symptoms. 

Non-clinical 

sample (N=806) 

                       

Mean 

            

SD 

   

Skewness 

 

Kurtosis 

Evaluation and 

Expression of 

Emotion to Self  

35.403 4.544 -0.510 0.516 

Evaluation and 

Expression of 

Emotion to Other 

22.247 3.782 -0.407 0.102 
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Social Skills 14.701 2.906 -0.277 -0.255 

Optimism/Mood 

Regulation 
21.201 2.601 -0.767 0.594 

Affective 

symptoms 
3.319 2.917 0.883 0.289 

Somatic symptoms 4.536 3.197 0.532 -0.060 

Worry 47.744 10.585 -0.056 -0.087 

Subclinical 

sample with 

elevated 

depressive 

symptoms (N=118) 

    

Evaluation and 

Expression of 

Emotion to Self  

33.166 5.430 -0.450 0.323 

Evaluation and 

Expression of 

Emotion to Other 

21.898 4.877 -0.574 -0.319 

Social Skills 12.728 3.204 0.141 -0.185 

Optimism/Mood 

Regulation 
20.010 3.296 -1.002 1.420 

Affective 

symptoms 
13.129 4.173 0.707 0.602 

Somatic symptoms 13.320 3.395 -0.028 -0.104 

Worry 59.334 10.660 -0.379 
-0.259 

 

Table 2 presented the association among EIS dimensions, depression, and worry in non-clinical 

sample and subclinical sample with elevated depressive symptoms. In both groups, the results 

generally showed significant correlations among the variable investigated. Specifically, in the non-

clinical sample, significant and negative correlations were observed between the Somatic symptoms 

of depression and Emotional Intelligence (ranging from r = -.081; p<.05 between Expression and 

Evaluation of Emotion to Self and the Somatic symptoms, to r = -.154; p<.001 between Somatic 

symptoms and Social skills). 

Moreover, significant and negative correlations were found between the Affective symptoms of 

depression and Emotional Intelligence (ranging from r = -.184; p<.001 between Expression and 

Evaluation of Emotion to Self and Affective symptoms, to r = -.127; p<.001 between Affective 

symptoms and Social skills). 

Worry showed significant and negative correlations with Social skills (r = -.139; p<.001) and 

between Optimism/Mood regulation (r = -.110; p<.001). Finally, significant and positive correlations 

were found between worry and Affective and Somatic symptoms of depression (r = .363; p<.001 and 

r = .288; p<.001, respectively). 

In the subclinical sample with elevated depressive symptoms, significant and negative 

correlations were observed between Somatic symptoms of depression and Expression and Evaluation 

of Emotion to Self (r = -.202; p<.05). Moreover, significant and positive correlations were observed 

among worry, Affective, and Somatic symptoms of depression (r = .189; p<.05 and r =.201; p<.05, 

respectively). 

Table 2. Zero-order Correlation Analysis among EIS dimensions, depression, and worry in both samples. 

Non-clinical sample (N=806) 1.                     2. 3. 4.      5.                            6. 7. 
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1. Evaluation  

and Expression of Emotion to 

Self 

              

2. Evaluation  

and Expression of Emotion to 

Others 

.307***             

3. Social Skills .325*** 
     

.338*** 
          

4. Optimism/Mood Regulation .506*** .373***  .269***         

5. Affettive symptoms -.184***  -.015 -.127 ***    -.034       

6. Somatic symptoms -.081*  -.065 -.154***   -.002 
 

.456*** 
    

7. Worry -.048  -.042 -.139*** 
     

.110** 
.363*** .288***   

Subclinical sample with 

elevated depressive symptoms 

(N=118)                                                  

1.                     2. 3. 4.      5.                            6. 7. 

1. Expression  

and Evaluation of Emotion to 

Self 

              

2. Evaluation  

and Expression of Emotion to 

Others 

.369***             

3. Social Skills .447*** 
     

.365*** 
          

4. Optimism/Mood Regulation .513*** .518*** .314***         

5. Affective symptoms -.117 .151 .001 -.016       

6. Somatic symptoms -.202* -.011 -.150 -.172 .030     

7. Worry -.074 .211* -.088 .083  .189* .201*   

Note.* p<.05; **p<.01; ***p<.001. 

Table 3 presented Bayesian linear regression for Affective symptoms in the non-clinical sample. 

In this model, the predictors included Evaluation and Expression of Emotion to Self, Evaluation and 

Expression of Emotion to Others, Social Skills, Optimism/Mood Regulation, worry, and age, while 

Affective symptoms were the dependent variable. The Bayes factor BF01 compares all models to the 

null model. In female sample, the best model was Evaluation and Expression of Emotion to Self + 

worry, while in the male sample, the best model was worry + Evaluation and Expression of Emotion 

to Self. These results were confirmed by Table 4, where posterior inclusion probabilities in females 

(.997 for Evaluation and Expression of Emotion to Self, .283 for worry) and males (1.000 for worry, 

.997 for Evaluation and Expression of Emotion to Self) were near 1. Therefore, worry and Evaluation 

and Expression of Emotion to Self-predicted Affective symptoms in the female and male samples in 

the non-clinical sample. 

Table 5 presented Bayesian linear regression for Somatic symptoms in the non-clinical sample. 

In this model, the predictors were Evaluation and Expression of Emotion to Self, Evaluation and 

Expression of Emotion to Others, Social Skills, Optimism/Mood Regulation, worry, and age, while 

Somatic symptoms were the dependent variable. The Bayes factor BF01 compares all models to the 

null model. In both female and male samples, worry predicted Somatic symptoms. These results were 

supported by Table 6, in which posterior inclusion probabilities in females (1.000) and males (.202) 

were near 1. Therefore, worry is included in the model for both the female and male samples. 

Table 7 presented Bayesian linear regression for Affective symptoms in the subclinical sample 

with elevated depressive symptoms. In this model, the predictors included Expression and 

Evaluation of Emotion to Self, Evaluation and Expression of Emotion to Others, Social Skills, 
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Optimism/Mood Regulation, worry, and age, while Affective symptoms were the dependent 

variable. The Bayes factor BF01 compares all models to the null model. In both female and male 

samples, Worry predicted Affective symptoms. These results were confirmed by Table 8, in which 

posterior inclusion probabilities in females (.519) and males (.535) are near 1. Therefore, worry was 

included in the model for both the female and male samples. 

Table 9 presented Bayesian linear regression for Somatic symptoms in the subclinical sample 

with elevated depressive symptoms. In this model, the predictors were Expression and Evaluation of 

Emotion to Self, Evaluation and Expression of Emotion to Others, Social Skills, Optimism/Mood 

Regulation, worry, and age were the predictors, while Somatic symptoms were the dependent 

variable. The Bayes factor BF01 compares all models to the null model. In the female sample, the best 

model was worry +Evaluation and Expression of Emotion to Self + age, while in male samples, the 

best model was Evaluation and Expression of Emotion to Self +worry + age. These results were 

confirmed by Table 10, in which posterior inclusion probabilities in females (.724 for worry, .614 for 

Evaluation and Expression of Emotion to Self, .733 for age) and males (.292 for Evaluation and 

Expression of Emotion to Self, .614 for Worry, .733 for Age) were near 1. Therefore, age, worry, and 

Evaluation and Expression of Emotion to Self were included in the model for both the female and 

male samples. 

Table 3. The best models from the Bayesian linear regression for Affective symptoms in the non-clinical 

sample. 

Models in the female sample  
p(M

) 

p(M 

| 𝑫) 
BFMj  BF01  R² 

Expression and Evaluation of Emotion to Self + Worry   .01

6 
 .389  40.0

91 
 2.273×1

0-15  
 .140  

Models in the male sample 
p(M

) 

p(M 

| 𝑫) 
BFMj  BF01  R² 

Worry + Expression and Evaluation of Emotion to Self  .01

6 
 0.389  

40.0

91 
 
2.273×1

0-15  
 .140  

Note.  p(M) = prior model probabilities; p(M | D) = posterior model probabilities; BFMj = the change from prior 

to posterior model odds; BF01 = Bayes factor of the best model; R² = the explained variance of each model. 

Table 4. Model averaged posterior summary for linear regression coefficients of the Affective symptoms in the 

non-clinical sample. 

 95% Credible 

Interval 

Coefficient in 

the female 

sample 

p(incl) P(excl) 

  

p(incl|data

) 

 BFinclusion  M SD Lower Upper 

Intercept  1.000  0.000  1.000    1.000  3.638  0.124  3.394  3.875  

Worry  0.500  0.500  0.997    361.156  -

0.119 
 0.030  -0.179  -0.062  

Expression and 

Evaluation of 

Emotion to Self 

 0.500  0.500  0.283    0.395  0.015  0.030  
-

6.906×10

-4  

 0.099  

Evaluation and 

Expression of 

Emotion to 

Others 

 0.500  0.500  0.161    0.192  -

0.005 
 0.022  -0.070  0.025  

Social Skills  0.500  0.500  0.131    0.150  0.001  0.023  -0.042  0.069  

Optimism/Moo

d Regulation 
 0.500  0.500  1.000    

2.744×10+1

1  
 0.095  0.012  0.070  0.118  
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Age  0.500  0.500  0.284    0.397  -

0.005 
 0.010  -0.032  1.107×10

-4  
 

 95% Credible 

Interval 

Coefficient in 

the male sample 
p(incl) p(excl) 

  

p(incl|data

) 

 BFinclusion  M SD Lower Upper 

Intercept  1.000  0.000  1.000    1.000  3.638  0.124  3.388  3.856 

Worry  0.500  0.500  1.000    
2.744×10+1

1  
 0.095  0.012  0.071  0.117 

Expression and 

Evaluation of 

Emotion to Self 

 0.500  0.500  0.997    361.156  -

0.119 
 0.030  -0.176  -0.065 

Evaluation and 

Expression of 

Emotion to 

Others 

 0.500  0.500  0.283    0.395  0.015  0.030  -0.002  0.088 

Social Skills  0.500  0.500  0.161    0.192  -

0.005 
 0.022  -0.070  0.016 

Optimism/Moo

d Regulation 
 0.500  0.500  0.131    0.150  0.001  0.023  -0.044  0.068 

Age  0.500  0.500  0.284    0.397  -

0.005 
 0.010  -0.030  0.000 

Table 5. The best models from the Bayesian linear regression for Somatic symptoms in the non-clinical sample. 

Models in the female sample  p(M) p(M | 𝑫) BFMj  BF01  R² 

Worry   0.016  0.237  19.529  <.001  0.076  

Models in the male sample p(M) p(M | 𝑫) BFMj  BF01  R² 

Worry   0.016  0.237  19.529  2.050×10-8   0.076  

Note.  p(M) = prior model probabilities; p(M | D) = posterior model probabilities; BFMj = the change from prior 

to posterior model odds;. 

Table 6. Model averaged posterior summary for linear regression coefficients of the Somatic symptoms in the 

non-clinical sample. 

 95% Credible 

Interval 

Coefficient in 

the female 

sample 

p(incl) P(excl) 
  

p(incl|data) 
 BFinclusion  M SD Lower Upper 

Intercept  1.000  0.000  1.000    1.000  4.654  0.133  4.404  4.924  

Worry  0.500  0.500  1.000    2.309×10+7   0.082  0.013  0.057  0.108  

Expression and 

Evaluation of 

Emotion to Self 

 0.500  0.500  0.202    0.253  -

0.007 
 0.020  -0.076  0.006  

Evaluation and 

Expression of 

Emotion to 

Others 

 0.500  0.500  0.271    0.372  -

0.014 
 0.031  -0.103  0.001  

Social Skills  0.500  0.500  0.431    0.758  -

0.037 
 0.053  -0.155  0.000  
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Optimism/Mood 

Regulation 
 0.500  0.500  0.153    0.181  0.005  0.028  -0.033  0.085  

Age  0.500  0.500  0.156    0.185  0.001  0.006  -0.009  0.020  

 95% Credible 

Interval 

Coefficient in 

the male sample 
p(incl) p(excl) 

  

p(incl|data) 
 BFinclusion  M SD Lower Upper 

Intercept  1.000  0.000  1.000    1.000  4.654  0.133  4.388  4.912 

Worry  0.500  0.500  0.202    0.253  -

0.007 
 0.020  -0.068  0.011 

Expression and 

Evaluation of 

Emotion to Self 

 0.500  0.500  0.271    0.372  -

0.014 
 0.031  -0.104  0.002 

Evaluation and 

Expression of 

Emotion to 

Others 

 0.500  0.500  0.431    0.758  -

0.037 
 0.053  -0.146  

4.798×10-

4  

Social Skills  0.500  0.500  0.153    0.181  0.005  0.028  -0.006  0.115 

Optimism/Mood 

Regulation 
 0.500  0.500  0.156    0.185  0.001  0.006  -0.007  0.019 

Age  0.500  0.500  1.000    2.309×10+7   0.082  0.013  0.056  0.108 

Note. p(incl) = the prior inclusion probability; p(incl|data) = the posterior inclusion probability; BFinclusion = the 

change from prior to posterior inclusion odds; M = posterior Mean of the parameter after model averaging; SD 

= posterior Standard deviation of the parameter after model averaging. 

Table 7. The best models from the Bayesian linear regression for Affective symptoms in the subclinical sample 

with elevated depressive symptoms. 

Models in the female sample  p(M) p(M | 𝑫) BFMj  BF01  R² 

Worry   0.016  0.060  4.041  1.048  0.030  

Models in the male sample p(M) p(M | 𝑫) BFMj  BF01  R² 

Worry   0.016  0.060  4.041  1.048  0.030  

Note.  p(M) = prior model probabilities; p(M | D) = posterior model probabilities; BFMj = the change from prior 

to posterior model odds; BF01 = Bayes factor of the best model; R² = the explained variance of each model. 

Table 8. Model averaged posterior summary for linear regression coefficients of the Affective symptoms in the 

subclinical sample with elevated depressive symptoms. 

 95% Credible 

Interval 

Coefficient in the 

female sample 
p(incl) P(excl) 

  

p(incl|data

) 

 BFinclusion  M SD Lower Upper 

Intercept  1.000  0.000  1.000    1.000  13.219  0.386  12.396  13.918  

Worry  0.500  0.500  0.519    1.081  0.028  0.037  -0.007  0.109  

Expression and 

Evaluation of 

Emotion to Self 

 0.500  0.500  0.535    1.151  -0.064  0.081  -0.246  0.001  

Evaluation and 

Expression of 

Emotion to Others 

 0.500  0.500  0.503    1.011  0.065  0.089  -0.026  0.259  

Social Skills  0.500  0.500  0.260    0.352  -0.002  0.067  -0.194  0.147  
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Optimism/Mood 

Regulation 
 0.500  0.500  0.279    0.386  -0.014  0.078  -0.238  0.149  

Age  0.500  0.500  0.374    0.598  0.015  0.030  -0.013  0.093  

 95% Credible 

Interval 

Coefficient in the 

male sample 
p(incl) p(excl) 

  

p(incl|data

) 

 BFinclusion  M SD Lower Upper 

Intercept  1.000  0.000  1.000    1.000  13.219  0.386  12.476  13.958 

Worry  0.500  0.500  0.535    1.151  -0.064  0.081  -0.248  0.016 

Expression and 

Evaluation of 

Emotion to Self 

 0.500  0.500  0.503    1.011  0.065  0.089  -0.015  0.256 

Evaluation and 

Expression of 

Emotion to Others 

 0.500  0.500  0.260    0.352  -0.002  0.067  -0.205  0.161 

Social Skills  0.500  0.500  0.279    0.386  -0.014  0.078  -0.306  0.115 

Optimism/Mood 

Regulation 
 0.500  0.500  0.519    1.081  0.028  0.037  -0.004  0.117 

Age  0.500  0.500  0.374    0.598  0.015  0.030  -0.018  0.093 

Note. p(incl) = the prior inclusion probability; p(incl|data) = the posterior inclusion probability; BFinclusion = the 

change from prior to posterior inclusion odds; M = posterior Mean of the parameter after model averaging; SD 

= posterior Standard deviation of the parameter after model averaging. 

Table 9. The best models from the Bayesian linear regression for Somatic symptoms in the subclinical sample 

with elevated depressive symptoms. 

Models in the female sample  p(M) 
p(M 

| 𝑫) 
BFMj  BF01  R² 

Worry +Expression and Evaluation of Emotion to Self 

+ Age 
 0.016  0.103  7.264  0.064  0.128  

Models in the male sample p(M) 
p(M 

| 𝑫) 
BFMj  BF01  R² 

Expression and Evaluation of Emotion to Self+ Worry 

+ Age 
 0.016  0.103  7.264  0.064  0.128  

Note.  p(M) = prior model probabilities; p(M | D) = posterior model probabilities; BFMj = the change from prior 

to posterior model odds; BF01 = Bayes factor of the best model; R² = the explained variance of each model. 

Table 10. Model averaged posterior summary for linear regression coefficients of the Somatic symptoms in the 

subclinical sample with elevated depressive symptoms. 

 95% Credible 

Interval 

Coefficient in the 

female sample 
p(incl) P(excl) 

  

p(incl|data

) 

 BFinclusion  M SD Lower Upper 

Intercept  1.000  0.000  1.000    1.000  13.363  0.307  12.731  13.906  

Worry  0.500  0.500  0.724    2.628  0.041  0.035  0.000  0.103  

Expression and 

Evaluation of 

Emotion to Self 

 0.500  0.500  0.614    1.588  -0.067  0.073  -0.213  0.009  
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Evaluation and 

Expression of 

Emotion to Others 

 0.500  0.500  0.292    0.412  0.012  0.044  -0.048  0.158  

Social Skills  0.500  0.500  0.422    0.731  -0.054  0.094  -0.302  0.023  

Optimism/Mood 

Regulation 
 0.500  0.500  0.445    0.803  -0.062  0.102  -0.308  0.038  

Age  0.500  0.500  0.733    2.741  0.046  0.038  -0.002  0.114  

 95% Credible 

Interval 

Coefficient in the 

male sample 
p(incl) p(excl) 

  

p(incl|data

) 

 BFinclusion  M SD Lower Upper 

Intercept  1.000  0.000  1.000    1.000  13.363  0.307  12.699  13.930 

Worry  0.500  0.500  0.614    1.588  -0.067  0.073  -0.213  0.000 

Expression and 

Evaluation of 

Emotion to Self 

 0.500  0.500  0.292    0.412  0.012  0.044  -0.056  0.141 

Evaluation and 

Expression of 

Emotion to Others 

 0.500  0.500  0.422    0.731  -0.054  0.094  -0.288  0.027 

Social Skills  0.500  0.500  0.445    0.803  -0.062  0.102  -0.341  0.036 

Optimism/Mood 

Regulation 
 0.500  0.500  0.724    2.628  0.041  0.035  

-9.757×10-

4  
 0.103 

Age  0.500  0.500  0.733    2.741  0.046  0.038  
-2.492×10-

4  
 0.116 

Note. p(incl) = the prior inclusion probability; p(incl|data) = the posterior inclusion probability; BFinclusion = the 

change from prior to posterior inclusion odds; M = posterior Mean of the parameter after model averaging; SD 

= posterior Standard deviation of the parameter after model averaging. 

Table 11 showed that the mean differences between samples were significant for Evaluation and 

Expression of Emotion to Self, Social Skills, Optimism/Mood Regulation, Affective symptoms, 

Somatic symptoms, and Worry, while there were no significant differences for Evaluation and 

Expression of Emotion to Other. Table 1 indicated that the non-clinical sample had higher means in 

Evaluation and Expression of Emotion to Self, Social Skills, and Optimism/Mood Regulation, while 

the clinical sample had higher means in Affective symptoms, Somatic symptoms, and Worry. 

Table 11. Welch’s ANOVA with corresponding p values for testing samples differences between EIS dimensions, 

Affective and Somatic symptoms, and worry. 

Variable Welch’s F df₁ df₂ p-value 

Expression 

and Evaluation 

of Emotion to 

Self 

18.169 1 141.996 < .001 

Evaluation  

and Expression  

of Emotion to 

Others 

0.556 1 138.354 .457 

Social Skills 39.935 1 146.583 < .001 

Optimism / 

Mood Regulation 
14.125 1 139.133 < .001 

BDI Affective 898.613 1 139.144 < .001 

BDI Somatic 573.732 1 152.655 < .001 
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Worry 121.900 1 152.755 < .001 

4. Conclusions 

The Multilevel Model of Depression Risk conceptualizes depression vulnerability and resilience 

as involving interrelated demographic, psychological, and behavioral factors (Figure 1). At Level 1 

(Demographic Factors), age emerged as a significant predictor of somatic symptoms in the subclinical 

group. At Level 2 (Psychological Resources and Risks), emotional intelligence (EI)—particularly the 

ability to evaluate and express emotion to oneself—operates as a protective factor against depressive 

symptoms and worry, while worry functions as a cognitive-emotional vulnerability factor 

contributing to the maintenance of depressive symptomatology. At Level 3 (Behavioral Patterns), the 

clinical/subclinical sample exhibited increased severity of affective and somatic symptoms 

concomitant with maladaptive behaviors exemplified by worry and emotional dysregulation. This 

integration highlights how demographic factors create the base of vulnerability, while EI and worry 

modulate the risk and manifestation of depressive symptoms. 

 

Figure 1. Proposed Multilevel Model of Depression Risk. 

Existing literature underscores the importance of psychological processes underlying worry and 

EI in depression’s development and maintenance of worry (Abdellatif et al., 2017; Clarke et al., 2017; 

Goodwin et al., 2017; Kotsou et al., 2019; Newman & Llera, 2011). Our findings contribute to the 

increasing literature emphasizing the significance of investigating the psychological processes in 

clinical and non-clinical samples that are at risk of developing depressive symptoms (Clarke et al., 

2017; Goodwin et al., 2017; Newman & Llera, 2011). This study complements prior work by 

examining these factors concurrently in Italian adults, marking the first such investigation regionally. 

The first aim of this work is to examine associations among worry, EI, and depression. In relation 

to our first aim, hypothesis H1a and H1b are confirmed. Our results indeed reveal significant and 

positive correlations between worry and depression in both samples. These findings align with prior 

research (Borkovec et al., 1983; de Jong-Meyer et al., 2009; De Vlieger et al., 2006; de Vito et al., 2019; 

Dugas et al., 1997; Eisma et al., 2017; Goring & Papageorgiou, 2008; Hong, 2007, 2013; Hughes et al., 

2008; Manfredi et al., 2011; McEvoy & Brans, 2013; Mourady et al., 2017; Naragon-Gainey et al., 2017; 
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Nolen-Hoeksema, 2000; Perini et al., 2006; Robichaud & Dugas, 2005; Segerstrom et al., 2000; Short & 

Mazmanian, 2013; Siegle et al., 2004; Sorg et al., 2012; Vickers & Vogeltanz-Holm, 2003; Watkins & 

Moulds, 2009). Additionally, hypotheses H1c, H1d, and H1e find partially confirmation in our 

findings. Indeed, our results demonstrate that Emotional Intelligence has, in general, significant and 

negative correlations with depression and worry, corroborating previous research (Andrei et al., 

2016; Aradilla-Herrero et al., 2014; Batool & Khalid, 2009; Ciarocchi et al., 2002; Davis & Humphrey, 

2012; Downey et al., 2008; Extremera & Fernández-Berrocal, 2006; Fernandez-Berrocal et al., 2006; 

Gomez-Baya et al., 2017; Karim & Weisz, 2010; Korkmaz et al., 2020; Lloyd et al., 2012; Moeller et al., 

2020; Picconi et al., 2019; Saklofske et al., 2003; Salguero et al., 2012; Sergi et al., 2012; Sergi et al., 2021; 

Vucenovic et al. 2023; Zysberg & Zisberg, 2022). In the non-clinical sample, higher scores of 

Evaluation and Expression of Emotion to Self are associated with lower scores of Affective and 

Somatic symptoms of depression. Moreover, higher levels of worry are associated with higher scores 

of Social Skills and Optimism. In the subclinical sample with elevated depressive symptoms higher 

scores of Evaluations and Expression of Emotion to Self are associated with lower scores of Somatic 

symptoms of depression, while higher levels of worry are associated with higher scores of Evaluation 

and Expression of Emotion to Others. This latter result can be explained by a high fear of other 

people’s judgement, increasing worry levels. 

The second aim of this work was to analyze the contribution of psychological risk factors to 

depression. In relation to our second aim, hypotheses H2a: We examine whether the posterior 

estimates supported a relationship between worry and the affective factor of depression in both 

participants above BDI threshold and non-clinical sample and H2c: Both worry and were expected 

to be associated with the affective factor of depression in both participants above BDI threshold and 

non-clinical sample are confirmed. Evaluation and Expression of Emotion to Self and worry show an 

association with the affective factor of depression in both samples. Moreover, hypotheses H2b: Worry 

was expected to contribute to the explanation of the somatic factor of depression in both samples and 

H2d: Both worry, and EI were expected to contribute to the explanation of the somatic factor of 

depression in both samples are confirmed. Worry is associated with Somatic factor of depression in 

both participants above BDI threshold and non-clinical sample. In the subclinical sample with 

elevated depressive symptoms age and Evaluation and Expression of Emotion to Self together with 

worry are the strongest contributors of Somatic symptoms of depression. These findings align with 

prior research (Abdollahi et. al., 2013; Andrei et al., 2016; Aradilla-Herrero et al., 2014; Batool & 

Khalid, 2009; Batselé et al., 2019; Davis & Humphrey, 2012; Extremera & Fernández-Berrocal, 2006; 

Fernandez-Berrocal et al., 2006; Gomez-Baya et al., 2017; Karim & Weisz, 2010; Korkmaz et al., 2020; 

Lloyd et al., 2012; Miller et al., 2020; Moeller et al., 2020; Saklofske et al., 2003; Sergi et al., 2012; 

Salguero et al., 2012). 

Finally, our results indicate that the non-clinical sample demonstrated greater abilities in 

expressing and processing their own emotions, as well as higher levels of optimism and social skills, 

compared to the clinical sample. In contrast, the subclinical sample with elevated depressive 

symptoms exhibited higher levels of Somatic and Affective symptoms of depression, as well as 

elevated levels of worry compared to the non-clinical sample. 

Our study analyzed the role of risk factors of depression that permit us to develop protective 

strategies for depression (Abdellatif et al., 2017; Abdollahi et al., 2013; Ciarrocchi et al., 2002; Downey 

et al., 2008; Lloyd et al., 2012; Vucenovic et al. 2023). Higher EI enables better understanding and 

processing of emotions associated with events, reducing repetitive negative thoughts and emotions, 

which, in turn, facilitates better control of worry and depressive symptoms (Watkins & Baracaia, 

2001). Indeed, EI allows for a positive mood, providing protection against several psychopathologies, 

such as depression (Armstrong et al., 2011; Bauld & Brown, 2009; Di Fabio, 2011; Fernandez-Berrocal 

et al., 2005; Martins et al., 2010; Nielsen-Prohl et al., 2013; Picconi et al., 2019; Schutte & Malouff, 2011; 

Sergi et al., 2021; Sharif et al., 2013; Slaski & Cartwright, 2003; Yalcin et al., 2008). In particular, the 

ability to understand own emotional states or emotional problems permits a better adaptation to 

stressful situations, reducing the impact of negative emotions, and increasing well-being (Abdellatif 
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et al., 2017; Abdollahi et al., 2013; Delhom et al., 2018; Lloyd et al., 2012; Sergi et al., 2021). These 

scientific evidence could elucidate why the clinical sample exhibits lower scores in Emotional 

Intelligence factors compared to the non-clinical sample. 

Other risk factors for depression were the negative attribution style to daily events and worry 

(Girgus & Yang, 2015). Our results show as the fixation on negative and uncontrollable future 

thoughts and images is associated with depression. In particular, the ability to understand and to 

express own emotions and worry are the best contributors of Affective symptoms of depression in 

the non-clinical sample; when Evaluation and Expression of Emotion to Self and worry are associated 

with age they become the best predictor of Somatic symptoms of depression. These findings could 

explain why the clinical sample has higher worry scores compared to the non-clinical sample. Taken 

together, our findings highlight the importance of measuring both maladaptive processes, such as 

worry, and protective factors, such as Emotional Intelligence, to advance a more comprehensive 

understanding and prevention of depression. 

Our study has several limitations. Firstly, as the Bayesian regression model only examines 

associations among the variables analyzed in the present research, causality cannot be estimated. 

Secondly, the limited generalizability of our results to clinical samples is a limitation. The study does 

not assess the presence of diagnoses or mental health-related conditions, history of mental 

disorders/psychological difficulties, and the comorbidity with anxiety. Furthermore, there is an 

imbalance between groups, which may have affected the comparability and generalizability of the 

results. Although some correlations reached statistical significance at the 95% confidence level, their 

strength was generally weak. Given the large size, it is possible the statistical significance was driven 

by the number of observations. Finally, the use of a single-instrument cut-off score (BDI-II) to 

distinguish between participants with higher and lower depressive symptoms represents a 

limitation. Dichotomizing a continuous variable such as depression can lead to a loss of statistical 

power and reduced precision of the results. Future research should consider maintaining depression 

scores as continuous variables and exploring non-linear relationships with predictors. 

Future research should replicate our study with more different clinical samples and should 

investigate other potential psychological processes underlying worry and EI in predicting 

depression. Additionally, future studies could use predictive models of depression with Machine 

Learning. Finally, future research will be directed toward experimental studies with emotion 

regulation training programs, as well as the exploration of mediating and moderating variables such 

as gender or trauma. 

In conclusion, our data suggests that higher levels of worry are associated with higher levels of 

depression. Furthermore, difficulties in understanding, expressing, and regulating emotions 

correlate with higher levels of worry and depression. A In particular, the ability to appraise and 

express emotions emotions in oneself, coupled with effective regulation of worry, appears to serve as 

protective factor against depression. Therefore, individuals with greater emotional competence are 

more likely to exert better control over worry, resulting in lower levels of depression. 

Practical Implications 

The findings hold important implications for psychotherapeutic and clinical fields. The interplay 

between worry and depression might be exacerbated by poor Emotional Intelligence characterized 

by difficulties in expressing, using, and understanding one’s own and others’ emotions. Intervention 

programs focused on enhancing emotional intelligence in individuals exhibiting depressive 

symptoms and excessive worry could bolster their ability to manage these negative emotional 

experiences. Psychological interventions that focus on identifying and controlling negative emotions, 

such as anger or sadness, and understanding the relationship between emotions and physical 

reactions, could be particularly effective in promoting Emotional Intelligence (Gigantesco et al., 2015; 

Karahan & Yalcin, 2009). Additionally, the development and use of adaptive coping strategies—like 

cognitive flexibility, problem-focused coping, and emotion-focused coping—could diminish 

depression's negative impact (Vucenovic et al., 2023). Indeed, mental health promotion initiatives 
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might integrate emotion management skills training for individuals without formal mental disorders 

to enhance resilience and emotional regulation, thereby preventing psychological distress. Cognitive-

behavioral techniques such as role-playing, assertiveness training, and restructuring dysfunctional 

thinking patterns can foster positive affect. (Gigantesco et al., 2015). Additionally, The European Year 

of Youth has organized new activities for young people and designed new platforms for peer-to-peer 

relationships among youth (The Lancet Regional Health–Europe, 2022). A final practical implication 

of our results for practitioners concerns school-based programs that could also focus on risk factors 

for depression or other psychopathologies, such as bullying (Thapar et al., 2022). 
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