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Abstract: Online digital mental health communities can contribute to users’ mental health positively 

and negatively. Yet the measurement of outcomes and impact relating to digital mental health com-

munities is difficult to capture. In this paper we demonstrate the development of an online experi-

ence measure for a specific children and young people’s community inside a digital mental health 

service. The development is informed by three phases: (i) item reduction through Estimate-Talk-

Estimate modified Delphi methods, (ii) user testing with participatory action research and (iii) a 

pilot within the digital service community to explore its use. Experts in the field were consulted to 

help reduce the items in the pool and to check their theoretical coherence. User experience work-

shops helped to inform the usability and appearance, wording, and purpose of the measure. Finally, 

the pilot results highlight completion rates, difference in scores for age and community roles and a 

preference to ‘relate to others’; as a mechanism of support. Outcomes frequently selected in the 

measure show the importance of certain aspects of the community, such as safety, connection, and 

non-judgment previously highlighted in the literature. Self-reported helpfulness scales like this one 

could be used as indicators of active engagement within the community and its content but further 

research is required to ascertain its acceptability and validity. Phased approaches involving stake-

holders and participatory action research enhances the development of digitally enabled measure-

ment tools. 

Keywords: Digital Mental Health community 1; Peer Online Community 2; Experience measure 3; 

Forums 4; User testing 5; Quality of Care 6; Measure design and development 7; Peer support 8; 

Affinity maps 9.   

 

1. Introduction 

Online peer communities can provide a platform of social interaction for young peo-

ple. Children and young people are considered digital natives 1, most have lived with 

relative ease of access to the internet since childhood. This influences children and young 

people’s attitude towards the internet and how they seek support, with most considering 

the internet as the first option for seeking information, advice, or emotional support for 

mental health problems 2,3. When paired with the importance of social peer’s attitudes, 

beliefs, and behaviour during adolescence 4 online peer communities can offer an im-

portant form of support for young people seeking information or struggling with mental 

health. Those online communities can be formed through instant communication tools, 
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social media networks, and asynchronous forums for communication where people share 

content with the intention of being seen by peers. 

The importance of online peer communities in supporting adolescent mental health 

is shown by a strong but complex relationship between online social networks, mental 

health and wellbeing 5,6. When online social networks are used to seek support, reports of 

depressed moods are correspondingly minimised or maximised depending whether users 

were passive or active in their online use7,8. However, some studies have reported low-

quality connections and ‘comparison effects’ of specific social media platforms and its 

links to depression 9,10. Liu and colleagues’6 meta-analysis highlights how different digital 

communication tools and media uses affects well-being depending on the intimacy of the 

medium and the different types activity. Lately, the harms of some online social networks 

have been explored in more detail and have also been found to predict an increase in body 

dissatisfaction 11. Therefore, it is important to recognise that the nature and characteristics 

of the online community will influence whether the impact on mental health of users is 

positive or negative. For example, visiting pro-anorexia sites was negatively associated 

with perception of appearance, drive for thinness and perfectionism for their users 12, but 

online social support has shown to act as both protective and risk factor mediating how 

web content is internalised13. Conversely, online mental health communities can be seen 

as the analogue to face to face support groups, especially for a subset of the population 

aiming for advice or to express emotions online 14,15. The anonymity and social connected-

ness created in these spaces can help people to overcome stigma and make positive dis-

closures of experiences and problems 16. Nevertheless, others have demonstrated how de-

pendency on these communities can hinder recovery from stigma, especially in spaces 

without moderation or supervision 17.  

It is when online mental health communities have appropriate characteristics (e.g. 

moderation, anonymity) that they can help individuals, and maximize support when ex-

periencing mental health difficulties to enhance coping and recovery 18,19. The potential 

negative impact of online mental health communities on young people can be mitigated 

using moderation of content, creating safety, preserving anonymity and other mecha-

nisms to create a boundary environment which avoids judgement. Observations of un-

moderated platforms identified signs of self-harm normalisation and increase of suicidal 

ideation 20,21. Comparatively, users of moderated mental health forums report a reduction 

in frequency and severity of self-harm behaviour after starting to use the forum 22. Given 

the mixed impacts of online communities, it is important to examine the impacts of spe-

cific online communities designed to provide mental health support with the aim to un-

derstand positive engagement, reduce risk of harm, preserve safety, and enhance well-

being of online mental health support experiences. 

 

1.1. Measurement in digital mental health communities 

Determining how to evaluate the impact and effectiveness of online community men-

tal health support is a key focus for platforms providing online peer support services. The 

indirect and asynchronous nature of community forum support presents challenges when 

using standardised measures for its evaluation. Especially when the community is di-

verse, user-led, and not focused on a specific mental health concern or topic leading to a 

specific outcome or mental health difficulty such as anxiety, eating difficulties or depres-

sion. 

When standardised measures have been used in online communities’ research, there 

have been mixed results. One online peer support group for young people found users 

improved in anxiety scores, but did not show any changes in depression 23. Others found 

a non-significant reduction in depression of forum users or no differences in body dissat-

isfaction between forums users and control group 24,25. 

A clearer picture on the benefits of online mental health communities is found when 

qualitative and mixed methods are used. Horgan and colleagues 24 used thematic analysis 

on forum posts, alongside standardised outcomes for depression and anxiety. Young 
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people using the forum frequently discussed the immediate benefits of sharing their feel-

ings on the forum and described a sense of not being alone. Forum posts also mentioned 

the benefits of individuals comparing themselves to others, and consequently believing 

that their situation was less bad than previously thought. In regards to a self-harm com-

munity investigated, young people reported that they felt they learnt more about mental 

health from other users, compared to information sites, and they felt it easier to disclose 

information online, in part because they were less likely to be judged than in real life 26. 

More recent investigations have shown how self-efficacy and access to further support 

can increase thanks to the use of this communities 27. They can also provide a sense of 

belonging, tackling feelings of loneliness regarding mental health experiences 28. Qualita-

tive studies also reveal how social modelling allows encouragement between peers to use 

pro-social behaviour and receive support within and outside the community 29. 

Qualitative methods do, however, have limitations in measuring outcomes for online 

communities at scale. They are time intensive and cannot be used repeatedly to track user 

experience and satisfaction, nor be used as a method to routinely collect information about 

the community. However, qualitative research does provide an in-depth understanding 

why young people use online mental health communities, what outcomes are achieved. 

The results can be used as the functional theory to develop an experience measure for an 

online community. 

Online peer mental health communities aiming to support users require understand-

ing on how their resources and content composing the community help or hinder the user 

well-being. Measurements can be collected and routinely aggregated on the self-reported 

impact of that community experience in the platform to the user. Developing a self-re-

ported measure for this endeavour should aid understanding on what help the content 

can provide, and how different user may benefit. Ultimately, a self-reported helpfulness 

measure will provide an indicator of active engagement, going beyond the forum analyt-

ics often reported to define engagement in digital contexts (e.g., Views, clicks, time, pop-

ularity). Measuring the helpfulness of community content will provide insights on how 

resources consumed contributed to a positive, negative, or neutral experience. The meas-

ure should also understand the mechanisms that lead to the experience, and what types 

of outcomes users are achieving in relationship with the community and their experience. 

A peer online community experience measure administered in a specific online commu-

nity may help to recommend personalised content or identify resources that are contrib-

uting to the recovery and support of individuals using an online community. 

The Kooth.com (referred to from here onwards as the service) online community is a 

user-led forum inside a multi-component digital mental health service where the content 

revolves around the changing needs and experiences of the young people in its platform. 

The content of the community consists of three core types of posts: (1) a co-created maga-

zine with a combination of psycho-educational, creative, and informative content written 

by the service users and practitioners, (2) discussion forums authored by users, providing 

direct interactions between peers but still moderated by professionals, and (3) mini-activ-

ities a specific type of content created with the intention of helping users build life skills 

and promote planned action. All user submitted content is moderated before being pub-

lished on the platform to safeguard, categorise, and age-restrict content where necessary. 

When designing a measure for a specific online community and its characteristics, a 

framework to measure quality-of-care is required, these frameworks will be specially use-

ful when the programme theory and mechanisms of change for the online support com-

munity have been previously investigated, so both can get combined to the develop a 

specific and relevant measurement.  

 

1.2. The framework to develop a Peer Online Community Experience Measure for an online 

digital mental health community 

Donabedian’s 30 quality-of-care framework recommends measuring care through as-

sessing structure, process, and outcomes. For an online community, the focus of care is 
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posed in the peer support aspect taking place in the forum. The measure should also con-

sider the role of the community member within the forum: (1) the role of an active con-

tributor of the community generating content, or (2) the role of a consumer of the commu-

nity reading and engaging with the content posted community. 

The design, and structure of the Peer Online Community Experience Measure (PO-

CEM) was divided in three parts, each representing one of the domains of Donabedian’s 

measurement framework.  

• Part one: Assesses the quality of the community resource through structure, focusing 

on helpfulness of magazine articles and forum discussions using a ‘emoji’-based Lik-

ert scale. 

• Part two: Assesses why online community users found these specific structures (com-

munity resources) helpful in respect to the area of support.  

• Part three: Explore what outcomes are achieved, specific to those resources consid-

ered helpful in reference to the area of support received. 

 

Part one was developed through consultations with experts in field to develop a 

quantitative scale for the measure. Part’s two and three were initially developed using the 

researched theory of change previously developed within the online digital service, which 

used qualitative analysis of the community content to ascertain positive outcomes 

achieved the online community 31. 

1.2.1. Part one: Assessing quality through structure 

According to Donabedian seminal paper32, structure is about the ‘adequacy of facili-

ties’ typically referring to relatively static characteristics of the care (e.g. personnel, build-

ings, resources). Within an online digital community, the structure is harder to define; it 

can relate to the design of the forum, its moderation, but also to the content included in 

the community or perhaps the community itself. Constructs like helpfulness for online 

communities is one option to encompass structure from the framework, allowing service 

users to reflect their experience of the online facilities. Some Patient Reported Experience 

Measures (PREMs) and Net Promoter Scores (NPS) are global rating scales used to offer a 

reflective experience for the user or patient through a single question, providing a numeric 

response from users to benchmark quality 33,34. The NPS is a straightforward way of meas-

uring experience satisfaction through asking whether an individual would recommend 

the service to a friend; however, it’s unclear how useful it is for patients 35. Defining the 

structure as the experience of the community and its helpfulness with the question ‘Did 

you find this part of Kooth helpful’, prompting a 5-point Likert scale response from ‘No’ 

to ‘Loads’ was determined to mediate the complexities of assessing the quality of the 

structure of the support from an online forum community.  

1.2.2. Part two: Assessing quality through process 

The service’s theory of change identified a matrix of four possible domains or mech-

anisms of support that a young person may experience from community engagement 31. 

These relate to the commonly used differentiation between informational and emotional 

support 36,37, also previously explored in the service’s forum data 38 and provide a part of 

the measure assessing the ‘processes’ in the online community. These four domains of 

support, defined by either an interpersonal experience (in relation to others) or an in-

trapersonal experience (in relation to oneself), were previously found to be the main ex-

periences of adolescents and their goals in online therapy 39. Within part two, in which 

users are asked about why they found this part of the service helpful, or in the instance 

they didn’t, what they were hoping to have found, they were given the option of selecting 

one of four options representing each four domains of support (1: Emotional interper-

sonal; 2: Emotional intra-personal; 3: Informational inter-personal; 4: Informational intra-

personal). 

1.2.3. Part three: Assessing quality through outcomes 
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The final part looked at ‘outcomes’, which seek to capture whether the goals of care 

were achieved 40,41. Goals achieved and combined outcomes were previously identified 

through qualitative analysis of the service’s community forums and magazine articles. 

Outcomes were found through qualitative exploration of the question ‘what factors influ-

ence perceived positive behaviour change for Children and Young People who participated in an 

online peer support intervention?’. Six main desirable outcomes were identified for the 

online community: 1) Relatedness and Self-Expression 2) Hope and Help Seeking 3) Build-

ing a Safe Community 4) Digital Altruism 5) Hope and Help Receiving 6) Making Change. 

These represent the potential outcomes that the part three ask the user as an indicator of 

outcome achieved. This last part of the measure assessing outcomes will only ask those 

who found the structure of the community helpful in the scale in the first part of the meas-

ure.  

1.3. The present study 

The present study describes the (i) development, (ii) user testing, and (iii) pilot results 

of the implemented measure in a dynamic and multifaceted digital mental health service; 

This phased approach involved different key stakeholders and participants that influ-

enced each phase of its development. To ensure POCEM is a meaningful measure for the 

people using it, participatory action research practices were conducted to guide the de-

velopment of items and structure of the measure. An iterative design process incorporated 

evidence collected from practitioners, researchers, design experts, and young people us-

ing the platform. The ethos of Donabedian’s30,32 framework was applied to the develop-

ment and design of this digital community experience measure.  

This measurement and its development provide an opportunity to collect data on the 

peer support community and its structure, processes, and outcomes within the service. 

The study describes the development of the POCEM divided by three phases including 

the implementation of the measure with a pilot testing phase administered in the online 

community resources from the platform.  

2. Methods 

A multi-phased design process was used for the development of the service’s com-

munity measure, guided by participatory action research, involving iterative develop-

ment, reflective decision making and real-world application of the findings 42,43. The de-

velopment of the service’s community measure involved a group of practitioners, re-

searchers, user experience design experts and young people. In hindsight, three key 

phases of design supported the development of the measure. Emphasising the digital con-

text and acknowledging the iterative nature in measure development research as an in-

cremental process44 :  

1. Item generation and reduction: A three-part measure developed with digital product 

experts and designers. The content of the measure and items were created by com-

bining qualitative thematic indicators of outcomes and mechanisms. Delphi rounds 

were used to reduce items and explore the content for the measure.  

2. User testing: To directly explore, using participatory workshops, the face validity of 

the measure with young people. The focus was to verify the appropriateness of lan-

guage and how design of the measure was experienced on the platform as a proto-

type. 

3. Pilot study: A 10-week pilot of the measure within the digital online community. Ex-

ploring completion rates, average scores, item frequency selection at correlations be-

tween items at each part of the measure. 

 

2.1. Phase 1: Item generation and reduction 

The process of item generation and reduction for the first phase of POCEM develop-

ment was carried out using the Estimate-Talk-Estimate Delphi technique 45. The technique 

is used to achieve expert consensus through an iterative process of multiple discussion 
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sessions between a panel of experts. The Estimate-Talk-Estimate method differs from the 

standard Delphi technique by then allowing for verbal interaction between panel mem-

bers. This interaction allows for clarification and justification of decisions made by indi-

viduals, which can be impaired if using a fully anonymous and asynchronous process 46. 

The stage of independent evaluation aims to prevent the dominance of individual voices 

in the process, and group pressure for conformity. The process includes anonymity in the 

initial responses, multiple iterations of the process with controlled feedback at each stage, 

statistical analysis of the group responses, and expert input throughout the process 47. The 

Delphi technique is frequently used in healthcare research and has previously been used 

to modify a social responsiveness scale 48, while the Estimate-Talk-Estimate variation has 

been used in developing a framework for mental health apps 49. 

To develop a measure of peer community experiences that reflected both young peo-

ple's views and expert opinions, a two-stage Estimate-Talk-Estimate Delphi process was 

used. Stage one involved panel members with mental health practice expertise to compose 

an initial pool of items based on previous theory known about the service31. Stage two of 

the Delphi process involved discussion between researchers to assess the items generated, 

identify links between the generated items and the constructs from the theory, and reduce 

initial pool of items using an inter-rater agreement approach. 

 

2.1.1. Participants 

Two panel groups were recruited, with of a total of six expert panel for the Estimate-

Talks-Estimate workshops. Most experts belonged to the service and one to a university 

institution. Experts registered their interest in the project via email and specified whether 

they were interested in participating in (a) the service’s Theory of Change thematic anal-

ysis, (b) the item generation stage of the online community measure, or (c) the item reduc-

tion stage of the online community measure. Experts could volunteer for multiple parts 

of the project. All panel members had extensive experience researching or providing sup-

port and moderation in the digital mental health platform.  

Panel members were recruited to participate in two projects concurrently: the devel-

opment of the service’s Theory of Change31, and the generation of the desirable outcomes 

that inform the three parts of POCEM. One panel member was involved in both the item 

generation stage and the later item reduction stage. The continued involvement of one 

panel member was used to ensure continuity between the two stages (Table 1). 

Table 1. Expert panel members for item generation reduction  

Panel member Organisation role Institution Project involvement 

PM1 Mental health practitioner Kooth 

Thematic analysis; Item 

generation 

 

PM2 
Mental health community 

practitioner 
Kooth1 

Thematic analysis; Item 

generation 

 

PM3 
Lecturer in counselling 

psychology 

University of 

Manchester 

Thematic Analysis; Item 

generation; Item reduc-

tion 

 

PM4 Lead researcher Kooth 
Item reduction 

 

PM5 Chief research officer Kooth 
Item reduction 

 

PM6 Lead experience designer Kooth Item reduction 

PM: Panel Member 
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2.1.3. Procedure 

Four rounds of panel workshops were carried out with the expert participants. 

Workshops were held face-to-face or by videoconference. Asynchronous communica-

tions through e-mail was used to prepare the experts, and anonymous questionnaires for 

voting were provided in each round. The rounds had different aims regarding the con-

tent relevance and structure, reduction of proposed items and changes in wording of 

items to improve quality. All rounds were documented through field notes supervised 

by the research lead (TH). 

 

2.1.3.1. Round 1 

The first stage of the process was a face-to-face meeting group with the expert panel, 

wherein a broad list of initial items was generated. The items were generated deductively 

from the desirable outcomes found in the Theory of Change of the service 31. The experts 

involved in this initial item generation were concurrently involved in the Theory of 

Change research, allowing for a deeper understanding on the transcript’s findings and 

theoretical foundation of the Kooth online community outcomes and mechanisms. The 

process of generating the initial pool of items utilized a thematic analysis approach, con-

sistent with Braun and Clarke 50 analysis in psychology research. The thematic analysis 

investigated the factors influencing positive behaviour change for children and young 

people accessing an online peer support intervention and described the desirable out-

comes for the online community. The items were generated by each panel member inde-

pendently and decided in group through a panel discussion process. Items were gener-

ated using the framework for at least each of the desirable outcomes and mechanisms for 

positive change in the online community identified in the thematic analysis (Figure 4). 

 

2.1.3.2. Round 2 

This round with panel members focused on mapping the initial pool of items to the do-

mains of support. The domains of support were mechanisms formulated in earlier re-

search, and they are intended to represent the high-level ‘wants’ and ‘needs’ from chil-

dren and young people asking for mental health support within an online digital ser-

vice. These domains of support are covered in part-two of the POCEM as the process 

(mechanism) that lead to that online community resource being helpful (Figure 1). After 

mapping domains for each item in the initial pool, panel members were asked to select 

the items more likely to be selected by two different types of online community mem-

bers: (1) those contributing; or (2) those consuming (accessing by reading) the commu-

nity resources. The workshop with experts focused on which items were more relevant 

to each type of community member and provide rationale on their decisions. 

 

Figure 1. The service’s (Kooth.com) high-level outcome of support, ‘wants’ and ‘needs’ from chil-

dren and young people accessing a digital mental health support service 31. 
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2.1.3.3. Round 3 

Following the second round, the panel members voted on items’ relevance to identify 

those to be discarded. The rating was done independently and anonymously by all 

panel members. Panel members were given two weeks to make their evaluations. A 

workshop was carried out to discuss the relevance items findings, and the relative rat-

ings of the different members. The discussion focused on whether the items were repeti-

tive, reflected the support domains they were matched with, and were representative of 

the outcomes from the thematic tree. 

 

2.1.3.4.  Round 4 

Following the last round of talks, panel members asynchronously and independently 

evaluated the wording of the items and suggested additional items relevant to the peer 

online community. Panel members were given three weeks to make their assessment 

and present their review. The workshop focused on editing the wording of the items, 

and further reducing the items down due to similarity, the structure of the measure, and 

the previous theory used to develop it. The discussion considered the independent com-

ments made prior to workshop. The output of the last round composed the statements of 

the three-part measure taken to prototype generation and for user testing with children 

and young people as main stakeholders of the group. 

 

2.1.4. Analysis 

Descriptive statistics were used to describe participants’ characteristics and frequency in 

votes and selection was recorded for each expert. The field notes outputs from each 

round of the item generation and reduction phase were discussed sequentially, influenc-

ing the materials taken to panel of experts in each round. In round three, when panel 

members independently and anonymously rated their preference of the items an intra-

class correlation coefficient was calculated to understand agreement between panel 

members on their decisions. 

 

2.2. Phase 2: User Testing 

2.2.1. Participants 

A voluntary purposive sample of 11 young people was recruited amongst four pri-

mary and secondary schools in Manchester, UK. The sample was used to conduct the user 

testing workshops. The 11 young people aged 12-17 (7 female, 4 male) expressed their 

interest for participating in the workshops and parental consent was provided. The study 

was advertised through teaching staff, participants had no previous experience as users 

within the digital service (Kooth.com), parental and individual consent was sought for 

each participant and an incentive of £10 was given to participants to attend the 60-minutes 

workshops. Two researchers, one with participatory research expertise and a user experi-

ence designer conducted and analysed the user testing sessions. 

2.2.2. Instruments and materials 

2.2.2.1. Kooth Prototype: Clickable high-fidelity 

A high-fidelity prototype is a smartphone-based interactive representation of the 

product, the web-based service, with strong similarities to the final design in terms of 

details and functionality. The high-fidelity prototype was developed with the vector 

graphic editor Sketch software 51 and included the POCEM inside the online peer support 

community allowing the users to click around and interact with the whole platform. In 

the context of measure usability, a high-fidelity prototype allows exploration of wording, 

structure, relevance, and comprehensiveness of the measurement and its functionality in 

interaction with the whole platform. 

2.2.2.2. Peer Online Community Experience Measure (POCEM) 
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The POCEM is an online community measure (specific to the service, Kooth.com) 

that contains three main stages for completion. Its aim is to measure satisfaction and qual-

ity that an online community resource has in relationship with the individual. The meas-

ure automatically differentiates between contributors of the online community and read-

ers.  

The first stage contains single item question (“Did you find this part of Kooth helpful?”) 

scored with a 1-5 Likert scale (1: No; 2: Not really; 3: Don’t Know; 4: A bit 5: Loads!, all 

scores aided with emojis) to assess the helpfulness of the online community resource. The 

Likert scale scores determines the helpfulness as a benchmark and branch the measure-

ment into stage two. Depending on the scoring in Stage one a new single-item question 

will prompt (“What were you hoping for?” for 1-2 scores and “Why did you find it help-

ful? For 4-5 scores) to select between four multiple choice (single response) question be-

tween four quadrants representing high-level outcomes (or domains) of support from the 

service. Respondents who selected score 3: Don’t Know in the scale are not shown parts 

two and three of the measure. The last stage is displayed only to those users who com-

pleted stage one and two and scored between 4-5 in the stage one in regards to the help-

fulness of that part of the digital service, a single item (multiple response) question (“What 

type of things have you learned?”) with specific outcomes that relate to the domain re-

sponse on part two will be prompted, readers can select between 23 outcomes (across do-

mains) and contributors can select 14 specific outcomes.  

2.2.2.3. Lookback.io: screen recording & audio 

Lookback.io52 is a user testing software for mobile UX user recording tool. It allows 

recording of screen interactions alongside voice audio recordings when conducting su-

pervised sessions of remote user testing 53. This software allows secure storage and organ-

ization of your user testing sessions for qualitative analysis. This tool allowed the record-

ing of both screen behavior and audio from participants attending the user testing ses-

sions.  

2.2.3. Procedure 

The user testing was structured in one-to-one sessions delivered at each of the four 

schools. Participants were provided with a smartphone which had a loaded a high-fidelity 

prototype of the measure within the platform. Sessions were facilitated by a user experi-

ence expert researcher and observed by other researcher to safeguard the session and take 

notes. The sessions were voice recorded and screen recorded, for further transcript and 

analysis. 
The facilitator encouraged young people to verbalise their thoughts and perceptions  

using the think-aloud protocol 54 as they navigated their way through the platform while 

following the facilitator instructions with the prototype. Instructions followed a protocol 

of specific tasks within the prototype measure that aim to identify any issues with the 

interface, allowing facilitators to observed participant specific behaviour in relationship 

with the task. Facilitation tasks included asking about expectations in relationship to the 

next event that the interface will show during the session, and whether there were any 

issues with the wording clarity and relevance for the measure. 

2.2.4. Analysis 

Affinity diagrams or KJ methods are adopted in user testing for prototype interaction 
55. They are a good technique tool to synthetize and organize large amounts of qualitative 

data post-task, the user testing sessions were synthetized in affinity cards representing 

each participant observations and quotes. Such cards are later jointly analyzed to create a 

diagram. Affinity cards for issues more frequently raised, and for higher severity reported 

by participants tend to take more priority to address as changes in the prototype. 

We followed the adapted four stage (creating notes, clustering notes, walking the 

wall, and documentation) process from Lucero56. Researchers worked in Microsoft Excel, 

using rows to represent participants and columns for each affinity note. A total of 236 

affinity cards were collected from field notes, screen recordings and audio recordings 

from each session. Rounds of clustering by researcher identified two main clusters in 
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reference to the measure, and to the prototype and task performed (58.48% Measure af-

finity notes and 41.52% Prototype and tasks affinity notes). Twelve clustering issues were 

collected across clusters, some directly related with the measure such as including an 

‘other’ personalized option, and issues with the platform and prototype such as difficul-

ties in navigation. The affinity diagram was then created, walking the wall exercises with 

other researchers and experts at the service (n=3) provided with synthesis and identifica-

tion of priority changes in the measure and prototype interaction by looking at frequency, 

feedback notes and quotes presented in the affinity diagram. Documentation on the out-

put from the affinity diagram discussed by experts is provided in Figure 2. 

 

Figure 2. User Testing – Affinity diagram output from workshops with POCEM interactive proto-

type at Kooth.com. 

2.3. Phase 3: Face validity pilot testing 

In contrast to content validity which is more concerned with having the breadth and 

accuracy of items to measure a construct, face validity assesses the degree of respondents 

judging the instrument and its items are appropriate for the targeted assessment 57. We 

used a 10-week pilot of the tool to collect qualitative and quantitative data from the users 

in the online community completing the measure inside the platform (11-25 year old ser-

vice users), as well as collecting opinions about the measure from those users during the 

pilot from those who consented to the study.  

 

2.3.1. Participants 

The measure was iteratively released onto the service’s platform. Online service users 

who either contributed to a forum or submitted an article during the testing period were 

presented with the contributors’ measure after submission. Service users who read an 

article or forum were presented with the readers measure at the end of the post. Only 

users who expressed consent for their data to be used in research were included in the 

sample. Data was collected between the 13th November 2019 and the 22th January 2020. 

 

2.3.2. Procedure 

The clickable prototype of the POCEM was implemented as a feature for service im-

provement in the online community at the service’s platform, changes from the previous 

Phase 2 were included in the measure for pilot. For a period of 10 weeks the measure was 

tested within the platform and data was collected on users engaging with the community 

at the digital mental health service. Routinely collected monitoring information was used 
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alongside peer support data to investigate the measure performance. All users accessing 

the platform community were able to complete and see the measure during the 10-week 

period. 

 

2.3.3. Analysis 

Frequencies and descriptive analysis were carried out on completion rates for users 

who accessed the online community and those who completed the measure. Descriptive 

statistics and frequency of scores on the three steps of the measure were calculated to 

understand if items were being selected sufficiently. The aim of the pilot analysis was to 

see if the POCEM is a measure of community resources that can be used as a proxy for 

active engagement or helpfulness of a community resource and its content, and the out-

comes more frequently selected by users of the measure.  

3. Results 

 

3.1. Phase 1: Item generation and reduction 

The process of item generation and reduction was done iteratively over four Delphi 

rounds. A flow chart of the outcomes from each round of the item generation and reduc-

tion process are shown in Figure 3. 

 

Figure 3. A flow chart of the results from each stage of the Delphi process for the generation and 

reduction of items. 

3.1.1. Round 1 

The items initially generated for the online community measure were produced 

based on the panel members understanding of previous literature on online peer support 

communities and service’s Theory of Change 31. The thematic analysis revealed desirable 

outcomes for positive behavior change in the online community: 1) Relatedness and Self-

Expression 2) Hope and Help Seeking 3) Building a Safe Community 4) Digital Altruism 
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5) Hope and Help Receiving 6) Making Change. A diagram of the thematic tree (Figure 4) 

was used to generate the initial pool of 68 items based in these desirable outcomes and its 

mechanisms from the main themes and sub-themes from the tree (Supplementary Table 

A1). 

 

Figure 4. Online community thematic tree on factors of perceived positive behavior change. 

3.1.2. Round 2 

This round aimed to categorise the initial pool of items based on two criteria. First 

panel members categorized each item based on the type of community member that will 

find the item useful. Most of the items (75%; n=51), were classified as relevant to users 

reading or consuming resources in the community, whilst the remaining 17 (25%; n=25) 

were relevant for users contributing with content to the community.  

The pool items were then categorized into domains of support and used to inform 

the second part of POCEM. The emotional domains were more frequently used to catego-

rize the items in the pool compared with informational domains (Table 2). Through a dis-

cussion process, participants agreed on a three-part structure to the measure, with re-

spondents only shown items relevant to the selected domain. 

Table 2. Frequency of items categorization into high-level domains (quadrants) of support after 

Round 1 

Wording of quadrant Domain of high-level support Frequency of items 

‘It helped me to relate to 

others’ 
Emotional-Interpersonal 34 

‘I feel better about my-

self’ 
Emotional-Intrapersonal 22 

‘I felt it was important to 

me’ 
Informational-Intrapersonal 8 

‘I learned some skills I 

can try with others’ 
Informational-Interpersonal 4 

 

 

3.1.3 Round 3 

Each panel member voted on the items that they belived should be kept for the 

measure. An Intraclass correlation (ICC) estimate with 95% confidence intervals was 

calculated based on three raters, absolute agreement, with a 2-way mixed-effects model. 
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The inter-rater reliability between panel members was poor at this stage of the item 

reduction process (ICC =0.09, P=0.07).  

In the following workshop the ratings were discussed amongst the panel. The 

outcome of the workshop was the removal of 23 items, and the addition of three further 

items. All of the items that were selected by at least two raters (12 items) were kept in 

the item list.  

Two items were added to the domain ‘Informational-Intrapersonal’ for readers, 

bringing the total items to five in that domain. One last item was addded to the domain 

‘Informational-Interpersonal’ for readers as community members, increasing the total 

items in the domain to five too.  

3.1.4. Round 4 

Following independent and asyncronous evlautation of item wordings, nine suggestions 

were made regarding wording changes to the items. The six changes that were accepted 

in the workshop are shown in table 4, inlcuding the rational for each change. In addition 

to the item changes, the fourth round also resulted in the removal of seven further items. 

The final 38-items and statements wording were tested in a prototype in the user testing 

phase.  

Table 4: Changes made to the wording of items for the third part of the measure. Changes imple-

mented during the Round 4. 

Original Wording Change in wording 

I benefited from feedback from others I benefited from comments from others 

I feel optimistic for the future I now feel more hopeful 

I have implemented a suggestion from 

someone else 

I have done something positive after a 

suggestion from someone else 

I felt comfortable seeking support from 

my peers 

I felt comfortable to share with others 

I didn’t feel judged by others I feel good about not being judged 

I felt connected I felt connected to someone 

 

3.2. Phase 2: User testing findings 

The main findings collected from the affinity diagram identified issues and recom-

mendations for the POCEM. Many participants perceived the measure to be linked with 

the type of content consumed or accessed-at-the-time by the user inside of the community, 

being mainly forum posts and its subsequent comments. This is well illustrated by one of 

the participants quote when prompted in the session to explain what the measure is in-

tending to do [Participant 3]: “How? in my experience was just reading the person and 

the comments under it”. Most young people reported that they will be more likely to com-

plete the measure if the content of the forum post was helpful for them. The feedback 
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suggests here may be an agreement bias effect deterring users from providing negative 

feedback to a peer within the online community, or encouraging users to ignore the meas-

ure when the content is not perceived helpful; [Participant 9] said “If it is related to what 

I am doing, I would fill in the measure, to see similar articles” and [Participant 1] stated 

that connect with peers will be a key motivation to complete the measure: “…if I had 

trouble making friends I would say loads (of motivation)”. Most of participants found it 

normal that the measure will appear in each resource of the community platform, how-

ever some of the participants find difficult to find the measure in the platform without 

facilitators prompt within the sessions. This provided some evidence regarding the meas-

ure appearance and initiated changes that may affect measure completion.  

In regard to the measure appearance, it was identified that one emoji under the scale 

had a mismatched emotion, [Participant 10] explained: “The ‘No’ just looks like they’re 

about to cry or something”, despite the majority appeal to the representation with emojis 

within the scale, for instance [Participant 1] stated his preference: “The emojis are more 

neutral not grumpy or red as might give wrong impression to others”. Findings also re-

veal difficulties from participants understanding who will see their responses. Four par-

ticipants demonstrated doubts about the information being publicly available for the 

other peers to see in the community, for instance [Participant 8] showed: “I thought it 

would instill confidence in the author to write more”. User experience findings around 

physical appearance of the measure and its instructions led to changes for the live version 

of the measure taken to the pilot phase (Figure 5). Finally, user testing provided a scenario 

to review item wordings based on experiences of participants interacting with the proto-

type during the exercises. Some statements changes are presented based on the rationale 

given by participants extracted from the affinity diagram. Wording review steer two 

changes on the second part, and four wording changes in the last part of the measure 

(Table 5). Overall, user testing allowed identification of appearance issues, validated the 

focus of construct measurement (it measures the specific community resource), and al-

lowed changes on wording by the intended population for the measure.  

 

Figure 5. High-fidelity prototype (left) of the measure and its new appearance after user testing 

(right). 

 

Table 5. User testing affinity diagram findings and changes in wording of the measure 

Original state-

ment 
POCEM Rationale [Participant] 

Changed statement 

It feels important 

to me 
Part two  

"It means what he said 

is important to you be-

cause you relate to it" 

[N] 

I learned something im-

portant to me 
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I understand my-

self more 
Part two  

"Maybe you don’t real-

ise how you feel be-

cause maybe some-

times you can be sad 

but you don’t know 

why then you read all 

this it can make sense 

to you"[N] 

I feel better about myself 

I feel safe in this 

community 
Part Three 

"Does it mean Kooth as 

a whole or the outside 

community?”[N] 

I feel safe in the Kooth 

community 

I feel good about 

now being judged 
Part Three 

"At first I was like what 

does it mean?"[N]; "Ob-

viously when someone 

judges you its negative, 

but in the app you can 

feel more better about 

not being judged"[N] 

It feels good not to be 

judged 

I have done some-

thing positive af-

ter a suggestion of 

somebody else 

Part Three 

"I don’t think you’re 

gonna do this - I don't 

get how you're gonna 

do something positive? 

I don’t think you’re 

gonna come back and 

do the quiz" 

I have learnt enough to 

make a positive change 

I feel excited to 

support other 

people with my 

new found 

knowledge 

Part Three 

“It is kind of the same 

as I’ve done something 

positive (Item)…” 

Item removed 

 

3.3. Phase 3: pilot study results 

The first part of the measure was completed 13,502 times, part two which was only 

shown to those who had selected responses other than ‘don’t know’ was completed 6,365 

times, and the third part, which excluded those who responded ‘no’ to the part two was 

completed 3,296 times. The measure was completed by 7,026 participants.  

 

3.3.1. Completion rates 

The measure was tested and released iteratively by parts on the platform. The pilot 

data collection started when the full measure and its three parts were released in the plat-

form. The complete measure was tested between the 11th of December 2019 and the 20th of 

January 2020, with 2140 unique service users completing a total of 4897 administrations 

POCEM. There was a total of 68439 views of community content on the site by service 

users who gave research consent during this time, and a total of 2425 contributions in the 

form of article or discussion posts. Completions rates were divided between readers and 

contributors to better understand overall completion of the instrument across community 

members (Table 6). 

Table 6. The unique users, POCEM completions, and proportion of completions.  
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Engagement 

Type 

Participants Number of Comple-

tions  

Completion rates 

Readers 2083 4685 6.85% 

Contributors 57 212 8.74% 

All 2140 4897 6.91% 

 

 

3.3.2. Respondent Characteristics  

The respondents ages range from 10 to 25, the range allowed in the community and the 

service. However, five respondents reported an age over 25 and were removed from the 

dataset, as these will be outliers of the service. The remaining respondents ages ranged 

from 10 to 25, with a mean of 13.47 (SD= 2.09). Most service users completing the POCEM 

were female, white, and aged between 10-14 years (Table 7).  

Table 7: Demographic characteristics and frequencies of unique users completing one or more 

POCEMs 

 

Demographic Frequency 

Gender 

Female 72.9% 

Male 22.2% 

Gender Fluid 3.3% 

Agender 1.5% 

Age 

10-14 72.6% 

15-19 26.0% 

20-25 1.4% 

Ethnicity 

Asian 6% 

Black 3.8% 

Mixed 5.1% 

White 81.9% 

Other 3.2% 

 

3.3.3. POCEM Part 1: Helpfulness of peer community content 

The most frequently selected helpfulness score was 5: ‘Lots!’, indicating that the con-

tent helped the service user considerably. The frequency of the scores decreased as the 

helpfulness rating decreased, with the rating of 1:’Not really’ selected the least frequently 

(Figure 6).  

Age of service users had a small significant impact on the perceived helpfulness of 

the community content, with a Kruskal-Wallis test showing a significant effect of age on 

helpfulness score (H(2)=7.89, p=.02). Post-hoc tests (using Dwass-Steel-Critchlow-Fligner 

pairwise comparisons) were carried out for the three groups and showed service users 

aged 10-14 gave a significantly (p=.03) higher helpfulness score (M=3.8, SD=1.13) com-

pared to service users aged 15-19 (M=3.7, SD=1.5). There was no difference (p=0.4) 
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between service users aged 10-14 and aged 20-25 (M=3.4 , SD= 1.43), or between service 

users aged 15-19 (M=3.68 , SD=1.15) and aged 20-15 (p=.80) 

There were no significant differences between the helpfulness scores for service users 

of different genders (H(3)=2.4, p=.40), or between different ethnicities (H(4)=8.4, p=.07) 

 

 

Figure 6: Frequency of selection for the helpfulness scores.  

Service users who completed the POCEM after contributing to the community con-

tent selected the helpfulness score of 5:’Lots!’ substantially more frequently than service 

users who read the community content (Figure 8). T-test frequency comparisons reveal a 

significant difference in the mean helpfulness score (t(247)=8.8, p<.001) between readers 

and contributors. Contributors had an average helpfulness score of 4.52, whilst readers 

had an average helpfulness score of 4.00.  
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Figure 8. Frequency of selection across the five helpfulness scores, split by engagement 

3.3.4. Part 2: Domain selection 

Out of the 4897 completions of the measure, 14.2% of responses gave 3: ‘Don’t know’ 

as the helpfulness score. For this response, the rest of the measure was not shown, and 

responses (n=619) were removed from the domain selection analysis. Out of the remaining 

4278 responses with a score of 1,2,4, or 5, 10.05% of respondents stopped answering the 

measure after part 1 providing a helpfulness score, being those incomplete scores of the 

measure. 

The most frequently selected high-level domain of support was ‘Help me relate to 

others’, with 55.1% of respondents selecting the option. When the responses were split by 

whether the helpfulness feedback was positive or negative (Figure 9). More than half 

(58.2%) of respondents who selected this domain of support gave a positive response se-

lected compared to respondents giving a negative response (32.3%). 

Giving ’No response’ after the part 1 was most common for respondents giving a 

negative response in the initial rating, with 34.5% of respondents not selecting a domain 

(quadrant of support) after giving a negative helpfulness score compared to 6.8% of re-

spondents who gave a positive helpfulness score.  
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Figure 9. Frequency of selection for high-level support domains in part two of the measure, split 

by type of feedback 

Across all the support domains, respondents who answer only part one on average 

gave a significantly lower helpfulness score. A Kruskal-Wallis test showed a significant 

effect of domain selection on helpfulness score (H(4)=207.45, p<.001). Post-hoc tests (using 

Dwass-Steel-Critchlow-Fligner pairwise comparisons) were carried out for the five 

groups and showed service users who did not give a response in part two gave a signifi-

cantly lower helpfulness score (m=3.28), compared to those who selected the domains ‘Im-

portant to me’ (M=4.29, p<.001),  ‘Learn skills’ (M=4.09, p<.001), ‘Relate to others’ (M=,4.31 

p<.001), and ‘Understand myself’ (M=4.28, p<.001) (Table 8). A bar plot of the mean help-

fulness scores for the different domains (quadrants) reveal the differences between those 

who did not respond against the rest of the domains average scores (Figure 10). 

 

 

Figure 10: The mean helpfulness scores for each domain selected in part two of the measure. 

Standard error bars included. 

Table 8. Dwass-Steel-Critchlow-Fligner pairwise comparisons for domain helpfulness scores 
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Item 1   Item 2 W p 

Relate-to-others No Response -19.784 < .001 

Relate-to-others Learn-skills -1.855 .684 

Relate-to-others Understand-myself 1.991 .623 

Relate-to-others Important-to-me 2.278 .491 

No Response Learn-skills 12.733 < .001 

No Response Understand-myself 15.671 < .001 

No Response Important-to-me 15.011 < .001 

Learn-skills Understand-myself 2.683 .319 

Learn-skills Important-to-me 2.889 .246 

Understand-myself Important-to-me 0.397 .999 

 

3.3.5. Part 3: Outcome selection 

Based on the response frequencies for the items in the third part of the measure, one 

item was removed. The item ’I now feel able to ask for support outside of Kooth’ was 

selected the least frequently out of the total items, with only 4.27% of respondents select-

ing the ‘Emotional-Intrapersonal’ domain choosing the item. Out of the frequency of se-

lection for all possible items, this item it was selected only for 0.6% of responses (Table 9). 

When the frequency of the item selection is looked at for each domain, the option of ‘No 

Response’ was the most frequently selected for all but three of the domains, where “Relate 

to others’ is the exception, which had the item ‘Felt connection’ as the most frequently 

selected item (Figure 11).  

 

Figure 11: Selection of outcomes for each domain in Part 3: POCEM. 
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The item stage response with the lowest mean helpfulness score was ‘No response’, 

similarly to the helpfulness scores for the other domain options. The analysis was run after 

removing cases where respondents did not answer the domain section in part 2 (n=430). 

The Kruskal-Wallis test showed a significant effect of item selection on helpfulness score 

(H(22)=407, p<.001), and a post-hoc test (Dwass-Steel-Critchlow-Fligner) showed that 

there was a significant difference in the helpfulness score when respondents selected ‘No 

Response’ compared to each other item selection. There were no significant differences 

between the other items (Supplementary Table A2). 

For the item’s selection, ‘No response’ was also the most selected option overall, ac-

counting for 25.38% of the item selections. The increase in the ‘No response’ selection for 

the item part of the measure, compared to part 2 of the measure where 10.05% of respond-

ents stopped gave no response, will be in part due to all respondents having the option of 

not providing a response, compared to the other items that are only shown to a subsection 

of respondents.  

Table 9. Mean helpfulness score, standard deviation, and frequency of selection for each item in 

Part 3: POCEM.  

Item Selected Domain Frequency % Of Total Mean SD 

No Response All 656 17.0 % 3.25 1.62 

Able-to-ask-

for-support 
Relate to Others 23 0.6 % 4.57 0.507 

Able-to-find-

solutions 
Relate to Others 48 1.2 % 4.67 0.476 

Express-my-

self 
Relate to Others 59 1.5 % 4.47 0.751 

Feel-safe Relate to Others 479 12.4 % 4.46 0.67 

Felt-accepted Relate to Others 105 2.7 % 4.59 0.6 

Felt-connected Relate to Others 489 12.7 % 4.43 0.617 

Helped-me-

learn 

Understand My-

self 
75 1.9 % 4.59 0.572 

Helpful-to-

my-problem 

Understand My-

self 
62 1.6 % 4.66 0.571 

Just-as-valua-

ble 
Learn Skills 227 5.9 % 4.48 0.64 

Know-what-

to-do 
Learn Skills 64 1.7 % 4.56 0.588 

Know-who-to-

ask 
Important to Me 174 4.5 % 4.5 0.727 

Learned-some-

thing 
Learn Skills 62 1.6 % 4.56 0.59 

Make-a-posi-

tive-change 
Important to Me 84 2.2 % 4.51 0.736 

More-hopeful 
Understand My-

self 
103 2.7 % 4.52 0.557 

Motivated-to-

advise 
Important to Me 291 7.6 % 4.5 0.645 
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Not-judged Important to Me 419 10.9 % 4.38 0.683 

Open-up-more Important to Me 55 1.4 % 4.64 0.677 

Others-have-

same-experi-

ences 

Learn Skills 82 2.1 % 4.55 0.57 

Problems-

more-manage-

able 

Learn Skills 69 1.8 % 4.61 0.492 

Skills-to-help-

others 

Understand My-

self 
93 2.4 % 4.46 0.76 

Support-oth-

ers 

Understand My-

self 
76 2.0 % 4.42 0.753 

Want-to-

make-changes 

Understand My-

self 
53 1.4 % 4.62 0.489 

 

4. Discussion 

In this paper, we outline and discuss a novel multi-phased method for designing an 

experience measure for young people within an online mental health peer community. 

We aim to provide a structure for design and testing, whilst reflecting on lessons learnt, 

to support the future research of other online healthcare platforms and designers. We 

highlight the value of using mixed methods in an iterative design process when transi-

tioning through phases from initial measure development, refinement, and piloting the 

measure as well as limitations for each phase.  

An experience measure can provide an evaluation of the quality of care received by 

service users, uncovering key insights into what is and it is not working in a service 58. By 

using Donabedian framework 30,32 as the foundation for measure design, we aimed to as-

sess how the structure, processes, and outcomes within a specific mental health online 

community are experienced and viewed by young people. An instrument to ascertain out-

comes and mechanisms from the online community content reported by users may serve 

to improve and understand the quality and mechanism seek from engaging with an online 

community in the future. 

The measure was designed with three main stakeholders in mind. First, experts to 

design the principles of the instrument. Second, young people as main users to provide 

feedback what they considered important to measure and their perceptions. Third, for 

practitioners to understand the mechanisms and positive outcomes within the community 

aspects of the platform. As such, it was important for experts, practitioners, and young 

people to be involved in the development and testing of the measure for each phase. In 

the development of the measure itself, service users were consulted through a user testing 

phase, with much of their feedback influencing the final design. Involving young people 

across the development and design was essential for ensuring an instrument was pro-

duced that accurately reflected their needs within a peer online community, and therefore 

improve its acceptability 59.  

The use of adapted Estimate-Talk Delphi rounds with academic and clinical experts 

allowed for a narrowing and improved content of the measurement. The approach was 

non-standard, with each Delphi round composed of two parts; an initial, independent as-

sessment of the items followed by a group workshop. Unlike systematic approaches to 

Delphi rounds 60 the independent and anonymous polling incorporated both qualitative 

and quantitative feedback. Whilst most Delphi rounds included independent voting, only 

round 2 required panel members to rate the items. In the other rounds, panel members 
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provided qualitive feedback. Although rounds may have benefited from a systematic as-

sessment or relevance and clarity of instrument items, like Content Validity Indexes 61, a 

more dynamic approach to the Delphi rounds provided rich qualitative feedback to influ-

ence the iterative design of the measure and enhance the design of the innovation62. 

A consequence of placing service users, clinicians, and user experience experts at the 

centre of the design process was of an atypical structure to the measure. This uncommon 

structure may hinder its generalizability and may not adhere with assumptions required 

to further investigate the quality of a measurement and its validity in the literature. Feed-

back in the initial Delphi rounds suggested the three-part structure, with the helpfulness 

rating placed at the beginning, filtering the other parts of the instrument collecting infor-

mation about mechanisms and outcomes of that community experience.  

User testing is a fundamental step for measure development in online contexts. We 

recommend replicating the best fidelity prototype possible when conducting user testing 

research activities, despite low and high-fidelity prototypes have shown similar results 

when compared 63. We observed how young people benefited from structured activities 

and more realistic objects for the think aloud exercises, which in turn can help to influence 

changes in the appearance and quality of the workshop outputs and its findings. User 

testing is a time consuming and resource intense process, and the volume and complexity 

of data generated may contribute to longer periods of time needed for analysis. The KJ 

method can provide a good opportunity to analyze and synthesize these testing findings, 

requiring expertise and focus from researchers to present and facilitate the synthesis of 

the user testing activities. Affinity maps on the other hand can inform beyond the purpose 

of the research and provide ideas and improvements with general industrial value (e.g. 

user needs, product satisfaction). User testing will often use a volunteer or purposive sam-

ple, this means that added emphasis should be placed finding participants normally un-

derrepresented. User testing methods like the KJ method may present challenges to inte-

grate quantitative information or systematic agreement methods in the creation affinity 

maps, but this may help to improve researcher bias in the synthesis stage for this method 

and phase. User testing represents a new and additional phase for online measure devel-

opment that provides with invaluable observations about the digital context that can in-

fluence the instrument design and its validity64. 

Pilot study results indicated that service users had a positive experience when ac-

cessing the online peer community content, with the helpfulness ratings being positively 

skewed. These initial results may indicate social desirability or acquiescence bias effects 

previously shown in digital contexts and scale creation 65,66. The potential influence of so-

cial desirability was highlighted in the user testing phase, where most of the young people 

reported that they were more likely to complete the measure if the specific resource was 

considered helpful, and 4 out of the 11 user testing participants indicated that they be-

lieved that after providing feedback to content, such as articles, the authors of the content 

would be notified of their feedback. To attempt to reduce this perception, qualitative feed-

back from the user testing phase revealed users’ worry about their responses being seen 

by community members, changes in the instructions and text in the measure were applied 

in the pilot phase, reinforcing anonymity of responses (Figure 5). The limited disclosure 

of POCEM responses, along with the anonymity of the service, should help users to not 

anticipate a social consequence of their responses 67,68. 

The pilot results showed the support domain ‘Relate to others’ to be the most fre-

quently selected mechanism for service users providing positive feedback and was the 

second most selected domain for those with negative feedback too. The average helpful-

ness score for users selecting the domain was not significantly different to the other sup-

port domains, but service users were less likely to drop-out at the item selection stage 

when selecting this domain. Given that service users who dropped out of the measure 

early were more likely to give a negative helpfulness score, it is a reasonable assumption 

that users looking to relate to others through the community were more likely to be satis-

fied with their experience.  
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Previous research has illustrated key reasons for young people seeking out support 

in online communities are to feel less alone with their problems, find a space to talk with 

peers, and where they feel less likely to be judged 69. The most frequently selected out-

comes in POCEM for positive experiences in the community were ‘Felt connection’, ‘Feel 

safe’, and ‘Not judged’. Similar outcomes for a supportive online community have been 

found previously 70 and demonstrates how online communities may help users to feel less 

isolated and more supported around mental health 71. The overall frequency of outcome 

selection at part three will, in part, be a consequence of the differences in frequency selec-

tion of domains at part two of the POCEM. When respondents selected an outcome in part 

three, rather than dropped out after selecting a domain in part two, there was no signifi-

cant difference between the average helpful scores for each outcome. The positive average 

of helpfulness across the sample may accurately reflect a positive experience for service 

users in relationship to the outcomes selected in the instrument. On the other hand, it may 

also be a consequence of a ceiling effect in the measure72, but this indicates that all out-

comes selected to be explored as part of the measure may be relevant experiences in an 

online community to account for. 

There are several limitations to be considered for the development of the POCEM. 

This study offers insights into considerations that should be made in the early develop-

ment of a measure for a digital context. By designing the instrument or measure with a 

specific service in mind, the ability to generalize the existing measure to other online peer 

communities is limited, the use of experts from the same context may provide a limited 

view during the Delphi rounds73. It is unclear if these processes and outcomes can be ap-

plied to other supportive communities outside the digital service. Future research should 

look at the transferability of the measure to other communities. 

Some of the lessons learnt in the development of the POCEM illustrate the benefits 

and challenges of designing and testing a measure in a digital environment. The low com-

petition rates of service users starting the measure presents key challenge and threat to 

the acceptability of the measure by the community. Digital service users reading content 

in online communities are more likely to be ‘lurkers’, individuals who will read commu-

nity content but not actively participate 74. Therefore, digital environments might be more 

prone to missing or misleading data around instrument completions and administration, 

different approaches to data imputation and how missing data is treated can have conse-

quences in psychometric testing and measure performance 75. Researchers in digital con-

texts should be aware of these issues, report missing data, and think in advance what 

psychometric properties the measure should be tested upon.  

A phased approach for instrument involving co-design participatory action research 

with multiple stakeholders can influence the structure and purpose of the measurement.  

This influence may be counterintuitive for the structure and administration of the instru-

ment and may limit or breach assumptions to test measurement performance in psycho-

logical instrument research enhancing difficulties to understand the psychometric prop-

erties of the measure.  

The next steps are to understand if the measure is a good proximal indicator of active 

engagement in the community to support mental health, so construct validity of the in-

strument can be established. The POCEM can help us understand consumption and use 

of mental health supportive online communities beyond web-based analytics (e.g., how 

long people read, or contribute, and how frequently they engage) within the service. Fur-

ther exploration on acceptability and completion rates in relationship with time of engage-

ment, time spent and other content properties is necessary to provide further evidence on 

what the instrument is intended to measure. Routinely collected information of this in-

strument in the digital service should help to understand the trends and commonalities 

deemed helpful in the community, as well as to explore differences across population 

characteristics so the measure can be evaluated beyond pilot data. Experience measures 

like POCEM can help services to understand they mechanisms and outcomes more fre-

quently achieved by users of an online community. Online peer communities may use 

experience measures to understand what resources benefit or hinder the individual, active 
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engagement of the users with the content can be monitored and better understood beyond 

digital analytics, so a positive and safe community can be maintained to provide peer 

support, and other factors that contribute to the well-being of the individual engaging in 

a digital mental health community. 

5. Conclusions 

Developing an experience measure for an online community requires a multi-phased 

systematic process to inform its development and structure involving stakeholders. Dif-

ferent stakeholders can contribute to pieces of information leading to key decisions on the 

design and development of the instrument, a phased approach with multiple methodolo-

gies for appropriate time and stage of development is recommended. Delphi expert 

rounds and participatory approaches provide rich data that can influence the structure 

and construct validity of the measure. Further instruments and studies are required to 

understand psychosocial factors and causal explanations for supportive online communi-

ties’ outcomes. Measurement of self-reported helpfulness of the community content can 

serve as an indicator for ‘active engagement’ and help to understand the main reasons 

users benefit from these communities and its content. The pilot findings collected infor-

mation on outcomes achieved by users and is supported by previous literature on online 

supportive communities highlighting its importance to reduce isolation and enhancing 

support. Further work to develop acceptable and valid measures for online mental health 

communities across different contexts is required, so services and practitioners can make 

better use of these online communities and recommend users by informing about the main 

outcomes and mechanism a mental health online community should seek for positive be-

havioral change and recovery promotion in their users.  
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Appendix A 

 

Table A1: Initial pool of items and its mapping to high-level support domains, engagement type, 

and positive outcomes of online communities 

 

Items 
Engagement 

Type 
Domain Theme 

I felt safe to share my problem Contributor  Emo-inter Sharing Personal Experience 

I felt able to be myself Reader Emo-inter Sharing Personal Experience 

I didn't feel judged by others Reader Emo-inter Sharing Personal Experience 

I felt able to be honest with myself/others Contributor Emo-inter Sharing Personal Experience 

A sense of connection helped me share my 

personal story 
Contributor Emo-inter Sharing Personal Experience 

I felt able to share something personal with 

others 
Contributor Emo-inter Disclosure 

I am no longer afraid to share with others Reader Emo-inter Disclosure 

I felt comfortable seeking support from my 

peers 
Reader Emo-inter Disclosure 

I felt I could benefit from support from my 

peers 
Reader Emo-inter Disclosure 

I was able to say something for the first time 

today 
Contributor Emo-inter Disclosure 

Others helped me when I asked for help Contributor Emo-inter 
Asking for Advice (Emotional 

and Informational) 

I know who to ask for help Reader Emo-inter 
Asking for Advice (Emotional 

and Informational) 

I have influence over what this community is 

like 
Reader Emo-inter Positive Modelling / Boundaries 

Others have inspired or guided me Reader Emo-inter Positive Modelling / Boundaries 

I respect this community Reader Emo-inter Positive Modelling / Boundaries 

I feel safe in this community Reader Emo-inter Positive Modelling / Boundaries 

I felt connected Reader Emo-inter Building Rapport / Socialising 

I was able to connect with others Reader Emo-inter Building Rapport / Socialising 

I enjoyed engaging with others Reader Emo-inter Building Rapport / Socialising 

I was able to develop a meaningful relation-

ship 
Reader Emo-inter Building Rapport / Socialising 

I have made new friendships Reader Emo-inter Building Rapport / Socialising 

I have felt warmth or affection for someone Reader Emo-inter Building Rapport / Socialising 

I can trust people in this community Reader Emo-inter Building Rapport / Socialising 

It was fun talking with others Reader Emo-inter Building Rapport / Socialising 

I now feel like I have helped someone Contributor Emo-inter Digital Altruism 
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I now feel motivated to give advice to others Reader Emo-inter Digital Altruism 

I now feel motivated to learn more so I can 

help others 
Reader Emo-inter Digital Altruism 

I now feel able to achieve my goals Reader Emo-inter Positive Reinforcement 

I benefitted from feedback from others Reader Emo-inter Positive Reinforcement 

I now feel empowered by feedback from oth-

ers 
Reader Emo-inter Positive Reinforcement 

I felt I was just as good as other people Reader Emo-inter Perspective Shifting 

It now feels like others believe in me Reader Emo-inter Perspective Shifting 

I am now willing to take suggestions from 

others 
Reader Emo-inter Motivation for Change 

Others have supported me to achieve my goal Reader Emo-inter Evidence of Change Made 

Sharing a personal story helped me under-

stand my emotions 
Contributor Emo-intra Sharing Personal Experience 

I felt able to trust others Contributor Emo-intra Disclosure 

I felt able to ask for support Contributor 
Emo-intra Asking for Advice (Emotional 

and Informational) 

I now feel able to ask for support outside of 

Kooth 
Reader 

Emo-intra Asking for Advice (Emotional 

and Informational) 

I felt thankful for the community Reader Emo-intra Gratitude 

I now feel less alone Reader Emo-intra Gratitude 

Someone liked what I said and it made me 

feel good 
Contributor 

Emo-intra 
Gratitude 

I felt accepted Reader Emo-intra Building Rapport / Socialising 

I now feel more competent Reader Emo-intra Positive Reinforcement 

I now feel more hopeful Reader Emo-intra Positive Reinforcement 

I am now able to find solutions to my prob-

lems 
Reader 

Emo-intra 
Positive Reinforcement 

I can recognise the positive things I have done Reader Emo-intra Perspective Shifting 

I now believe things can improve Reader Emo-intra Perspective Shifting 

I feel optimistic for the future Reader Emo-intra Perspective Shifting 

My outlook is more positive Reader Emo-intra Perspective Shifting 

My problems now feel more managable and 

in perspective 
Reader 

Emo-intra 
Perspective Shifting 

I have been inspired to make change Reader Emo-intra Motivation for Change 

I now want to make changes in my life Reader Emo-intra Motivation for Change 

I am now hopeful for change Reader Emo-intra Motivation for Change 

I now feel excited for the future Reader Emo-intra Motivation for Change 

I am now ready to make change Reader Emo-intra Motivation for Change 

I have achieved my goal Reader Emo-intra Evidence of Change Made 

I have learned how to express myself Contributor Info-inter Sharing Personal Experience 

I have developed skills to open up to others / 

myself 
Reader Info-inter Disclosure 

I was able to use my experience to help others Contributor Info-inter Positive Modelling / Boundaries 

I think I inspired or guided others Contributor Info-inter Positive Modelling / Boundaries 

I provided information to help others Contributor Info-inter Digital Altruism 

I have learned how to support others Reader Info-inter Digital Altruism 
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I have the knowledge and skills to help others Reader Info-inter Digital Altruism 

I have implemented a suggestion from some-

one else 
Reader Info-inter Evidence of Change Made 

I got information that helped me learn about 

myself 
Reader Info-intra 

Asking for Advice (Emotional 

and Informational) 

I learned something new today Reader Info-intra Positive Modelling / Boundaries 

Giving advice helped me feel positive about 

myself 
Contributor 

Info-intra 
Digital Altruism 

I now know what I need to do to feel better Contributor Info-intra Positive Reinforcement 

 

Table A2: The pairwise comparisons results for items. 

Item 1 Item 2  W p 

able-to-ask-for-sup-

port 
 able-to-find-solutions  1.16602  1.000  

able-to-ask-for-sup-

port 
 express-myself  -0.12622  1.000  

able-to-ask-for-sup-

port 
 feel-safe  -0.75609  1.000  

able-to-ask-for-sup-

port 
 felt-accepted  0.69006  1.000  

able-to-ask-for-sup-

port 
 felt-connected  -1.34521  1.000  

able-to-ask-for-sup-

port 
 helped-me-learn  0.50868  1.000  

able-to-ask-for-sup-

port 
 helpful-to-my-problem  1.46918  1.000  

able-to-ask-for-sup-

port 
 just-as-valuable  -0.55931  1.000  

able-to-ask-for-sup-

port 
 know-what-to-do  0.25428  1.000  

able-to-ask-for-sup-

port 
 know-who-to-ask  0.08608  1.000  

able-to-ask-for-sup-

port 
 learned-something  0.28603  1.000  

able-to-ask-for-sup-

port 
 make-a-positive-change  0.25600  1.000  

able-to-ask-for-sup-

port 
 more-hopeful  -0.31496  1.000  

able-to-ask-for-sup-

port 
 motivated-to-advise  -0.26611  1.000  

able-to-ask-for-sup-

port 
 not-judged  -1.60366  1.000  

able-to-ask-for-sup-

port 
 open-up-more  1.52822  1.000  
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Item 1 Item 2  W p 

able-to-ask-for-sup-

port 
 others-have-same-experiences  0.03184  1.000  

able-to-ask-for-sup-

port 
 problems-more-manageable  0.51798  1.000  

able-to-ask-for-sup-

port 
 skills-to-help-others  -0.22505  1.000  

able-to-ask-for-sup-

port 
 support-others  -0.72098  1.000  

able-to-ask-for-sup-

port 
 want-to-make-changes  0.66100  1.000  

able-to-ask-for-sup-

port 
 No Response  -5.48308  0.020  

able-to-find-solutions  express-myself  -1.58618  1.000  

able-to-find-solutions  feel-safe  -2.88132  0.927  

able-to-find-solutions  felt-accepted  -0.74670  1.000  

able-to-find-solutions  felt-connected  -3.73231  0.544  

able-to-find-solutions  helped-me-learn  -0.91193  1.000  

able-to-find-solutions  helpful-to-my-problem  0.33739  1.000  

able-to-find-solutions  just-as-valuable  -2.52674  0.982  

able-to-find-solutions  know-what-to-do  -1.18678  1.000  

able-to-find-solutions  know-who-to-ask  -1.57970  1.000  

able-to-find-solutions  learned-something  -1.13685  1.000  

able-to-find-solutions  make-a-positive-change  -1.20528  1.000  

able-to-find-solutions  more-hopeful  -2.05960  0.999  

able-to-find-solutions  motivated-to-advise  -2.16464  0.997  

able-to-find-solutions  not-judged  -4.03466  0.378  

able-to-find-solutions  open-up-more  0.46465  1.000  

able-to-find-solutions  others-have-same-experiences  -1.54511  1.000  

able-to-find-solutions  problems-more-manageable  -0.90084  1.000  

able-to-find-solutions  skills-to-help-others  -1.83913  1.000  

able-to-find-solutions  support-others  -2.41866  0.989  

able-to-find-solutions  want-to-make-changes  -0.64918  1.000  

able-to-find-solutions  No Response  -8.88934  < .001  

express-myself  feel-safe  -0.89359  1.000  

express-myself  felt-accepted  1.11123  1.000  

express-myself  felt-connected  -1.75366  1.000  

express-myself  helped-me-learn  0.83529  1.000  

express-myself  helpful-to-my-problem  2.01148  0.999  

express-myself  just-as-valuable  -0.58779  1.000  
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Item 1 Item 2  W p 

express-myself  know-what-to-do  0.49398  1.000  

express-myself  know-who-to-ask  0.31794  1.000  

express-myself  learned-something  0.53171  1.000  

express-myself  make-a-positive-change  0.51077  1.000  

express-myself  more-hopeful  -0.23233  1.000  

express-myself  motivated-to-advise  -0.17097  1.000  

express-myself  not-judged  -2.12753  0.998  

express-myself  open-up-more  2.04741  0.999  

express-myself  others-have-same-experiences  0.22214  1.000  

express-myself  problems-more-manageable  0.84000  1.000  

express-myself  skills-to-help-others  -0.12269  1.000  

express-myself  support-others  -0.77151  1.000  

express-myself  want-to-make-changes  0.98652  1.000  

express-myself  No Response  -8.27002  < .001  

feel-safe  felt-accepted  2.85871  0.932  

feel-safe  felt-connected  -1.85142  1.000  

feel-safe  helped-me-learn  2.20691  0.997  

feel-safe  helpful-to-my-problem  3.61437  0.611  

feel-safe  just-as-valuable  0.48816  1.000  

feel-safe  know-what-to-do  1.63667  1.000  

feel-safe  know-who-to-ask  1.94825  0.999  

feel-safe  learned-something  1.66937  1.000  

feel-safe  make-a-positive-change  1.78461  1.000  

feel-safe  more-hopeful  0.83311  1.000  

feel-safe  motivated-to-advise  1.37220  1.000  

feel-safe  not-judged  -2.65356  0.968  

feel-safe  open-up-more  3.52852  0.659  

feel-safe  others-have-same-experiences  1.39607  1.000  

feel-safe  problems-more-manageable  2.17005  0.997  

feel-safe  skills-to-help-others  0.90182  1.000  

feel-safe  support-others  -0.11159  1.000  

feel-safe  want-to-make-changes  2.18974  0.997  

feel-safe  No Response  -17.82899  < .001  

felt-accepted  felt-connected  -4.01719  0.387  

felt-accepted  helped-me-learn  -0.24557  1.000  

felt-accepted  helpful-to-my-problem  1.19318  1.000  

felt-accepted  just-as-valuable  -2.30651  0.994  
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Item 1 Item 2  W p 

felt-accepted  know-what-to-do  -0.59789  1.000  

felt-accepted  know-who-to-ask  -1.06227  1.000  

felt-accepted  learned-something  -0.54229  1.000  

felt-accepted  make-a-positive-change  -0.62209  1.000  

felt-accepted  more-hopeful  -1.64039  1.000  

felt-accepted  motivated-to-advise  -1.83259  1.000  

felt-accepted  not-judged  -4.43828  0.201  

felt-accepted  open-up-more  1.28604  1.000  

felt-accepted  others-have-same-experiences  -1.00872  1.000  

felt-accepted  problems-more-manageable  -0.23217  1.000  

felt-accepted  skills-to-help-others  -1.41032  1.000  

felt-accepted  support-others  -2.12116  0.998  

felt-accepted  want-to-make-changes  0.02168  1.000  

felt-accepted  No Response  -11.86547  < .001  

felt-connected  helped-me-learn  3.21637  0.814  

felt-connected  helpful-to-my-problem  4.55426  0.163  

felt-connected  just-as-valuable  1.99035  0.999  

felt-connected  know-what-to-do  2.57180  0.978  

felt-connected  know-who-to-ask  3.30176  0.775  

felt-connected  learned-something  2.59158  0.975  

felt-connected  make-a-positive-change  2.79915  0.945  

felt-connected  more-hopeful  1.97314  0.999  

felt-connected  motivated-to-advise  3.01166  0.890  

felt-connected  not-judged  -0.92667  1.000  

felt-connected  open-up-more  4.40141  0.215  

felt-connected  others-have-same-experiences  2.43668  0.988  

felt-connected  problems-more-manageable  3.15825  0.838  

felt-connected  skills-to-help-others  1.94294  0.999  

felt-connected  support-others  0.83304  1.000  

felt-connected  want-to-make-changes  3.07149  0.871  

felt-connected  No Response  -16.81621  < .001  

helped-me-learn  helpful-to-my-problem  1.33819  1.000  

helped-me-learn  just-as-valuable  -1.78138  1.000  

helped-me-learn  know-what-to-do  -0.34066  1.000  

helped-me-learn  know-who-to-ask  -0.69511  1.000  

helped-me-learn  learned-something  -0.29129  1.000  

helped-me-learn  make-a-positive-change  -0.34912  1.000  
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helped-me-learn  more-hopeful  -1.25917  1.000  

helped-me-learn  motivated-to-advise  -1.33910  1.000  

helped-me-learn  not-judged  -3.60596  0.616  

helped-me-learn  open-up-more  1.41937  1.000  

helped-me-learn  others-have-same-experiences  -0.70063  1.000  

helped-me-learn  problems-more-manageable  0.01002  1.000  

helped-me-learn  skills-to-help-others  -1.06817  1.000  

helped-me-learn  support-others  -1.74735  1.000  

helped-me-learn  want-to-make-changes  0.23104  1.000  

helped-me-learn  No Response  -10.07349  < .001  

helpful-to-my-prob-

lem 
 just-as-valuable  -3.17560  0.831  

helpful-to-my-prob-

lem 
 know-what-to-do  -1.61051  1.000  

helpful-to-my-prob-

lem 
 know-who-to-ask  -2.12085  0.998  

helpful-to-my-prob-

lem 
 learned-something  -1.55401  1.000  

helpful-to-my-prob-

lem 
 make-a-positive-change  -1.64990  1.000  

helpful-to-my-prob-

lem 
 more-hopeful  -2.59450  0.975  

helpful-to-my-prob-

lem 
 motivated-to-advise  -2.80196  0.944  

helpful-to-my-prob-

lem 
 not-judged  -4.86597  0.087  

helpful-to-my-prob-

lem 
 open-up-more  0.15018  1.000  

helpful-to-my-prob-

lem 
 others-have-same-experiences  -2.01963  0.999  

helpful-to-my-prob-

lem 
 problems-more-manageable  -1.32203  1.000  

helpful-to-my-prob-

lem 
 skills-to-help-others  -2.33370  0.993  

helpful-to-my-prob-

lem 
 support-others  -2.92344  0.916  

helpful-to-my-prob-

lem 
 want-to-make-changes  -1.02833  1.000  

helpful-to-my-prob-

lem 
 No Response  -10.19715  < .001  

just-as-valuable  know-what-to-do  1.27342  1.000  
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just-as-valuable  know-who-to-ask  1.34460  1.000  

just-as-valuable  learned-something  1.31081  1.000  

just-as-valuable  make-a-positive-change  1.36788  1.000  

just-as-valuable  more-hopeful  0.42951  1.000  

just-as-valuable  motivated-to-advise  0.71488  1.000  

just-as-valuable  not-judged  -2.64273  0.970  

just-as-valuable  open-up-more  3.13018  0.849  

just-as-valuable  others-have-same-experiences  0.99689  1.000  

just-as-valuable  problems-more-manageable  1.76171  1.000  

just-as-valuable  skills-to-help-others  0.52530  1.000  

just-as-valuable  support-others  -0.39563  1.000  

just-as-valuable  want-to-make-changes  1.83688  1.000  

just-as-valuable  No Response  -14.12888  < .001  

know-what-to-do  know-who-to-ask  -0.27376  1.000  

know-what-to-do  learned-something  0.04441  1.000  

know-what-to-do  make-a-positive-change  0.00319  1.000  

know-what-to-do  more-hopeful  -0.83337  1.000  

know-what-to-do  motivated-to-advise  -0.84381  1.000  

know-what-to-do  not-judged  -2.95201  0.908  

know-what-to-do  open-up-more  1.67402  1.000  

know-what-to-do  others-have-same-experiences  -0.32167  1.000  

know-what-to-do  problems-more-manageable  0.34836  1.000  

know-what-to-do  skills-to-help-others  -0.67692  1.000  

know-what-to-do  support-others  -1.34395  1.000  

know-what-to-do  want-to-make-changes  0.53854  1.000  

know-what-to-do  No Response  -9.11000  < .001  

know-who-to-ask  learned-something  0.32209  1.000  

know-who-to-ask  make-a-positive-change  0.29525  1.000  

know-who-to-ask  more-hopeful  -0.70965  1.000  

know-who-to-ask  motivated-to-advise  -0.76770  1.000  

know-who-to-ask  not-judged  -3.82667  0.491  

know-who-to-ask  open-up-more  2.14876  0.998  

know-who-to-ask  others-have-same-experiences  -0.08747  1.000  

know-who-to-ask  problems-more-manageable  0.69530  1.000  

know-who-to-ask  skills-to-help-others  -0.53206  1.000  

know-who-to-ask  support-others  -1.33435  1.000  

know-who-to-ask  want-to-make-changes  0.87227  1.000  
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know-who-to-ask  No Response  -13.58795  < .001  

learned-something  make-a-positive-change  -0.04250  1.000  

learned-something  more-hopeful  -0.87398  1.000  

learned-something  motivated-to-advise  -0.88773  1.000  

learned-something  not-judged  -2.96517  0.904  

learned-something  open-up-more  1.62042  1.000  

learned-something  others-have-same-experiences  -0.36575  1.000  

learned-something  problems-more-manageable  0.29928  1.000  

learned-something  skills-to-help-others  -0.71619  1.000  

learned-something  support-others  -1.37534  1.000  

learned-something  want-to-make-changes  0.49146  1.000  

learned-something  No Response  -9.01125  < .001  

make-a-positive-

change 
 more-hopeful  -0.87486  1.000  

make-a-positive-

change 
 motivated-to-advise  -0.91358  1.000  

make-a-positive-

change 
 not-judged  -3.20399  0.819  

make-a-positive-

change 
 open-up-more  1.70865  1.000  

make-a-positive-

change 
 others-have-same-experiences  -0.33727  1.000  

make-a-positive-

change 
 problems-more-manageable  0.35592  1.000  

make-a-positive-

change 
 skills-to-help-others  -0.71009  1.000  

make-a-positive-

change 
 support-others  -1.39635  1.000  

make-a-positive-

change 
 want-to-make-changes  0.54733  1.000  

make-a-positive-

change 
 No Response  -10.16984  < .001  

more-hopeful  motivated-to-advise  0.11720  1.000  

more-hopeful  not-judged  -2.46997  0.986  

more-hopeful  open-up-more  2.59859  0.975  

more-hopeful  others-have-same-experiences  0.53605  1.000  

more-hopeful  problems-more-manageable  1.25693  1.000  

more-hopeful  skills-to-help-others  0.11474  1.000  

more-hopeful  support-others  -0.68037  1.000  

more-hopeful  want-to-make-changes  1.38848  1.000  
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more-hopeful  No Response  -10.56530  < .001  

motivated-to-advise  not-judged  -3.66487  0.582  

motivated-to-advise  open-up-more  2.78140  0.948  

motivated-to-advise  others-have-same-experiences  0.51426  1.000  

motivated-to-advise  problems-more-manageable  1.32499  1.000  

motivated-to-advise  skills-to-help-others  0.02790  1.000  

motivated-to-advise  support-others  -0.88596  1.000  

motivated-to-advise  want-to-make-changes  1.44418  1.000  

motivated-to-advise  No Response  -16.01813  < .001  

not-judged  open-up-more  4.68844  0.126  

not-judged  others-have-same-experiences  2.86984  0.929  

not-judged  problems-more-manageable  3.54168  0.652  

not-judged  skills-to-help-others  2.39283  0.991  

not-judged  support-others  1.28237  1.000  

not-judged  want-to-make-changes  3.41045  0.722  

not-judged  No Response  -15.33947  < .001  

open-up-more  others-have-same-experiences  -2.06033  0.999  

open-up-more  problems-more-manageable  -1.40497  1.000  

open-up-more  skills-to-help-others  -2.34877  0.993  

open-up-more  support-others  -2.90329  0.921  

open-up-more  want-to-make-changes  -1.12335  1.000  

open-up-more  No Response  -9.66516  < .001  

others-have-same-ex-

periences 
 problems-more-manageable  0.70516  1.000  

others-have-same-ex-

periences 
 skills-to-help-others  -0.39008  1.000  

others-have-same-ex-

periences 
 support-others  -1.11765  1.000  

others-have-same-ex-

periences 
 want-to-make-changes  0.87757  1.000  

others-have-same-ex-

periences 
 No Response  -9.93819  < .001  

problems-more-man-

ageable 
 skills-to-help-others  -1.06749  1.000  

problems-more-man-

ageable 
 support-others  -1.74347  1.000  

problems-more-man-

ageable 
 want-to-make-changes  0.22097  1.000  

problems-more-man-

ageable 
 No Response  -9.76210  < .001  
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skills-to-help-others  support-others  -0.73298  1.000  

skills-to-help-others  want-to-make-changes  1.20252  1.000  

skills-to-help-others  No Response  -10.02723  < .001  

support-others  want-to-make-changes  1.82525  1.000  

support-others  No Response  -8.59153  < .001  

want-to-make-

changes 
 No Response  -8.80683  < .001  
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