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Abstract: Flexibility is perceived as a major reason for working as a gig worker. However, there are not enough 

studies that investigate gig workers motivations. Hence, this study aims to investigate the motivation of white-

collar gig workers using a sample size of 327 gig workers in Mongolia, a developing country’s labor market. 

The purpose of this study is to investigate intrinsic and extrinsic motivation factors for white-collar gig workers 

and their impact on behavioral intentions such as those of remote workers, freelancers, and any representatives 

of digital gig workers, not location-based gig workers. The primary data used in this study were collected 

through questionnaires from an online platform that attracts white-collar gig workers. The characteristics of 

this group are analyzed using Smart PLS4.0 software through the PLS-SEM technique to test the hypothesized 

relationships. Overall, the study contributes to an extension of current literature by understanding the white-

collar digital gig workforce’s motivations and reasons behind it. 

Keywords: gig workers; platform work; gig economy; remote work; employee motivation; 

Mongolia; well-being; white-collar workers 

 

1. Introduction 

All business areas and work have shifted to digital due to the digital transformation. The recent 

rise of the so-called "gig economy" has created online global labor markets and digital employment 

practices. However, it is still in the primitive phase, different theories and paradigms has been 

proposed. Freelancers and remote workers, also called gig workers, now make up a larger portion of 

the global workforce and are connected by digital platforms globally. The gig economy could be any 

type of job that people discover and access through online platforms. It can be partially online or fully 

remote; both are considered online labor markets. Online labor markets are rapidly growing and 

gaining importance due to time savings and flexible work schedules with no commute. One of the 

highest gig economy markets for gig workers is the United States, which accounts for 62% of global 

volume and is where most consumers and gig platforms are available. As stated, [1], CEO of Upwork, 

gig workers contribute around $700 billion to the US national economy. After the US, UK, France, 

Australia, India, Indonesia, UAE, Pakistan, and other Asian countries, so forth [2]. The demand and 

workforce are growing rapidly due to technological advances, and all the work-related processes are 

now either online or platform-based, such as the hiring process, task allocation, performance review, 

etc. [3]  

Since the gig economy was introduced to the labor market almost more than a decade ago, it is 

not a nascent topic but still an opaque one. As mentioned by Upwork, which is one of the popular 

gig work platforms, 50% of the global gig workforce is composed of skilled workers such as 

engineers, consultants, marketers, designers, and computer programmers. The gig economy can be 

classified into two types of employment: unskilled, which consists of drivers, food couriers, and other 

manual labor workers, and white-collar, who do professional jobs such as engineers, consultants, and 

management executives. However, those digital gig workers are less explored, and their life 

satisfaction and motivations are undiscovered. A few studies have explored about work engagement 
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and gig workers’ performance. According to [1], gamification enhances the gig worker’s performance 

and positive impact on motivation as well.  

There is a lack of understanding of why flexible working arrangements attract white-collar gig 

workers. Most studies focused on physical or location-based gig workers such as transportation 

service providers, food couriers, taxi drivers, healthcare workers, caregivers, or delivery workers, 

there has been less research into digital gig workers. The location-based type of gig working class has 

been investigated overwhelmingly enough. The studies have shown that physical gig work’s 

drawbacks are mainly mentioned more than its advantages, such as poor working conditions, 

underpayment, high physical risks, shift allocation, and work overload [4], [5], [6], [7], [8], [9], [10], 

[11]. Between 2021 and 2023, only 13 articles in Scopus, 47 articles in the Web of Science, and 3 articles 

in Springer have been published about gig workers motivation. Although only 13 papers were 

intended for digital gig workers and the rest were for physical gig workers, it remains unclear why 

the gig economy is increasing rapidly even though it has many flaws and disadvantages. Most articles 

mentioned that the main reason for working as a gig is independence, but the type of independence 

and the reason behind the independence were not explored [12].  

The downsides of gig work are quite numerous. For instance; employees receive no benefits, 

work overload, no work-life balance, social-distancing, discrimination, dangerous working 

conditions, well-being, sustainable working life, and job burnout, risky riding behavior [13], [14], [15], 

[16]. Beside the fact that gig work has few downsides, the gig economy increases job opportunities, 

broadens the middle-income group, narrows the wealth gap, and raises the social fairness and justice. 

According to [17] the two main technology-induced stressors are workload and job insecurity, as 

those directly impact job motivation. Moreover, job satisfaction is the main factor affecting work 

productivity and overall wellbeing. Another study has proposed a conceptual model of gig work 

perception. As mentioned in the study [18], the gig economy is classified as having push and pull 

factors that impact job satisfaction, wellbeing, and motivation. Push factors include family and 

financial needs and employment status; pull factors are interest, flexibility, and preferences. As 

denoted in [19], the gig worker's educational attainment does not increase their income, but 

performance reviews and the gig worker's location have a big impact on salary. Also, it is implied 

that, depending on the gender, the income fluctuates. The male gig workers’ income level is higher 

than the females.  

In contrast, high-skilled/ white-collar gig workers have lower health and safety risks compared 

to location-dependent gig workers. The less location-independent they are, the more trust and 

transparency they have. Moreover, highly skilled people are able to choose their jobs, tasks and they 

can get their desired pay. Per se, they have more freedom to control the work and adapt their skills 

for the work. White-collar gig workers have more positive perceptions of trust and transparency. The 

negative side of platform work is workers’ ratings which algorithms evaluate based on clients’ 

reviews and ratings [20]. Type of work doesn’t only affect work motivation and perception of work. 

Work motivation does not only depend on the task, wage, or client but on the individual as well. A 

study found that age, working experience, life disturbances, and relocation affect an individual’s 

technostress and work motivation. For instance, those who worked remotely for longer felt less of a 

lack of autonomy, and those who worked remotely for less than a year, had insecure employment 

feelings. Similarly, traditional human resource management, office social interaction, corporate 

reputation, and transportation quality do not matter any longer for remote workers [21].     

Some scholars denoted that there are intrinsic and extrinsic motivation, both of which are 

important for work motivation. Furthermore, when people are satisfied with their fundamental needs 

for psychological, autonomy, competence, and relatedness, they often feel motivated. On the other 

hand, the more desire they have, the more they are intrinsically motivated [22], [23]. Some researchers 

mentioned that non-standard work time reduces intrinsic and extrinsic motivation. There are no 

sufficient studies available about white-collar gig workers’ motivations [24]. Furthermore, the quality 

of work and motivation depend on whether gig workers are doing it voluntarily or involuntarily. A 

study created five types of gig workers based on their motivations and purposes: searchers, lifers, 

short-timers, long-rangers, and dabblers. Searchers are actively looking for permanent work; lifers 
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are to increase their pay and are also called freelancers. Short-timers are just earning some extra 

income while long-rangers’ financial situation is insecure, so they look for secondary income. 

Dabblers do gig work for non-economic reasons [25]. Therefore, this study aimed to explore the 

motivations of white-collar gig workers based on the model of [26] and [25]: work characteristics, 

personal characteristics, reasons of gig work. The main target was white-collar gig workers in 

Mongolia, especially engineers and high-skilled gig workers.  

2. Materials and Methods 

The questionnaire survey approach was used in this empirical research. The questionnaire 

survey is mostly used to obtain primary data when conducting empirical research. The questionnaire 

and investigation must be rigorous in order to get reliable and valid research results [27]. The 

questionnaire was intended to collect responses from engineers and other highly skilled professionals 

via an online platform. The primary data were collected from an online platform that currently 

engages white-collar gig workers and other corporate employees in either one or more platforms. We 

used Google form, https://www.google.com/forms/about/ which is flexible and accessible from 

anytime and anywhere, to get responses from respondents. The result of the study would extend 

theoretical knowledge if our hypothesis approved. As mentioned in the [28], [29], an online survey 

combined with the quota sampling method is one of the most efficient and appropriately utilized 

internet-based questionnaires. A large amount of literature was reviewed in order to build a 

questionnaire survey. A similar or relevant literature also guided the investigation and analysis for 

these questions. 

2.1. Hypotheses Development  

From a psychological perspective, human motives can be distinguished into three essential 

categories: affiliation, power, and achievement. According to motivational theories, motivation can 

be categorized into two classes: explicit, which means rational information processing and reasoning, 

and implicit, which refers to the unconscious mind. Intrinsic motivation is a fundamental motivator 

for learning, adapting, and competing, which are essential for career development [30], [31]. Based 

on the literature reviews, this paper investigates the incentives and whether those theories and 

studies will apply the same reasoning or not. In this paper, we tested explicit motivations that 

classified the necessities of white-collar gig workers into two main groups: work characteristics, and 

personal characteristics as shown in figure 1.  

H1a: Personal characteristics has a significant impact on behavioral intention.  

Personal characteristics include medical reasons, gap coverage, and family necessities. Also 

included are having extra income and having time for their own hobbies. Whereas, full-time job 

vacancies, career growth, flexibility, visa or relocation issue, short-term contracts, and 

entrepreneurship are considered work characteristics. Therefore, this paper proposes the following 

research hypotheses:  A person’s fundamental needs, such as health, income, and other necessities 

impact to specific behaviors. It may lead to stress, excitement, or the determination to follow the path.  

H2: Work characteristics has a significant impact on behavioral intention. 

The joy of work is affiliated with motivational factors, while work performance is driven by an 

employee’s interest and effort [26]. The authors also stated that basic needs build an initial level of 

job satisfaction that includes career development, challenge, responsibility, and so on. The other 

motivational factors are salary, work environment, strategies, and so forth. According to [32] theory, 

autonomy, or level of independence, is considered one of the five work characteristics, for work 

satisfaction and job performance. As for well-qualified gig workers, working conditions, 

remunerations, and opportunities are improving. Also, they can work from anywhere they want, 

unlike location-based gig workers. In contrast, it may have a negative impact on low-skilled workers, 
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for instance; through job loss or increasing involuntary atypical employment. On the other hand, it 

may instigate social stratification, and social inequality [33].  Figure 1 shows the hypothesized 

research framework based on the literature review.  

 

Figure 1. Conceptual Model and hypothesized relationships. 

2.2. Respondents and measurement scales 

As for the first stage of the survey, we considered the ethics and transparency of the process that 

was carried out, participant awareness of privacy statements in the online questionnaire, and data 

confidentiality. The population in this study was mostly IT engineers, managers and other white-

collar gig workers and corporate workers who might do gig work in Mongolia. We defined two 

criteria for respondents. First, the respondents must have a bachelor’s degree or higher from their 

educational background. Second, the respondents must be either gig workers, or corporate 

employees who are willing to do a gig job. We decided to use two sampling methods, quota sampling 

and judgment sampling, since there are two types of respondents. Because quota sampling is a non-

probability sampling method, it is not random selection of people. So, it was used for selecting 

corporate employees. And judgment sampling used for selecting a group of people that works as a 

gig [34]. Sample size was determined by the survey sample size method according to below formula.  𝑛 ൌ pሺ100 െ pሻ𝑧ଶ𝐸ଶ  (1)

n is the required sample size 

p is the percentage occurrence of a state or condition 

E is the percentage maximum error required 

Z is the value corresponding to level of confidence required [35]. 

This study used partial least squares structural equation modelling (PLS-SEM) for data analysis 

as PLS-SEM is a commonly used approach among researchers and scholars. The data were analyzed 

using the Smart-PLS 4.0 software, which is simple, easy, and commonly applicable [36]. We have 

chosen 95% as a confidence level, and 5% of margin error. P as for population size of Mongolia is 3.2 

million. Thus, our ideal sample size is 385 according to the formula. The sample size used in this 

study 327 is comparably greater than the minimum required size estimation and prevalent methods 

for PLS-SEM. Also, the sample size meets minimum sample adequacy proposal, and the estimations 

are a lot larger than the required minimum sample sizes [37].  

Online survey activities were carried out within 8 weeks through the most commonly used social 

media sites, and the snowball technique was also used. In conducting this questionnaire survey, two 

additional research assistants were involved and helped with distributing the questionnaire online. 

The questionnaire consisted of a total of 20 questions and had two sections; The first part of the 

questionnaire included respondents’ demographic information (gender, age, sex, level of education, 
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occupational status, and total working hours in a week) shown in below Table 1. The second part of 

the questionnaire described the purpose of the study and contained instructions. The second part’s 

scale items were rated using a form of a five-point Likert scale. The ranges were (1) strongly disagree; 

(2) disagree; (3) neither agree nor disagree; (4) agree; and (5) strongly agree.  

All English scales and questions were translated to Mongolian. The questionnaire was sent to 

385 prospective respondents to complete. A total of 327 (84%) responses were returned and response 

rate was acceptable. The online questionnaire was intended to be asked of Mongolian professionals 

to empirically test our hypotheses and research model. The entire dataset did not contain any missing 

value. As shown in Table 1, the average age was between 30 and 49, and 50% was male and 49% was 

female respondents. As for their working experience, respondents were highly experienced and 

having a good education background as 92% of them has bachelor’s or master’s degree. As expected, 

majority of participants (92.7%) were willing to work as a gig in near future even though they all have 

full-time job.       

Table 1. Demographic Item. 

Measure Item Count Percentage 

Gender Male 162 49.5 

 Female 164 50.2 

 Other 1 0.3 

Age 18-29 74 22.6 

 30-49 244 74.6 

 50-65 9 2.8 

 65+ 0 0 

Education High school 11 3.4 

 College 11 3.4 

 Bachelor 160 48.9 

 Master 141 43.1 

 Ph.D. 4 1.2 

Occupation Student 41 12.5 

 Full-time employee 222 67.9 

 Part-time employee 31 9.5 

 Entrepreneur/Freelancer 33 10.1 

Total working hours per 

week 

Less than 10h 209 63.9 

10-20h 38 11.6 

 21-40h 58 17.7 

 41-48h 7 2.1 

 49-60h 5 1.5 

 More than 60h 10 3.1 

Desire to work as a gig 

now/ future 

Yes 303 92.7 

No 24 7.3 

2.3. Data analysis 

To analyze the conceptual model, “Partial Least Squares” approach to “Structural Equation 

Modeling” (PLS-SEM) with Smart PLS 4.0 software was used. It is downloadable from 

https://www.smartpls.com/. It has become a standard approach for analyzing complex inter-

relationships between experimental and undeveloped variables [38]. Most researchers are agree on 

PLS-SEM is suitable technique for exploring a complex model and testing a relationship between 

variables. This approach also advocate in evaluating the models with two techniques (inner and 

outer) [39]. A structural equation model (SEM) is generally recommended for estimating, testing, and 

determining the relationship models which is useful method to analyze the relationship among 

variables [40]. PLS is also well established technique to estimate the path-coefficients in the structural 

modesl and is being used and accepted Human Resource Management studies due to its capability 
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to model latent constructs under the conditions of non-normality and large and small sample sizes 

[37].  

3. Results 

3.1. Outer measurement model 

Our measurement model comprises three reflective latent constructs and a total of 14 indicators. 

While examining the outer model for assessing the validity and reliability of all the constructs, 

convergent validity needs to be tested. According to the studies, the outer loading should be greater 

than 0.7. And if the outer loading value is less than 0.40, then the item should be removed. Three 

items were too low (below 0.5), so those three items were removed in order to qualify for the required 

minimum value. Composite reliability must be above 0.60 and above 0.70 is a general guideline 

according to [41]. After removing the low values once, general loadings exceeded the value and were 

considered fairly fit and satisfactory for the model.  

When examining Composite Reliability (CR) values and Cronbach Alpha values, all of them 

were satisfactory and fulfilled the recommended value of greater than 0.70, as shown below in Table 

2 [37], [41]. Cronbach’s alpha (CA), composite reliability (CR) (rho_a), (rho_c) and average variance 

extracted (AVE) were calculated to measure the internal consistency and validity as shown in Table 

2. The AVE is a measurement of convergence that represents a reflectively measured latent construct 

[36]. All constructs’ values were reliable as those Average variance extracted (AVE) were greater than 

0.50, which meets the standard validity criterion [42]. Therefore, all constructs were appropriate for 

further analysis. 

Table 2. Reliability and validity for constructs:. 
 

Item  Loading CA  rho_a  rho_c  AVE 

Behavioral 

Intention 

Bi1 0.914 0.767 0.773 0.741 0.598 

Bi2 0.600     

Personal 

characteristics 

P1 0.779 0.764 0.772 0.840 0.514 

P2 0.759     

P3 0.669     

P4 0.707     

P5 0.661     

Work 

characteristics 

W2 0.787 0.746 0.760 0.839 0.567 

W3 0.811     

W4 0.664     

W5 0.741     

The second step is to investigate discriminant validity, which refers to the extent to which it is a 

subtype of construct validity. It shows how a test measures the concept and computes the constructs. 

Discriminant validity means that latent variables cannot be gauged for variances in the observed 

variables associated with them. However, they should not be related to each other. The result for the 

Heterotrait-Monotrait ratio (HTMT) is shown in Table 3, which qualifies the value of correlation for 

the construct as acceptable range (<0.90) [43].  
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Table 3. Discriminant validity for constructs (Heterotrait-Monotrait ratio (HTMT) - Matrix):. 
 

Behavioural Intention Personal 

characteristics 

Work 

characteristics 

Behavioral Intention 
   

Personal characteristics 0,834 
  

Work characteristics 0,484 0,590 
 

As shown in Table 4, The Fornell-Larcker test indicates that the diagonal values are the greatest 

for a construct as compared with the other values. Whereas, Heterotrait-Monotrait ratio (HTMT) 

analysis was calculated to examine discriminant validity. 

Table 4. Discriminant validity (Fornell-Larcker criterion). 
 

Behavioural Intention Personal 

characteristics 

Work 

characteristics 

Behavioural Intention 0,773 
  

Personal characteristics 0,499 0,717 
 

Work characteristics 0,481 0,447 0,753 

3.2. Structure Model 

After validation of the outer model, the inner model is examined for its relationship mapping 

between constructs. The R2 and the corresponding values are in the suggested values bracket; the 

corresponding T-statistics taken through the bootstrapping method with at least 5000 are to be 

assessed. Figure 2 illustrates the structural equation model after processing the structural equation 

modeling for all latent constructs. When the p-value is less than 0.05 in negative terms, then the 

research hypothesis should be rejected. Whereas, as defined in positive terms, if the p-value is less 

than 0.05, then the research hypothesis should be accepted. The study adopted positive terms.  

 

Figure 2. Structural Equation Model from SmartPLS4.0. 

As can be seen from this SEM model, it can be inferred that both personal and work 

characteristics are significantly impacting the behavior intention (β=0.354 and β=0.323, respectively). 

[44] suggested that R2 values of 0.02 are small, 0.13 are medium, and above 0.26 are large. So, applying 

Cohen’s standard interpretation, our R2 value exceeds the recommended value of 0.26, which 

indicates a fairly substantial model. The coefficient of R2 value were 0.332 for Behavioral Intention. 

Therefore, this model can be considered good. As for Variance Inflation Factor (VIF) was used with 

inner reflective model, and if the result is less than 3, then it considered as acceptable. Table 5 shows 

the VIF was less than 3 in all constructs, which means no collinearity issues in the model.  
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Table 5. VIF inner model. 
 

VIF 

Personal characteristics -> Behavioral Intention 1.250 

Work characteristics -> Behavioral Intention 1.250 

The bootstrapping is used for evaluating the significance of the hypothesis and it shows 

relationship between personal and work characteristics and behavioral intention. The effect sizes are 

assessed by F square values; if the values are below 0.02, it means small effects; between 0.02 and 0.15 

are medium effects; and 0.35 or greater values surmise large effects [37]. The hypothesis testing has 

been executed and shown in Table 6. According to [41] recommendation, the bootstrapping 

calculation was used with 5,000 iterations to obtain the path coefficient and bias-corrected confidence 

interval. The effect size f-square was large for both hypothesis 1 and 2. The results were 0.150 and 

0.325 respectively. Two hypotheses are supported significantly, with p values of 0.000 as shown in 

Table 6.  

Table 6. Structural estimates (Hypothesis testing):. 

Hypothesis Std Beta T-Statistics p-Value  F square Effect size Decision 

H1: PC 0.354 6.376 0.000 0.150 Medium  Supported 

H2: WC 0.323 5.839 0.000 0.325 Medium  Supported 

4. Conclusions 

Two hypotheses were investigated in this study to assess the reasons and motivation of the gig 

work, and both hypotheses were supported by the results of the study. It can be concluded that both 

personal and work characteristics are impacting the increasing number of gig workers. Not only 

flexibility but also many other factors impacted the decision to take a gig job. Further, it is observed 

from the analysis of the study that both personal and work characteristics significantly explain 33% 

of the variance in behavioral intentions, which means that there are plenty of other reasons to work 

as a gig worker. This study was carried out on IT professionals and other potential gig workers based 

on purposive sampling, so it is recommended to comprehend the results before further 

generalization. Although this study may contribute to explaining the two main, distinct motivations 

and intentions, several mediators can be studied for further research. As the gig economy grows 

rapidly worldwide, it is important for organizations to know the components of motivation in order 

to attract talented and highly skilled workers.  
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