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Abstract: Mobile payment has become increasingly popular due to the widespread use of 

smartphones and their applications. However, its adoption in African countries has been limited, 

despite its potential to simplify our lives. This study aims to enhance our understanding of the 

factors that affect the acceptance of mobile payment in Nigeria. To achieve this, the paper explores 

the impact of "network externalities" in addition to traditional technology acceptance factors. The 

study hypothesizes that the key drivers of mobile payment acceptance are performance expectancy, 

effort expectancy, social influence, trust, and network externality. The research findings suggest that 

while traditional drivers still play a role in customers' willingness to adopt mobile payment, 

network externalities have the strongest impact. Although the results did not support the influence 

of effort expectancy, the paper provides recommendations for future research. 

Keywords: Nigeria; smartphones; network externalities; mobile payment acceptance; emerging 

technology; UTAUT; empirical study; Africa  

 

I. INTRODUCTION 

Mobile payment refers to the financial service that allows individuals to carry out transactions 

using their mobile devices. This service has gained popularity in recent years, especially due to the 

emergence of smartphones and mobile applications. While some argue that mobile payment is a mere 

means of accessing internet payment services through mobile devices, others observe that the context 

differs, despite the similarity in functionality. In Nigeria, internet usage is high, with over 70% of the 

population having internet access (Auxier & Monica, 2021).  

Additionally, many Nigerians own smartphones, creating a solid foundation for mobile 

payment adoption. Nonetheless, the adoption rate of mobile payment in Nigeria has been relatively 

slow compared to other countries such as China, the United States, and some European countries. 

Although small mobile payments are becoming more prevalent, widespread adoption has been 

impeded by concerns regarding security, standardization, and inconsistent user experience (Adebiyi, 

et al., 2013). Nonetheless, experts forecast that the mobile payment market will keep expanding in 

Nigeria, and it is expected to reach $465 billion in 2030 (Bukvic, 2021). 

Compared to the United States and China, Nigeria, being the "giant of Africa," currently lacks 

the infrastructure and consumer base required to support the growth of mobile payment adoption. 

Moreover, further enhancements in security, standardization, and user experience are necessary to 

increase the widespread usage of mobile payments. There is a need for additional research on mobile 

payment acceptance, particularly in the Nigerian context where the technology is accessible, but 

adoption is still limited. This paper employs the Unified Theory of Acceptance and Use of Technology 

(UTAUT) to explore the factors that influence the intention to use mobile payment. UTAUT includes 

four primary predictors, performance expectancy, effort expectancy, social influence, and facilitating 

conditions (Qasim & Emad, 2016). 
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However, since technology adoption models are specific to the technology being studied, this 

paper also incorporates two additional constructs. Trust is a significant factor in financial 

transactions, especially when conducted over wireless networks, and it has been shown to affect the 

intention to use technology. Additionally, this paper considers network externality, which is 

particularly relevant in developing countries where users' choice of a mobile network can impact 

their use of mobile technology applications. This paper's structure is as follows: the literature review 

section examines UTAUT, trust, and network externalities, as well as mobile technology and mobile 

payment in a fourth subsection. The third section describes the empirical model, also known as the 

methodology, followed by data analysis and further discussion in section four. The paper concludes 

with recommendations and conclusions for future research. 

II. LITERATURE REVIEW 

The primary objective of investigating technology adoption is to acquire a thorough 

comprehension of the factors that impact individuals' choices to adopt a particular technology. The 

Unified Theory of Acceptance and Use of Technology (UTAUT), developed by (Venkatesh, et al., 

2003), is a well-known model in this field. However, when analyzing the adoption of mobile payment 

technology, it is critical to consider the influence of factors such as trust and network externalities. In 

the subsequent three sections, we will explore the three elements of the proposed conceptual 

framework that we plan to adopt in detail. 

A. UTAUT, Network Externalities, and Trust  

The Unified Theory of Acceptance and Use of Technology (UTAUT) was developed by 

Venkatesh et al. (Venkatesh, et al., 2003), and it integrates eight theories and models, including TAM, 

MM, MPCU, TPB, TRA, IDT, SCT, and C-TAM-TPB. UTAUT is considered a comprehensive model 

for technology acceptance, and it includes dynamic influences through the addition of four 

moderating variables, which enhance its explanatory abilities. The model consists of four main 

constructs, namely performance expectancy, effort expectancy, social influences, and facilitating 

conditions (Zhou, et al., 2010) (Oshlyansky, et al., 2007) (Sarabadani, et al., 2017). UTAUT is a suitable 

model for cross-cultural studies, as it is sensitive to cultural aspects, and it has been extended to 

include hedonic motivation, price value, and habit. Empirical investigations have shown that UTAUT 

outperforms competing models in studying the factors influencing technology acceptance and 

behavioural intentions  (Venkatesh, et al., 2003) (Zhou, et al., 2010). 

Effort expectancy, performance expectancy, facilitating conditions, and social influences are 

identified as important predictors of technology acceptance. Effort expectancy refers to the 

ease of use and complexity of a technology, which indirectly impacts behavioural intentions 

through performance expectancy. Performance expectancy includes perceived usefulness, relative 

advantage, and outcome expectation, and it is considered one of the strongest predictors of 

technology acceptance. Facilitating conditions refer to the technical and organizational infrastructure 

that makes using technology easy, and social influences refer to the pressure exerted by an 

individual's social surroundings to perform or not perform a behaviour (Abu-Shanab & John, 2009) 

(Ajao, 2019). 

Network externalities are the phenomenon where the perceived value of a product or service 

increases as the number of users increases. Direct, positive, and indirect network externalities are the 

three types of network externalities that explain the relationship between utility and the number of 

buyers. Trust is a critical factor in the acceptance of mobile payment technology, particularly in 

developing countries (Economides, 1996) (Katz & Carl, 1985). Trust refers to the willingness of one 

party to be vulnerable to the second party and allow it to conduct important actions on its behalf. 

Inexperienced customers tend to build their perceptions and opinions of other people in their social 

surroundings (Van der, et al., 2003). Trust is an under-investigated variable in the context of mobile 

payment technology, and it is essential for the technology's acceptance. Boosting customer trust can 

significantly predict mobile payment adoption when combined with other factors such as perceived 
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usefulness, perceived ease of use, price, and peers' influence (Ainsworth, et al., 2022) (Dass & Sujoy, 

2011). 

B. Previous Studies – Mobile Payment 

The UTAUT model has been extensively used to investigate the factors that contribute to the 

adoption of mobile payments (Qasim & Emad, 2016). Previous studies have found that customers' 

mobile payment intentions are directly influenced by effort expectancy, performance expectancy, 

social influence, and facilitating conditions. Most of the studies that employed the UTAUT model 

used survey research as the primary method of data collection (Jaysingh, et al., 2021). 

Dahlberg and Mallat conducted a qualitative study to explore the impact of network 

externalities on mobile payment adoption (Dahlberg & Mallat, 2002). They found that network 

externalities play a role in this process, but the external validity of their findings was limited due to 

a small sample size. Subsequently, Mallat used focus groups to further investigate the impact of 

network externalities on mobile payment adoption, but the generalization of the results was still an 

issue (Mallat, 2007) (Karnouskos, 2004). The term "mobile payment" generally refers to payments 

made using mobile devices with phone capabilities, although it can include all mobile devices. For 

this study, any form of activity initiation, activation, and confirmation is considered a form of mobile 

payment (Wang, et al., 2010). 

Mobile payments are divided into two categories: proximity payments and remote payments, 

depending on the customer's location, relationship with the merchant, and usage scenario. Proximity 

payments involve exchanging credentials within a small distance using RFID technology or bar-code 

scanning and are also known as point-of-sale payments. Among proximity payment technologies, 

NFC is the most promising due to its convenience and security. NFC devices offer three operating 

modes: peer-to-peer mode, reader/writer mode, and card emulation mode, enabling contactless 

payments or ticketing. Remote payments are similar to online shopping and are conducted through 

mobile web browsers or smartphone applications (Qasim & Emad, 2016) (Slade, et al., 2013) (Ajao, 

2015). Although remote payments seem to be more mature than proximity payments, both types can 

be integrated to improve the mobile payment market in the future. 

III. EMPIRICAL APPROACH AND MODEL 

This study chose the UTAUT model due to its comprehensive approach to technology 

acceptance theories and its high explanatory power (Venkatesh, et al., 2003). The goal of this research 

is to examine the factors that impact customers' intentions to use mobile payments. Through a 

literature review, certain constructs were identified as essential predictors of mobile payment 

acceptance that were not initially included in the UTAUT model. Conversely, some constructs in the 

model were discovered to have no significant influence on customers' acceptance of mobile 

technology. 
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Figure 1. Empirical Model. 

To improve the UTAUT model's explanatory power, trust was integrated, as it is a crucial factor 

in financial transactions literature. As with many mobile services, network externalities play a role in 

mobile payment adoption (Wang, et al., 2010). As this study is focused on behavioural intention, the 

facilitating conditions construct, one of the original UTAUT constructs, was removed from the model 

as it was not deemed to have a significant impact on mobile payment acceptance. Figure 1 outlines 

the proposed research model. 

A. Empirical Objective and Research Hypotheses 

The objective of this paper is to investigate the factors influencing the intention to use mobile 

payment methods. To achieve this, a literature review was conducted to identify the significant 

factors affecting behavioural intentions (BI). The proposed set of hypotheses based on the research 

model is discussed below. Effort expectancy refers to the perceived ease of use associated with a 

particular technology (Venkatesh, et al., 2003). When an individual perceives using a technology as 

easy, they are more likely to use it (Teo, et al., 1999). Prior studies have demonstrated that customers' 

belief that using mobile payment methods is effortless strengthens their intentions to use them 

(Qasim & Emad, 2016).  

Therefore, the following hypothesis is proposed: 

H1: Effort expectancy (EE) has a positive effect on customers' intentions.  

(BI) to use mobile payment methods.       (1) 

The concept of Performance Expectancy refers to an individual's perception of the degree to 

which a technology can enhance their performance (Venkatesh, et al., 2003). If a user perceives that a 

technology will improve their performance, they are more likely to use it (Qasim, 2023). The existing 

literature on mobile payment acceptance suggests that users are more likely to adopt mobile payment 

if they believe it will be helpful (Qasim & Emad, 2016). Therefore, the following hypothesis is 

proposed: 

H2: Performance Expectancy (PE) positively influences customers' intentions.  

(BI) to use mobile payment.        (2) 

Social Influence is the pressure exerted on an individual by their social network to use or not to 

use an innovation (Venkatesh, et al., 2003). This factor has been shown to be a significant predictor of 

technology acceptance in various contexts. In the area of mobile payment acceptance, research 

confirms that social pressure affects a user's willingness to use mobile payment systems (Qasim & 

Emad, 2016). Thus, the following hypothesis is proposed: 

H3: Social Influence (SI) positively influences customers' intentions.  

(BI) to use mobile payment.        (3) 
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Trust in the online environment refers to a customer's willingness to be vulnerable to a vendor 

after evaluating the vendor's characteristics, who is expected to provide an agreed-upon service 

(McKnight, et al., 2002). Trust influences a customer's likelihood of accepting a given technology 

(Gefen, et al., 2003). In the mobile payment context, customers' trust in the security and reliability of 

mobile payment systems is expected to drive their acceptance of it (Zhou, 2011) (Arvidsson, 2014). 

Thus, the following hypothesis is proposed: 

H4: Trust positively influences customers' intentions.  

(BI) to use mobile payment.        (4) 

Network externalities occur when the benefits of using a product increase as more people use it 

(Haruvy & Ashutosh, 1998). Payment systems are subject to the network externality effect (Van Hove, 

2000). In the mobile payment context, customers seem to be sensitive to the number of users of a 

technology and consider a large customer base a prerequisite for their adoption decision (Dahlberg 

& Mallat, 2002). Additionally, the more merchants that offer mobile payment services, the more 

willing customers are to adopt them (Au & Robert, 2008). Thus, the following hypothesis is proposed: 

H5: The number of mobile payment users (merchants and customers)  

positively influences customers' intentions to use mobile payment.   (5) 

The model depicted in Figure 1 was utilized to employ the UTAUT model to investigate the 

acceptance of mobile payment technology. This include the impact of age and gender on the four 

fundamental factors of the UTAUT model, including effort expectancy, performance expectancy, 

facilitating conditions, and social influence, and found that all four factors significantly influenced 

the acceptance of mobile payment technology in the specific region. This shows the importance of 

considering demographic factors such as age and gender when evaluating the acceptance and usage 

of new technologies across different countries (Luis, et al., 2020). 

B. Model Development 

This study utilized a questionnaire to measure the proposed constructs in the developed model. 

To ensure the questionnaire's validity, the items were adapted from existing literature and 

customized to fit the context of mobile payment technology. The questionnaire utilized a 5-point 

Likert scale ranging from strongly disagree to strongly agree. As the original questionnaire was in 

the Arabic language (refer to Appendix Table 8), it was necessary to translate it into English for use 

in Nigeria. To ensure the translation's accuracy, back translation was employed (Brislin, 1970). 

Furthermore, to guarantee that the translated questions were culturally appropriate and easily 

understood by the specific population being studied, the questionnaire underwent back translation 

(Harkness & Alicia, 1998). The final translated questionnaire was then distributed to the survey 

participants. 

C. Survey and Data Collection 

Recruiting participants for a study in Nigeria can be challenging and is influenced by various 

factors such as research design and target population. Similarly, this study adopted a meticulous 

approach to recruit participants and distribute questionnaires to ensure a representative sample that 

accurately reflects the research objectives. Recruitment methods used include personal distribution, 

contact persons, or online survey platforms depending on specific factors. 

Table 2. Collinearity Statistics. 

Independent variable Tolerance VIF 

Effort expectancy   0.533 1.877 

Social influence   0.698 1.432 

Performance expectancy 0.513 1.950 

Trust 0.667 1.500 
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Network externalities 0.550 1.819 

As in previous studies, participation was voluntary, and incentives were used to encourage 

participation. The target sample size was 300, with most surveys administered in person. To aid in 

data collection, six contact individuals consisting of secondary school teachers, university 

undergraduates, graduate students, and researchers themselves were utilized. The research team 

randomly selected participants in natural settings such as schools and assessed their familiarity with 

mobile payments before administering the survey. The survey was distributed between July 4th to 

15th, 2022, with no incentives given to participants. Although the target sample size was not 

achieved, 258 out of 280 surveys were retrieved, and 253 were considered usable after a preliminary 

visual assessment. Despite some deviation from distribution percentages, the study participants were 

considered representative of the Nigerian population, including individuals from various age 

groups, educational levels, and average income levels. Ensuring a representative sample and the 

validity and reliability of survey instruments are essential in producing trustworthy and 

generalizable research findings, despite any differences between previous studies and research in 

Nigeria. 

IV. DATA ANALYSIS AND DISCUSSION 

After collecting 253 surveys, the data was entered into an Excel sheet and imported into SPSS 

and AMOS 20 for analysis to answer the research questions and test the hypotheses. The upcoming 

sections will explain the data analysis and discuss the obtained results. 

A. Initial Analysis 

To assess the potential impact of outlier data on the results, the study conducted an initial 

multiple regression test on 253 responses, after excluding two cases based on case-wise diagnostics. 

The demographic characteristics of the sample are presented in Table 1, including gender, age, 

education, and income. The sample comprises more females, middle-aged individuals, bachelor's 

degree holders, and middle-income subjects. The second preliminary analysis examined the 

correlations between independent variables, which can affect the magnitude and direction of betas 

in the regression equation.  

Table 1. Sample Demographics. 

  

 Gender Number % Age Number % 

 Men 67 30.7 % Below 20 59 23.5 % 

 Women 180 67.7 % Between 20 – 40 146 58.2 % 

 Data not captured 4 1.6 % Above 40 39 15.5 % 

 Total 251 100 % Data not captured 7 2.8 % 

    Total 251 100 % 

 Education Count %    

 Secondary School 37 10.8 % Income (in Nigerian 

Naira) 

Number % 

 B.Sc. Holder 150 63.7 % Below N250,000.00  46 22.3 % 

 Graduate Degree 25 12 % N250,000.00 – 

N550,000.00  

119 47.4 % 

 Other Certificates 34 9.5 % Above N550,000.00 66 22.3 % 

 Data not captured 5 4 % N/A 20 8 % 
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 Total 251 100 % Total 251 100 % 

The analysis involved two tests, inspection of the correlation matrix and collinearity statistics. 

To test for collinearity, the study computed tolerance and variance inflation factor (VIF), as presented 

in Table 2. Tolerance values measure how much a variable influences other independent variables, 

while VIF values measure how much the variance of each regression coefficient increases when 

independent variables are correlated. The study concluded that there were no issues with 

multicollinearity, as all tolerance and VIF values in Table 2 were within acceptable limits. Cronbach’s 

alpha was also utilized to assess the internal consistency between the survey items measuring each 

independent variable and the dependent variable. In social sciences, alpha values greater than 0.6 are 

considered acceptable for reliability. Table 3 reports the reliability measures, which indicate that the 

survey items used to measure each variable were highly consistent. 

B. VIF Analysis 

A confirmatory factor analysis was conducted to comprehend how the variables measure the 

factors they signify. The outcomes of this analysis, presented in Table 4, include the factor loadings, 

construct reliability, average variance extracted, maximum shared variance, and average shared 

variance. Factor loadings exceeding 0.5 are deemed significant, and except for Q14, all factors exhibit 

significant loadings. 

Table 3. Cronbach’s Alpha (factoring means and standard deviations). 

 Variable Data Item Mean Standard 

deviation 

Cronbach’s 
alpha 

Number 

 
Effort expectancy Q-1 3.54 1.17 .857 4 

  Q-2 3.55 0.96   

  Q-3 3.59 1.02   

  Q-4 3.68 1.15   

 Performance 

expectancy 

Q-5 3.51 1.42 .805 4 

  Q-6 3.44 0.79   

  Q-7 3.03 0.25   

  Q-8 3.40 1.22   

 Social influence Q-9 3.06 0.79 .750 3 

  Q-10 3.01 0.44   

  Q-11 3.40 1.74   

 Trust Q-12 2.76 1.07 .723 4 

  Q-13 3.02 1.55   

  Q-15 3.22 1.25   

 Network externalities Q-16 3.92 1.11 .740 3 

  Q-17 3.23 0.78   

  Q-18 3.55 1.11   

 Behavioural intentions Q-19 3.14 1.54 .876 3 

  Q-20 3.38 0.78   

  Q-21 3.28 1.20   
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The construct reliability (CR) and average variance extracted (AVE) measures suggest that all 

the model constructs possess reliable and convergent features. Model constructs with CR values 

above 0.7 are deemed reliable, and all the model constructs meet this standard. Furthermore, 

constructs with an AVE greater than 0.5 indicate that the construct's variance is more significant than 

the variance caused by error, and all the model constructs satisfy this requirement. Additionally, the 

results reveal that the factors within each construct are not excessively correlated, indicating a good 

level of convergent validity. Discriminant validity occurs when the factors measuring each construct 

have more correlations with each other than with other factors. To establish discriminant validity, 

the average shared variance (ASE) and maximum shared variance (MSV) must be lower than the 

AVE. In this study, the measurement model fulfils these criteria. 

Table 4. Result Analysis. 

  

 Data Information  Loaded 

Factor 

#Reliability 

Construct 

 

Extracted  

Variance- 

#Average 

Variance-Shared 

#Maximum  

Variance-Shared 

#Average 

 Effort Expectancy Q-1 0.74 0.872 0.643 0.442 0.282 

  Q-2 0.82     

  Q-3 0.80     

  Q-4 0.81     

 Performance Expectancy Q-5 0.70 0.828 0.556 0.542 0.328 

  Q-6 0.80     

  Q-7 0.62     

  Q-8 0.66     

 Social Influence Q-9 0.75 0.750 0.506 0.265 0.222 

  Q-10 0.63     

  Q-11 0.74     

 Trust1 Q-12 0.90 0.804 0.611 0.337 0.215 

  Q-13 0.62     

  Q-15 0.73     

 Network Externalities Q-16 0.83 0.802 0.585 0.452 0.316 

  Q-17 0.76     

  Q-18 0.62     

 Behavioural Intentions Q-19 0.87 0.858 0.644 0.442 0.348 

  Q-20 0.82     

  Q-21 0.73     

1Item #14 has been deleted because of the result analysis. 

Table 5. Matrix Data on Correlation. (**At a level of 0.01 denoted as (2-tailed) the Correlation is 

signifianct). 

  

 The Constructs Data EE PE SI T NE BI 

 Effort Expectancy denoted: (EE)  

Performance Expectancy denoted: (PE) 

1 

0.637** 

 

1 
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C. Evaluating the Model fit Measure and Testing of the Hypotheses 

Before testing the hypotheses, it is crucial to examine the rationale behind the variables. Table 5 

displays the correlation matrix, which indicates the relationships between the independent variables 

and the dependent variable, behavioral intentions. The matrix reveals that performance expectancy, 

effort expectancy, social influence, trust, and network externalities are significantly correlated with 

behavioral intentions. Performance expectancy and network externalities have the most considerable 

bivariate impact on behavioral intentions among these variables. All the correlation values in Table 

5 are acceptable, indicating a significant correlation between behavioral intentions and each 

independent variable. 

  

 Social Influence denoted: (SI) 

Trust denoted: (T) 

0.376** 

0.362** 

0.408** 

0.418** 

1 

0.476** 

 

1 

  

 Network Externalities denoted: (NE) 0.588** 0.571** 0.365** 0.440** 1  

 Behavioural Intentions denoted: (BI) 0.545** 0.615** 0.469** 0.544** 0.632** 1 

Preprints (www.preprints.org)  |  NOT PEER-REVIEWED  |  Posted: 23 May 2023                   doi:10.20944/preprints202305.1555.v1

https://doi.org/10.20944/preprints202305.1555.v1


 10 

 

Table 6. Model fit Value Evaluation. 

 
Index Value Threshold Values (Source: Hair et al. 2009) 

 
Chi-square 333.82, P < 0.001 Value is Significant 

 Degree of freedom 149 - 

 X2/df (deg. of freedom) 2.215 < 0.302 

 CFI 0.916 > 0.809 

 TLI 

RSMEA 

0.917 

0.058 

> 0.808 

< 0.06 remain significant if the sample size is >250 and the CFI 

> 0.902 

To assess the suitability of the research model, we utilized AMOS 20 and evaluated the values 

of chi-square, degree of freedom, CFI, and RMSEA, which are shown in Table 6 along with their 

acceptable thresholds. All reported values fall within the acceptable range, indicating a good fit for 

the research model. The model is capable of predicting behavioral intentions, with the exception of 

effort expectancy, and has an explanatory power of 58%. Table 7 shows the standardized beta 

coefficients for the estimated relationships, as well as the results of hypothesis testing. The prediction 

equation is provided below: 

BI = 0.35 PE + 0.13 SI + 0.22 T + 0.34 NE + error     (6) 

Table 7. Relationships Sets & Corresponding Standardized Betas. 

Hyp # Relationship Result Stand. Beta 

H1 Effort expectancy→Behavioral intentions Not Supported 0.04 

H2 Performance expectancy→Behavioral intentions Supported 0.35 

H3 Social Influence→Behavioral intentions Supported 0.13 

H4 Trust→Behavioral intentions Supported 0.22 

H5 Network externalities→Behavioral intentions Supported 0.34 

D. Discussion of Results  

The results of the research model were largely positive, with the exception of effort expectancy 

(H1), which did not have a significant impact on customers' behavioral intentions towards mobile 

payment, despite a significant correlation in the bivariate relationship (as indicated in Table 5). This 

implies that while ease of use is somewhat important to Nigerian customers, its importance is 

diminished by the high penetration and daily use of mobile phones for this relatively new mobile-

based technology. This finding is consistent with previous studies but differs from some other 

research (Wu, et al., 2007) (Alshare, et al., 2004). 

On the other hand, performance expectancy (H2) and social influence (H3) were both significant 

predictors of customers' acceptance of mobile payment. The findings suggest that Nigerian customers 

value the potential benefits of mobile payment and are influenced by the opinions of others in their 

social circle, which is consistent with prior studies. Trust (H4) and network externalities (H5), two 

other variables included in the research model, were also found to be significant predictors of mobile 

payment acceptance. For customers to conduct financial transactions via mobile payment, they must 

have confidence in the technology and the service provider, which is where trust (H4) comes in. 

Network externalities (H5) had the most significant impact on customers' behavioral intentions 

towards mobile payment, accounting for 23.7% of the variance (Alshare, et al., 2004). 

This result indicates that customers are more likely to use mobile payment when more 

merchants accept this payment method, and they believe that the more people using it, the lower the 
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cost. As previous research has shown, creating a critical mass is essential for driving customers' 

acceptance of mobile payment (Dahlberg & Mallat, 2002). Table 7 displays the estimated relationships 

and their corresponding standardized beta, along with the results of hypothesis testing. The 

prediction equation is presented below, and the findings are summarized in the table. 

V. CONCLUSION AND FUTURE DEVELOPMENT  

In this study, the influence of five major predictors on customers' intentions to use mobile 

payment technology was investigated: performance expectancy, effort expectancy, social influence, 

trust, and network externality. The bivariate correlations confirmed a significant relationship 

between each predictor and behavioral intentions. However, when all predictors were considered 

together in the research model, some predictors lost their significance due to commonalities that may 

be attributed to an unknown factor. The results revealed that all predictors, except for effort 

expectancy, significantly predicted behavioral intentions, providing support for all five hypotheses. 

Notably, network externality had the strongest impact on mobile payment acceptance. Together, the 

five predictors explained 58% of the variance in behavioural intentions. 

A. Implications and Recommendations  

This paper discusses several implications for future research in the field of mobile payment 

acceptance. The following recommendations should be considered: 

• The influence of effort expectancy (ease of use) on mobile payment acceptance should be 

studied further through path analysis, as it did not have a direct influence in the model but 

may have an indirect influence through performance expectancy. 

• Network externalities should be included as a major predictor in future mobile payment 

acceptance studies, as it is an important factor for technology acceptance but not commonly 

included in technology acceptance models. 

• Performance expectancy remains an essential predictor of technology acceptance and should 

be included in any model, as it is a dominant construct in technology acceptance research. 

Merchants, banks, and other businesses should monitor the factors influencing the adoption of 

mobile payment technology and design their marketing policies accordingly. Trust is also a 

key factor for customers' willingness to accept mobile payment services, and managing the 

organization's image and creating a trustworthy brand name should precede offering mobile 

payment services. 

• System developers should prioritize performance expectancy when designing mobile payment 

systems, as it is the second most influential predictor of acceptance. To improve uptake, 

developers should aim to maximize the number of payment types supported, the ability to 

handle different currencies, and processing speed. Additionally, developers should consider 

the role of website design in building trust, as features such as system transparency can have a 

significant impact on customer trust. 
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Figure 2. Potential of Mobile Payment in Africa as at 2021. 

B. Limitations  

To curb the spread of the pandemic, many African governments have been advocating for the 

use of mobile payments, with some even waiving transaction fees. Kenya, where mobile money was 

initially developed in Africa, has been most successful in this payment method. According to the 

Economic and Financial Affairs Council, Kenya experienced a record-high of $55.1 billion in mobile 

transactions in 2021, representing almost a 20% increase from the previous year. Statista's Global 

Consumer Survey also revealed that 84% of Kenyan internet users utilized mobile phones to make 

payments, which is higher than in Europe. While only a quarter of the Kenyan population has internet 

access, there is still a chance for growth in mobile payments. Similarly, in Nigeria, where internet 

penetration is approximately 34%, 60% of internet users made mobile payments in 2021 (Mas & Dan, 

2010) (Adeleke, 2021) (Ajao, 2023). 

In countries like Kenya and Nigeria, where the majority of the population does not have a bank 

account, mobile payments are crucial for financial inclusion. M-Pesa, developed by Safaricom in 

Kenya in 2007, is the leading mobile wallet in Africa, with over 50 million active monthly users across 

the continent. According to Statista's Global Consumer Survey, in 2021, 84% of Kenyan internet users 

made payments using their mobile phones, indicating a higher adoption rate than in Europe. 

Similarly, in Nigeria, 60% of internet users used mobile payments, despite the country's low internet 

penetration rate of approximately 34%. Mobile payments offer benefits such as ease of use and access, 

reduced transaction time, and the introduction of a cashless economy. However, challenges such as 

inadequate infrastructure and the need for trustworthy agents could hinder adoption. Researchers 

have identified the relative advantage, perceived ease of use, compatibility, trust, and security as 

significant determinants of intention to use mobile payment. Consumers who are comfortable with 

internet and mobile banking are more likely to try the service and encourage others. Secure and 

reliable service is essential for the successful transition to a cashless society in Nigeria (Ajao, et al., 

2019). 

Appendix 

Table 8. Original Sources (for items used to build the instrument). 

   Item          Source 

Effort expectancy 

➢ I find it easy to learn and use mobile payment. Venkatesh et al. 
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(2012) 

➢ My experience with mobile payment is straightforward and understandable. Peng et al. (2011) 

➢ Becoming proficient in using mobile payment is easy.  

Performance expectancy 

➢ I experience mobile payment usefulness in my daily life. Venkatesh et al. 

(2012)  

➢ The use of mobile payment raises my hopes of achieving actions that are vital to me. Peng et al. (2011) 

➢ Relying on mobile payment helps me accomplish things very quickly.  

➢ The use of mobile payment drives my productivity. 

Social influence 

➢ Those important to me believe that I should utilize mobile payment. Venkatesh et al. 

(2012) 

➢ People around me think that I should be making the use of mobile payment. Peng et al. (2011) 

➢ Those whose suggestions that I value think that I use mobile payment.  

Trust 

➢ Mobile payments are trustworthy Zmijewska et al. 

(2004) 

➢ I believe that information sent via mobile payment is confidential. 

➢ I often receive immediate confirmation message for the transaction I make. 

➢ I am one of those that trust mobile payment systems are reliable.    

Network externalities 

➢ If numerous merchants accept mobile payment, then: 

There will be a service improvement in the quality of mobile payment, Yu and Tao (2007) 

And a broader span with a variety of mobile payment services will be available. Shapiro (1992) 

➢ Customers will have to pay less to use mobile payment services.  

Behavioural intentions 

➢ I plan to use mobile payment any moment in the future. Venkatesh et al. 

(2012)  

➢ My expectation is that I will be utilizing mobile payment in my daily activity. Peng et al. (2011) 

➢ I intend to use mobile payment very often. 
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