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Abstract: Evolutionary psychology theories propose that contact with green, natural environments
may benefit physical health, but little comparable evidence exists for brown, natural environments,
such as the desert. In this study, we examined the association between “brownness” and
“greenness” with fasting glucose among young residents of El Paso, Texas. We defined brownness
as the surface not covered by vegetation or impervious land within Euclidian buffers around
participants’ homes. Fasting glucose along with demographic and behavioral data was obtained
from the Nurse Engagement and Wellness Study (N = 517). We found that residential proximity to
brownness was not associated with fasting glucose when modeled independently. In contrast, we
found that residential greenness was associated with decreased levels of fasting glucose, despite
the relatively low levels of greenness within the predominantly desert environment of El Paso. A
difference between the top and bottom greenness exposure quartiles within a 250 m buffer was
associated with a 3.5 mg/dL decrease in fasting glucose levels (95% confidence interval: -6.2, -0.8).
Our results suggest that within the understudied context of the desert, green vegetation may be
health-promoting to a degree that is similar to other, non-desert locations in the world that have
higher baselines levels of green.
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1. Introduction

Despite an unprecedented rate of global urbanization over the past several decades, human
evolution has primarily occurred in natural environments [1-4]. A mounting body of evidence
shows that exposure to elements of these natural environments (e.g., trees, vegetation, lakes, and
oceans) contributes to human health and wellbeing [5-8]. For example, exposure to greenness (i.e.,
trees, vegetation) has been associated with better sleep [9-13], cognitive function [14-16], and
immune function [17-19], as well as reduced stress [15,20-23], and depressive symptoms [24-27].
Similarly, exposure to blueness (i.e. lakes, rivers, sea) has been linked to mental health and wellbeing
[28-34].

Rare in this field are studies that examine the impact of “brownness” (i.e. elements of the desert
environment) on health — despite the fact that these natural landscapes represent more than 35% of
earth’s land cover and are home to over 20% of the global population [35]. Work from evolutionary
psychology and biophilic principles generally supports the idea that a negative association would
exist, given the lack of cues of resource availability, refuge, or restoration that these environments
contain [22,36]. Recent research in support of this negative association includes an experimental
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study that showed a depleting effect of observing images of desert landscapes on motivation to
change bad habits [37]. Another experimental study showed that college students preferred deserts
less and believed them to be less restorative than coniferous forest and tundra biomes [38].
However, to the best of our knowledge, the link between brownness and health has not been
explicitly assessed with larger sample sizes of participants who actually live in and are familiar with
deserts.

The dominant focus on greenness in the environmental psychology and epidemiology literature
is understandable, but limited. Underlying theories, such as the savanna and forest hypotheses
[39-41], posit an innate human preference for green environments, and are commonly called upon to
explain the restorative and health promoting effects of greenness [38]. These theories are less
relevant to the study of nature contact and health in arid regions, where the attributes of nature, such
as biodiversity and vegetation characteristics (e.g., tree height and structure) are vastly different
from those in temperature environments [42]. Moreover, land use and climate changes are projected
to increase the global desert surface area to 48% by the end of the century, with 78% of the estimated
change occurring in developing countries [43]. As the world urbanizes and climate change takes
place, human contact with green natural environments is likely to become increasingly rare and
socially structured. In order to better understand the ways in which expected changes to the global
environmental landscape will affect human health, we must investigate the ways in which desert
landscapes are associated with physical health outcomes, whether these associations come from the
presence of these arid environments or the lack of an exposure to green ones, and the ways in which
even small amounts of green that exist within desert landscapes may still provide health benefits.

Here, we aim to answer these questions in the context of glucose dysregulation, a risk factor for
type 2 diabetes. Type 2 diabetes contributes substantially to the global burden of disease [44] and is
more prevalent among individuals in social disadvantage (e.g., racial or ethnic minorities, living in
poverty) [45]. A small body of evidence supports protective associations between greenness and
diabetes prevalence [46-49], diabetes incidence [44,50], blood glucose [51], and glucose tolerance
[48]. However, it is currently unknown if there is an adverse association between brownness and
fasting glucose, or whether these relationships persist with the small amounts of vegetation that
occur in desert environments. We hypothesized that the presence of brownness, and not the absence
of greenness, is associated with elevated (harmful) fasting glucose, and that the presence of
greenness, even in the small amounts that occur in desert environments, is associated with lower
(protective) levels of fasting glucose. We examined these hypotheses using data from a
cross-sectional cohort of nursing students living in El Paso, Texas, which is located within the
Chihuahuan desert in the United States southwest.

2. Methods

2.1. Study Population

We used baseline measurements from the Nurse Engagement and Wellness Study (NEWS),
which has been described in detail elsewhere [52]. In short, the NEWS consists of a prospective
cohort of 517 women and men between 18 and 55 years of age enrolled during the first semester of
the Bachelor of Science in Nursing (BSN) program at the University of Texas at El Paso.
Measurements included fasting glucose levels, body mass index, physical activity, as well as sleep
duration and quality. Participant enrollment occurred between August 2015 and May 2018. Nursing
students were recruited via emails, posters, flyers, media outlets and information sessions and
provided informed consent prior to participation. The study was approved by institutional review
boards at the University of Texas at El Paso (857149-1) and Harvard University (16-0080).

2.2. Study Assessments

Fasting Glucose: Glucose measurements were conducted after an overnight fast at the
Biobehavioral Research Laboratory at the University of Texas at El Paso. A Cholestech LDX®
Analyzer (Cholestech Corporation, USA) was used to measure glucose levels on Lipid Panel plus
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Glucose Panel cassettes, across a range of 2.8-27.8 mmol/L, on approximately 35 pL of whole blood.
The Cholestech LDX Analyzer measures glucose concentrations via an enzymatic method that uses
glucose oxidase to catalyze the oxidation of glucose peroxide. Glucose measurements using this
method have been found to be in good agreement (95% CI: 92%-100%) with plasma glucose
measurements conducted via a hexokinase method on a Hitachi 917 analyzer [53]. The instrument
was calibrated immediately prior to each measurement following the protocol provided by the
manufacturer.

Greenness: A proxy for chronic exposure to neighborhood-level greenness was calculated with a
cumulative opportunity approach, using Euclidean buffers centered around participants’ residential
addresses [54]. Greenness was defined as the normalized difference vegetative index (NDVI) in 30
m? pixels using cloud-free Landsat 7 satellite imagery from a single summer day in 2016 [55].
Negative NDVI values were present in less than 5% of the study region. These were reclassified as
missing data to avoid blue space (i.e., the Rio Grande river and irrigation canals) degrading
greenness values and confounding results. Pixel values were averaged across buffer radii that
corresponded to the amount of healthy and leafy green vegetation within a 3 min (250 m), 6 min (500
m), 120 min (1000 m) and 35 min (3000 m) walk for a healthy adult in their 30’s [56]. Since there was
insufficient evidence from previous research to define an optimal buffer size, we used multiple sizes
and explore relationships across them.

Figure 1. Aerial image showing examples of brownness, greenness, and grayness in a residential area
of El Paso, Texas, in June, 2019. Image source: GoogleEarth®, © 2020 Google; © 2020 INEGL

Brownness: Given the native desert landscape of El Paso, Texas, brownness was defined as the
surface area that was not covered by vegetation or impervious surfaces (Figure 1). We calculated
brownness in each 30 m? pixel with the following equation:

Brownness = 1.00 — Greenness — Impervious

Here, greenness references NDVI values that range from 0 (no green) to 1 (maximum green).
Impervious ('grayness”) represents the percentage of concrete, buildings, and natural rock (i.e.,
contiguous surface outcroppings) that do not allow water infiltration. Our operationalization of
"brownness," therefore, includes only soil, sand, and other natural non-living moveable materials.
Impervious data were obtained from the National Land Cover Database (NLCD). These data were
developed by the Multi-Resolution Land Characteristics (MRLC) Consortium (www.mrlc.gov) and
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displays 80% classification accuracy [57]. The pixel values were then averaged across the same buffer
sizes that were used in the residential greenness estimations.

Covariates: An array of sociodemographic and health behavioral data were obtained through
questionnaires with NEWS participants. Federal poverty status and the highest level of maternal
education were used as indicators of socioeconomical status. Duration of physical activity by activity
level (e.g., walking versus swimming or running), sleep activity by duration and subjective levels of
quality were used to assess the role of health behaviors as potential intermediates of the association
between greenness, brownness and fasting glucose [44]. Physical activity variables were used to
estimate combined MET minutes per week [58].

2.3. Statistical Analyses

Primary analyses were restricted to participants under the age of 40, as individuals older than
40 years were considered more likely to have advanced states of illness, multiple comorbidities, and
different behavioral patterns than the majority of the cohort [59]. The number of participants in the
cohort that were 40 years or older was small (n=19, 3.7% of the entire study). A further 28
participants were excluded for lack of outcome data, and 14 participants for lack of exposure data, or
reporting primary residence addresses outside of the greater El Paso, Texas area. The final analytical
sample with complete data was 456.

We assessed relationships between exposure to greenness, brownness, and grayness exposures
within different buffer sizes (e.g., 250 m, 500 m, 1000 m and 3000 m) and fasting glucose using linear
regression models. Models included a natural cubic spline for age, indicator variables for gender and
Hispanic ethnicity, categorical variables for race and maternal education level, and ratios of
self-reported household income over the federal poverty threshold for individual socio-economic
status. Greenness, brownness, or grayness values were entered in separate models as continuous
variables, as well as in combinations of two of the three values. Given the relationship of the three
values (summing to 1 or 100%), the parameters of models with a combination of two of these values
are interpreted as the change in the outcome for an increase in exposure conditional on the other
exposure in the model being constant, or in other words the exposure value left out of the model
would have to decrease for any increase in the exposures in the models. For example, in the model
including brownness and grayness, their respective model parameters are interpreted as the change
in glucose for an incremental increase in brownness (or grayness) and corresponding incremental
decrease in greenness, holding grayness (or brownness) constant. Potential non-linearities in
exposure response were tested by fitting the exposure as categorical quartiles with the lowest
quartile as the reference group in the same models as above and in a generalized additive
framework using a penalized spline term.

In separate models, we added BMI, self-reported sleep quality, or physical activity levels to
compare effect estimates with base models and examine for potential mediation. We also assessed
potential associations between exposure variables (i.e., greenness and brownness) and each of these
potential mediating variables by treating each mediator as a dependent variable while adjusting for
the same covariates as in the base model. Potential effect modification between exposure variables
and glucose levels by physical activity and sleep quality was also assessed though interaction terms.

3. Results

The sample consisted of 456 participants who were younger than 40 years of age. The mean age
was 24.2 years (SD = 4.5). 80% were female and 91% identified as Hispanic or Latino (Table 1). 85% of
participants lived at their current address for two years or more and 66% for at least five years.
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Table 1. Demographic characteristics of the Nurse Engagement and Wellness Study (NEWS)
analytical sample in the current study (n=456).

Characteristic

Age (years), mean+SD 24.20+4.53
BMI (kg/m?), mean+SD 25.3845.36
Male, n (%) 92 (20.2)
Race, n (%)
American Indian or Alaska Native 10 (2.2)
Asian 9 (2.0)
Black or African American 11 (2.4)
Native Hawaiian or Other Pacific Islander 1(0.2)
White 425 (93.2)
Hispanic or Latino, n (%) 413 (90.6)
Maternal Education, n (%)
No High School 49 (10.7)
Some High School 35(7.7)
High School Graduate 97 (21.0)
Some College 129 (28.2)
College graduate 142 (31.1)
Income/Poverty”, mean+SD 2.27+£1.83
Physical activity” (MET hours/week), mean+SD 63.6£73.9
Sleep (hours)*, mean+SD 6.39+1.08

‘Information on income over poverty ratio, physical activity, and sleep duration was missing for
67(14.6%), 6(1.3%) and 46(10.1%) participants respectively.

Residential exposure data varied more for brownness than greenness, across the sample (Figure
2). At the 250 m buffer, brownness values averaged near 0.51 (SD = 0.17) and ranged from 0.14 to
0.94. Greenness values at the 250 m buffer averaged near 0.11 (SD = 0.03) and ranged from 0.04 to
0.28. Grayness values averaged near 0.39 (SD = 0.17) and ranged from 0.00 to 0.82 at the same buffer
size. Summary statistics for the three exposure values by buffer size are also available in
Supplemental Table S1.

There were differences in the distribution of covariates across brownness quartiles
(Supplemental Table S2). Participant’s maternal education tended to be higher in areas of lower
brownness (F(3, 453)=4.26, p=0.005). Similarly, for the distribution of covariates across greenness
quartiles, significant differences were seen for age with younger participants tending to reside in
greener areas (F(3,453)=3.21, p=0.03) (Supplemental Table S3).

At the 250 m buffer, brownness was not associated with fasting glucose levels when it was
modeled independently or in models adjusted for greenness (Table 2). However, when modeled
together and in the absence of greenness, both brownness and grayness were positively associated
with fasting glucose. An interquartile increase in brownness at the 250 m buffer size, holding
grayness constant (i.e., same incremental decrease in greenness) was associated with a 6.6 mg/dL
increase in fasting glucose levels (95% confidence interval (CI): -0.1, 13.6). Results at the 500 m and
1000 m buffers were similar, but associations weakened at the 3000 m buffer size (Supplemental
Table S4).
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Figure 2. Boxplots for the distribution of brownness, greenness and grayness values summarized
across different buffer sizes (e.g., 250m, 500m, 100m, 3000m) around participants homes. Greenness
was measured with NDVI scores and brownness as the remaining surface area after subtracting the
fractions of green surface and impervious (gray) surface from the total area of the buffer. The amount
of impervious surface was obtained from the National Land Cover Database (NLCD) developed by
the Multi-Resolution Land Characteristics (MRLC) Consortium (www.mrlc.gov).

A significant inverse association was observed between glucose levels and greenness quartiles
at the 250 m buffer size with comparable effect estimates for the 500 m and 1000 m buffers (Figure 3).
The difference between the top and bottom quartiles at the 250m buffer was associated with a 3.5
mg/dL decrease in glucose levels (95% confidence interval: -6.2, -0.8). Significant effect estimates for
a linear greenness term were also seen at the 250 m and 1000 m buffer sizes. The association between
greenness and glucose was not affected by the inclusion of brownness or grayness (Table 2). The
linearity of the relationship between fasting glucose and greenness varied by buffer size, with the
relationship being closest to linear for the 500 m buffer (see Figure 4).
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Table 2. Associations between fasting glucose levels and greenness, brownness and impervious
surface area. Results shown at the 250m buffer, from models including each exposure measure
separately, and models with each combination of two of the exposure measures.

Model  Exposure(s) Change in Fasting Glucose, mg/dL (95% CI)
Brownness Greenness Grayness

1 o -0.01 (-0.07, 0.05)

2 o o -0.01 (-0.07,0.05) -0.32 (-0.63, -0.01)

3 o B 0.31(-0.02,0.63) 0.32(0.01, 0.63)
4 4 -0.32 (-0.63, -0.01)

5 4 | -0.31(-0.63,0.02)  0.01(-0.05, 0.07)
6 ] 0.02 (-0.04, 0.08)

¢, greenness; o, brownness; m, grayness; all models adjusted for age, gender, race/ethnicity, ratio of
household income over poverty and maternal education. Effect estimates for linear terms are for a
0.01 (1%) increase in exposure values.
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Figure 3. Estimated changes in glucose levels associated with exposure to greenness measured at
different buffer sizes (e.g., 250m, 500m, 1000m, and 3000m) using quartiles of exposure and a linear
term (results for linear term presented for an interquartile range increase in exposure at each buffer
size). Changes in glucose levels were estimated with linear regression models adjusted for age,
gender, Hispanic ethnicity, race, and socioeconomic status (maternal education level and income
over poverty ratio).
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Figure 4. Penalized splines for the association between greenness measured at difference buffer sizes
and changes in fasting glucose levels from generalized additive models adjusted for age, gender,
Hispanic ethnicity, race, and socioeconomic status (maternal education level and income over
poverty ratio).

Associations between fasting glucose and BMI, sleep quality, sleep duration, and physical
activity were observed in the expected directions, with lower BMI, higher physical activity and sleep
duration and better sleep quality associated with decreased glucose levels. However, only the
association with BMI was statistically significant (Supplemental Table S5). Associations of
brownness and grayness with fasting glucose were unaffected by the inclusion of these factors into
the models (Supplemental Table S6). The association between greenness and fasting glucose was
also unaffected by the introduction of, sleep quality, sleep duration or physical activity into the
model. The association was slightly stronger with the inclusion of BMI in the model, which was in
line with the positive association observed between greenness and BMI (Table 3). Interaction terms
between greenness and BMI, sleep quality or physical activity were not statistically significant (p >
.05). Increase in greenness was associated with increased odds of better sleep quality, and increased
odds of having physical activity levels greater or equal to 500 MET-minutes per week compared to
less, but ClIs for the associations included the null.
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Table 3. Associations between greenness measured at the 250m buffer size, and potential mediators
for the association with fasting glucose. Results presented from models where each mediator was
modelled as the outcome of interest, both as continuous and binary” variables in linear and logistic
models respectively.

Potential mediator Association with an IQR increase in greenness
Change (95% CI) OR (95% CI)
BMI (kg/m3) 0.49 (0.00, 0.97) 1.21 (0.96, 1.52)
Physical Activity (percent change)™ 5.1(-5.5, 16.8) 1.42(0.92, 2.19)
Sleep Duration (hours) -0.04 (-0.14, 0.05) .
Sleep Quality 1.16 (0.95, 1.40)

“Binary variables defined as BMI>= and <30 kg/m3physcal activity as >= and <500 MET mins/week,
and Sleep Quality (self-reported ‘strongly agree’ or ‘agree” with good quality of sleep compared to
‘neutral’, ‘disagree’ or ‘strongly disagree’); “Physical activity in MET mins/week was log
transformed and results from linear model for this outcome presented as percent change.

4. Discussion

In this study, we used cross-sectional data from healthy young adults living in El Paso, Texas to
examine whether the presence of brownness, and not the absence of greenness, around the
residences of participants is associated with elevated fasting glucose, and if the presence of
greenness is associated with lower fasting glucose within desert environments. We did not observe
an association between brownness and fasting glucose when brownness was modeled
independently or when greenness was included as a covariate in the model. However, when
brownness and grayness were modeled together, we did find a positive association between
brownness and fasting glucose. Given the fact that when brownness and grayness are modeled
together, they vary at the expense of greenness, the positive association of fasting glucose with
brownness was interpreted as the result of an absence of greenness, rather than an adverse
association stemming from the presence of brownness (or grayness for that matter). We also
observed an association between higher levels of greenness around participants’ homes and lower
levels of fasting glucose after adjustment for potential confounders and mediators. This association
was relatively consistent across 250 m, 500 m, and 1000m buffer sizes, but weaker at 3000 m.

The primary contribution of these findings is preliminary epidemiological evidence linking
greenness with lower levels of fasting glucose within a desert environment. In contrast to the vast
majority of studies on greenness and health, we conducted our study in a desert where average
levels of greenness are very low and remaining land cover is mostly "brown" and "gray".
Specifically, our results show that in El Paso, Texas where the median NDVI at 250 m was 0.10 (IQR,
0.03; min, 0.04; max, 0.28) a difference in NDVI between the top (NDVI> 0.11) and bottom
(NDVI<0.09) quartiles was associated with a 3.5 mg/dL reduction (95% CI: -6.2, -0.8) in fasting
glucose. Surprisingly, the magnitude of this association with fasting glucose is consistent with two
recent studies conducted in non-desert environments where the range and average exposure to
greenness were much greater than in our study [48,49]. In a prospective cohort of 6807 pregnant
women in Wuhan, China, where the median NDVI at 300 m was 0.33 (IQR, 0.27; min, -0.09; max, .84),
a difference in NDVI at 300 m between the top and bottom quartiles was associated with a 3 mg/dL
reduction (95% CI: 3.8, 2.5) in fasting glucose, after adjusting for age, education, BMI, smoking,
parity, season of conception, income, and urbanicity [48]. In a cohort study of 15,477 adults across 33
Chinese communities where the median NDVI at 500 m was 0.29 (IQR, 0.17; min, 0.18; max, 0.82) a
0.1 increase in NDVI was associated with a 1.29% reduction (95% CI: 1.05, 1.55) in fasting glucose
after adjusting for age, sex, education, income and ethnicity cohort of s from [49]. The fact that these
associations between greenness and fasting glucose are similar—despite the fact that the local
amounts of greenness in El Paso, Texas are smaller than the amounts in these locations-lends
credence to the idea that these associations exist with respect to relative levels of greenness, rather
than absolute.

Our results are also consistent with a broader set of studies that show that greenness closer to
the home improves diabetes-related health outcomes. Pescador Jimenez et al. [60] observed that
Massachusetts teenagers living in the highest quintile of residential greenness displayed lower
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insulin resistance than those in the lowest quintile. Similar to our findings, these differences were
observed only for small 90 m and 270 m radial buffers around the home. No associations were found
for 1230 m buffers. Our results are also in line with other emerging work on the association of
greenness and diabetes related risk factors. Israeli children and teenagers who spent approximately
two hours more per week in green space displayed a 0.5 mg/dL decrease in fasting glucose levels
(95% CI: 0.9, 0.1) than other children, after adjusting for age, sex, birth weight, diet, parental risk
factors, urbanity, and socioeconomic status [47]. Among teenagers in Germany, a 0.2 NDVI increase
in a 1000 m buffer was associated with lower insulin resistance after adjusting for BMI, smoking,
physical activity, and study area/individual characteristics.

Other epidemiological studies suggest that greenness suppresses a range of risk factors
associated with type 2 diabetes, including poor sleep [9,12,46] and physical inactivity [61,62]. The
results of our study among predominantly young Hispanics living in the desert were consistent with
these findings in terms of direction of effect estimates, but we did not observe statistically significant
associations between greenness and physical activity levels or sleep quality.

4.1. Implications for Theory

Several theories grounded in evolutionary psychology posit a human preference for natural
environments [4,36,39,41,63,64] — and are commonly called upon to explain the link between
greenness and health [62,65,66]. Some of these theories, such as the savanna [41] and forest
hypotheses [39], specifically propose a human preference for green environments, while others
describe a preference for natural landscapes that offer conditions for survival [36], parasympathetic
nervous system activation [4], or attention restoration [63]. Desert landscapes have not typically
been included in the studies that use these hypotheses as their theoretical foundation. Brown
environments do not fall into the categories of natural environments that are typically considered
“beneficial” and full of available resources given our evolutionary past. Thus, to the best of our
knowledge, the association of “brown” environments with health has not been tested using an
epidemiological approach until now. When operating purely from the perspective of the biophilia
hypothesis [64], a reasonable conclusion might be that desert environments represent harsh and
inhospitable landscapes, and that proximity and exposure to them may therefore result in negative
health outcomes. However, in our study, residential brownness was not associated with fasting
glucose after adjusting for age, race, Hispanic ethnicity, socioeconomic status, and BMI.

One possible explanation for the lack of a significant, adverse association between brownness
and fasting glucose may be due to the characteristics of the population used in this study. The cohort
consisted of long-term residents of the study region, individuals who may have developed
familiarity and increased preference for desert landscapes. Attachment to desert landscapes, and the
sense of place that these individuals might feel towards their local environments could potentially
moderate what might otherwise be negative impacts [67,68]; highlighting the importance of the lived
experience, relative to evolutionary perspective, in explaining the nature-human health relationship.
On the other hand, the fact that we observed an association of greenness with lower fasting glucose
in a predominately brown environment (despite adjustment for commonly proposed behavioral
factors such as physical activity and sleep), supports prevalent evolutionary psychological theory,
and not necessarily the influence of developed preferences or familiarity. Therefore, further research
on the role of familiarity and sense of place in the nature-health connection is necessary to
disentangle the roles of evolutionary psychology from those of the lived experience.

4.2. Implications for Practice

Our study suggests that in the desert, even small-scale greening interventions may provide a
protective factor for health. The fact that the association between greenness and fasting glucose in El
Paso, Texas is comparable to results from studies in China [48,49] —despite marked differences in the
range of greenness levels—suggests that exposure levels to greenness should be considered relative
to a local norm. It may be that the most relevant predictor for health is a change or difference in relative
levels of nearby greenness, in contrast to a consideration of the absolute value of greenness without
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taking this context into account. In other words, greening interventions in deserts may be protective
even if they are constrained to relatively small increases in vegetative cover, given the local context.
The possibility that even small increases in greenness might improve health in deserts where levels
of precipitation are low, and artificial irrigation is costly, supports the feasibility of policy-driven
interventions in these environments.

In this regard, our results also have implications for vulnerable communities, which are often
exposed to greater environmental injustices, including low levels and quality of greenness [69].
Desertification will increase as climate change continues, particularly in developing countries where
vulnerable communities will be more likely to be exposed to brownness and limited amount of
greenness [43]. Because populations of higher socio-economic status will be more able to move or
protect themselves from a changing climate, the "browning" of our globe may further exacerbate the
poor living conditions of marginalized populations [70].

Our findings lend themselves to three practical conclusions that provide hope to public health
officials battling these changes. First, we found associations between very small increases in
greenness and reductions in fasting glucose, which is relevant to a disease that is rapidly rising in
low-income populations [71]. Second, we found an association of greenness with lower fasting
glucose specifically within desert environments. Third, our assessment was in a cohort of mostly
Hispanic people who are at higher risk of diabetes [72] and are already concentrated in the desert
regions of the U.S. [73].

4.3. Strengths and Limitations

The results of our study need to be interpreted in light of several limitations. The cross-sectional
design of our study limited our ability to assess the assumed temporal order and directionality of the
associations between exposure, potential mediators and the outcome of interest. The positive
association between greenness levels and BMI, may have been the result of residual confounding.
Our study may also have been underpowered to asses more modest associations between the
exposure and potential mediators. The self-reported nature of data on potential mediators is also a
limitation. Further, our sample was dominated by a specific sociodemographic makeup that is
nonrepresentative of the general population in the United States and therefore limits
generalizability.

Our greenness measure leaves some room for improvement. Sensitivity analyses across several
buffer sizes revealed that the linearity of the relationship between greenness and fasting glucose
varied by the geographic scale in which greenness was measured. Consequently, we focused our
analysis on greenness exposure measured in 250 m and 500 m radial buffers, which exhibited the
strongest linear relationship with fasting glucose but limited our direct comparison with published
results from other studies with different buffer sizes. The use of NDVI as the metric for greenness
has a series of limitations as well. NDVI does not allow for disentanglement of the type and quality
of vegetation. Variations in NDVI in desserts have also been claimed to represent biological soil
crusts as much as or more than actual leafy green vegetative cover [74]. Future work should consider
alternative greenness measures, including Google Street View imagery or tree canopy cover. We
were also not able to measure time spent at locations others than home, so our assessments were
constrained to cumulative exposure calculations based upon residential location.

Our brownness measure was an early and imperfect attempt to measure the impacts of deserts
on health. Values were calculated as the land cover not included in satellite measures of greenness
(NDVI) or grayness (impervious surfaces). Some scenic attributes of deserts were excluded from
these calculations, notably cohesive surface rock outcroppings. Further work with more
comprehensive and sophisticated measures of brownness is necessary to rule out associations
between brownness and fasting glucose.

We acknowledge that the differences in fasting glucose levels between greener and less green
residential environments here and in other studies are rather modest. It is unclear whether
associations across sub-groups of individuals such as those who are physiologically compromised or
socially vulnerable are present. Future research is needed to verify the true causal impact of
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greening on diabetes risk factors with more longitudinal or experimental study designs. Also
needed are studies that determine the effect size of greenness exposure on glucose across different
sub-groups from the general population.

Despite these limitations, our study has several strengths. To the best of our knowledge, this is
the first analysis of the association between residential brownness and health, and also the first
examination of the ways in which small amounts of greenness are associated with diabetes risk
factors in arid environments. Identifying an association between greenness and glucose levels at the
lowest levels of greenspace exposure increases our confidence in a robust association between these
variables.

5. Conclusions

In contrast to what the biophilia hypothesis and traditional theories from evolutionary
psychology might predict, we did not observe a negative association of residential brownness (sand,
soil) with fasting glucose in a cohort of young adults living in the desert region of El Paso, Texas.
This may be due to the moderating influence of preference, familiarity, and sense of place that this
population has for the desert environment in which they live. We did observe an association
between residential greenness and fasting glucose. Adjustment for socioeconomic status, BMI, sleep
quality, sleep duration, and physical activity did not affect this association. Despite the low levels of
greenness in this desert environment, effect sizes were similar to those reported from regions with
considerably higher levels of greenness. Our findings support the conclusion that the beneficial
health associations of residential greenness should be considered in relative vs. absolute terms, and
within the greater context in which this greenness exists. Even small absolute changes in greenness
may have health implications within desert environments, given the fact that these differences could
represent substantial relative changes in these areas. Further research is necessary to confirm that
there is a protective effect of low levels of greenness on glucose and other diabetes-related pathways
in desert environments. However, our findings support the feasibility of small-scale greening
interventions, especially as climate change increases the likelihood that large, potentially vulnerable
segments of the global population may live within desert environments, and experience greater
daily exposure to desert landscapes.

Author Contributions: All authors contributed substantially to the development of this research article in the
following manner: conceptualization H.A.O.A., M. H.EM.B., AM.N., G.N.B.; methodology H.A.O.A.; formal
analysis A.M.N.; investigation H.A.O.A; resources H.A.O.A.; data curation H.A.O.A., AM.N.; writing-original
draft preparation H.A.O.A, M. HEM.B., AMN., G.N.B., writing-review editing H.A.O.A.,, M.HEM.B,,
AM.N., G.N.B.; visualization H.A.O.A., AM.N.; supervision H.A.O.A.; project administration H.A.O.A,;
funding acquisition H.A.O.A., AM.N., G.N.B.

Funding: Preparation of this manuscript was supported by grants from the JPB Environmental Health
Fellowship [to Hector A. Olvera Alvarez and Gregory N. Bratman]; the National Institute for Environmental
Health Sciences [subaward 3RGN4 on grant 2R01ES014639-12 to Hector A. Olvera Alvarez]; the National
Institute for Environmental Health Sciences [grant RO0 ES027511 to Andreas M. Neophytou]. The content is
solely the responsibility of the author and does not necessarily represent the official views of the National
Institutes of Health.

Acknowledgments: We want to thank all the participants of the Nurse Engagement and Wellness Study
(NEWS) as well as the entire study team at the University of Texas at El Paso Biobehavioral Research
Laboratory (BbRL). Particularly, we want to thank Diana P. Flores for assisting in reviewing the literature and
in the preparation of this manuscript.

Conflicts of Interest: The authors declare no conflict of interest.

References

1. Kaplan, S. The restorative benefits of nature: Toward an integrative framework. Journal of Environmental
Psychology 1995, 15, 169-182, d0i:10.1016/0272-4944(95)90001-2. [CrossRef]
2. Kellert, S.R.; Wilson, E.O. The biophilia hypothesis; Island Press: Washington DC, 1993.


https://doi.org/10.1016/0272-4944(95)90001-2
https://doi.org/10.20944/preprints202011.0538.v1

Preprints (www.preprints.org) | NOT PEER-REVIEWED | Posted: 20 November 2020 d0i:10.20944/preprints202011.0538.v1

3. Moreno Brito Moura, J.; Soares Ferreira Junior, W.; Cristina da Silva, T.; Paulino Albuquerque, U.
Landscapes preferences in the human species: insights for ethnobiology from evolutionary psychology.
Ethnobiology and Conservation 2017, 6, 1-7, d0i:10.15451/ec2017-07-6.10-1-7. [CrossRef]

4. Ulrich, R.S. Aesthetic and Affective Response to Natural Environment. In Behavior and the Natural
Environment, 1983, pp. 85-125, ISBN 978-1-4613-3539-9. [CrossRef]

5.  Bratman, G.N.; Anderson, C.B.; Berman, M.G.; Cochran, B.; De Vries, S.; Flanders, J.; Folke, C.; Frumkin,
H.; Gross, ].J.; Hartig, T., et al. Nature and mental health: An ecosystem service perspective. Science
Advances 2019, 5, eaax0903, doi:10.1126/sciadv.aax0903. [CrossRef] [PubMed]

6.  Frumkin, H.; Bratman, G.N.; Breslow, S.J.; Cochran, B.; Kahn, P.H., Jr.; Lawler, ].J.; Levin, P.S.; Tandon,
P.S.; Varanasi, U.; Wolf, K.L., et al. Nature Contact and Human Health: A Research Agenda. Environ Health
Perspect 2017, 125, 075001, d0i:10.1289/EHP1663. [CrossRef] [PubMed]

7. Hartig, T.; van den Berg, A.E.; Hagerhall, C.M.; Tomalak, M.; Bauer, N.; Hansmann, R.; Ojala, A,;
Syngollitou, E.; Carrus, G.; van Herzele, A., et al. Health Benefits of Nature Experience: Psychological,
Social and Cultural Processes. In Forests, Trees and Human Health, 2011, pp. 127-168, ISBN
978-90-481-9806-1. [CrossRef]

8. James, P; Banay, RF.; Hart, ].E.; Laden, F. A Review of the Health Benefits of Greenness. Curr Epidemiol
Rep 2015, 2, 131-142, doi:10.1007/s40471-015-0043-7. [CrossRef] [PubMed]

9.  Astell-Burt, T.; Feng, X.; Kolt, G.S. Does access to neighbourhood green space promote a healthy duration

of sleep? Novel findings from a cross-sectional study of 259 319 Australians. BM] Open 2013, 3,
doi:10.1136/bmjopen-2013-003094. [CrossRef] [PubMed]

10. Grigsby-Toussaint, D.S.; Turi, K.N.; Krupa, M.; Williams, N.J.; Pandi-Perumal, S.R.; Jean-Louis, G. Sleep
insufficiency and the natural environment: Results from the US Behavioral Risk Factor Surveillance
System survey. Prev Med 2015, 78, 78-84, doi:10.1016/j.ypmed.2015.07.011. [CrossRef] [PubMed]

11. Morita, E.; Imai, M.; Okawa, M.; Miyaura, T.; Miyazaki, S. A before and after comparison of the effects of

forest walking on the sleep of a community-based sample of people with sleep complaints. BioPsychoSocial
Medicine 2011, 5, 13, d0i:10.1186/1751-0759-5-13. [CrossRef] [PubMed]

12. Shin, J.C; Parab, K.V,; An, R.; Grigsby-Toussaint, D.S. Greenspace exposure and sleep: A systematic
review. Environ Res 2020, 182, 109081, doi:10.1016/j.envres.2019.109081. [CrossRef] [PubMed]

13. Triguero-Mas, M.; Donaire-Gonzalez, D.; Seto, E.; Valentin, A.; Martinez, D.; Smith, G.; Hurst, G,;
Carrasco-Turigas, G.; Masterson, D.; van den Berg, M., et al. Natural outdoor environments and mental
health: Stress as a possible mechanism. Environ Res 2017, 159, 629-638, doi:10.1016/j.envres.2017.08.048.
[CrossRef] [PubMed]

14. Berman, M.G.; Jonides, ].; Kaplan, S. The Cognitive Benefits of Interacting With Nature. Psychological
Science 2008, 19, 1207-1212, doi:10.1111/j.1467-9280.2008.02225.x. [ CrossRef] [PubMed]

15. Bratman, G.N.; Daily, G.C.; Levy, B.].; Gross, ].J. The benefits of nature experience: Improved affect and
cognition. Landscape and Urban Planning 2015, 138, 41-50, doi:10.1016/j.landurbplan.2015.02.005. [CrossRef]

16. Wells, N.M. At Home with Nature. Environment and Behavior 2000, 32, 775-795,
doi:10.1177/00139160021972793. [CrossRef] [PubMed]

17.  Kuo, M. How might contact with nature promote human health? Promising mechanisms and a possible
central pathway. Front Psychol 2015, 6, 1093, doi:10.3389/fpsyg.2015.01093. [CrossRef] [PubMed]

18. Li, Q. Effect of forest bathing trips on human immune function. Environ Health Prev Med 2010, 15, 9-17,
d0i:10.1007/s12199-008-0068-3. [CrossRef] [PubMed]

19. Li, Q.; Morimoto, K.; Kobayashi, M.; Inagaki, H.; Katsumata, M.; Hirata, Y.; Hirata, K.; Suzuki, H.; Li, Y.J;
Wakayama, Y., et al. Visiting a Forest, but Not a City, Increases Human Natural Killer Activity and

Expression of Anti-Cancer Proteins. International Journal of Immunopathology and Pharmacology 2008, 21,
117-127, d0i:10.1177/039463200802100113. [CrossRef] [PubMed]

20. Mygind, L.; Kjeldsted, E.; Hartmeyer, R.; Mygind, E.; Stevenson, M.P.; Quintana, D.S.; Bentsen, P. Effects
of Public Green Space on Acute Psychophysiological Stress Response: A Systematic Review and

Meta-Analysis of the Experimental and Quasi-Experimental Evidence. Environment and Behavior 2019,
doi:10.1177/0013916519873376. [ CrossRef]

21. Roe, ].J.; Thompson, C.W.; Aspinall, P.A.; Brewer, M.].; Duff, E.I; Miller, D.; Mitchell, R.; Clow, A. Green
space and stress: evidence from cortisol measures in deprived urban communities. Int | Environ Res Public
Health 2013, 10, 4086-4103, doi:10.3390/ijerph10094086. [CrossRef] [PubMed]



https://doi.org/10.15451/ec2017-07-6.10-1-7
https://doi.org/10.1007/978-1-4613-3539-9_4
https://doi.org/10.1126/sciadv.aax0903
https://www.ncbi.nlm.nih.gov/pubmed/31355340
https://doi.org/10.1289/EHP1663
https://www.ncbi.nlm.nih.gov/pubmed/28796634
https://doi.org/10.1007/978-90-481-9806-1_5
https://doi.org/10.1007/s40471-015-0043-7
https://www.ncbi.nlm.nih.gov/pubmed/26185745
http://doi.org/10.1136/bmjopen-2013-003094
https://www.ncbi.nlm.nih.gov/pubmed/23943772
https://doi.org/10.1016/j.ypmed.2015.07.011
https://www.ncbi.nlm.nih.gov/pubmed/26193624
https://doi.org/10.1186/1751-0759-5-13
https://www.ncbi.nlm.nih.gov/pubmed/21999605
https://doi.org/10.1016/j.envres.2019.109081
https://pubmed.ncbi.nlm.nih.gov/31891829/
https://doi.org/10.1016/j.envres.2017.08.048
https://www.ncbi.nlm.nih.gov/pubmed/28938204
https://doi.org/10.1111/j.1467-9280.2008.02225.x
https://www.ncbi.nlm.nih.gov/pubmed/19121124
https://doi.org/10.1016/j.landurbplan.2015.02.005
https://doi.org/10.1177%2F00139160021972793
https://www.ncbi.nlm.nih.gov/pubmed/22796370
https://doi.org/10.3389/fpsyg.2015.01093
https://www.ncbi.nlm.nih.gov/pubmed/26379564
https://doi.org/10.1007/s12199-008-0068-3
https://www.ncbi.nlm.nih.gov/pubmed/19568839
https://doi.org/10.1177/039463200802100113
https://www.ncbi.nlm.nih.gov/pubmed/18336737
https://doi.org/10.1177%2F0013916519873376
https://doi.org/10.3390/ijerph10094086
https://www.ncbi.nlm.nih.gov/pubmed/24002726
https://doi.org/10.20944/preprints202011.0538.v1

Preprints (www.preprints.org) | NOT PEER-REVIEWED | Posted: 20 November 2020 d0i:10.20944/preprints202011.0538.v1

22. Ulrich, R.S,; Simons, R.F.; Losito, B.D.; Fiorito, E.; Miles, M.A.; Zelson, M. Stress recovery during exposure
to natural and urban environments. Journal of Environmental Psychology 1991, 11, 201-230,
doi:10.1016/s0272-4944(05)80184-7. [CrossRef]

23. van den Berg, A.E.; Maas, J.; Verheij, R.A.; Groenewegen, P.P. Green space as a buffer between stressful
life events and health. Soc Sci Med 2010, 70, 1203-1210, doi:10.1016/j.socscimed.2010.01.002. [CrossRef]
[PubMed]

24. Banay, R.F,; James, P.; Hart, ].E.; Kubzansky, L.D.; Spiegelman, D.; Okereke, O.1; Spengler, ].D.; Laden, F.
Greenness and Depression Incidence among Older Women. Environ Health Perspect 2019, 127, 27001,
doi:10.1289/EHP1229. [CrossRef] [PubMed]

25. Beyer, KM.; Kaltenbach, A.; Szabo, A.; Bogar, S.; Nieto, F.J.; Malecki, KM. Exposure to neighborhood
green space and mental health: evidence from the survey of the health of Wisconsin. Int | Environ Res
Public Health 2014, 11, 3453-3472, doi:10.3390/ijerph110303453. [CrossRef] [PubMed]

26. Maas, J.; Verheij, R.A.; de Vries, S.; Spreeuwenberg, P.; Schellevis, F.G.; Groenewegen, P.P. Morbidity is

related to a green living environment. ] Epidemiol Community Health 2009, 63, 967-973,
doi:10.1136/jech.2008.079038. [CrossRef] [PubMed]

27. Roberts, H,; van Lissa, C.; Hagedoorn, P.; Kellar, I.; Helbich, M. The effect of short-term exposure to the
natural environment on depressive mood: A systematic review and meta-analysis. Environ Res 2019, 177,
doi:10.1016/j.envres.2019.108606. [ CrossRef] [PubMed]

28. Cracknell, D. By the Sea; Hachette UK, 2019.

29. Gascon, M.; Triguero-Mas, M.; Martinez, D.; Dadvand, P.; Forns, J.; Plasencia, A.; Nieuwenhuijsen, M.J.

Mental health benefits of long-term exposure to residential green and blue spaces: a systematic review. Int
J Environ Res Public Health 2015, 12, 4354-4379, d0i:10.3390/ijerph120404354. [CrossRef] [PubMed]

30. Gascon, M.; Zijlema, W.; Vert, C.; White, M.P.; Nieuwenhuijsen, M.]. Outdoor blue spaces, human health
and well-being: A systematic review of quantitative studies. Int | Hyg Environ Health 2017, 220, 1207-1221,
doi:10.1016/j.ijheh.2017.08.004. [CrossRef] [PubMed]

31. Volker, S.; Kistemann, T. The impact of blue space on human health and well-being - Salutogenetic health
effects of inland surface waters: a review. Int | Hyg Environ Health 2011, 214, 449-460,
doi:10.1016/j.ijheh.2011.05.001. [CrossRef] [PubMed]

32. Wheeler, BW.; Lovell, R;; Higgins, S.L.; White, M.P.; Alcock, I; Osborne, N.J.; Husk, K.; Sabel, C.E,;
Depledge, M.H. Beyond greenspace: an ecological study of population general health and indicators of
natural environment type and quality. Int | Health Geogr 2015, 14, 17, doi:10.1186/s12942-015-0009-5.
[CrossRef] [PubMed]

33. Wheeler, B.W.; White, M.; Stahl-Timmins, W.; Depledge, M.H. Does living by the coast improve health
and wellbeing? Health Place 2012, 18, 1198-1201, doi:10.1016/j.healthplace.2012.06.015. [CrossRef]
[PubMed]

34. White, M.P.; Alcock, I.; Wheeler, B.W.; Depledge, M.H. Coastal proximity, health and well-being: results
from a longitudinal panel survey. Health Place 2013, 23, 97-103, doi:10.1016/j.healthplace.2013.05.006,
doi:10.1016/j.healthplace.2013.05.006. [CrossRef] [PubMed]

35. Tchakerian, V.; Pease, P. Chapter 14 - The Critical Zone in Desert Environments. In Developments in Earth
Surface Processes, Giardino, ].R., Houser, C., Eds. Elsevier: 2015; Volume 19, pp. 449-472. [CrossRef]

36. Appleton, J. The experience of landscape; John Wiley: New York, 1975.

37. Shalev, I. Pictorial and mental arid landscape images reduce the motivation to change negative habits.
Journal of Environmental Psychology 2016, 45, 30-39, doi:10.1016/j.jenvp.2015.11.005. [CrossRef]

38. Han, K.-T. Responses to Six Major Terrestrial Biomes in Terms of Scenic Beauty, Preference, and
Restorativeness. Environment and Behavior 2007, 39, 529-556, d0i:10.1177/0013916506292016. [CrossRef]

39. Andrews, P. Palaeoecology of Laetoli. Journal of Human Evolution 1989, 18, 173-181. [CrossRef]

40. Balling, J.D.; Falk, J.H. Development of Visual Preference for Natural Environments. Environment and
Behavior 1982, 14, 5-28, doi:10.1177/0013916582141001. [CrossRef]

41. Orians, G.H. Habitat selection : General theory and applications to human behavior. In The evolution of

human social behavior; Elsevier, Amsterdam, 1980, 49-66.

42. Millennim Ecosystem Assessment. Ecosystems and Human Well-being: Biodiversity Synthesis. World
Resources Institute; Washington, DC, 2005.

43. Huang, J.; Yu, H,; Guan, X,; Wang, G.; Guo, R. Accelerated dryland expansion under climate change.
Nature Climate Change 2015, 6, 166-171, doi:10.1038/nclimate2837. [CrossRef]


https://doi.org/10.1016/S0272-4944(05)80184-7
https://doi.org/10.1016/j.socscimed.2010.01.002
https://www.ncbi.nlm.nih.gov/pubmed/20163905
https://doi.org/10.1289/EHP1229
https://www.ncbi.nlm.nih.gov/pubmed/30735068
https://doi.org/10.3390/ijerph110303453
https://www.ncbi.nlm.nih.gov/pubmed/24662966
https://doi.org/10.1136/jech.%202008.079038
https://www.ncbi.nlm.nih.gov/pubmed/19833605
https://doi.org/10.1016/j.envres.2019.108606
https://www.ncbi.nlm.nih.gov/pubmed/31362251
https://doi.org/10.3390/ijerph120404354
https://www.ncbi.nlm.nih.gov/pubmed/25913182
https://doi.org/10.1016/j.ijheh.2017.08.004
https://www.ncbi.nlm.nih.gov/pubmed/28843736
https://doi.org/10.1016/j.ijheh.2011.05.001
https://www.ncbi.nlm.nih.gov/pubmed/21665536
https://doi.org/10.1186/s12942-015-0009-5
https://www.ncbi.nlm.nih.gov/pubmed/25924685
https://doi.org/10.1016/j.healthplace.2012.06.015
https://pubmed.ncbi.nlm.nih.gov/22796370/
https://doi.org/10.1016/j.healthplace.2013.05.006
https://www.ncbi.nlm.nih.gov/pubmed/23817167
https://doi.org/10.1016/B978-0-444-63369-9.00014-8
https://doi.org/10.1016/j.jenvp.2015.11.005
https://doi.org/10.1177%2F0013916506292016
https://doi.org/10.1016/0047-2484(89)90071-7
https://doi.org/10.1177/0013916582141001
https://doi.org/10.1038/nclimate2837
https://doi.org/10.20944/preprints202011.0538.v1

Preprints (www.preprints.org) | NOT PEER-REVIEWED | Posted: 20 November 2020 d0i:10.20944/preprints202011.0538.v1

44. Dendup, T.,; Feng, X,; Clingan, S.; Astell-Burt, T. Environmental Risk Factors for Developing Type 2
Diabetes Mellitus: A Systematic Review. Int | Environ Res Public Health 2018, 15,
doi:10.3390/ijerph15010078. [CrossRef] [PubMed]

45. Butler, A.M. Social Determinants of Health and Racial/Ethnic Disparities in Type 2 Diabetes in Youth. Curr
Diab Rep 2017, 17, 60, d0i:10.1007/s11892-017-0885-0. [CrossRef] [PubMed]

46. Astell-Burt, T.; Feng, X.; Kolt, G.S. Is neighborhood green space associated with a lower risk of type 2
diabetes? Evidence from 267,072 Australians. Diabetes Care 2014, 37, 197-201, doi:10.2337/dc13-1325.
[CrossRef] [PubMed]

47. Dadvand, P.; Poursafa, P.; Heshmat, R.; Motlagh, M.E.; Qorbani, M.; Basagana, X.; Kelishadi, R. Use of
green spaces and blood glucose in children; a population-based CASPIAN-V study. Environ Pollut 2018,
243, 1134-1140, doi:10.1016/j.envpol.2018.09.094. [CrossRef] [PubMed]

48. Liao, J.; Chen, X;; Xu, S;; Li, Y.; Zhang, B.; Cao, Z.; Zhang, Y.; Liang, S.; Hu, K.; Xia, W. Effect of residential
exposure to green space on maternal blood glucose levels, impaired glucose tolerance, and gestational
diabetes mellitus. Environ Res 2019, 176, d0i:10.1016/j.envres.2019.108526. [CrossRef] [PubMed]

49. Yang, B.Y.; Markevych, I.; Heinrich, J.; Bowatte, G.; Bloom, M.S.; Guo, Y.; Dharmage, S.C.; Jalaludin, B.;
Knibbs, L.D.; Morawska, L. et al. Associations of greenness with diabetes mellitus and

glucose-homeostasis markers: The 33 Communities Chinese Health Study. Int | Hyg Environ Health 2019,
222, 283-290, doi:10.1016/j.ijheh.2018.12.001. [CrossRef] [PubMed]

50. Bodicoat, D.H.; O'Donovan, G.; Dalton, A.M.; Gray, L.J.; Yates, T.; Edwardson, C.; Hill, S.; Webb, D.R,;
Khunti, K.; Davies, M.]., et al. The association between neighbourhood greenspace and type 2 diabetes in a
large cross-sectional study. BMJ] Open 2014, 4, e006076, doi:10.1136/bmjopen-2014-006076. [CrossRef]
[PubMed]

51. Lin, B.-C,; Yen, Y.-T; Lao, X.Q.; Chen, Y.-H.; Chan, T.-C. Association between neighborhood greenspace
and fasting plasma glucose from a large cohort study in Taiwan. Urban Forestry & Urban Greening 2019, 44,
doi:10.1016/j.ufug.2019.126439. [CrossRef]

52. Olvera Alvarez, H.A.; Provencio-Vasquez, E.; Slavich, G.M.; Laurent, ].G.C.; Browning, M.; McKee-Lopez,
G.; Robbins, L.; Spengler, ]J.D. Stress and Health in Nursing Students. Nursing Research 2019, 68, 453-463,
doi:10.1097/nnr.0000000000000383. [CrossRef] [PubMed]

53. Shemesh, T.; Rowley, K.G.; Shephard, M.; Piers, L.S.; O'Dea, K. Agreement between laboratory results and
on-site pathology testing using Bayer DCA2000+ and Cholestech LDX point-of-care methods in remote
Australian Aboriginal communities. Clin Chim Acta 2006, 367, 69-76, doi:10.1016/j.cca.2005.11.014.
[CrossRef] [PubMed]

54. Browning, M.; Lee, K. Within What Distance Does "Greenness" Best Predict Physical Health? A Systematic
Review of Articles with GIS Buffer Analyses across the Lifespan. Int | Environ Res Public Health 2017, 14,
doi:10.3390/ijerph14070675. [CrossRef] [PubMed]

55. Vermote, E.; Justice, C.; Claverie, M.; Franch, B. Preliminary analysis of the performance of the Landsat
8/OLI land surface reflectance product. Remote Sensing of Environment 2016, Volume 185, 46-56,
doi:10.1016/j.rse.2016.04.008. [CrossRef] [PubMed]

56. Bohannon, R.W. Comfortable and maximum walking speed of adults aged 20 —79 years: reference values
and determinants. Age and Ageing 1997, 26, 15-19, d0i:10.1093/ageing/26.1.15. [CrossRef] [PubMed]

57. Wickham, J.D.; Stehman, S.V.; Gass, L.; Dewitz, ].; Fry, J.A.; Wade, T.G. Accuracy assessment of NLCD
2006 land cover and impervious surface. Remote Sensing of Environment 2013, 130, 294-304,
doi:10.1016/j.rse.2012.12.001. [CrossRef]

58. Ainsworth, B.E.; Haskell, W.L.; Herrmann, S.D.; Meckes, N.; Bassett, D.R., Jr.; Tudor-Locke, C.; Greer, J.L.;
Vezina, ].; Whitt-Glover, M.C; Leon, A.S. 2011 Compendium of Physical Activities: a second update of
codes and MET values. Med Sci Sports Exerc 2011, 43, 1575-1581, doi:10.1249/MSS.0b013e31821ecel2.
[CrossRef] [PubMed]

59. Davis, ]JW.; Chung, R.; Juarez, D.T. Prevalence of comorbid conditions with aging among patients with
diabetes and cardiovascular disease. Hawaii Med ] 2011, 70, 209-213. [PubMed]

60. Pescador Jimenez, M.I; Oken, E.; Gold, D.R,; Luttmann-Gibson, H.; Requia, W.]J.; Gingras, V.; Hivert,
M.-F.; Rimm, E.B.; James, P. Abstract 026: Early Life Exposure to Green Areas and Diabetes Risk, an
Assessment From Infancy to Early Teens. Circulation 2019, 139, doi:10.1161/circ.139.suppl_1.026.
[CrossRef]

61. Broekhuizen, K.; De Vries, S.; Pierik, F. Healthy aging in a green living environment: a systematic review of the
literature; 2013; 10.13140/RG.2.2.19969.30568. [ CrossRef]



https://doi.org/10.3390/ijerph15010078
https://www.ncbi.nlm.nih.gov/pubmed/29304014
https://doi.org/10.1007/s11892-017-0885-0
https://www.ncbi.nlm.nih.gov/pubmed/28664253
https://doi.org/10.2337/dc13-1325
https://www.ncbi.nlm.nih.gov/pubmed/24026544
https://doi.org/10.1016/j.envpol.2018.09.094
https://www.ncbi.nlm.nih.gov/pubmed/30261453
https://doi.org/10.1016/j.envres.2019.108526
https://www.ncbi.nlm.nih.gov/pubmed/31202042
https://doi.org/10.1016/j.ijheh.2018.12.001
https://www.ncbi.nlm.nih.gov/pubmed/30545606
http://doi.org/10.1136/bmjopen-2014-006076
https://pubmed.ncbi.nlm.nih.gov/25537783/
https://doi.org/10.1016/j.ufug.2019.126439
https://doi.org/10.1097/NNR.0000000000000383
https://www.ncbi.nlm.nih.gov/pubmed/31397796
https://doi.org/10.1016/j.cca.2005.11.014
https://www.ncbi.nlm.nih.gov/pubmed/16388790
https://doi.org/10.3390/ijerph14070675
https://www.ncbi.nlm.nih.gov/pubmed/28644420
https://doi.org/10.1016/j.rse.2016.04.008
https://pubmed.ncbi.nlm.nih.gov/32020955/
https://doi.org/10.1093/ageing/26.1.15
https://www.ncbi.nlm.nih.gov/pubmed/9143432
https://doi.org/10.1016/j.rse.2012.12.001
https://doi.org/10.1249/MSS.0b013e31821ece12
https://www.ncbi.nlm.nih.gov/pubmed/21681120
https://www.ncbi.nlm.nih.gov/pubmed/22162595
https://doi.org/10.1161/circ.139.suppl_1.026
https://doi.org/10.13140/rg.2.2.19969.30568
https://doi.org/10.20944/preprints202011.0538.v1

Preprints (www.preprints.org) | NOT PEER-REVIEWED | Posted: 20 November 2020 d0i:10.20944/preprints202011.0538.v1

62. Hartig, T.; Mitchell, R.; de Vries, S.; Frumkin, H. Nature and health. Annu Rev Public Health 2014, 35,
207-228, doi:10.1146/annurev-publhealth-032013-182443. [CrossRef]

63. Kaplan, R; Kaplan, S. The experience of nature: A psychological perspective; Cambridge University Press: New
York, NY, US, 1989.

64. Wilson, E.O. Biophilia; Harvard University Press: 1984.

65. Houlden, V.; Weich, S.; Porto de Albuquerque, J.; Jarvis, S.; Rees, K. The relationship between greenspace
and the mental wellbeing of adults: A systematic review. PloS one 2018, 13, e0203000,
doi:10.1371/journal.pone.0203000. [CrossRef] [PubMed]

66. James, P; Hart, J.E.; Banay, R.F.,; Laden, F. Exposure to Greenness and Mortality in a Nationwide
Prospective Cohort Study of Women. Environmental Health Perspectives 2016, 124, 1344-1352,
doi:10.1289/ehp.1510363. [CrossRef] [PubMed]

67. DeMiglio, L.; Williams, A. A sense of place, a sense of well-being. In Sense of place, health and quality of life,
Routledge: 2016; pp. 35-50. [CrossRef]

68. Hausmann, A.; Slotow, R.O.B.; Burns, J.K; Di Minin, E. The ecosystem service of sense of place: benefits

for human well-being and biodiversity conservation. Environmental Conservation 2015, 43, 117-127,
doi:10.1017/s0376892915000314. [ CrossRef]

69. Rigolon, A.; Browning, M.; Jennings, V. Inequities in the quality of urban park systems: An environmental
justice investigation of cities in the United States. Landscape and Urban Planning 2018, 178, 156-169,
doi:10.1016/j.landurbplan.2018.05.026. [ CrossRef]

70. Millennim Ecosystem Assessment. Ecosystems and Human Well-being: Desertification Synthesis. World
Resources Institute; Washington, DC, 2005.

71. Brown, S.C,; Lombard, J.; Wang, K.; Byrne, M.M.; Toro, M.; Plater-Zyberk, E.; Feaster, D.]J.; Kardys, J.;
Nardi, M.I; Perez-Gomez, G., et al. Neighborhood Greenness and Chronic Health Conditions in Medicare
Beneficiaries. Am | Prev Med 2016, 51, 78-89, d0i:10.1016/j.amepre.2016.02.008. [CrossRef] [PubMed]

72. Centers for Disease Control and Prevention (CDC). Diabetes—United States, 2006 and 2010. MMWR
Surveill Summ 2013, 62, 99-104.

73. US. Census Bureau. Fast Growth in the Desert Southwest Continues. Availabe online:

https://www.census.gov/library/stories/2019/02/fast-growth-in-desert-southwest-continues.html
(accessed on 17 November 2020).

74. Yitshak-Sade, M.; Kloog, I.; Novack, V. Do air pollution and neighborhood greenness exposures improve
the predicted cardiovascular risk? Environ Int 2017, 107, 147-153, doi:10.1016/j.envint.2017.07.011.
[CrossRef] [PubMed]



https://doi.org/10.1146/annurev-publhealth-032013-182443
https://doi.org/10.1371/journal.pone.0203000
https://pubmed.ncbi.nlm.nih.gov/30208073/
https://doi.org/10.1289/ehp.1510363
https://www.ncbi.nlm.nih.gov/pubmed/27074702
https://doi.org/10.4324/9781315243474
https://doi.org/10.1017/S0376892915000314
https://doi.org/10.1016/j.landurbplan.2018.05.026
https://doi.org/10.1016/j.amepre.2016.02.008
https://www.ncbi.nlm.nih.gov/pubmed/27061891
https://www.census.gov/library/stories/2019/02/fast-growth-in-desert-southwest-continues.html
https://doi.org/10.1016/j.envint.2017.07.011
https://www.ncbi.nlm.nih.gov/pubmed/28735151
https://doi.org/10.20944/preprints202011.0538.v1

