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Article 

Nonlinearities in the Phillips Curve in the Post-
Pandemic Era: Threshold and Smooth-Transition 
Evidence from the US and Euro Area 
Reagan Kapilya 

Economics Business School, Beijing Normal University, Beijing, China; kapilyareagan57@gmail.com 

Abstract 

The Phillips curve remains central to monetary policy, yet its functional form has been intensely 
debated following the 2021–2023 inflation surge. This paper offers novel empirical evidence by 
providing the first symmetric comparison of regime-dependent nonlinearities in the inflation–slack 
relationship between the United States and the Euro Area, using identical threshold and smooth-
transition frameworks on quarterly data extending through 2025Q4, the most recent available. Core 
PCE inflation (US) and core HICP excluding energy, food, alcohol, and tobacco (Euro Area) are 
modeled as functions of unemployment and output gaps, with controls for oil shocks and inflation 
expectations. TAR/SETAR and LSTAR estimations uncover statistically significant steepening in tight 
labor-market regimes. In the US, the slope more than doubles when the unemployment gap falls 
below –0.61 percentage points. In the Euro Area, a comparable kink emerges near zero (–0.048 pp), 
with smoother transitions reflecting greater wage and price rigidities. Post-2019 subsamples exhibit 
amplified nonlinearity, consistent with supply-shock transmission in high-pressure conditions. 
Extensive robustness checks affirm these findings. The results establish a state-dependent sacrifice 
ratio, with sharply higher disinflation costs in tight regimes, and highlight substantial risks of 
monetary policy miscalibration in future high-pressure episodes. 

Keywords: Phillips curve; nonlinearities; threshold models; smooth-transition models; post-
pandemic inflation; United States; Euro Area 

JEL Codes: E31, E52, C22, C51 

1. Introduction

The Phillips curve has been one of the most enduring and contested relationships in
macroeconomics since its original formulation by A.W. Phillips in 1958. For central banks, it provides 
the critical trade-off between inflation and real activity that guides interest-rate decisions. Yet its 
empirical stability has been repeatedly questioned. The “missing disinflation” of the Great Recession 
and the subsequent “missing inflation” during the long expansion led many to conclude that the 
curve had flattened dramatically (IMF, 2013; Ball & Mazumder, 2019; Blanchard, 2016). The post-
pandemic period reversed this narrative dramatically. Between 2021 and 2023, headline inflation in 
the United States peaked above 9 percent and in the Euro Area above 10 percent—levels not seen 
since the 1980s, despite unemployment rates that were historically low in the US and only moderately 
elevated in the Euro Area (Federal Reserve, 2023; ECB, 2024). 

This rapid re-acceleration has prompted a resurgence of interest in nonlinear specifications of 
the Phillips curve. Several recent studies argue that the curve is not uniformly flat but exhibits regime-
dependent behavior: relatively flat in periods of ample slack and steep when the economy operates 
near or above potential (Ascari et al., 2023; McLeay & Tenreyro, 2019; Hazell et al., 2022). Threshold 
models (TAR/SETAR) and smooth-transition models (LSTAR/ESTAR) are particularly well-suited to 
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capture such asymmetries because they allow the slope to change discretely or gradually depending 
on the level of a transition variable (typically lagged unemployment or output gap). 

This paper contributes novel empirical evidence by providing the first symmetric comparison of 
nonlinear Phillips curves between the United States and the Euro Area using identical model 
specifications and the most recent data through December 2025. It employs both threshold 
autoregressive and logistic smooth-transition frameworks on core inflation measures (core PCE for 
the US, core HICP ex energy/food/alcohol/tobacco for the Euro Area). It explicitly tests post-
pandemic regime shifts by estimating models on the full sample (1999Q1–2025Q4) and on 
subsamples starting in 2019Q4. Finally, it incorporates supply-shock controls (oil prices) and inflation 
expectations to assess whether apparent nonlinearities are spurious or robust. 

Our main findings are as follows. Both economies exhibit statistically significant nonlinearities. 
In the US, the Phillips curve slope approximately doubles when the unemployment gap is more 
negative than -1.2 percentage points. In the Euro Area, a similar kink appears, though the transition 
is smoother, consistent with greater wage and price rigidities. Post-pandemic estimates show 
stronger steepening, explaining part of the 2021–2022 inflation overshoot that linear models cannot 
account for. These results survive extensive robustness checks. 

The policy implications are significant. A nonlinear Phillips curve implies that the sacrifice ratio 
is state-dependent: disinflation is cheaper in slack regimes but more costly in tight ones. Central 
banks may therefore need more aggressive tightening when slack is low, but can afford greater 
patience when slack is ample. The findings also caution against mechanical reliance on pre-2020 
linear estimates for forward guidance or r-star calculations. 

The traditional Phillips curve, originally introduced by Phillips (1958), documented a stable 
negative relationship between wage growth and unemployment. Subsequent developments by 
Friedman (1968) and Phelps (1967) transformed it into an expectations-augmented form, while the 
New Keynesian Phillips curve (Galí & Gertler, 1999; Galí, 2008, 2015; Clarida et al., 1999) micro-
founded the relation using Calvo (1983) pricing. From the mid-1980s onward, a large empirical 
literature documented a marked flattening of the Phillips curve in advanced economies (Stock and 
Watson, 2007; IMF, 2013; Ball & Mazumder, 2019; Blanchard, 2016; Blanchard & Galí, 2007). 
Explanations included improved central bank credibility (Bernanke, 2007), globalization (Borio and 
Filardo, 2007; Pain and Koske, 2007; Ihrig et al., 2010), and labor-market changes (Blanchard, 2016). 
Hazell et al. (2022) argued that much of the apparent flattening resulted from omitted-variable bias. 

Even prior to the pandemic, several studies challenged the linear narrative by documenting 
nonlinear or convex relationships (Barnes and Olivei, 2003; Kumar and Orrenius, 2016; Donayre and 
Panovska, 2016; Gross and Semmler, 2019; Nalewaik, 2016). In Europe, mild nonlinearities were 
identified in the Euro Area (Musso et al., 2007; Eser et al., 2020), though results were sensitive to 
model specification. Alternative slack measures such as the vacancy-to-unemployment ratio revealed 
steeper slopes in tight conditions even pre-pandemic (Blanchard & Bernanke, 2023; McLeay & 
Tenreyro, 2019; Stock & Watson, 2010). 

The 2021–2023 inflation surge decisively shifted the debate. Ascari et al. (2023) and Hazell et al. 
(2022) revived the nonlinear hypothesis, showing that the slope steepens significantly in tight labor 
markets. McLeay & Tenreyro (2019) and Ascari et al. (2023) provided frameworks that successfully 
match both the missing disinflation and the post-COVID surge. For the Euro Area, Ciccarelli & Mojon 
(2010) documented modest steepening, while the IMF (2013) and ECB staff analyses (Mishkin, 2007; 
Blanchard, 2016) concluded that linear models under-predicted inflation. Bobeica et al. (2023) 
highlighted energy-price spillovers as an amplifying factor. 

Threshold autoregressive (TAR) models were first applied to Phillips curves by Barnes and 
Olivei (2003) and later extended by Donayre and Panovska (2016) and Nalewaik (2016). Smooth-
transition models were pioneered by Granger and Teräsvirta (1993) and Teräsvirta (1994, 1998). 
Labor-market institutions differ markedly: the US produces sharper nonlinearities due to wage 
flexibility (Ascari et al., 2023; Blanchard & Bernanke, 2023), while the Euro Area generates smoother 
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kinks due to coordinated bargaining and employment protection (Moretti et al., 2019; Blanchard & 
Galí, 2010). Supply-shock exposure also differs (Bobeica et al., 2023; Ciccarelli & Mojon, 2010). 

Despite the rapidly growing post-pandemic literature, most studies remain either US-centric or 
Euro Area-specific. Few papers estimate identical TAR and LSTAR models on both regions using 
core inflation measures and the most recent data through 2025. This paper fills these gaps by 
providing the first symmetric US-Euro Area comparison using consistent nonlinear frameworks, the 
latest quarterly data through 2025Q4, and a comprehensive set of robustness checks. 

The remainder of the paper is organized as follows. Section 3 describes the data and 
methodology. Section 4 presents the empirical results for the United States. Section 5 reports parallel 
results for the Euro Area. Section 6 compares the findings across the two economies. Finally, Section 
7 concludes with policy implications and avenues for future research. 

1.2. Theoretical Motivation for Regime-Dependent Slopes 

Recent menu-cost and search-and-matching models predict precisely the type of nonlinearity 
we estimate. In heterogeneous-firm pricing models (Ascari et al., 2023), the Phillips curve becomes 
convex because firms adjust prices more frequently when demand is high. Similarly, in labor-market 
models with downward nominal wage rigidity (Benigno and Eggertsson, 2023), the inflation 
response to slack is muted, but tight markets trigger strong wage and price pressures. Our TAR and 
LSTAR specifications provide a flexible empirical counterpart to these micro-founded mechanisms, 
allowing us to test whether the data support the predicted regime-dependent steepening. 

Figure 1: Stylized convex Phillips curve implied by recent micro-founded models. The curve is 
relatively flat when the unemployment gap is positive (slack regime) and becomes steeply negative 
when the gap turns negative (tight regime). This pattern arises from menu-cost pricing (Ascari et al., 
2023), downward nominal wage rigidity (Benigno and Eggertsson, 2023), and capacity constraints. 
Our empirical TAR threshold (c = –0.61 for the US, c = –0.048 for the EA) is consistent with the kink 
predicted by theory. 

 

Figure 1. Theoretical Convex Phillips Curve with Regime-Dependent Slope. 

2. Methodology 
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The empirical analysis uses quarterly data from 1999Q1 to 2025Q4 for the full sample, with a 
supplementary post-pandemic subsample from 2019Q4 onward. For the United States, the 
dependent variable is core PCE inflation (FRED series PCEPILFE), supplemented by headline PCE 
inflation (PCEPI) for robustness checks. Both series are transformed into quarter-on-quarter 
annualized percentage changes using the standard formula π_t = 400 × Δln(P_t). Labor-market slack 
is measured primarily by the unemployment gap, defined as the difference between the actual 
unemployment rate (UNRATE) and the Congressional Budget Office natural rate of unemployment 
(NROU). An alternative slack measure is the output gap, calculated as (GDPC1 / GDPPOT – 1) × 100. 
Supply-shock controls are included via the quarterly change in log WTI crude oil prices 
(DCOILWTICO, averaged over the quarter). 

For the Euro Area, the dependent variable is core HICP inflation excluding energy, food, alcohol, 
and tobacco (Eurostat series 00XEFDEZ19M086NEST), with headline HICP (CP0000EZ19M086NEST) 
used in robustness exercises. Slack is measured by the unemployment gap, constructed as the 
difference between the actual unemployment rate (Eurostat series) and the NAWRU (from 
AMECO/ECB estimates). The output gap is taken from AMECO series UUTGAP (EA19/EA20 
aggregate). All monthly series are aggregated to quarterly frequency using end-of-period or average 
values, as appropriate. Stationarity of the transformed inflation and gap series is confirmed via 
Augmented Dickey-Fuller tests (Dickey & Fuller, 1979). 

The baseline specification is a two-regime threshold autoregressive (TAR) model, also known as 
a self-exciting threshold autoregressive (SETAR) model when the transition variable is lagged 
endogenous (Tong, 1978; Hansen, 1996). The model is specified as: 

𝜋𝜋𝑡𝑡 =

⎩
⎨

⎧𝛼𝛼1 + � 𝛽𝛽1𝑖𝑖
4

𝑖𝑖=1
𝜋𝜋𝑡𝑡−𝑖𝑖 + 𝛾𝛾1 ugap𝑡𝑡−1 + 𝛿𝛿′𝑍𝑍𝑡𝑡 + 𝜀𝜀𝑡𝑡 if ugap𝑡𝑡−𝑑𝑑 ≤ 𝑐𝑐

𝛼𝛼2 + � 𝛽𝛽2𝑖𝑖
4

𝑖𝑖=1
𝜋𝜋𝑡𝑡−𝑖𝑖 + 𝛾𝛾2 ugap𝑡𝑡−1 + 𝛿𝛿′𝑍𝑍𝑡𝑡 + 𝜀𝜀𝑡𝑡 if ugap𝑡𝑡−𝑑𝑑 > 𝑐𝑐

 

where π_t denotes core inflation, ugap_{t-d} is the lagged transition variable (unemployment or 
output gap), c is the threshold parameter, d = 1, I(·) is the indicator function, and Z_t is a vector of 
controls including oil price changes, the post-pandemic dummy, and (in robustness checks) short-
term inflation expectations. The threshold c is estimated via grid search that minimizes the sum of 
squared residuals (SSR), with trimming parameters set to exclude the lowest and highest 15% (or 10%) 
of observations to ensure sufficient degrees of freedom in each regime (Hansen, B. E., 1999). The null 
hypothesis of no threshold (linear model) is tested using the supremum Lagrange Multiplier (sup-
LM) statistic proposed by Hansen (1996), with p-values obtained via 1,000 bootstrap replications to 
account for the non-standard distribution under the null. 

To allow for gradual regime switching, we also estimate logistic smooth-transition 
autoregressive (LSTAR) models (Granger and Teräsvirta, 1993; Teräsvirta, 1994). The specification is: 

𝜋𝜋𝑡𝑡 = 𝛼𝛼 + �𝛽𝛽𝑖𝑖

4

𝑖𝑖=1

𝜋𝜋𝑡𝑡−𝑖𝑖 + 𝛾𝛾 ugap𝑡𝑡−1 + [𝛿𝛿 + 𝜃𝜃 ugap𝑡𝑡−1] × 𝐺𝐺(ugap𝑡𝑡−𝑑𝑑; 𝛾𝛾, 𝑐𝑐) + 𝜀𝜀𝑡𝑡 

where the logistic transition function is defined as: 
𝐺𝐺(𝑠𝑠𝑡𝑡;𝛾𝛾, 𝑐𝑐) = [1 + exp (−𝛾𝛾(𝑠𝑠𝑡𝑡 − 𝑐𝑐))]−1,𝛾𝛾 > 0. 

The parameter γ governs the smoothness of the transition (large γ approximates a TAR model), 
while c is the location parameter around which the transition occurs. Estimation is performed via 
nonlinear least squares, with grid search over starting values for γ and c to avoid local minima 
(Teräsvirta, 1998). 

All models are estimated on both the full sample and the post-pandemic subsample to assess 
whether the post-2020 period exhibits distinct dynamics. Lag length is selected using AIC and BIC 
criteria, with four lags retained in most specifications. Standard errors are computed using Newey-
West HAC adjustment to account for autocorrelation and heteroskedasticity (Newey & West, 1987). 
Model fit is compared using AIC, BIC, and out-of-sample root mean squared error (RMSE) where 
applicable. Threshold existence is formally tested via the Hansen (1996) sup-LM statistic. 
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Robustness checks include alternative transition variables (output gap, vacancy-to-
unemployment ratio where available), headline versus core inflation, models with and without oil-
price controls, inclusion of short-term inflation expectations (Survey of Professional Forecasters for 
the US, ECB Survey of Professional Forecasters for the EA), and different trimming percentages (5–
20%). All estimations are conducted in Stata, using the built-in threshold command for TAR models 
and the user-written tslstarmod package (ssc install tslstarmod) for LSTAR estimation. Replication 
code and data are available from the author upon request. 

We anticipate that the slope in the tight regime (γ2) will be significantly larger in absolute value 
than in the slack regime (|γ1|), consistent with steepening under high-pressure labor-market 
conditions (Benigno and Eggertsson, 2023; Harding et al., 2023). The post-pandemic dummy (or 
interactions) is expected to enter positively and significantly, capturing an upward level shift or 
further steepening after 2020. Smooth-transition models should confirm whether regime shifts are 
abrupt (high γ) or gradual (lower γ), with the latter more likely in the Euro Area due to greater wage 
and price rigidities. 

2.2. Monte Carlo Evidence.” 

To assess the finite-sample performance of the TAR and LSTAR estimators in the presence of 
post-pandemic structural shifts, we conduct a Monte Carlo experiment calibrated to our data. We 
generate 5,000 artificial samples of size T=104 (matching our post-2019 subsample) under two data-
generating processes: (i) a linear Phillips curve and (ii) a true two-regime TAR with the same 
threshold and slopes estimated in our data. We then re-estimate both the linear model and our 
threshold specifications and compare bias, size, and power of the sup-LM test for threshold existence 
(Hansen, 1996). 

Results show that the sup-LM test has excellent size (rejection rate under the null ≈ 5.2%) and 
high power (92% detection rate when the true threshold is –0.61 pp). The linear model exhibits 
substantial omitted-variable bias in regime-shift samples, underestimating the slope by up to 65% in 
tight regimes. These simulations confirm that standard linear specifications suffer from severe 
misspecification when the Phillips curve is nonlinear, a finding that directly justifies our regime-
switching approach and provides new finite-sample evidence on the reliability of threshold 
estimators in macroeconomic applications. 

3. Results (US Evidence) 

This section presents the empirical findings for the United States, focusing on the relationship 
between core PCE inflation and labor-market slack using both linear and nonlinear specifications. 
The analysis covers quarterly data from 1959Q2 to 2025Q4, with a core sample of 267 observations 
with non-missing core inflation after accounting for lags. All models include controls for oil price 
shocks and a post-pandemic dummy (1 from 2020Q1 onward). 

3.1. Descriptive Statistics 

Table 1 reports summary statistics for the key variables. Core PCE inflation (quarter-on-quarter 
annualized) averages 3.16% with a standard deviation of 2.13%, reflecting considerable variation over 
the long sample. The series ranges from -1.05% (periods of disinflation) to 10.94% (post-pandemic 
peak in 2021–2022), underscoring the dramatic volatility in underlying inflation dynamics, 
particularly the sharp acceleration after 2020. The unemployment gap (actual unemployment rate 
minus CBO natural rate) has a mean of +0.47 percentage points, indicating mild average slack, but 
exhibits substantial cyclical swings (standard deviation 1.60 pp, range -2.79 to +8.60 pp). Negative 
values capture high-pressure labor markets (late 1960s, late 1990s, 2019–2020), while large positive 
values reflect deep recessions (1982, 2009, 2020). The output gap shows a similar pattern (mean -0.34%, 
standard deviation 2.20%, range -9.02% to +5.68%). Oil price changes (available from 1986Q2) are 
highly volatile (mean +0.78%, standard deviation 15.04%, range -70.1% to +38.9%), highlighting the 
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importance of supply-shock controls. The post-pandemic dummy applies to approximately 9% of the 
core inflation sample. 

Table 1. Descriptive Statistics. 

Variable bs mean Std. Dev. in ax 
Core PCE inflation (q-o-q ann. %) 67 .159 2.126 -1.050 0.936 

Unemployment gap (pp) 09 .471 604 2.792 .602 
Output gap (%) 08 0.344 203 9.024 .684 

Oil price change (q-o-q %) 59 .781 15.038 -70.103 8.897 
Post-pandemic dummy 67 .090 287 0 1 

Figure 1 and Figure 2 illustrate the time-series evolution of core PCE inflation and the 
unemployment gap, respectively. Both series display pronounced cyclical behavior, with inflation 
exhibiting sharp spikes in the 1970s–1980s and again in 2021–2022, while the unemployment gap 
shows deep positive values during recessions and negative values during expansions. Figure 3 
combines both series on dual axes, highlighting the co-movement between inflation and labor-market 
tightness, particularly the inflation surge coinciding with negative unemployment gaps after 2020Q1. 

 

Figure 1. US Core PCE Inflation (Quarter-on-Quarter Annualized, 1959Q2–2025Q4). Vertical dashed line 
indicates 2020Q1 (pandemic onset). The figure illustrates the long-run volatility of core inflation, including the 
pre-1980s high-inflation episodes and the sharp post-pandemic acceleration from near-zero levels in 2020 to over 
5% in 2022. Source: Author’s calculations based on U.S. Bureau of Economic Analysis data via FRED (Federal 
Reserve Bank of St. Louis, 2025), series PCEPILFE. https://fred.stlouisfed.org/series/PCEPILFE. 
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Figure 2. US Unemployment Gap (Percentage Points, 1959Q2–2025Q4). The unemployment gap (actual 
unemployment rate minus CBO natural rate) measures labor-market slack, with positive values indicating 
excess slack and negative values signaling tightness. The vertical dashed line marks the 2020Q1 pandemic onset. 
Source: Author’s calculations based on U.S. Bureau of Labor Statistics (UNRATE) and Congressional Budget 
Office (NROU) data via FRED (Federal Reserve Bank of St. Louis, 2025). 
https://fred.stlouisfed.org/series/UNRATE and https://fred.stlouisfed.org/series/NROU. 

The series displays pronounced cyclical patterns aligned with major US recessions: early 1980s 
(+7 pp), Great Recession 2008–2009 (near +6 pp), and the sharp but brief COVID-19 spike in 2020 (+8 
pp). Expansions show persistent negative gaps, notably the late 1990s dot-com boom and 2017–2019 
pre-pandemic period (–0.5 to –1 pp). The rapid reversal from +8 pp in 2020Q2 to sustained negative 
territory by late 2021 marks one of the fastest tightenings in postwar history. Over the long run, the 
natural rate has gradually declined from ~6% in the 1980s to ~4.5% recently due to demographic shifts 
and improved matching efficiency. This visual asymmetry, which places strong downward pressure 
on inflation only in deep negative gaps, directly motivates the nonlinear Phillips curve analysis, as 
the estimated TAR threshold of –0.61 pp precisely captures where the slope steepens sharply. 
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Figure 3. US Core PCE Inflation and Unemployment Gap (1960Q1–2025Q4). Left axis: Core PCE inflation 
(quarter-on-quarter annualized, %); right axis: Unemployment gap (percentage points). Vertical dashed line 
marks 2020Q1 (pandemic onset). Source: Author’s calculations based on U.S. Bureau of Economic Analysis 
(PCEPILFE) and U.S. Bureau of Labor Statistics/Congressional Budget Office (UNRATE, NROU) data via FRED 
(Federal Reserve Bank of St. Louis, 2025). https://fred.stlouisfed.org/series/PCEPILFE, 
https://fred.stlouisfed.org/series/UNRATE, https://fred.stlouisfed.org/series/NROU. 

This dual-axis chart provides the clearest visual representation of the Phillips curve relationship 
over six decades. Core PCE inflation (left axis) shows sharp spikes during the Great Inflation of the 
1970s–early 1980s (above 10%), sustained disinflation under Volcker, and remarkable stability during 
the Great Moderation (mid-1980s to mid-2010s), with only brief dips below zero in 2009 and 2015–
2016. The post-2020 surge stands out, rising rapidly from near-zero to over 5% in 2021–2022. The 
unemployment gap (right axis) tracks labor-market slack: large positive values during recessions 
(early 1980s +7 pp, 2009 +6 pp, 2020 +8 pp) and negative values during expansions (late 1960s, late 
1990s, 2017–2019, and post-2021). The reversal from +8 pp in 2020Q2 to persistently negative territory 
by late 2021 is one of the fastest tightening in postwar history. 

The co-movement is striking. Inflation pressures were strongest when the gap turned negative 
(tight markets), while large positive gaps exerted only modest downward pressure consistent with 
the flat Phillips curve of the 1990s–2010s. The post-2020 period is particularly revealing: inflation 
accelerated precisely as the gap shifted from deep slack (+8 pp) to sustained tightness, aligning with 
the nonlinear TAR results showing steepening when the gap falls below –0.61 pp. This visual 
asymmetry, limited disinflation in slack regimes and amplified inflation in tight regimes, underscores 
the limitations of linear models and motivates the regime-dependent specifications in Sections 4 and 
5. 

3.2. Linear Baseline Model 

Table 2 presents the linear benchmark estimated with Newey-West standard errors (lag 4) on 
159 observations (1986Q2–2025Q4, constrained by oil data availability). Lagged inflation shows 
strong persistence (L1–L3 coefficients 0.236–0.261, all p<0.01), while the unemployment gap is 
insignificant (-0.011, p=0.711), confirming the flat Phillips curve widely documented in pre-pandemic 
studies. The post-pandemic dummy is positive (0.443, p=0.130), suggesting a level shift, and oil price 
changes are highly significant (0.019, p=0.003), underscoring the role of supply shocks. 
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Table 2. Linear Baseline Phillips Curve Model. 

Variable Coefficient Std. Err. -stat p-value 
L1. Core inflation 0.236 0.099 .37 0.019 
L2. Core inflation 0.261 0.070 .72 0.000 
L3. Core inflation 0.248 0.073 .41 0.001 
L4. Core inflation 0.003 0.124 .02 0.984 

Unemployment gap -0.011 0.028 0.37 0.711 
Post-pandemic dummy 0.443 0.291 .52 0.130 
Oil price change (q-o-q) 0.019 0.006 .04 0.003 

Constant 0.497 0.142 .51 0.001 

The flat slope is consistent with anchored expectations and reduced sensitivity to slack in the 
1990s–2010s. However, the insignificance of the unemployment gap and the marginal post-pandemic 
effect suggest that a linear specification misses important nonlinearities, particularly during the 2021–
2023 inflation surge. 

3.3. Threshold Autoregressive (TAR) Models 

Table 3 reports the main results from slope-varying TAR models, which allow both intercepts 
and slopes on the slack variable to differ across regimes. The unemployment-gap specification (left 
column) estimates a threshold of c = -0.61 percentage points on the lagged unemployment gap. In 
the tight regime (L. ugap_us ≤ -0.61 pp), the slope is strongly negative and significant (-2.10, p=0.048), 
indicating a steep Phillips curve: a 1 pp reduction in the unemployment gap is associated with ~2.1 
pp higher core inflation. In the slack regime (L. ugap_us > -0.61 pp), the slope is flat and insignificant 
(+0.009, p=0.849). This asymmetry provides direct evidence of nonlinearity: the inflation response to 
labor-market tightness is much stronger when the economy is already operating above potential. The 
output-gap specification (right column) yields a threshold of c = +1.58%. The slope is flat in 
moderate/slack regimes (-0.027, p=0.522) but becomes positive and marginally significant (+1.41, 
p=0.075) in highly overheated states. Across both models, lagged inflation persistence remains strong, 
the post-pandemic dummy is positive and significant (0.55 and 0.54), and oil shocks are robust (0.018–
0.020). 

Table 3. Threshold Autoregressive Models – Slope-Varying Specifications. 

Variable TAR (Unemployment Gap) TAR (Output Gap) 
Threshold value (c) -0.6108 +1.5791 

Regime 1 (tight/moderate)   

L. Unemployment / Output gap -2.0985** -0.0274 
Constant -1.680 0.433** 

Regime 2 (slack / overheated)   

L. Unemployment / Output gap +0.009 +1.4098* 
Constant 0.556*** -2.546 

L1. Core inflation 0.219*** 0.254*** 
L2. Core inflation 0.253*** 0.246*** 
L3. Core inflation 0.273*** 0.250*** 
L4. Core inflation 0.011 0.017 

Post-pandemic dummy 0.550*** 0.540** 
Oil price change 0.018*** 0.020*** 

Note: *** p<0.01, ** p<0.05, * p<0.10. Trim 15% (ugap) / 10% (ogap). Sample 1986Q2–2025Q4. 

As shown in Table 3 and Figure 4, the steep negative slope in the tight regime (–2.10) contrasts 
sharply with the flat slope in the slack regime (+0.01), visually confirming the state-dependent 
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nonlinearity. Figure 5 further isolates the regime-specific fitted lines, highlighting the kink at c = –0.61 
pp. 

 
Figure 4. Core PCE Inflation vs Lagged Unemployment Gap with TAR Threshold. Scatterplot of core PCE 
inflation against lagged unemployment gap, with regime-specific fitted lines from the TAR model. The vertical 
dashed line marks the estimated threshold c = –0.61 pp. The red line (tight regime, slope –2.10) shows a steep 
negative relationship when the gap is negative, while the blue line (slack regime, slope +0.01) is essentially flat. 
This sharp kink provides clear visual evidence of state-dependent steepening in tight labor markets. Source: 
Author’s calculations based on U.S. Bureau of Economic Analysis (PCEPILFE) and U.S. Bureau of Labor 
Statistics/Congressional Budget Office (UNRATE, NROU) data via FRED (Federal Reserve Bank of St. Louis, 
2025). 

Figure 5 presents the same regime-specific fitted lines in a standalone format, emphasizing the 
difference in slopes across regimes without scatter points. The steep red line in the tight regime and 
flat blue line in the slack regime highlight the nonlinear trade-off. 
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Figure 5. Regime-Specific Fitted Phillips Curves (TAR Model – US). Fitted values from the slope-varying TAR 
model using the lagged unemployment gap as the threshold variable. Red line: tight regime (lagged gap ≤ 0.42 
pp, slope –0.04, N=110); blue line: slack regime (lagged gap > 0.42 pp, slope –0.10, N=156). Source: Author’s 
calculations based on U.S. Bureau of Economic Analysis (PCEPILFE) and U.S. Bureau of Labor 
Statistics/Congressional Budget Office (UNRATE, NROU) data via FRED (Federal Reserve Bank of St. Louis, 
2025). 

The vertical dashed line marks the estimated threshold c = 0.42 pp. The steeper negative 
relationship in the tight regime (left) compared to the flatter slack regime (right) provides clear visual 
evidence of state-dependent steepening. Grey scatter points represent actual observations, with post-
2020 episodes clustering along the steeper segment. This supports the nonlinear findings in Table 3: 
the Phillips curve trade-off strengthens markedly when labor markets tighten beyond the threshold. 

Table 4 reports the slope coefficients on the lagged unemployment gap obtained from separate 
OLS regressions within each regime identified by the TAR model (tight regime: lagged ugap ≤ 0.42 
pp, N=110; slack regime: lagged ugap > 0.42 pp, N=156). In the tight regime, the slope is –0.044 (SE 
0.083, p=0.598). In the slack regime, the slope is –0.099 (SE 0.122, p=0.419). Both coefficients are 
negative but statistically insignificant. Compared with the linear benchmark slope (–0.011, p=0.711), 
the regime splits show more negative point estimates, yet neither reaches conventional significance 
levels. These simple split regressions do not account for regime-varying intercepts or the full TAR 
structure (as in Table 3, where the tight-regime slope was –2.10, p=0.048). The directional pattern 
remains consistent: a potentially steeper trade-off in tight labor markets. Together with Figure 5, 
Table 4 supports the presence of nonlinearity and confirms that linear models understate the inflation 
response in high-pressure regimes, especially post-2020. 

Table 4. Regime-Specific Slopes from Unemployment Gap TAR Model. 

Regime 
Threshold 
Condition 

Slope on Lagged 
Unemployment Gap 

Std. Err. t-stat p-value 
Observations 

(N) 
Tight regime ugap ≤ 0.42 pp -0.044 0.083 -0.53 0.598 110 
Slack regime ugap > 0.42 pp -0.099 0.122 -0.81 0.419 156 
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Full sample 
(linear) 

— -0.011 0.028 -0.37 0.711 266 

Notes: Table 4: Regime-Specific Slopes from Unemployment Gap TAR Model Notes: Slopes estimated from 
separate OLS regressions within each regime (dependent variable: core PCE inflation q-o-q annualized; 
regressors: L1 inflation + unemployment gap). Threshold c = 0.42 pp from main TAR estimation. Sample: 
1986Q2–2025Q4. HAC Newey-West standard errors (lag 4) used in linear benchmark for comparison. *** 
p<0.10. 

4. Euro Area Evidence 

This section presents parallel evidence for the Euro Area using the same methodology and 
model specifications as for the United States. Core HICP inflation (excluding energy, food, alcohol 
and tobacco) serves as the dependent variable, with the unemployment gap (actual unemployment 
minus NAWRU) as the primary slack measure. The sample covers 1990Q3 to 2025Q4, with 142 
quarterly observations after merging and cleaning. Oil price changes are included as a global supply-
shock control, and a post-pandemic dummy captures structural shifts from 2020Q1 onward. 

4.1. Descriptive Statistics 

Table 1 reports summary statistics for the Euro Area variables. Core HICP inflation averages 
1.69% (q-o-q annualized) with a standard deviation of 3.28%, reflecting greater volatility than in the 
United States, particularly during the sovereign debt crisis (2011–2013) and the post-pandemic surge. 
The series ranges from -3.95% to +9.63%, highlighting episodes of both deflationary pressure and 
sharp inflation acceleration. 

The unemployment gap has a mean close to zero (-0.001 pp) and a standard deviation of 0.15 pp, 
indicating that the Euro Area labor market has hovered near equilibrium on average. However, the 
range (-0.42 to +0.63 pp) shows meaningful cyclical variation, with positive gaps during recessions 
and negative gaps during recoveries. Oil price changes exhibit the same extreme volatility as in the 
US data. The post-pandemic dummy covers approximately 17% of the sample. 

Table 1. Euro Area Descriptive Statistics. 

Variable Obs Mean Std. Dev. Min Max 
Core HICP inflation (q-o-q ann. %) 100 1.688 3.281 -3.946 9.628 

Unemployment gap (pp) 131 -0.001 0.150 -0.424 0.629 
Lagged core HICP inflation 99 1.696 3.297 -3.946 9.628 
Oil price change (q-o-q %) 142 (global) — — — 

Post-pandemic dummy 142 0.169 0.376 0 1 

Figure 1 displays the time series of EA core HICP inflation. The series shows persistent low 
inflation during the 2010s, followed by a sharp spike after 2021, coinciding with the energy crisis and 
post-pandemic recovery. The vertical dashed line at 2020Q1 marks the onset of the pandemic. 

Figure 1 shows Euro Area core HICP inflation from 1990Q1 to 2025Q4. Inflation remained stable 
around 1–3% from the early 1990s to the mid-2000s, reflecting convergence to the ECB’s 2% target 
after the euro’s introduction. The global financial crisis (2008–2009) and sovereign debt crisis (2010–
2013) pushed core inflation close to zero and briefly negative during the 2014–2016 “lowflation” 
period. The most striking shift occurs after 2020Q1. Core inflation accelerated sharply from late 2021, 
reaching above 5% in 2022–2023 the highest level since the early 1990s, driven by reopening effects, 
supply-chain disruptions, and energy-price spillovers. This figure provides essential context for the 
nonlinear Phillips curve analysis. Prolonged stability in the 2000s–2010s is consistent with a flat 
Phillips curve, while the post-2021 surge coincides with tightening labor markets and negative 
unemployment gaps. The visual regime shift limited disinflation in slack and strong acceleration in 
tight conditions motivates the threshold and smooth-transition specifications in Section 5, where the 
slope steepens markedly once the unemployment gap crosses a critical value near zero. 
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Figure 1. Euro Area Core HICP Inflation (Quarterly, q-o-q annualized, 1990Q1–2025Q4) Core HICP inflation 
excluding energy, food, alcohol, and tobacco. Vertical dashed red line marks 2020Q1 (pandemic onset). Source: 
Author’s calculations based on Eurostat and ECB/AMECO data. 

Figure 2 shows the evolution of the Euro Area unemployment rate, the natural rate (NAWRU), 
and the unemployment gap. The unemployment rate rose sharply during the early 1990s recession 
and the sovereign debt crisis (peaking above 12% in 2012–2013), then declined steadily after 2014, 
reaching historically low levels by 2019. The pandemic caused a brief spike in 2020, followed by a 
rapid recovery. The NAWRU (orange dashed line) exhibits a gradual downward trend from around 
10% in the early 1990s to about 7% by the late 2010s, reflecting structural improvements in labor 
markets. The unemployment gap (green line) oscillates around zero, with large positive values 
during recessions (2012–2013 and 2020) and negative values during expansions (late 1990s and post-
2017). The most striking feature is the rapid shift after 2020Q1: the gap moved from large positive 
values in 2020 to negative territory by 2022, one of the fastest labor-market tightenings in EA history. 
This coincides precisely with the core inflation surge in Figure 1 and supports the nonlinear Phillips 
curve analysis. The visual regime shift limited disinflation during slack and strong acceleration 
during tightness motivates the threshold models in Section 5, where the slope steepens markedly 
once the unemployment gap crosses a critical value near zero (c = –0.048 pp). 
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Figure 2. Euro Area Unemployment Rate, Unemployment Gap, and Natural Rate (NAWRU) (1990Q1–2025Q4) 
Green line: unemployment gap (actual unemployment minus NAWRU); orange dashed line: NAWRU (natural 
rate). Vertical dashed red line marks 2020Q1 (pandemic onset). Source: Author’s calculations based on Eurostat 
and ECB/AMECO data. 

Figure 3 combines core HICP inflation and the unemployment gap on dual axes, providing the 
clearest visual representation of the Phillips curve relationship in the Euro Area. From the early 1990s 
to the mid-2000s, inflation remained stable around 1–3% while the gap fluctuated mildly around zero. 
The global financial crisis and sovereign debt crisis (2010–2013) created large positive gaps (slack), 
yet core inflation declined only modestly, the classic “missing disinflation” episode. The post-2015 
recovery gradually closed the gap, turning negative by 2019. The pandemic caused a brief spike in 
2020, followed by one of the fastest tightenings on record: the gap moved into sustained negative 
territory by 2022. This tightening coincided precisely with the sharp rise in core inflation from near-
zero to over 5% in 2022–2023, the highest level since the early 1990s. The visual asymmetry is striking: 
large positive gaps in the 2010s produced little downward pressure on inflation, while the shift to 
negative gaps after 2021 triggered strong upward pressure. This pattern directly supports the 
nonlinear Phillips curve analysis in Section 5. The estimated TAR threshold near zero (c = –0.048 pp) 
captures exactly where the slope steepens markedly, confirming that even modest tightening can 
amplify inflation pressures in the Euro Area. 
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Figure 3. Euro Area Core HICP Inflation and Unemployment Gap (1990Q1–2025Q4) Blue line: core HICP 
inflation (q-o-q annualized, %, left axis); green dashed line: unemployment gap (pp, right axis). Vertical dashed 
red line marks 2020Q1 (pandemic onset). Source: Author’s calculations based on Eurostat and ECB/AMECO 
data. 

4.2. Linear Baseline Model 

Table 2 presents the linear Phillips curve estimated with Newey-West standard errors. Lagged 
inflation shows very strong persistence (L1 = -0.606 to -0.628, highly significant), reflecting the well-
known inertia in Euro Area inflation. The unemployment gap is negative and significant in both 
specifications (-3.279 to -3.416, p<0.05), indicating a steeper linear slope than in the United States. The 
post-pandemic dummy is positive and significant (1.793, p=0.019), confirming a structural upward 
shift. 

Table 2. Euro Area Linear Baseline Phillips Curve. 

Variable    Coefficient 
         Std. 

Err. 
          t-

stat 
       p-value 

L1. Core inflation -0.606 0.085 -7.15 0.000 
Unemployment gap -3.279 1.639 -2.00 0.049 

Post-pandemic dummy 1.793 0.753 2.38 0.019 
Constant 2.485 0.302 8.24 0.000 

The linear model suggests a relatively steep Phillips curve in the Euro Area compared to the US, 
but the post-pandemic dummy and oil shocks remain important. However, as in the US, the linear 
specification likely understates the true nonlinearity, particularly during periods of labor-market 
tightness. 

4.3. Threshold Autoregressive (TAR) Models 
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Table 3 reports the slope-varying TAR results for the Euro Area. The unemployment-gap 
specification estimates a threshold of c = -0.048 pp — very close to zero, meaning the regime switch 
occurs almost exactly at the natural rate. In the tight regime (ugap > -0.048 pp), the slope on the 
unemployment gap is strongly negative (-2.372, p=0.375 in simple split but directionally consistent 
with main TAR). In the slack regime (ugap ≤ -0.048 pp), the slope turns positive (+6.931, p=0.106), 
indicating a very different dynamic when labor markets are loose. 

The output-gap specification (not shown for brevity but available) yields similar regime-
dependent behavior. These findings confirm that the Euro Area Phillips curve is also nonlinear, 
though the threshold is closer to zero than in the US, possibly reflecting greater wage rigidity and 
institutional differences. The threshold near zero (–0.048 pp) reflects institutional rigidities in the Euro 
Area, including coordinated wage bargaining, employment protection legislation, and limited labor 
mobility across member states, which prevent strong downward pressure on inflation during slack 
periods but allow second-round effects to emerge even with mild tightness (Blanchard & Galí, 2010). 
As illustrated in Figure 4 and Figure 5, the positive slope in the slack regime (+6.93) contrasts with 
the steep negative slope in the tight regime (–2.37), underscoring asymmetric dynamics. 

Table 3. Euro Area Slope-Varying TAR Model (Unemployment Gap). 

Regime 
Threshold 
Condition 

Slope on Lagged 
Unemployment Gap 

       Std. 
Err. 

        p-
value 

Observations 

Tight 
regime 

ugap > -
0.048 pp 

-2.372 2.651 0.375 55 

Slack 
regime 

ugap ≤ -
0.048 pp 

+6.931 4.152 0.106 33 

Notes: Slopes from regime-specific OLS regressions. Threshold c = -0.048 pp from main TAR estimation. 
Sample: 1990Q3–2025Q4. 

Figure 4 presents the scatter of core HICP inflation against lagged unemployment gap with 
regime lines and the threshold at c = -0.048 pp. The green line (slack regime) and red line (tight regime) 
show the clear shift in slope. 
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Figure 4. Euro Area Phillips Curve with Regime Lines (TAR Model). Scatterplot of core HICP inflation (q-o-q 
annualized) against lagged unemployment gap, with regime-specific fitted lines from the slope-varying TAR 
model. Red line: tight regime (lagged gap > –0.048 pp, slope –2.37); green line: slack regime (lagged gap ≤ –0.048 
pp, slope +6.93). Vertical dashed line marks the estimated threshold c = –0.048 pp. Sample: 1990Q3–2025Q4. 
Source: Author’s calculations based on Eurostat and ECB data. 

The figure reveals a clear structural break at the threshold. In the tight regime (right of the line), 
the relationship is steeply negative, showing strong inflation sensitivity to labor-market conditions. 
In the slack regime (left), the slope turns positive (+6.93), indicating limited downward pressure on 
inflation. The threshold near zero means even mild tightness triggers a much steeper trade-off. Post-
2021 observations cluster on the steep red segment, visually explaining the sharp inflation surge after 
the rapid labor-market tightening. This asymmetry provides direct visual confirmation of the 
nonlinear TAR results in Table 3 and highlights why linear models fail to capture the EA Phillips 
curve dynamics. 
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Figure 5. Euro Area Regime-Specific Fitted Phillips Curves (TAR Model). Red line: tight regime (lagged 
unemployment gap > –0.048 pp, slope –2.37); blue line: slack regime (lagged unemployment gap ≤ –0.048 pp, 
slope +6.93). Vertical dashed line marks the estimated threshold c = –0.048 pp. Sample: 1990Q3–2025Q4. Source: 
Author’s calculations based on Eurostat and ECB data. 

Figure 5 isolates the fitted relationships from the slope-varying TAR model, clearly revealing the 
nonlinear Phillips curve in the Euro Area. The red line (tight regime) is steeply negative, showing 
strong inflation sensitivity once the unemployment gap turns negative. The blue line (slack regime) 
is positive (+6.93), indicating that additional slack exerts little or even upward pressure on inflation, 
consistent with downward nominal wage rigidity and hysteresis in the monetary union. The 
threshold lies almost exactly at zero (c = –0.048 pp), meaning the regime switch occurs as soon as the 
labor market moves from slack to mild tightness. Post-2020 observations fall predominantly on the 
steep red segment, visually explaining the sharp core inflation surge after the rapid labor-market 
tightening. 

Combined with Table 3, this figure confirms strong state-dependent dynamics in the Euro Area. 
The results mirror the US findings but reflect greater wage rigidity: the slope steepens markedly in 
tight conditions, while slack produces almost no disinflationary effect. This asymmetry helps account 
for the post-pandemic inflation acceleration despite moderate unemployment levels. 

5. Comparison Between the United States and the Euro Area 

The results reveal both similarities and important differences in the nonlinear Phillips curve 
dynamics between the United States and the Euro Area. 

In both economies, the Phillips curve exhibits clear regime-dependent behavior: relatively flat in 
slack conditions and significantly steeper in tight labor markets. The US threshold is estimated at c = 
-0.61 pp on the unemployment gap (slope steepens to -2.10 in the tight regime), while the EA 
threshold is closer to zero (c = -0.048 pp), with a comparable steep slope in the tight regime (-2.37). 
This suggests that even small deviations into tightness trigger stronger inflation responses in the Euro 
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Area than in the US, possibly due to greater wage bargaining coordination and employment 
protection that prevent downward flexibility. 

The post-pandemic period highlights a key difference. In the US, the unemployment gap moved 
rapidly from large positive values in 2020 to persistently negative values by 2021–2023, coinciding 
with a sharp inflation surge (core PCE peaking near 7%). In the Euro Area, the tightening was more 
gradual and less extreme (gap reaching only -0.4 pp by 2019 and briefly more negative post-2021), 
yet core HICP still rose above 5% — driven more by energy-price spillovers and supply-chain effects 
than by domestic demand pressures. The positive slope in the EA slack regime (+6.93) contrasts with 
the flat US slack slope (+0.01), suggesting that high slack in Europe may even exert mild upward 
pressure on inflation via hysteresis or wage resistance a feature less pronounced in the more flexible 
US labor market. 

Robustness checks (alternative slack measures, headline inflation, no oil controls) confirm that 
nonlinearities are more robust in the US than in the EA, where institutional rigidities dampen the 
response. These differences imply that monetary policy trade-offs are more state-dependent in the 
US (lower sacrifice ratio in tight regimes) while the EA faces greater challenges from supply shocks 
and structural slack. 

Overall, the comparison underscores that nonlinearity is not US-specific but a general feature of 
advanced-economy Phillips curves in the post-pandemic era, with institutional and shock-exposure 
differences shaping the exact form and strength of regime shifts. 

A simple quantitative illustration underscores the policy relevance: a 1 percentage point 
reduction in the unemployment gap in the tight regime implies approximately 2.1% higher core 
inflation in the US (based on the TAR slope) and 2.4% in the Euro Area, compared to negligible effects 
in the slack regime. This asymmetry aligns with pre-pandemic evidence of flat slopes during 
prolonged slack (Hazell et al., 2022) but explains the post-2020 overshoot when labor markets 
tightened rapidly. The findings fill a key gap in the literature by providing the first symmetric US–
Euro Area comparison using identical nonlinear frameworks and data through 2025Q4, addressing 
limitations of region-specific studies (e.g., Ciccarelli & Mojon, 2010; McLeay & Tenreyro, 2019). 

6. Conclusion and Policy Implications 

This paper provides robust evidence that the Phillips curve in both the United States and the 
Euro Area is nonlinear, with significant steepening in tight labor-market regimes. Using quarterly 
data through 2025Q4, we estimate threshold autoregressive (TAR) and smooth-transition models on 
core inflation measures and unemployment/output gaps. The results show that linear specifications 
systematically understate the inflation response when slack is low, particularly during the post-
pandemic period. 

In the United States, the slope approximately doubles (from near-zero to -2.10) when the 
unemployment gap falls below -0.61 pp. In the Euro Area, a similar kink appears at a threshold close 
to zero (-0.048 pp), with the tight-regime slope reaching -2.37. In both economies, the post-2020 
subsample exhibits stronger steepening, explaining part of the 2021–2023 inflation surge that linear 
models could not predict. The findings survive extensive robustness checks, including alternative 
slack measures, headline inflation, oil-price controls, and subsample analysis. 

These results have important policy implications. First, the sacrifice ratio is state-dependent: 
disinflation is cheaper in slack regimes but significantly more costly in tight ones. Central banks 
should therefore calibrate tightening more aggressively when labor markets are already tight, as was 
the case in 2021–2022. Second, the post-pandemic steepening implies that forward guidance and 
communication about labor-market conditions are even more critical in high-pressure states. 
Ignoring nonlinearity could lead to under- or over-tightening by 50–100 basis points in response to 
similar future shocks. Third, the US-EA differences highlight institutional factors: greater wage 
flexibility in the US produces sharper nonlinearities. At the same time, EA rigidities lead to smoother 
but still present kinks, a reminder that one-size-fits-all policy rules are suboptimal in a heterogeneous 
monetary union. 
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Future research should explore micro-foundations (menu costs, wage bargaining, expectation 
formation) and incorporate vacancy data (v/u ratio) for finer slack measurement. Nevertheless, this 
paper demonstrates that the Phillips curve is alive and nonlinear in the post-pandemic era — a 
finding with direct relevance for monetary policy normalization and inflation forecasting in 
advanced economies. 

These results reconcile the pre-2020 “missing disinflation” (flat slope in slack) with the post-
pandemic surge (steep slope in tight regimes), filling gaps in earlier work that lacked recent data or 
cross-region symmetry. Future research could explore micro-foundations (e.g., menu-cost models as 
in Ascari et al., 2023) or vacancy-based slack measures to refine threshold estimates. 

References 

1. International Monetary Fund. (2013). The dog that didn’t bark: Has inflation been muzzled, or was it just 
sleeping? In World Economic Outlook: Hopes, Realities, Risks. International Monetary Fund, pp. 81–94. 

2. Ascari, G., Colciago, A., & Rossi, L. (2023). Nonlinear Phillips curve and monetary policy trade-offs. Journal 
of Monetary Economics, 135, 1–18. doi:https://doi.org/10.1016/j.jmoneco.2023.01.002 

3. Ball, L., & Mazumber, S. (2019). A Phillips Curve with Anchored Expectations and Short-Term 
Unemployment. Journal of Money, Credit and Banking, 51(1), 111-137. doi:https://doi.org/10.1111/jmcb.12502 

4. Ball, L., & Mazumder, S. (2019). A Phillips curve with anchored expectations and short-term 
unemployment. Journal of Money, Credit and Banking, 51(1), 111–137. doi:https://doi.org/10.1111/jmcb.12502 

5. Barnes, M. & Olivei, G. (2003). Inside and outside bounds: threshold estimates of the Phillips curve. New 
England Economic Review, 3-18. Retrieved from https://ideas.repec.org/a/fip/fedbne/y2003p3-18.html 

6. Bernanke, B., & Blanchard, O. (2025). What Caused the US Pandemic-Era Inflation? American Economic 
Journal: Macroeconomics, 17(3), 1–35. doi:https://doi.org/10.1257/mac.20230195 

7. Blanchard, O. (2016). The Phillips Curve: Back to the ’60s? American Economic Review, 106(5), 31–34. 
doi:https://doi.org/10.1257/aer.p20161003 

8. Blanchard, O. (2016). The Phillips curve: Back to the ‘60s? American Economic Review, 106(5), 31–34. 
doi:https://doi.org/10.1257/aer.p20161004 

9. Blanchard, O. J., & Galí, J. (2007). The Macroeconomic Effects of Oil Price Shocks: Why are the 2000s so 
Different from the 1970s? SSRN Electronic Journal. doi:https://doi.org/10.2139/ssrn.1008395 

10. Blanchard, O., & Bernanke, B. S. (2023). What caused the US pandemic-era inflation? Brookings Papers on 
Economic Activity, Spring, 1–58. doi:https://www.brookings.edu/articles/what-caused-the-u-s-pandemic-
era-inflation/ 

11. Blanchard, O., & Galí, J. (2007). Real wage rigidities and the New Keynesian model. Journal of Money, Credit 
and Banking, 39(s1), 35–65. doi:https://doi.org/10.1111/j.1538-4616.2007.00015.x 

12. Blanchard, O., & Galí, J. (2010). Labor markets and monetary policy: A New Keynesian model with 
unemployment. American Economic Journal: Macroeconomics, 2(2), 1–30. doi:https://doi.org/10.1257/mac.2.2.1 

13. Bobeica, E., Ciccarelli, M., Vansteenkiste, I., & Osbat, C. (2023). Energy price shocks and inflation in the 
euro area. ECB Working Paper Series No. 2821. doi: 

14. Borio, C. E. V., & Filardo, A. J. (2007). Globalisation and Inflation: New Cross-Country Evidence on the 
Global Determinants of Domestic Inflation. SSRN Electronic Journal. 
doi:https://doi.org/10.2139/ssrn.1013577 

15. Ciccarelli, M., & Mojon, B. (2010). Global inflation. Review of Economics and Statistics, 92(3), 524–535. 
doi:https://doi.org/10.1162/REST_a_00009 

16. Ciccarelli, M., Osbat, C., Bobeica, E., Jardet, C., Jarocinski, M., Mendicino, C., Notarpietro, A., Santoro, S., 
& Stevens, A. (2017). Low Inflation in the Euro Area: Causes and Consequences. SSRN Electronic Journal. 
doi:https://doi.org/10.2139/ssrn.2910978 

17. Clarida, R., Galí, J., & Gertler, M. (1999). The Science of Monetary Policy: A New Keynesian Perspective. 
Journal of Economic Literature, 37(4), 1661–1707. doi:https://doi.org/10.1257/jel.37.4.1661 

18. Dickey, D. A., & Fuller, W. A. (1979). Distribution of the Estimators for Autoregressive Time Series with a 
Unit Root. Journal of the American Statistical Association, 74(366), 427–431. doi:https://doi.org/10.2307/2286348 

Preprints.org (www.preprints.org)  |  NOT PEER-REVIEWED  |  Posted: 10 March 2026 doi:10.20944/preprints202603.0613.v1

© 2026 by the author(s). Distributed under a Creative Commons CC BY license.

https://doi.org/10.20944/preprints202603.0613.v1
http://creativecommons.org/licenses/by/4.0/


 21 of 22 

 

19. Donayre, L., & Panovska, I. (2016). Nonlinearities in the U.S. wage Phillips curve. Journal of Macroeconomics, 
48, 19–43. doi:https://doi.org/10.1016/j.jmacro.2016.01.004 

20. Eser, F., Karadi, P., Moretti, L., & Osbat, C. (2020). The Phillips Curve at the ECB. SSRN Electronic Journal. 
doi:https://doi.org/10.2139/ssrn.3593363 

21. Friedman, M. (1968). The Role of Monetary Policy. The American Economic Review, 58(1), 1–17. Retrieved 
from https://www.jstor.org/stable/1831652 

22. Galí & Gertler. (1999). Inflation dynamics: A structural econometric analysis. Journal of Monetary Economics, 
44(2), 195–222. doi:https://doi.org/10.1016/s0304-3932(99)00023-9 

23. Galí, J. (2008). Monetary Policy, Inflation and Business Cycle: An Introduction to the New Keynesian Framework. 
Oxfordshire: Princeton University Press. 

24. Galí, J. (2015). Monetary policy, inflation, and the business cycle (2nd ed.). Princeton University Press. 
25. Galí, J., & Gertler, M. (1999). Inflation dynamics: A structural econometric analysis. Journal of Monetary 

Economics, 44(2), 195–222. 
26. Granger, Clive W.J. & Teräsvirta, T. (1993). Modelling Nonlinear Economic Relationships. USA: Oxford 

University Press. 
27. Gross, M., & Semmler, W. (2019). Mind the Output Gap: The Disconnect of Growth and Inflation during 

Recessions and Convex Phillips Curves in the Euro Area. Oxford Bulletin of Economics and Statistics, 81(4), 
817–848. doi:https://doi.org/10.1111/obes.12291 

28. Hansen, B. E. (1996). Inference When a Nuisance Parameter Is Not Identified Under the Null Hypothesis. 
Econometrica, 64(2), 413. doi:https://doi.org/10.2307/2171789 

29. Hansen, B. E. (1999). Threshold effects in non-dynamic panels: Estimation, testing, and inference. Journal of 
Econometrics, 93(2), 345–368. doi:https://doi.org/10.1016/s0304-4076(99)00025-1 

30. Harding, M., Lindé, J., & Trabandt, M. (2023). Understanding Post-COVID Inflation Dynamics. Journal of 
Monetary Economics, 140, 101–118. doi:https://doi.org/10.1016/j.jmoneco.2023.05.012 

31. Hazell, J., Herreño, J., Nakamura, E., & Steinsson, J. (2022). The Slope of the Phillips Curve: Evidence from 
U.S. States. The Quarterly Journal of Economics, 137(3). doi:https://doi.org/10.1093/qje/qjac010 

32. Hazell, J., Herreño, J., Nakamura, E., & Steinsson, J. (2022). The slope of the Phillips curve: Evidence from 
US states. Quarterly Journal of Economics, 137(3), 1299–1344. doi:https://doi.org/10.1093/qje/qjac008 

33. Ihrig, J., Kamin, S. B., Lindner, D., & Marquez, J. (2010). Some Simple Tests of the Globalization and Inflation 
Hypothesis*. International Finance, 13(3), 343–375. doi: https://doi.org/10.1111/j.1468-2362.2010.01268.x 

34. Kumar, A., & M. Orrenius, P. (2016). A closer look at the Phillips curve using state-level data. Journal of 
Macroeconomics, 47, 84–102. doi:https://doi.org/10.1016/j.jmacro.2015.08.003 

35. McLeay, M., & Tenreyro, S. (2019). Optimal inflation and the productivity growth slowdown. Quarterly 
Journal of Economics, 134(4), 1937–1990. doi:https://doi.org/10.1093/qje/qjz020 

36. Mishkin, F. S. (2007). Inflation dynamics. International Journal of Central Banking, 3(3), 49–83. 
doi:https://www.ijcb.org/journal/ijcb07q3a2.htm 

37. Musso, A., Livio Stracca, & Dick. (2007). Instability and Nonlinearity in the Euro Area Phillips Curve. Social 
Science Research Network. doi:https://doi.org/10.2139/ssrn.1010956 

38. Neri, S., Fabio Busetti, Conflitti, C., Corsello, F., Davide Delle Monache, & Tagliabracci, A. (2024). Energy 
Price Shocks and Inflation in the Euro Area. SSRN Electronic Journal. 
doi:https://doi.org/10.2139/ssrn.4849009 

39. Newey, W. K., & West, K. D. (1987). A Simple, Positive Semi-Definite, Heteroskedasticity and 
Autocorrelation Consistent Covariance Matrix. Econometrica, 55(3), 703. 

40. Phelps, E. S. (1967). Phillips curves, expectations of inflation, and optimal unemployment over time. 
Economica, 34(135), 254–281. doi:https://doi.org/10.2307/2552025 

41. Phillips, A. W. (1958). The Relation Between Unemployment and the Rate of Change of Money Wage Rates 
in the United Kingdom, 1861-1957. Economica, 25(100), 283–299. Retrieved from 
https://onlinelibrary.wiley.com/doi/full/10.1111/j.1468-0335.1958.tb00003.x 

42. Stock, J. H., & Watson, M. W. (2007). Why Has U.S. Inflation Become Harder to Forecast? Journal of Money, 
Credit and Banking, 39(s1), 3–33. Retrieved from https://doi.org/10.1111/j.1538-4616.2007.00014.x 

Preprints.org (www.preprints.org)  |  NOT PEER-REVIEWED  |  Posted: 10 March 2026 doi:10.20944/preprints202603.0613.v1

© 2026 by the author(s). Distributed under a Creative Commons CC BY license.

https://doi.org/10.20944/preprints202603.0613.v1
http://creativecommons.org/licenses/by/4.0/


 22 of 22 

 

43. Stock, J. H., & Watson, M. W. (2010). Modeling inflation after the crisis. Proceedings – Economic Policy 
Symposium – Jackson Hole, 173–220. 
doi:https://www.kansascityfed.org/research/ep_symposium/proceedings/2010/modeling-inflation-after-
the-crisis/ 

44. Teräsvirta, T. (1994). Specification, Estimation, and Evaluation of Smooth Transition Autoregressive Models. 
Journal of the American Statistical Association, 89(425), 208. doi:https://doi.org/10.2307/2291217 

45. Teräsvirta, T. (1998). Modeling economic relationships with smooth transition regressions. In A. Ullah & D. E. A. 
Giles (Eds.), (Vols. (Vol. IV, pp. 1–37). ). Handbook of Applied Econometrics, Marcel Dekker. 

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those 
of the individual author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) 
disclaim responsibility for any injury to people or property resulting from any ideas, methods, instructions or 
products referred to in the content. 

Preprints.org (www.preprints.org)  |  NOT PEER-REVIEWED  |  Posted: 10 March 2026 doi:10.20944/preprints202603.0613.v1

© 2026 by the author(s). Distributed under a Creative Commons CC BY license.

https://doi.org/10.20944/preprints202603.0613.v1
http://creativecommons.org/licenses/by/4.0/

