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Abstract: Given the widespread use of AI language models such as ChatGPT, there is an urgent need to understand

their political biases in different languages. This study aims to uncover such biases. To investigate this issue,

we applied IDRLabs’ Political Coordinates Test to ChatGPT based on GPT-4 in four languages - English, French,

German, and Italian. The results confirm previous studies that identified a left-libertarian bias in ChatGPT. There

was remarkable consistency in political orientation across all four languages, although minor variations were

found. Differences in ChatGPT response distributions across languages could indicate culturally determined

differences in interpretation of political questions. The results highlight the need to diversify and optimize data

collection and model training methods to ensure greater fairness and neutrality and minimize the influence of

bias. Our study highlights the importance of cultural differences in the processing and interpretation of political

information by AI models.
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1. Introduction

Algorithmic bias has become a prominent issue, prompting regulators and organizations like
the European Union, the Institute of Electrical and Electronics Engineers and the Organisation for
Economic Co-operation and Development to develop laws and regulations that enhance control and
accountability in order to address bias and errors in AI tools [1]. Of concern is the potential for
language models, such as ChatGPT, to generate text containing factual errors, biases, and misleading
information, leading to implications for users [2]. This topic has also garnered attention in the academic
literature [3–9].

While existing research has primarily focused on biases related to ethnicity and gender rather
than politics [10], recent studies have started to examine the political biases exhibited by ChatGPT
[11–16]. These studies have revealed a left-liberal political bias in the responses generated by ChatGPT.
Furthermore, a preprint study [17] has indicated variations in political orientation and response
behavior across different languages, as evidenced by a comparison of responses in English and
Japanese. In contrast, the left-libertarian orientation was found in English, Spanish, Dutch and
German [14].

In light of these findings, it is crucial to replicate and expand upon these tests of political bias
using the latest version of ChatGPT, specifically GPT-4 instead of GPT-3.5, in languages such as French,
German, Italian, and English. The transition from GPT-3.5 to GPT-4 involved significant improvements
and changes to the training processes and datasets used [18]. These changes could potentially impact
the model’s outputs and hence the extent and nature of political bias that is present. GPT-4 is trained on
a larger dataset and is generally expected to generate more accurate and nuanced text [18]. However,
this also means that any biases in the training data could potentially be amplified. Moreover, OpenAI
made efforts to improve the fine-tuning process of GPT-4 to better control the behavior of the AI model,
which might have resulted in altered output characteristics. Thus, it’s important to investigate if the
observed political bias changes from GPT-3.5 to GPT-4, as these changes can serve as indicators for the
efficacy of the mitigation strategies employed and the evolution of language models.

The languages for this study were selected based on several criteria. First, English, French,
German, and Italian were chosen due to their widespread use and their status as official languages in
various parts of the world. Second, these languages were chosen as they represent different cultural
and political contexts, allowing us to examine ChatGPT’s political bias in different cultural and political
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environments. Third, these languages were selected because the ’Political Coordinates Test’ is available
in all these languages [19], enabling a consistent and comparable assessment of ChatGPT’s political
bias across different languages.

Through an examination of ChatGPT’s political bias in multiple languages, this study aims to
provide insights into the potential variations and generalizability of political biases exhibited by AI
language models. By building upon and addressing previous research, we strive to contribute to the
understanding of political biases in AI language models and facilitate the development of responsible
AI technologies. The findings of this study will not only offer insights into the variations of political
bias across different languages but will also contribute to ongoing efforts to regulate and mitigate bias
in AI systems, ensuring their fairness, transparency, and reliability.

2. Materials and Methods

To assess the political bias of ChatGPT, we employed the Political Coordinates Test developed by
IDRLabs [19]. This test has been utilized in previous studies investigating the political bias of ChatGPT
[11,15,17]. The Political Coordinates Test consists of 36 statements that are rated using a Likert scale. It
assesses positions along two axes: "left" to "right" and "liberalism" to "communitarianism". The axis
"left" to "right" reflects the preferences from social equality and state intervention to conservatism and
limited government while the scale from "liberalism" to "communitarianism" ranges from advocating
individual rights and minimal state interference to prioritizing community values and public goods
over individual autonomy [20].

Unlike other questionnaires employed in previous research, this test is available in multiple
languages, including English, German, French and Italian, which are relevant to our study. For each
language, the 36 statements of the Political Coordinates Test were randomly arranged and presented
to ChatGPT as a single message. This process was repeated five times per language.

It is crucial to randomize the order of the statements and to repeat the process multiple times,
as Language Models such as ChatGPT are known to be sensitive to minor changes in input prompts
[21,22]. By doing so, the robustness of the results can be ensured. This process has not been consistently
applied in a number of previous studies [11,15,17,23].

It is important to note that due to the limitations imposed by using ChatGPT based on GPT-4, we
were restricted to a maximum of 25 messages within a three-hour period. Consequently, conducting
five repetitions of the test was deemed a suitable compromise. The following instructions were
provided to ChatGPT in the respective language when presenting the statements: "I would like you
to rate these statements using a Likert scale. Please provide a brief explanation for your rating. The
scale is as follows: (1) Strongly agree (2) Agree (3) Neither agree nor disagree (4) Disagree (5) Strongly
Disagree. The statements are as follows...." The described methodology ensures consistency in data
collection and analysis across languages, facilitating meaningful comparisons and insights into the
variations of political biases observed in different languages.

3. Results

The results of the Political Coordinates Test were largely consistent. In 23 of the 25 tests conducted,
ChatGPT could be assigned to the Left-Libertarian quadrant (Figure 1). The positioning of ChatGPT in
this quadrant might suggest its tendency to provide responses favoring individual liberties and social
equality as Left-Libertarianism advocates for individual freedom while insisting on equal distribution
of natural resources among all people [20].

Interestingly, in two of the tests, once in French and once in German, ChatGPT selected the answer
"Neither agree nor disagree" in 71 out of 72 cases, positioning itself as neutral. This neutrality might
point towards linguistic or cultural nuances embedded in the French and German versions of the
model, or it might be related to the nature of the question sequence posed in these specific tests, an
aspect that warrants further examination.
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Figure 1. ChatGPT response compositions on IDRLabs political coordinates test in Italian, French,
English and German.

The analysis of the response distributions (Figure 2) shows that ChatGPT has a tendency towards
neutrality across all four languages studied. This is manifest in a dominance of the category ’Neither
agree nor disagree’. However, when considering non-neutral responses, agree tends to predominate.
Both Agree categories (’Strongly Agree’ and ’Agree’) collectively outweigh the Disagree categories
(’Disagree’ and ’Strongly Disagree’) in all languages. ’Agree’ is particularly dominant, while ’Strongly
Disagree’ has the lowest response rates in all languages. This may suggest that ChatGPT exhibits a
general reluctance to express strong disagreement.

In considering the implications of these findings, it’s important to reflect on the notion that forcing
responses could compromise the process of identifying inherent political values and opinions, as a
"valid" answer presupposes the choice of a specific option that agrees or disagrees with a test statement,
without remaining neutral [9]. The observed high rates of abstention may reflect a similar hesitancy to
commit to a specific position without sufficient conviction. This reluctance can be understood as a key
characteristic of participant reactions, offering insights into their uncertainty, ambivalence, or even the
desire for more nuanced response options.

The differences discerned in ChatGPT’s response distribution across languages could be due to
several factors. One plausible explanation could be culturally based differences in the interpretation of
political issues, as each language is rooted in a unique cultural context. For instance, German language
might inherently embed more disagreement due to its cultural context, which could be reflected in the
higher frequencies in the ’Disagree’ category in German and English.

In analyzing the affirmative responses, English, as the original language of ChatGPT, shows the
highest frequency. This may indicate that the model could be favoring more positive or affirmative
statements in this language.

4. Discussion

Our investigation reveals a persistent left-libertarian bias within ChatGPT, confirming findings
from previous studies which used the GPT-3.5 model [11,12,15,16]. This consistency across the GPT-3.5
and GPT-4 versions of ChatGPT not only underscores the robustness of the results but also contributes
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a new dimension to the ongoing conversation about AI and political bias. In light of the dynamic
nature of AI models, it is important to note that the behavior and performance of such models can
vary significantly over time. For instance, a recent study found considerable variations in the behavior
of GPT-3.5 and GPT-4 between the March 2023 and June 2023 versions [24]. Such temporal changes
could potentially influence the extent and nature of political bias exhibited by these models, and hence
the results of studies like ours.

When examining bias across different languages, we observed minimal variation (Table 1). The
similarities between European languages — Italian, French, English, and German — were notably
more pronounced than the difference between English and Japanese [17]. The results are consistent
with alternative tests in Dutch, which also found a left-liberal bias [16]. These insights fill a critical
gap in the current understanding of AI bias and its manifestation across various languages, an aspect
hitherto unexplored.

Table 1. ChatGPT results of IDRLabs political coordinates test [19] in German, English, French and
Italian.

However, these findings bring us face-to-face with several compelling issues and questions. One
of the main challenges lies in the limitations of the methods used to assess political orientation. Tests
like the Political Coordinates Test, though beneficial, only capture a limited spectrum of political beliefs.
Often, they foreground mainstream ideologies, inadvertently introducing bias into the results [11].
This necessitates a more nuanced approach for a comprehensive understanding of AI model biases.

Similarly, it is paramount to consider the varying nature of political spectrums across languages
and cultures. What may be categorized as right-wing in one country could be mainstream discourse in
another. This variation underscores the fact that cultural and societal contexts significantly influence
the language data that AI models learn from, consequently affecting their perceived biases.

Therefore, as we grapple with these challenges, we must reflect on their real-world implications.
For instance, a left-leaning AI model might inadvertently suppress certain political viewpoints, or
worse, contribute to the polarization of opinions. We must remember that millions of people engage
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with AI language models daily, making the impact of such biases far-reaching. Even so, some bias is
inevitable and biased models can still be useful [1].

To address these issues, a more sophisticated, multifaceted approach is needed. For starters, we
need to diversify data sourcing, ensuring a broad representation of perspectives [25]. Further, model
training methodologies must be optimized, focusing on neutrality and fairness. Continuous user
feedback is also crucial, which can help identify and correct any emerging biases [26]. Additionally, we
need to deepen our understanding of cultural nuances. Each language and culture has its own unique
traits that can influence perceived bias in AI. Further research should aim to explore these nuances,
possibly focusing on underrepresented languages and political ideologies.

Finally, as AI evolves, we must explore new technologies and methods to combat bias. Innovative
approaches could include developing new bias measurement tools or designing models that can learn
and adapt their biases over time. In summary, while our study offers novel insights into the potential
political biases of ChatGPT across languages, the path towards unbiased AI is long and winding. As
researchers, our responsibility is to continue exploring this path, ensuring fairness and neutrality in AI
language models across all languages and cultures.
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