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wmyinyun@nwu.edu.cn 

Abstract 

The purpose of this paper is to analyse how China’s outward foreign direct investment (OFDI) driven 
by different motivations affects the bilateral global value chain (GVC) relationship between the home 
country (China) and host countries, evaluating both bilateral GVC trade value and relative GVC 
positions. Employing the OECD Trade in Value Added (TiVA) database combined with Chinese 
listed firm data, we find: Firstly, strategic asset-seeking OFDI strengthens the GVC relationship 
between China and host countries while enhancing China’s GVC position relative to host countries. 
Secondly, efficiency-seeking OFDI increases the domestic value exported from host countries to 
China but does not improve China’s relative GVC position. Thirdly, natural resource-seeking OFDI 
enhances bilateral GVC trade volumes but has no significant impact on the relative GVC positions of 
China and host countries. These effects exhibit heterogeneity across industries with different factor 
intensity, host countries at different income levels, and between countries participating in the Belt 
and Road Initiative (BRI) and those that do not. 

Keywords: China’s OFDI; strategic asset-seeking; efficiency-seeking; nature resource-seeking; 
bilateral GVC trade relation 
 

1. Introduction 

This paper investigates how China’s outward foreign direct investment (OFDI), categorized by 
investment motivations, affects bilateral global value chain (GVC) relationship between China and 
host countries. Since 2003, China’s OFDI has grown rapidly, ranking among the top three global OFDI 
sources by 2023. According to the MOC et al. [1], China’s OFDI has accounted for over 10% of the 
global OFDI share for eight consecutive years, spanning 18 industries, including manufacturing and 
services. 

China’s OFDI has strengthened economic cooperation and deepened industrial ties between 
China and other countries. However, China has primarily occupied the low-tech manufacturing 
segment of the GVC, serving as a hub in regional value chains due to its labour cost advantage [2]. 
To move beyond this position, both Chinese enterprises and the government have implemented 
policies aimed at upgrading industrial capabilities, with notable success [3,4]. 

Against the background of “slow globalization” [5], China’s OFDI plays a crucial role in 
strengthening international cooperation with host countries’ industrial and supply chains, while also 
promoting high-level opening-up and high-quality economic development. One of the key 
motivations for China’s OFDI is to acquire diverse resources from host countries. Employing the 
OECD Trade in Value Added (TiVA) database combined with Chinese listed firm data, this paper 
examines whether different types of resource-seeking OFDI from China have different effects on (1) 
the promotion of GVC trade relations and (2) the relative GVC positions between China and host 
countries. Additionally, the study also examines the heterogeneity of these effects across different 
categories of host countries and factor-intensity industries. 

The rest of the paper is structured as follows: Section II reviews the relevant literature. Section 
III develops the theoretical framework. Section IV presents the econometric model and data 
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description, while Section V discusses the benchmark regression results, robustness checks, and 
heterogeneity analysis. Finally, Section VI concludes the study. 

2. Literature Review 

This study engages with two key branches of literature: the international business research on 
motivations behind China’s OFDI, and the international trade literature examining OFDI’s effects on 
GVCs. This section reviews the relevant findings from both fields of research. 

2.1. The Motivations for China’s OFDI 

The international business literature classifies OFDI into four types based on motivations: 
market-seeking OFDI, efficiency-seeking OFDI, strategic asset-seeking OFDI, and natural resource-
seeking OFDI [6–8]. Extensive research has examined the motivations and location strategies of 
China’s OFDI within this framework since the seminal work by Buckley et al. [9]. 

Early studies identified natural resource-seeking as the primary driver of China’s OFDI [9–11]. 
Recent research reveals that this motivation persists regardless of institutional distance [12], 
geographic distance, economic distance, or information distance [13] between China and host 
countries. Moreover, it remains unaffected by the Belt and Road Initiative [14], host countries’ 
financial institutions, or financial crises [15]. Although market-seeking motivation is unambiguous 
[9,10,16–18], its influence appears relatively weak [19]. 

However, the literature exhibits divergent views on the existence of strategic asset-seeking and 
efficiency-seeking OFDI from China. The pioneers of China’s OFDI research generally denied the 
attractiveness of host countries’ strategic assets for Chinese investors, e.g., Buckley et al. [9], Zhang 
et al. [20], Wang et al. [21], Wang et al. [22] and Hong et al. [23]. Further studies identified that the 
appeal of strategic assets in host countries was influenced by factors such as investor ownership [24], 
entry mode [25], and the technological capabilities of enterprises and industries [26]. Recent empirical 
analyses increasingly support the view that strategic asset-seeking has become a significant 
motivation for China’s OFDI. Ramasamy and Yeung [18] fine that Chinese OFDI in Eastern and 
Central Europe targets both market size and strategic assets, with private enterprises showing 
particular preference for strategic asset acquisition [27]. Liang et al. [28] further examine the 
heterogeneity in strategic asset-seeking investment patterns across different industries and 
technological levels. 

The extent to which China’s OFDI is efficiency-seeking remains a subject of debate. Dunning 
and Lundan [8] define efficiency-seeking investment as the pursuit of lower factor costs, as well as 
scale and scope economy in host countries. While researchers often interpret “seeking lower factor 
costs” as seeking lower labour costs, findings on this matter vary. For instance, Buckley et al. [9] find 
that China’s OFDI did not prioritize labour cost advantages. Conversely, Cheung and Qian [10] and 
Ma et al. [29] argue that the appeal of labour cost advantages depends on the characteristics of host 
countries and industries. In contrast, conclusions are more consistent regarding scale and scope 
economy-seeking motives. Lu, Liu and Wang [26] as well as Ma et al. [29] prove that the rivalry and 
business environments of host countries were significant attractions for China’s OFDI. Similarly, 
Zhao et al. [30] identify that efficiency-seeking in China’s banking sector is primarily driven by lower 
credit risk, higher profitability, and reduced market rivalry rather than labour costs. 

2.2. The Effects of OFDI on GVC Trade 

Seminal work by Koopman et al. [31], Koopman et al. [32] and Wang et al. [33] laid the theoretical 
groundwork for analysing GVC dynamics. Building on these works, subsequent literature has 
investigated how multinational enterprises (MNEs) shape GVC trade through OFDI. Firstly, 
empirical studies demonstrate that OFDI promotes a home country’s GVC participation [34,35]. 
Wang and Chen [35] attribute this effect to OFDI-driven increases in host-country demand for home-
produced intermediate goods. Secondly, OFDI contributes to GVC upgrading via three primary 
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mechanisms: industrial rationalization, technological advancement, and trade network expansion 
[36]. These channels enable home countries to reposition themselves into higher-value-added 
segments of GVCs, thereby improving their competitive position. 

The GVC trade promotion effects of OFDI exhibit significant cross-country heterogeneity. For 
developed economies, OFDI strengthens GVC linkages with host countries by capitalizing on 
technological advantages [36], particularly via forward linkages in high-tech industries [37]. This 
contributes an upward trajectory in the home country’s GVC positioning [36]. In contrast, the impact 
of OFDI from developing countries on home-country GVC trade remains contested. While Li, Zhou 
and Hou [36] argue that developing economies can improve their GVC participation and positioning 
by late-mover advantages and technology spillovers from advanced host countries, others suggest 
that such effects may be weak due to their comparative advantage in low-value-added GVC segments 
and lower embeddedness in global production networks [38,39]. Notwithstanding these challenges, 
firms from developing nations—particularly emerging economies—increasingly view OFDI as a 
strategic tool for international expansion and value chain control, positioning it as a critical driver of 
future growth [40,41]. 

The existing literature extensively examines the effects of China’s OFDI on both host countries’ 
and home country’s GVC participation. Empirical studies demonstrate that China’s OFDI 
significantly enhances host countries’ GVC participation [42,43]. Moreover, the impact on host 
countries’ GVC positions is moderated by several factors, including infrastructure quality, 
institutional development [43], factor endowments, business environment, and R&D capabilities [42]. 
Simultaneously, China’s OFDI reinforces GVC linkages between home and host countries by 
facilitating technology and knowledge flows [44], ultimately improving China’s relative GVC 
position [45]. This effect occurs through multiple channels: technology spillovers, industrial structure 
upgrading, and export scale expansion [46–48]. 

In summary, the existing literature confirms that OFDI reinforces GVC linkages between home 
and host countries while promoting GVC participation for both. The empirical evidence reveals 
different effects by development level: developed countries leverage OFDI to consolidate and 
improve their GVC positions, whereas developing countries employ it as a strategic tool for 
international expansion through more active GVC trade participation. 

In international business literature, OFDI is typically driven by four key factors: market size, 
efficiency, strategic assets, and natural resources. Our analysis reveals that strategic assets, efficiency, 
and natural resources exhibit a more pronounced influence than market size in shaping GVC 
relations and relative GVC positions between China and host countries. We argue as follows: 

The dynamics of value-added creation can be systematically articulated by the Smile Curve 
framework, a seminal conceptualization of value distribution patterns within GVC. The curve 
demonstrates that the highest value-added activities occur in the upstream R&D stage (characterized 
by technology and patents), and in the downstream marketing and after-sales service stage (focused 
on branding and logistics). Conversely, relatively little value is created in the intermediate production 
stages involving raw material processing and assembly. 

For firms positioned at the bottom of the Smile Curve seeking to upgrade their GVC position, 
strategic asset-seeking OFDI (targeting technology and brands) or efficiency-seeking OFDI 
(leveraging existing industrial agglomeration) represents viable pathways. Alternatively, firms may 
pursue natural resource-seeking OFDI to secure lower-cost inputs from foreign markets. Meanwhile, 
the market size is difficult to affect the value added of a final or intermediate product and therefore, 
the market-seeking OFDI has a minimal effect on GVC trade relations. 

Our key theoretical contribution lies in demonstrating how different China’s OFDI motivations 
distinctly shape GVC relations: strategic asset-seeking OFDI facilitates value flow from home to host 
countries through technology transfer, while efficiency- and natural resource-seeking OFDI promotes 
reverse value flow through cost reduction. This subtle difference is overlooked in existing literature. 
Our research on this issue constitutes our contribution to this study. 
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This paper also extends the existing literature by examining how China’s OFDI affects GVC 
dynamics across industries with varying factor intensities. Early research on Chinese GVC trade 
identified significant position differences among industries with distinct factor intensities [49], 
observable in both manufacturing and service sectors. These findings suggest potential heterogeneity 
in the GVC effects of China’s OFDI across different industries. Recent studies have explored 
heterogeneity in the GVC effects of China’s OFDI along several dimensions, including host country 
development levels [38,39], geographic location [44], technology [35], the home country’s 
international economics strategy [45], and industrial structure [42]. However, existing research has 
overlooked a critical aspect: the OFDI of industries with varying factor intensities seeks divergent 
resources in host countries, and thus, OFDI with distinct motivations differentially affects bilateral 
GVC trade relationships. Our work addresses this gap in the literature and thereby makes another 
contribution. 

3. Hypothesis Development 

3.1. Strategic Asset-Seeking OFDI and Bilateral GVC Trade 

China’s strategic asset-seeking OFDI affects bilateral GVC trade relation through two primary 
mechanisms. First, developed host countries typically possess superior technological capabilities and 
R&D infrastructure, enabling the production of higher-quality intermediate goods. Through strategic 
asset-seeking OFDI in these markets, Chinese firms gain access to these advanced inputs. 
Furthermore, Xu and Li [50] prove that such investments generate learning and linkage effects that 
enhance the quality of imported goods. This mechanism increases value-added exports from host 
countries to China. 

Second, strategic asset-seeking OFDI facilitates reverse technology spillovers that strengthen 
China’s domestic innovation capacity. As Mao and Xu [51] document, these investments enhance the 
home-country enterprises’ innovation capabilities. Subsequent research by Du et al. [52] confirms 
their positive impact on domestic R&D performance, while simultaneously upgrading export 
product quality through increased production complexity. This mechanism increases value-added 
exports from China to host countries. Therefore, we propose: 

Hypothesis 1: China’s strategic asset-seeking OFDI increases bilateral value-added trade flows with host 
countries and improves China’s relative GVC position. 

3.2. Efficiency-Seeking OFDI and Bilateral GVC Trade 

Efficiency-seeking OFDI aims to access lower-cost factors of production—particularly labour—
as well as the scale and scope economies of host countries [8]. While prior research has extensively 
examined the former [9,53], this study focuses on how the pursuit of scale and scope economies 
influences bilateral GVC trade between China and its host countries. 

Liu et al. [54] find that external economies of scale and scope, stemming from industrial 
agglomeration, attract significant OFDI from China. Within a more developed specialized production 
networks in the host country, firms experience higher productivity and innovation levels, reduced 
production costs, and consequently, increased marginal returns. From a GVC trade perspective, this 
implies that foreign investors capture greater local value added due to the host country’s higher 
industrial agglomeration. As a result, the host country’s value embedded in the home country’s 
exports increases. 

Conversely, if other conditions remain unchanged, the host country’s agglomeration does not 
necessarily affect the home country’s value-added exports. Due to this effect, the industrial cluster 
level of the host country may not improve China’s GVC position. Thus, we propose the following 
hypothesis: 
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Hypothesis 2: China’s efficiency-seeking OFDI increases value-added exports from the host country to the 
home country. However, its effect on value-added exports from the home country to the host country—and on 
the home country’s GVC position relative to the host—remains indeterminate. 

3.3. Natural Resource-Seeking OFDI and Bilateral GVC Trade 

As a country with high demand for natural resources, nature resource-seeking has long been a 
primary motivation for China’s OFDI, supported by government policies [9,55]. This is particularly 
evident in China’s OFDI flows to developing countries. These investments have boosted natural 
resource exports from host countries to China, thereby increased the host country’s value-added 
embedded in China’s exports. Simultaneously, capital goods (e.g., production facilities) and related 
intermediate goods are exported to host countries [56], implying that China also exports domestic 
value-added to host economies. 

However, the associated value-added from host countries tends to be utilized in China’s 
production processes rather than being integrated into global production networks, as the primary 
objective of China’s natural resource-seeking OFDI is to alleviate domestic resource scarcity. 
Consequently, China’s GVC position relative to host countries is unlikely to improve through such 
OFDI and may even decline due to rising value-added imports from host economies. This leads us to 
propose Hypothesis 3: 

Hypothesis 3: China’s natural resource-seeking OFDI increases both value-added exports and imports 
between China and host countries. However, it does not enhance China’s GVC position relative to the host 
country and may instead weaken it. 

4. Model and Variables 

4.1. Variables and Data Description 

4.1.1. Dependent Variables 

We examine the bilateral GVC relationship between China and its partner countries along two 
dimensions: bilateral GVC trade value and relative GVC position. The bilateral trade value is 
measured by domestic value-added exports (dvaijt) and foreign value-added imports (fvijt). The former 
(dvaijt) refers to the value-added originating from China and absorbed by partner country j in industry 
i in year t and the latter (fvijt) refers to the value-added originating from partner country j and 
embedded in China’s exports in industry i in year t. Following Koopman et al. [31], we calculate the 
relative GVC position between China and partner country j in industry i and year t as: 

𝐺𝑉𝐶_𝑃𝑜𝑠𝑖𝑠𝑡𝑖𝑜𝑛௜௝௧ = lnቆ1 + 𝐼𝑉௜௝௧𝐸௜௝௧ ቇ − ln (1 + 𝐹𝑉௜௝௧𝐸௜௝௧ ) 

Where IVijt refers to the indirect value-added exported from China to partner j and then re-exported 
to third countries by j in industry i in year t. FVijt refers to foreign value-added imported from partner 
j and embedded in China’s exports in industry i in year t. Eijt is the total exports from China to partner 
j in industry i in year t. In this equation, a higher value indicates China’s upstream specialization 
relative to partner country j. All variables are obtained from the OECD-TiVA (2022) database. 

4.1.2. Independent Variables 

(1) China’s OFDI in host country-industry level (ofdi). We examine how China’s OFDI affects 
GVC trade relations between China and host countries. Existing public databases, such as the China 
Commerce Yearbook and Statistical Bulletin of China’s Outward Foreign Direct Investment, are insufficient 
for this analysis as they only provide OFDI data at either the country or industry level, but not both 
simultaneously. To address this limitation, we follow the approach of Ma and Teng [57] in processing 
data from the China Global Investment Tracker. We aggregate stock OFDI data at the country-industry 
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level using the Overseas Direct Investment Database (ODI) from CSMAR 1 . The ODI database 
comprehensively provides OFDI activities data of China’s listed firms since 1999, including capital 
stock, invested industries, investment years, overseas subsidiaries and subsidiary registration 
addresses. This approach allows us to construct a more granular dataset for analysing OFDI impacts 
on GVC relations. 

Another methodological challenge we address is the inconsistency in industry classification 
systems. ODI classifies Chinese listed companies by industry according to GB/T 4757-2111, while the 
OECD-TiVA database uses ISIC Rev.4 for industry classification. To reconcile these classification 
schemes, we utilize two conversion tables from GB/T 4754-2017: (1) the Comparison of New and Old 
Categories of Industrial Classification for National Economic Activities, and (2) the Comparison of Industrial 
Classification for National Economic Activities and International Standard Industrial Classification of All 
Economic Activities to merge the two databases. These standardized comparison tables enable 
systematic mapping between the two classification systems. 

(2) Patent applications of residents (pat). The seminal work of Buckley et al. [9] established that 
seeking human capital and knowledge capital - as reflected in residents’ patent applications - 
constitutes a primary motivation for China’s OFDI. Recent research on China’s GVC position has 
further demonstrated that innovation performance, proxied by patent activity, enhances the GVC 
positioning of Chinese enterprises [62]. Building on this established literature, we employ resident 
patent applications as our proxy for host countries’ strategic assets, with data sourced from the World 
Development Indicators (WDI) database. 

(3) Specialization (RCA). Following standard practice in the literature, we employ specialization 
patterns as a proxy for host countries’ productive efficiency. The location quotient serves as the 
standard measure of national specialization, which can be constructed using output, value-added, or 
employment data. Given our focus on investment and trade relationships between China and partner 
countries, we calculate the location quotient using domestic value-added exports – specifically, we 
construct the revealed comparative advantage (RCA) index based on value-added. The RCA for 
industry i in country j at year t is specified as: 

𝑅𝐶𝐴௜௝௧ = 𝑑𝑣௜௝௧∑ 𝑑𝑣௜௝௧ே௜ୀଵ 𝑑𝑣௜௧𝑑𝑣௧൚  

 
1 Most research on China's (OFDI) has focused on either the firm level or country level, with limited 

attention to industry-level analysis. In firm-level studies, Chinese listed firms have frequently served as research 

subjects 58. Bai, T.; Chen, S.; Xu, Y. Formal and informal influences of the state on OFDI of hybrid state-

owned enterprises in China. International Business Review 2021, 30, S0969593121000718, 59. Deng, Z.; Yan, J.; van 

Essen, M. Heterogeneity of political connections and outward foreign direct investment. Ibid.2018, 27, 893-903, 

60. Liu, H.; Aqsa, M. The impact of OFDI on the performance of Chinese firms along the ‘Belt and Road’. 

Applied Economics 2020, 52, 1219-1239, 61. Meyer, K.E.; Ding, Y.; Li, J.; Zhang, H. Overcoming distrust: How 

state-owned enterprises adapt their foreign entries to institutional pressures abroad. Journal of International 

Business Studies 2014, 45, 1005-1028.. We contend that the OFDI activities of Chinese listed firms can serve as a 

reliable proxy for China's overall OFDI, and that their aggregated OFDI at the industry level can effectively 

represent China's OFDI behavior in industry i 
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where the 𝑑𝑣𝑎௜௝௧  is the domestic added value export of industry i in country j in year t, 𝑑𝑣௜௧represents the total domestic value-added export worldwide in industry i in year t, and the 𝑑𝑣௧ 
is the total domestic value-added export worldwide in year t for all the industries. 

(4) Natural Resource Endowment (nat). Two variables are commonly employed as proxies for 
natural resource endowment in the literature: the ratio of natural resource rents to GDP, and the ratio 
of primary natural resource exports to total merchandise exports. However, the latter measure may 
be distorted by entrepôt trade effects. Therefore, we adopt the first approach, specifically utilizing 
the ratio of aggregate rents from four key natural resources (petroleum, coal, natural gas, and 
minerals) to GDP as our measure of natural resource endowment. The data on natural resource rents 
are obtained from the WDI database. 

4.1.3. Control Variables 

(1) GDP per capita (gdpca). Following standard trade theory, we employ GDP per capita of the 
host country as a proxy for market size, as larger markets typically exhibit greater trade. 

(2) Consumer price index (cpi). To account for inflationary effects on trade flows, we incorporate 
the consumer price index (cpi) of the host country as a control variable, consistent with established 
macroeconomic trade models. 

(3) Trade openness (open). A host country’s trade openness, measured as the ratio of total trade 
(imports plus exports) to GDP, is included to control for its integration into global value chains. 

(4) Chinese industry size (k). To capture scale economies in Chinese industries, we measure 
industry size using capital per capita. All capital stock data and labour size data are sourced from the 
China Industry Statistical Yearbook, China Labour Statistical Yearbook and the CSMAR Database. Net 
fixed assets data is sourced from the China Industry Statistical Yearbook and is deflated using 
investment price indices. Otherwise, we estimate it via the perpetual inventory method, applying a 
9.6% depreciation rate. 

Table 1 presents the definitions and data sources for all variables employed in our analysis. 

Table 1. Variables definitions and data sources. 

Category Variab
le 

Definition source Unit Remarks 

Depend
ent 

Variables 

davijt 

Domestic value-added 
exports from China to host 

country j in industry i in 
year t 

OECD-TiVA 
Millio
n US 

dollars  
 

Deflated using 
GDP deflator 

 
fvijt 

Foreign value-added 
imports from country j 
embedded in China’s 

exports in industry i in 
year t 

OECD-TiVA 

postijt 

Relative GVC position 
between China and partner 

country j in industry i in 
year t 

OECD-TiVA 
and Author’s 

calculation 
  

Indepe
ndent 

Variables 

ofdiijt 
China’s OFDI stock in 
partner country j in 
industry i in year t 

CSMAR ODI 
Database 

Millio
n US 

dollars  

Deflated using 
GDP deflator 

patjt 
Resident patent 

applications in host 
country j in year t 

WDI   

RCAi

jt 

The specialization of 
industry i in host country j 

in year t 
calculated   

natjt Natural resource 
endowment (petroleum, WDI %  
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coal, natural gas, and 
mineral rents as % of GDP) 
in host country j in year 

t 

Control 
Variables 

gdpca
jt 

GDP per capita, host 
country j in yea t WDI 

consta
nt 2015 

US$ 
 

CPIjt CPI, host country j in 
year t WDI  2010=100 

openjt 

Trade openness (exports 
+ imports)/GDP, host 

country j in industry i in 
year t 

WDI; 
calculated   

kit 
Capital per capita in 

industry i in year t of 
China 

China Industry 
Statistical 

Yearbook, China 
Labour Statistical 

Yearbook, CSMAR 
Database; 
calculated 

US$ p
er capita 

Fixed capital 
stock in industry i 
in year t/ Number 

of Employed 
Persons in 

industry i in year t 

4.2. The Model 

To examine the hypothesized relationships, we estimate the following econometric model: 𝑙𝑛𝑦௜௝௧ = 𝛽଴ + 𝛽ଵ𝑙𝑛𝑜𝑓𝑑𝑖௜௝௧ + 𝛽ଶ𝑙𝑛𝑝𝑎𝑡௝௧ + 𝛽ଷ𝑙𝑛𝑝𝑎𝑡௝௧ × 𝑙𝑛𝑜𝑓𝑑𝑖௜௝௧ + 𝛽ସ𝑅𝐶𝐴௜௝௧ + 𝛽ହ𝑅𝐶𝐴௜௝௧ × 𝑙𝑛𝑜𝑓𝑑𝑖௜௝௧+ 𝛽଺𝑛𝑎𝑡௝௧ + 𝛽଻𝑛𝑎𝑡௝௧ × 𝑙𝑛𝑜𝑓𝑑𝑖௜௝௧ + 𝛽଼𝑙𝑛𝑔𝑑𝑝𝑐𝑎௝௧ + 𝛽ଽ𝑐𝑝𝑖௝௧ + 𝛽ଵ଴𝑙𝑛𝑜𝑝𝑒𝑛௝௧ + 𝛽ଵଵ𝑙𝑛𝑘௧ + 𝛼௜+ 𝛾௝ + 𝛿௧ + 𝜀௜௝௧ 
Where yijt represents the dependent variables (dva, fv, or post) in separate model specifications. 

Subscripts i, j and t denote industry, country, and year, respectively. Continuous variables (e.g., 
OFDI, patents, GDP) are log-transformed to interpret coefficients as elasticities and reduce skewness. 
Ratio-based variables (RCA, nat, cpi) remain in levels to retain their intuitive percentage or index 
interpretation. The model includes country fixed effects (αi), industry fixed effects (γi), and year fixed 
effects (δt). Key interaction terms examine the interaction effect between: OFDI and host-country’s 
innovation capacity (lnpatjt×lnofdiijt), OFDI and host-country’s specialization (RCAijt×lnofdiijt) and 
OFDI and natural resource endowment (natjt×lnofdiijt). There parameters β3, β5, and β7 capture our 
primary effects of interest. 

To address potential endogeneity (e.g., reverse causality between OFDI and GVC outcomes), we 
conduct robustness checks using system GMM estimators. We also control for the country-year-
industry and country-industry fixed effect in the benchmark regression. 

5. Results 

5.1. Benchmark Regression 

After the conversion of industry codes and data merging, we construct a three-dimensional 
country-industry-year panel covering OFDI data for 62 countries across 26 industries, along with 
China-host country GVC trade data from 1999 to 2018. Table 2 reports the benchmark estimation 
results based on Model (1). 

Table 2. Benchmark regression. 

VARIABLES 
(1) (2) (3) (4) (5) (6) 

lndva lnfv post 

lnofdi 
-0.082*** -0.052** -0.090*** -0.064*** -0.015* -0.014 
(0.023) (0. 023) (0.013) (0.013) (0.009) (0.009) 

lnpat 
-0.064 -0.049 0.025 -0.023 -0.016 -0.004 
(0.066) (0.069 ) (0.034) (0.031) (0.023) (0.025) 
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lnofdi×lnpat 
0.010*** 0.004* 0.009*** 0.005*** 0.002** 0.002* 
(0.002) (0.002) (0.001) (0.001) (0.001) (0.001) 

RCA 
0.148*** 0.151*** 0.132*** 0.129*** 0.119*** 0.120*** 
(0.015) (0.015) (0.008) (0.008) (0.008) (0.008) 

RCA×lnofdi 
0.002 0.002 0.006*** 0.006** -0.000 -0.000 

(0.004) (0.004) (0.002) (0.002) (0.002) (0.002) 

nat 
0.019* 0.006 0.045*** 0.023*** -0.005 -0.005 
(0.011) (0.011) (0.006) (0.005) (0.005) (0.006) 

nat×lnofdi 
0.003* 0.004** 0.004*** 0.004*** 0.000 0.001 
(0.002) (0.002) (0.001) (0.001) (0.001) (0.001) 

Constant 
-25.094*** -6.070** -10.664*** 2.164 -0.839 0.577 

(2.050) (2.420) (1.078) (1.393) (0.638) (0.792) 
Control variables Y Y Y Y Y Y 

Country fixed effect Y Y Y Y Y Y 
Industry fixed 

effect 
Y Y Y Y Y Y 

Year fixed effect N Y N Y N Y 
No. of observations 4,421 4,421 4,526 4,526 4,421 4,421 

R-squared 0.837 0.846 0.961 0.965 0.502 0.504 
F 111.2 15.14 174.3 46.70 31.21 31.50 

Notes: Robust standard errors in parentheses；*** p<0.01, **p<0.05, * p<0.1 

In Table 2, columns (1)-(2), (3)- (4), and (5)-(6) present the regression results using lndvaijt, lnfvijt, 
and postijt as the dependent variables, respectively. The coefficients of our key independent variables 
remain consistent across different fixed effects specifications, indicating robust findings. 

In columns (1)-(4), the coefficients of lnofdi are significantly negative, suggesting that China’s 
OFDI exerts a substitution effect on both domestic value-added exports and indirect exports of 
foreign value-added during the sample period. Meanwhile, by leveraging host countries’ 
technological advantages, China’s OFDI enhances the home country’s technological level, leading to 
higher domestic value-added exports. Additionally, it facilitates the import of higher-quality 
intermediate goods from host countries, increasing the embedded foreign value-added in China’s 
exports. Consequently, the coefficients of lnpatjt×lnofdiijt are significantly positive in columns (1)-(4). 
Furthermore, the significantly positive coefficients in columns (5)-(6) demonstrate that strategic asset-
seeking OFDI strengthens China’s GVC position relative to host countries. These findings support 
Hypothesis 1. 

We also examine whether China’s efficiency-seeking OFDI affects the GVC relationship between 
China and host countries. All coefficients of RCA in Table 2 are positive, indicating that host 
countries’ specialization significantly strengthens GVC linkages between countries and enhances 
China’s GVC position relative to host countries. The statistically insignificant coefficients of the 
interaction term RCAijt×lnofdiijt in columns (1) - (2) and (5)-(6) suggest that efficiency-seeking OFDI 
does not significantly promote domestic value-added exports or contribute to value chain upgrading. 
However, OFDI facilitates Chinese firms’ integration into local production and R&D networks, 
enabling imports of higher-quality intermediate goods. As a result, more host countries’ value-added 
is embedded in China’s exports, as evidenced by the significant coefficients in columns (3)-(4). These 
findings support our Hypothesis 2. 

We also analyse the interaction effect between China’s OFDI and host countries’ natural resource 
endowments. The significantly positive coefficients of the interaction terms in columns (1)-(4) 
indicate that China’s OFDI strengthens GVC linkages between the home and host countries by 
utilizing the host countries’ natural resources. However, China’s GVC position relative to host 
countries appears unaffected by natural resource factors for two key reasons: First, natural resources 
typically occupy lower value chain positions in the value chain, as they primarily serve as raw 
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material inputs. Second, most imported natural resources are used to bridge domestic supply-
demand gaps [63] rather than for export purposes. These findings support Hypothesis 3. 
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5.2. Robustness Tests 

5.2.1. Alternative Independent Variables 

To test the robustness of our benchmark regression, we employ alternative measures for the key 
independent variables. First, we substitute the patent counts with the ratio of R&D expenditure to 
GDP (rdexp) as a proxy for the host countries’ strategic assets. This comprehensive measure captures 
all research expenditures by governments, enterprises, and institutions across different R&D levels, 
effectively representing the host countries’ research capabilities. Second, we replace the RCA with a 
value-added-based location quotient (loc_add) to measure the host countries’ specialization. The 
location quotient is defined as: 

𝑙𝑜𝑐_𝑎𝑑𝑑௜௝௧ = 𝑣𝑎𝑙௜௝௧∑ 𝑣𝑎𝑙௜௝௧ே௝ୀଵ 𝑣𝑎𝑙௜௧𝑣𝑎𝑙௧൚  

where 𝑣𝑎𝑙௜௝௧ represents the value added of industry i in country j in year t, 𝑣𝑎𝑙௜௧ denotes the global 
value added in industry i in year t, and valt is the total global value added across all industries at year 
t. 

Third, we use the ratio of fuel exports to total merchandise exports (fuel) as an alternative proxy 
for natural resource endowments, replacing the natural resource rents. 

Table 3 presents the regression results using these alternative measures. The coefficients of our 
key variables remain largely consistent with those in Table 2, confirming the robustness of our 
benchmark results and supporting all hypotheses. After controlling for country-industry and/or 
country-year-industry fixed effects, we find that China’s OFDI enhances domestic value-added 
exports to host countries and host countries’ value-added embedded in China’s exports by leveraging 
strategic assets of host countries, as evidenced by the significantly positive coefficient of lnofdi×rdexp 
in column (2)-(4) of Table 3. The interaction effect of China’s OFDI and strategic asset also improve 
China’s position relative to host countries, as reported in column (5) and (6). 

Our results reveals that China’s efficiency-seeking OFDI increases host countries’ value-added 
embedded in China’s exports while having no significant effect on China’s value-added exports to 
host countries, even when specialization is measured by value-added. This is shown by the 
insignificant coefficients of lnofdi×loc_add in columns (1)-(2) and significantly positive coefficients in 
columns (3)-(4). Interestingly, efficiency-seeking OFDI appears to lower China’s GVC position 
relative to host countries, as indicated by the significantly negative coefficients in columns (5)-(6), 
which nevertheless supports our second hypothesis despite differing from the benchmark results. 

Finally, we confirm that resource-seeking OFDI strengthens GVC trade linkages between China 
and host countries without affecting relative GVC positions, using the fuel export share as our natural 
resource proxy. These findings collectively validate the robustness of our core results. 

Table 3. Robust test: alternative independent variables. 

VARIABLES 
(1) (2) (3) (4) (5) (6) 

lndva lnfv post 

lnofdi 
-0.032** -0.030** -0.064*** -0.072*** -0.001 0.002 
(0.014) (0.014) (0.012) (0.011) (0.005) (0.004) 

rd_exp 
0.142** 0.310*** 0.069 0.107** -0.056*** -0.077*** 
(0.065) (0.081) (0.046) (0.045) (0.009) (0.007) 

lnofdi×rdexp 
0.006 0.012** 0.016*** 0.020*** 0.002* 0.003** 

(0.004) (0.005) (0.003) (0.004) (0.001) (0.001) 

loc_val 
0.147*** 0.138*** 0.131*** 0.128*** 0.205*** 0.240*** 
(0.034) (0.032) (0.014) (0.015) (0.013) (0.016) 

lnofdi×loc_val 
0.003 0.003 0.014*** 0.014** -0.008* -0.013*** 

(0.010) (0.010) (0.004) (0.005) (0.004) (0.003) 
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fuel 
-0.000 0.016** 0.008** 0.021*** -0.001 0.001 
(0.004) (0.006) (0.003) (0.002) (0.001) (0.001) 

lnofdi×fuel 
0.001** 0.001** 0.001*** 0.001*** 0.000 0.000 
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 

Constant 
-6.533*** -23.269*** 2.374 -10.594*** -0.574*** -0.962*** 
(1.413) (1.243) (1.616) (1.171) (0.112) (0.109) 

Control 
variables 

Y Y Y Y Y Y 

Country fixed 
effect Y Y Y Y N N 

Industry fixed 
effect 

Y Y Y Y Y N 

Year fixed effect Y N Y N Y Y 
No. of 

observations 4,074 4,074 4,172 4,172 4,074 4,074 

R-squared 0.844 0.838 0.965 0.962 0.422 0.269 
F 28.85 139.8 45.43 131.7 803.0 561.1 

Robust standard errors in parentheses, *** p<0.01, ** p<0.05, * p<0.1 

5.2.2. Generalized Method of Moments (GMM) Estimation 

Potential endogeneity concerns may arise from two sources: first, possible omitted variables in 
our model specification, and second, potential reverse causality between independent and dependent 
variables (since closer GVC relationships may attract more Chinese OFDI to partner countries). We 
employ the system GMM (SYS-GMM) estimation to mitigate the second concern whilst our 
benchmark regression addresses the first issue through country, industry, and year fixed effects. The 
results of SYS-GMM estimation are reported in Table 4. 

Table 4. Robust test: GMM estimation. 

VARIABLES 
(1) (2) (3) 

lndva lnfv post 

L.Y 0.843*** 0.983*** 0.724*** 
(0.004) (0.005) (0.092) 

lnofdi 0.017*** -0.006 -0.023 
(0.005) (0.006) (0.019) 

L.lnofdi 0.002 -0.019*** -0.012 
(0.004) (0.006) (0.016) 

lnpat 0.081*** 0.250*** -0.296 
(0.023) (0.042) (0.241) 

L.lnpat -0.014 -0.257*** 0.294 
(0.023) (0.042) (0.247) 

lnofdi×lnpat 0.000 0.001** 0.003* 
(0.000) (0.001) (0.002) 

L.lnofdi×lnpat 0.001*** 0.001* 0.001 
(0.000) (0.001) (0.002) 

RCA_part -0.215*** 0.018 0.496*** 
(0.017) (0.022) (0.098) 

L.RCA_part 0.209*** -0.016 -0.466*** 
(0.016) (0.022) (0.096) 

RCA×lnofdi -0.002*** -0.003*** -0.004* 
(0.001) (0.001) (0.002) 

-0.007*** 0.001*** 0.001 
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L.RCA×lnofdi (0.001) (0.000) (0.002) 

nat -0.043*** 0.010*** 0.026 
(0.002) (0.003) (0.032) 

L.nat 0.036*** -0.011*** -0.029 
(0.002) (0.003) (0.037) 

nat×lnofdi -0.000 0.000 -0.001 
(0.000) (0.000) (0.001) 

L. nat×lnofdi 0.002*** 0.001*** -0.001 
(0.000) (0.000) (0.001) 

Constant 
0.898*** 0.053 0.044 
(0.092) (0.065) (0.189) 

Control variables Y Y Y 
Country fixed effect Y Y Y 
Industry fixed effect Y Y Y 

Year fixed effect Y Y Y 
No. of observations 3,622 3,701 3,622 

F 78950 9667 25.29 
P value-AR(1) 0.006 0.000 0.003 
P value-AR(2) 0.118 0.125 0.353 

P value-Hansen 0.964 0.118 0.637 
Standard errors in parentheses，*** p<0.01, ** p<0.05, * p<0.1. 

The diagnostic tests confirm the validity of our GMM specification: all models show statistically 
significant first-order autocorrelation (AR (1) with p < 0.01) but insignificant second-order 
autocorrelation (AR (2) with p > 0.05) while the Hansen tests for overidentification (p > 0.05) support 
the appropriateness of our instrument set. 

Table 4 shows that the coefficients of our focal interaction terms remain consistent with the 
benchmark estimates, confirming the robustness of our results after addressing potential 
endogeneity. Three key findings emerge regarding China’s OFDI effects: 

First, the significantly positive coefficients of the lagged interaction terms (L.lnofdi×lnpat and 
L.nat×lnofdi) in Column 1 indicate that China’s OFDI promotes domestic value-added exports to host 
countries in the long run through leveraging their strategic assets and natural resources. The 
contemporaneous terms’ statistical insignificance suggests these effects operate with a temporal lag. 

Second, Column 2 demonstrates the interaction effects between China’s OFDI, and host 
countries strategic assets and nature resources significantly increases host-country value-added 
embedded in China’s exports in short- and/or long-term run, as the coefficients of interaction terms 
show. 

Third, Column 3 shows that while the contemporaneous interaction effect of OFDI and host-
country strategic assets elevates China’s relative GVC position, natural resource endowments exhibit 
no significant influence. 

Regarding specialization effects, the predominantly negative coefficients for RCA×lnofdi (both 
current and lagged) imply that the interaction effect of China’s OFDI and host countries’ economies 
of scale and scope may actually suppress China’s domestic value-added. However, the long-run 
interaction effects between OFDI and specialization increases foreign value-added in China’s exports 
(Column 2), though without improving China’s relative GVC position (Column 3). This differential 
pattern implies that while specialization facilitates production fragmentation, it fails to upgrade 
China’s positional advantage in GVCs. 
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5.3. Heterogeneity Analysis 

5.3.1. Industrial Heterogeneity 

Recent industry-level studies prove that the impact of China’s OFDI on manufacturing GVC 
trade varies significantly across industries. Therefore, it is necessary to examine how different driven 
OFDI affects GVC trade patterns across various industrial sectors. We classify the 26 industries into 
two categories: resource- and labour-intensive industries and technology- and capital-intensive 
industries, following Fan and Huang [49], Han and Qian [64] and Zhao and Jinping [65]. Table 5 
summarises the classification details. Table 6 reports the estimation results for two types of industries 
based on Model (1). 

As shown in Table 6, China’s strategic asset-seeking OFDI enhances its relative GVC position 
vis-à-vis host countries in two industries (see the significant positive coefficients of lnofdi×lnpat in 
Columns 5 and 6) while increasing the host-country value-added embedded in China’s exports across 
all industries (Columns 3 and 4). The domestic value-added exports in technology- and capital-
intensive industries also benefit from strategic asset-seeking OFDI. 

The trade effects of China’s efficiency-seeking OFDI on bilateral GVC linkages are evident in 
resource- and labour-intensive industries, as demonstrated by the results in Column 3. Notably, 
natural resource-seeking OFDI promotes domestic value-added exports in capital- and technology-
intensive industries (see the significant positive coefficient of lnofdi×lnpat in Column 2) but not in 
resource- and labour-intensive sectors. This discrepancy may stem from the fact that natural resource-
seeking OFDI frequently involves capital goods exports to host countries, thereby stimulating value-
added exports in capital- and technology-intensive domestic industries. While natural resource-
seeking OFDI elevates host-country value-added embedded in China’s exports across both industry 
types, it fails to improve China’s relative GVC position. 

Table 5. Classification of industries. 

Resource- and labour-intensive industries Capital- and technology-intensive industries 
Primary product 

industry 
Manufacturing Service Manufacturing Service 

Agriculture, 
forestry and 

fishing 

Food products, 
beverages and 

tobacco 
Construction Coke and refined petroleum products 

Electricity, gas, water 
supply, sewerage, waste 
and remediation services 

Mining and 
quarrying 

Textile, 
wearing 

apparel, leather 
and related 

product 

Wholesale 
and retail 

trade; 
accommodati
on and food 

services 

Chemicals and pharmaceutical 
products 

Transportation and storage 

 
Wood and 
products of 

wood and cork 

Accommodat
ion and food 

services 
Rubber and plastic products 

Publishing, audiovisual 
and broadcasting activities 

 Paper products 
and printing 

 Basic metals Telecommunication 

 

Other non-
metallic 
mineral 

products 

 Fabricated metal products 
IT and other information 

services 

 

Other 
manufacturing; 

repair and 
installation of 

machinery and 
equipment 

 
Computer, electronic and optical 

products 
Financial and insurance 

services 
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   Electrical equipment Real estate and activities 

   Machinery and equipment, nec 
Other business sector 

services 

   Motor vehicles, trailers and semi-
trailers 

Human health and social 
work 

   Other transport equipment 
Arts, entertainment, 
recreation and other 

service activities 

Table 6. Industrial heterogeneity. 

VARIABLES 

(1) (2) (3) (4) (5) (6) 
lndva lnfv post 

Resource- and 
labour-

intensive 
industries 

Capital- and 
technology-

intensive 
industries 

Resource- 
and labour-

intensive 
industries 

Capital- 
and 

technology-
intensive 
industries 

Resource- 
and 

labour-
intensive 
industries 

Capital- 
and 

technology-
intensive 
industries 

lnofdi 
0.105** -0.121*** -0.092*** -0.071*** -0.047** -0.009 
(0.042) (0.026) (0.020) (0.015) (0.020) (0.006) 

lnpat 
-0.229** 0.015 -0.012 0.005 0.045 -0.005 
(0.103) (0.074) (0.060) (0.036) (0.060) (0.016) 

lnofdi×lnpat 
-0.005 0.012*** 0.006*** 0.007*** 0.006*** 0.001** 
(0.005) (0.003) (0.002) (0.002) (0.002) (0.001) 

RCA 
-0.201*** 0.260*** 0.095*** 0.135*** 0.193*** 0.080*** 
(0.049) (0.023) (0.013) (0.011) (0.016) (0.007) 

RCA×lnofdi -0.000 0.002 0.020*** 0.001 0.004 -0.001 
(0.008) (0.005) (0.004) (0.002) (0.004) (0.001) 

nat 
-0.057*** 0.011 0.020** 0.028*** 0.015 -0.012*** 
(0.015) (0.012) (0.009) (0.006) (0.011) (0.003) 

nat×lnofdi 
-0.006*** 0.005*** 0.002* 0.003** -0.002 -0.001* 
(0.002) (0.002) (0.001) (0.001) (0.002) (0.001) 

Constant 0.477 -5.983** 8.415*** 0.515 -0.561 -0.759* 
(3.707) (2.735) (2.417) (1.595) (2.001) (0.424) 

Control variables Y Y Y Y Y Y 
Country fixed effect Y Y Y Y Y Y 

Industry fixed 
effect N Y Y Y Y Y 

Year fixed effect Y Y Y Y Y N 
No. of observations 1,332 3,085 1,336 3,186 1,332 3,085 

R-squared 0.604 0.851 0.957 0.971 0.643 0.488 
F 15.80 21.55 18.27 31.85 17.25 278.1 

Robust standard errors in parentheses;  *** p<0.01, ** p<0.05, * p<0.1 

5.3.2. Country Heterogeneity 

1. Country Heterogeneity: Different Income Level 
Following the classification in the World Economic Situation and Prospects 2022 (WESP 2022) [66], 

we divide our country sample into two groups: high-income countries and other countries 
(comprising upper-middle-income, lower-middle-income, and low-income countries). We examine 
the heterogeneous effects of China’s OFDI on host countries at different income levels, with the 
results presented in Table 7. Our analysis reveals three key findings: 
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First, China’s strategic asset-seeking OFDI exhibits differential impacts—it significantly 
enhances bilateral GVC linkages only with high-income countries (Columns 1 and 3), while 
improving China’s relative GVC position across all country groups (Columns 5 and 6). 

Second, the GVC trade effects of China’s efficiency-seeking OFDI vary by income level: it 
increases value-added from high-income host countries embedded in China’s exports (Column 3), 
while reducing domestic value-added exports to other host countries (Column 2). 

Third, China’s natural resource-seeking OFDI strengthens bilateral GVC trade relations with 
high-income host countries, although it shows no significant impact on relative GVC positioning 
between the home and host countries. 

Table 7. Country heterogeneity: different income level. 

VARIABLES 

(1) (2) (3) (4) (5) (6) 
lndva lnfv post 

High 
income 

countries 
Other 

countries 
High income 

countries 
Other 

countries 
High income 

countries 
Other 

countries 

lnofdi 
-0.090*** 0.036 -0.025** 0.046 -0.013 -0.049*** 
(0.026) (0.041) (0.011) (0.031) (0.010) (0.019) 

lnpat -0.332*** 0.160*** -0.054 0.087** 0.023 -0.047* 
(0.097) (0.061) (0.062) (0.043) (0.037) (0.026) 

lnofdi×lnpat 0.010*** -0.006 0.002* -0.007* 0.002* 0.009*** 
(0.003) (0.006) (0.001) (0.004) (0.001) (0.003) 

RCA 
0.153*** 0.116*** 0.129*** 0.123*** 0.111*** 0.138*** 
(0.017) (0.020) (0.006) (0.015) (0.009) (0.018) 

RCA×lnofdi 
0.000 -0.012* 0.003* 0.004 0.001 -0.008 

(0.005) (0.007) (0.002) (0.006) (0.002) (0.005) 

nat -0.031** 0.015 0.025*** 0.015** -0.003 -0.012 
(0.015) (0.016) (0.009) (0.008) (0.007) (0.009) 

nat×lnofdi 0.005** 0.005 0.005*** -0.000 0.000 -0.001 
(0.002) (0.003) (0.002) (0.002) (0.001) (0.002) 

Constant -28.563*** -1.716 17.380*** -4.417** 0.777 -0.403 
(3.345) (2.596) (2.371) (1.727) (1.077) (0.977) 

Control variables Y Y Y Y Y Y 
Country fixed effect Y Y Y Y Y Y 
Industry fixed effect Y Y Y Y Y Y 

Year fixed effect N Y Y Y N Y 
No. of observations 3,030 1,390 3,113 1,412 3,030 1,390 

R-squared 0.852 0.890 0.967 0.970 0.468 0.636 
F 70.49 7.984 699.6 21.71 20.79 9.247 

Robust standard errors in parentheses; *** p<0.01, ** p<0.05, * p<0.1 

2. Country Heterogeneity: Belt and Road Initiative Partner Countries 
The Belt and Road Initiative (BRI), launched in 2013, has significantly deepened economic 

cooperation between China and participating nations. Following the official BRI documentation [67], 
we classify countries into two groups: BRI participants (those that have signed cooperation 
agreements with China) and non-participants. This classification enables us to examine the 
differential effects of China’s OFDI on bilateral GVC trade and relative GVC positions across these 
country groups. 

Table 8 presents our empirical findings. Notably, China’s strategic asset-seeking OFDI 
strengthens GVC trade linkages with non-BRI countries (Columns 2 and 4) while simultaneously 
enhancing China’s relative GVC position vis-à-vis this group (Column 6). In contrast, for BRI partner 
countries, such OFDI increases domestic value-added exports from China (Column 1) but shows no 
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significant effect on either host-country value-added embedded in Chinese exports (Column 3) or 
China’s relative GVC position (Column 5). 

Our analysis reveals distinct patterns regarding efficiency-seeking OFDI effects. As shown in 
Columns 1, 3, and 4, China’s efficiency-seeking OFDI simultaneously: (1) increases domestic value-
added exports to BRI host countries, and (2) enhances non-BRI host countries’ value-added 
embedded in China’s exports while (3) reducing BRI host countries’ value-added in Chinese exports. 
However, the results in Columns 5 and 6 indicate that efficiency-seeking OFDI does not significantly 
improve China’s relative GVC position with either country group. 

The nature resource-seeking OFDI analysis reveals further insights. Column 1 shows that 
China’s OFDI toward nature resource of BRI countries is accompanied with significant exports of 
Chinese capital goods and other manufacture goods, thereby boosting China’s domestic value-added 
exports. We didn’t find a similar impact for non-BRI countries. Meanwhile, China’s nature resource-
seeking OFDI toward non_BRI countries yields to larger value of host country (see column 4) and 
reduces China’s relative position vis-à-vis this group (as shown in column 6) 

Table 8. Country heterogeneity: BRI partner countries versus non-BRI countries. 

 
VARIABLES 

(1) (2) (3) (4) (5) (6) 
lndva lnfv post 

BRI 
countries 

non-BRI 
countries 

BRI 
countries 

non-BRI 
countries 

BRI 
countries 

non-BRI 
countries 

lnofdi 
-0.110** -0.034 -0.008 -0.068*** -0.015 -0.018* 
(0.043) (0.027) (0.020) (0.016) (0.017) (0.009) 

lnpat 
0.023 -0.340*** 0.099*** -0.351*** 0.023 -0.066** 

(0.080) (0.101) (0.034) (0.067) (0.032) (0.026) 

lnofdi×lnpat 0.009* 0.005** 0.002 0.005*** 0.002 0.002*** 
(0.005) (0.003) (0.002) (0.002) (0.002) (0.001) 

RCA 
0.169*** 0.126*** 0.143*** 0.130*** 0.151*** 0.103*** 
(0.028) (0.014) (0.011) (0.010) (0.014) (0.007) 

RCA×lnofdi 
0.022*** -0.002 -0.006* 0.007*** -0.009*** 0.002 
(0.008) (0.003) (0.004) (0.002) (0.003) (0.001) 

nat -0.002 0.014 0.017*** 0.044*** -0.006 -0.000 
(0.013) (0.019) (0.006) (0.014) (0.007) (0.007) 

nat×lnofdi 0.005** -0.010*** -0.000 0.017*** 0.001 -0.004** 
(0.002) (0.004) (0.001) (0.003) (0.001) (0.002) 

Constant 
-5.993* -4.308 -3.396** 10.598*** 1.487 0.574 
(3.577) (3.889) (1.699) (2.526) (1.358) (0.788) 

Control variables Y Y Y Y Y Y 
Country fixed effect Y Y Y Y Y Y 

Industry fixed 
effect Y Y Y Y Y Y 

Year fixed effect Y Y Y Y Y Y 
No. of observations 2,000 2,421 2,061 2,465 2,000 2,421 

R-squared 0.838 0.870 0.975 0.960 0.501 0.570 
F 10.53 13.24 28.57 40.00 17.61 83.06 

Robust standard errors in parentheses；*** p<0.01, ** p<0.05, * p<0.1 

6. Conclusions 

This paper examines how China’s OFDI, driven by distinct motivations, affects bilateral GVC 
relations with host countries through two dimensions: (1) GVC trade value and (2) relative GVC 
positioning. Our empirical analysis reveals that China’s OFDI generally substitutes for GVC trade, as 
evidenced by statistically insignificant or significantly negative coefficients for lnofdi across both the 
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full sample and most subsamples. These results suggest that OFDI not motivated by strategic asset-
seeking, efficiency-seeking, or natural resource-seeking objectives lacks trade-creating effects and 
may instead exhibit trade-substituting characteristics. 

Our findings demonstrate that China’s strategic asset-seeking OFDI significantly strengthens 
bilateral GVC trade relations while simultaneously improving China’s relative GVC position vis-à-
vis host countries. The analysis reveals, however, two important limitations: firstly, this type of OFDI 
does not significantly enhance China’s domestic value-added exports to middle- and low-income 
host countries; secondly, it shows no measurable impact on exports from China’s resource- and 
labour-intensive industries. Furthermore, we find no statistically significant effect on China’s relative 
GVC position in these specific contexts. 

Our analysis reveals that the interaction effect of host countries’ specialization and China’s OFDI 
significantly increases the host-country value-added embedded in China’s exports. This effect is 
particularly pronounced for three specific groups: resource- and labour-intensive industries, high-
income countries, and non- BRI partner countries. However, we find no corresponding increase in 
China’s domestic value-added exports to these host countries. On the contrary, our results 
demonstrate a significant reduction in value-added exports to middle- and low-income host 
countries. Consequently, efficiency-seeking OFDI appears ineffective in improving—and may 
actually weaken—China’s relative position in GVCs. 

Our findings indicate that China’s natural resource-seeking OFDI significantly enhances 
bilateral GVC trade flows between China and its host countries. This effect is particularly pronounced 
in two specific contexts: capital- and technology-intensive industries, and high-income countries. 
Furthermore, such OFDI increases China’s domestic value-added exports to BRI partner countries. 
However, the analysis reveals that natural resource-seeking OFDI fails to improve - and may actually 
weaken - China’s relative GVC position vis-à-vis host countries, particularly in the case for non-BRI 
countries. 
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