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Abstract: E-commerce platforms created to meet the needs of digital consumers, who are the leading
actors of digital-oriented consumption, are increasing rapidly. Revolutionizing our daily lives by
offering the digital equivalent of real-world experiences, e-commerce now offers a comfortable
shopping experience that transcends the limitations of time and space. This phenomenon has been
embraced by individuals spanning all age groups, from young children to the elderly. Structural
equation modeling was used in this study, in which the factors affecting online shopping addiction
were determined. In this direction, the causal and correlational relationships between the variables
of fear of missing out (FoMO), cognitive load, personality types, some socio-demographic
characteristics (gender and monthly shopping amount) and online shopping addiction in online
shopping were revealed structurally. Since the purposive sampling was used, the study was carried
out on 488 people. The goodness-of-fit indices included in the created model were found at an
“acceptable” level (x2/df= 2.248, p=0.000; RMSEA=0.051; GFI=0.878; AGFI=0.856; CFI=0.950;
NFI=0.914). These results show that the final version of the model meets the necessary criteria for a
good fit, its validity and accuracy. The study revealed the causal and correlational relationship
between online shopping addiction and cognitive load, personality types, FoMO, gender, and
monthly online shopping amount.

Keywords: online shopping; structural equation modeling; cognitive load; fear of missing out;
personality type; online shopping addiction

1. Introduction

In today's digitally-driven consumption world, there is a structure designed to meet
the needs of the digital consumers with user-friendly online shopping platforms. E-
commerce has revolutionized our daily lives by providing a digital counterpart to real-
world experiences, and now offers a convenient shopping experience that exceeds
limitations of time and place. This phenomenon has been embraced by individuals
spanning all age groups, from young children to the elderly.

Since more than half of the world's population (68%) owns a mobile phone, there has
been a significant increase in the number of global internet users. It is anticipated that
64.4% of the world's total population is connected online and 59.4% is actively engaging
with social media platforms. On average, individuals spend approximately 6 hours and
37 minutes on the internet daily and dedicates 2 hours and 31 minutes to social media
usage. In Tiirkiye, the numbers are even more noticeable. 83.4% of the population are
internet users and with 95.4% has access to mobile connections. In addition, 73.1% of the
population actively engages with social media platforms. As a result, the average daily
internet usage in Tirkiye is 7 hours and 24 minutes per day (Kemp, 2023). The
widespread adoption of technology and the internet has led to a shift in traditional
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shopping methods. Over time, e-commerce, or online shopping, has gained massive
popularity (Civek & Ulusoy, 2020)

E-commerce represents a cutting-edge innovation that restructures the entire process
of production, launching, selling, insuring, distributing. Making online payments
eliminates the need for face-to-face interactions between sellers and customers. This
digital platform has significantly facilitated trade, making it more convenient than ever
before (Civek & Ulusoy, 2020). There is a clear change in people's preferences regarding
online activities, with quality now being prioritized over quantity. Kemp (2023) highlights
that individuals have become more sensitive and intentional in their online interactions.
Being online has become just as important as being physically present. Thus,
comprehending the key elements of online culture and creating valuable e-commerce
content greatly influences our online orientations.

Due to the COVID-19 restrictions, people have been forced to adopt new habits, and
these behaviors have now become permanent as individuals recognize their advantages.
Consequently, there has been an increase in the willingness and familiarity of people to
engage in e-commerce due to the impact of COVID-19 (Kemp, 2023). The purchasing
habits and motivations of consumers have gone through notable changes (Deloitte.Digital
& TUSIAD, 2022). Despite the circumstances favoring online channels, they currently
account for only 17.1% of retail spending. In addition, in January 2023, individuals aged
16 to 64 ranked shopping, auctions, and postings as among the most popular website and
app categories, with a percentage of 76%. Among active social media users in Tiirkiye, the
most followed categories were "friends, family, and people we know" (42.4%), followed
by "brands we purchase" (35.2%) and "brands we want to purchase" (33.4%). Almost half
of the social media users worldwide use social platforms to explore brands and engage
with their content, rather than relying on search engines. In Tiirkiye, 36.8% of users
discover new brands, products, and services through social media advertisements. The
examination of the global internet users who make online purchases on a weekly basis,
Tiirkiye ranks 3rd with a percentage of 64.6%. These statistics indicate a steady increase
in the share of e-commerce within overall shopping activities in the coming years.
However, it is worth mentioning that e-commerce still represents only approximately 1in
every $6 of consumers' retail spending on a global scale (Kemp, 2023). The traditional
methods of shopping and purchasing have experienced a significant shift as traditional
methods become prominent for online marketing (Aydin, 2022).

When individuals experience personal stress, such as anxiety, worry, or discomfort,
they may seek relief through online shopping by distancing themselves from negative
emotions. Lively and visually appealing online shopping platforms, interactive videos,
and timely communication can create a sense of happiness and enjoyment during online
social interactions. The process of making online payments is fast and convenient.
Through online shopping, individuals can temporarily escape the pressures of reality,
participate in pleasurable experiences, and unconsciously engage in excessive
consumption (Li et al., 2023).

During online shopping, individuals engage in product exploration to find out
products they want to consume, making careful selections based on perceived benefits
and evaluating their financial capacity after making these choices (Aydin, 2022). The
online shopping journey involves distinct phases, namely the pre-purchase search and
decision phase, the actual purchase phase, and the subsequent payment phase, all of
which require considerable effort. As a result, individuals experience a cognitive load
throughout the online shopping process.

In e-commerce, individuals find it difficult to absorb the large amount of information
they come across on web pages, which overwhelms them. In online shopping, a learning
process begins in the brain from the entrance to the websites. While following a lot of
information within the scope of websites, individuals are in a mental effort-cognitive load
in the need to learn to use websites as well. The more cognitive loads of individuals are
reduced, that is, the less they think about what they will do to reach the goal, the more
likely they will be to succeed and buy (Aydin, 2022).
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The concept of shopping addiction leads to questions such as who is more susceptible
and which characteristics are more advantageous to its development (Birincioglu, 2021).
Consumer behavior is influenced by individual and business choices, which are in turn
shaped by personality traits and personal traits such as age, occupation, economic status,
lifestyle, and self (Aydin, 2022; Kotler & Armstrong, 2015). Personality traits serve as
influential factors in online shopping addiction since they contribute to individual
behavior (Mount et al., 2005). The negative consequences of online shopping addiction are
observed in individuals' economic status, daily lives, and social interactions (Giinii¢ &
Dogan Keskin, 2016; Rose & Dhandayudham, 2014; Yilmaz et al., 2022). In addition,
internet addiction serves as one of the underlying causes of online shopping addiction
(Leblebicioglu & Aysuna Tiirkyilmaz, 2022), as excessive internet use has been linked to
increased online shopping activities (Kuss et al., 2013). Considering this connection,
personality traits that contribute to internet addiction and online social activities (Kuss et
al., 2013) are also likely to influence online shopping behaviors.

Considering that all forms of excessive behavior are believed to have many
commonalities (Griffiths, 2005), it can be thought that there is a connection between online
shopping addiction and FOMO (Fear of Missing Out). While individuals with shopping
addiction experience depression and anxiety (Bal & Okkay, 2022), individuals
experiencing FoMO also face a sense of emotional deprivation when missing out on any
social activity (Argan et al., 2018), tend to experience intense restlessness when faced with
the risk of missing a positive experience (Przybylski et al.,, 2013), and may experience
irritability, anxiety, and feelings of inadequacy (Abel et al., 2016). FoMO influences
consumer online habits and behaviors (Iscan et al., 2022).

The constant need of individuals to remain connected online (Aslan, 2019) leads them
to move their real-life relationships and activities to these digital platforms (Mutlu, 2021),
as it is easier to establish relationships online compared to real-life interactions
(Mantovani, 2001). FoMO is connected to the desire for self-fulfillment (Argan et al., 2018).
The sociological need for acceptance and psychological need for approval lead individuals
to adhere to advertisements influenced by popular culture, which in turn results in
consumption even when it is unnecessary. When this consumption becomes
uncontrollable, individuals suffer both financially and morally. Over time, shopping
addicts harm their families, relationships, friendships, and careers, and they face financial
difficulties (Bal & Okkay, 2022). FoMO plays a role in triggering online shopping
addiction due to the amount of online shopping involved. Moreover, considering that
FoMO impacts decision-making and behavior (Abel et al., 2016), it is also associated with
cognitive load.

Understanding the influence of personality traits on online shopping is a crucial
aspect (Yilmaz et al.,, 2022). Individual personality traits significantly impact behavior
patterns, interpersonal relationships, perception of the environment, and overall
psychological well-being (Durna, 2005). Consequently, these traits also affect cognitive
load, FoMO (Fear of Missing Out), and online shopping addictions. This suggests that all
these variables (personality types, FOMO, cognitive load, amount of online shopping,
gender, and online shopping addiction) are interconnected with one another either
directly or indirectly.

1.1. Fear of Missing Out (FoMO)

During the COVID-19 pandemic, as individuals suspended their usual lives, they
relied on digital environments as a new socialization environment and adopted a lifestyle
in these virtual spaces. While this form of life existed prior to the pandemic on social
media platforms and internet applications, it reached its peak during this time. In this
internet-based virtual world, individuals engaged in conscious or unconscious behaviors.
Initially, the fear of not accessing certain products triggered a sense of FoMO, but later on,
consumers began to experience the absence of a number of experiences and products
(Giiven, 2021).
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The easy access to real-time information about activities, events, and conversations
in virtual environments leads individuals to constantly seek updates, resulting in FoMO
which is an anxiety-driven concern that others may be having rewarding experiences,
even in the individual's absence. FOMO is characterized by a desire to stay connected with
what others are doing (Przybylski et al., 2013). Furthermore, FOMO generates a sense of
social and personal exclusion, as individuals fear missing out on experiences that could
contribute to their personal or social goals (Tandon et al., 2021; Zhang et al., 2020).

Participating in social media platforms tends to be particularly attractive for
individuals with FOMO (Przybylski et al., 2013). Considering the fact that over half of the
global population are social media users (Kemp, 2023), the likelihood of experiencing
FoMO increases. According to Maslow's hierarchy of needs, human needs, including
physiological, safety, love, esteem, and self-actualization, are organized in a hierarchical
manner and the emergence of one need is often dependent on the satisfaction of previous
needs (Maslow, 1943; 1958). As individuals fulfill their basic needs and progress to the
stage of socialization, the need for social connection becomes more prominent. The
combination of this increased need and the influence of social media contributes to the
appearance of FoMO in individuals. The impact of FoMO experienced at the fourth level
of Maslow's hierarchy is unlikely to be problematic for individuals who have already
reached the level of self-actualization (Argan et al., 2018).

FoMO is influenced by individual differences in factors like psychological need
satisfaction (Przybylski et al., 2013), which can be linked to personality variations (Griffin
& Moorhead, 2014). Personality is shaped through the interaction between individuals
and their social environment (Aslan, 2008). FoMO, driven by the fear of missing out on
better alternatives or experiences (Giiven, 2021), has gained significance in understanding
consumer behavior in the realm of social media marketing (Argan et al., 2018; Giiven,
2021; Zhang et al., 2020). With the rise of technology, behaviors and habits have changed,
and digital marketing (e-commerce) has provided individuals with various experiences
(Bulunmaz, 2016). Consequently, individuals experiencing FoMO are motivated to
actively participate and make purchases of new products (Korkmaz & Dal, 2020).

Individuals suffering from FoMO have a strong desire to stay online (Alt, 2015) and
thus often engage in online shopping. This can lead to emotional instabilities. For
example, some individuals experience negative emotions such as regret, stress, and
anxiety during or after online shopping, while others may experience positive emotions
such as excitement and relaxation. These emotions can be considered both as causes and
consequences of online shopping and online shopping addiction. Feelings of regret, stress,
and anxiety can evoke feelings of pleasure, excitement, and impulsiveness in individuals
(Gliintic & Dogan Keskin, 2016). Furthermore, FoMO can result in individuals
experiencing a sense of restlessness, fear, anxiety, and distress (Korkmaz & Dal, 2020).
Excessive buying behavior often recurs in response to stressful situations, negative
emotions, and tension (Miiller, 2007). Moreover, individuals with online shopping
addiction tend to have higher levels of anxiety (Rose & Dhandayudham, 2014).

1.2. Cognitive Load

Cognitive load refers to the load placed on a learner's cognitive system while
performing a task, and it is represented as a multidimensional structure (Paas & Van
Merriénboer, 1994). The theory of cognitive load is associated with the development of
teaching methods that effectively use individuals' limited cognitive processing capacity
to enhance their ability to apply acquired knowledge and skills in new situations (Paas et
al., 2003). This theory categorizes cognitive load into three types: intrinsic load, extraneous
(ineffective) load, and germane (effective) load (Paas et al., 2004; Paas & Van Merriénboer,
1994). It is based on a cognitive architecture consisting of a limited working memory,
which includes distinct processing units for visual/spatial and auditory/verbal
information. These units interact with a relatively unlimited long-term memory (Paas et
al., 2003).
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Cognitive architecture includes various structures and processes involved in
cognitive functioning. In framework, working memory plays a crucial role in processing
educational materials. Working memory has limited information processing capacity.
However, its capacity can be enhanced by engaging both the visual and auditory channels.
All information processed by working memory can be transferred to long-term memory.
Consequently, knowledge acquired through working memory processing is effectively
stored in long-term memory as schemas with varying levels of automaticity. The
generation of schemas and their automation serve a dual purpose of consolidating
information in long-term memory and reducing the cognitive load on working memory
(Sweller et al., 1998).

Cognitive load theory is closely linked to strategies for managing working memory
load in order to facilitate the formation and automation of schemas in long-term memory
(Paas et al.,, 2004). While schemas are stored in long-term memory, their formation
requires the processing of information in working memory. Relevant information needs
to be extracted and manipulated in the working memory before it can be stored as
schemas in long-term memory. Cognitive load theory places significant emphasis on the
ease of information processing in working memory. The load on working memory can be
influenced by the intrinsic characteristics of the material (intrinsic cognitive load) or by
the presentation of the material and the tasks assigned to learners (extraneous cognitive
load). Intrinsic cognitive load is inherent to the material and cannot be changed through
instructional interventions, whereas extraneous cognitive load is associated with
redundant cognitive demands and can be modified through instructional interventions.
Another distinction is between extraneous cognitive load and germane cognitive load.
While both can be influenced by instructional interventions, extraneous cognitive load
reflects the effort required to process poorly designed instruction. In contrast, germane
cognitive load represents the effort that contributes to schema construction. Effective
instructional designs increase germane cognitive load while reducing extraneous
cognitive load (Sweller et al., 1998).

1.3. Online Shopping Addiction

With the gradual increase in internet usage worldwide, including Tiirkiye (Kemp,
2023; TUIK, 2022), there has been a remarkable shift in individuals' shopping routines and
habits. Shopping behavior has extended to online environments which become the
primary means of purchasing for many people (Rose & Dhandayudham, 2014). The ease
of shopping from home, as well as the opportunities for price comparison, searching for
products, and finding affordable deals online (Algiir & Cengiz, 2011), has contributed to
the widespread adoption of online shopping. Globally, 43.4% of internet users engage in
online searches for products and brands, while in Tiirkiye, this figure stands at 58.9%
(Kemp, 2023). According to data from the Turkish Statistical Institute [TUIK] (2022), the
percentage of individuals in Tiirkiye who made online purchases for personal use (e-
commerce) was 44.3% in 2021, which increased to 46.2% in 2022. This percentage was
higher for men at 49.7% compared to 42.7% for women. While online shopping offers
several advantages, it was also observed that it may lead to problematic behaviors (Algiir
& Cengiz, 2011; Rose & Dhandayudham, 2014). When a behavior becomes excessive, it
can be considered addictive. Accordingly, based on statistical data, online shopping
addiction is now recognized as a form of addiction (Birincioglu, 2021). Online shopping
addiction refers to the tendency to engage in excessive, compulsive, and problematic
internet shopping, which can lead to economic, social, and emotional problems (Zhao et
al., 2017).

Online shopping addiction is considered a behavioral addiction (Bal & Okkay, 2022)
and characterized by a number of features shared with other types of addiction (Griffiths,
2005). These components include salience, mood modification, tolerance, withdrawal,
conflict, and relapse. Salience means that addictive behavior becomes the most important
and prominent activity in someone's life. It consumes thoughts, feelings, and actions and
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leads to distorted thinking, anxiety, and strong desires. People might constantly think
about their next online shopping session, even when they're not actually doing it. Online
shopping addiction involves a range of experiences and behaviors. It can lead to a
significant shift in mood modification, from excitement and elation during shopping to
emptiness and depression once the excitement disappears. Tolerance develops over time
and leads to increased intensity or frequency of online shopping to achieve the same
satisfaction. Withdrawal symptoms occur when individuals attempt to stop or limit their
online shopping, which in turn may result in emotional distress and physical discomfort.
Online shopping addiction leads to conflict in individuals as they try to control their
behavior despite knowing the negative consequences, and it also results in strained
relationships due to the financial and time commitments associated with excessive online
shopping. Relapse is also quite common in that individuals often tend to return to their
previous online shopping habits even after attempts to quit. Understanding these
components is essential in developing interventions to address online shopping addiction
and support individuals in their recovery (Griffiths, 2005).

1.4. Personality Type

Personality is a unique and dynamic aspect of individuals (Firin & Sevim, 2022). It
includes their behaviors, emotions, and cognitive style (Mount et al., 2005). It is shaped by
various factors, such as personal priorities, preferences, coping mechanisms, and desired
perception by others (Ozsoy, 2013).

Personality traits affect how people shop online, along with factors such as product
appearance, presentation, campaign images, and features that encourage purchases
(Cinjarevié, 2010; Uster, 2014). They influence motivations and perspectives of the
individuals during online shopping. Some individuals use shopping to relieve impatience
or negative moods (Cinjarevi¢, 2010), while others pursue enjoyment and unique
experiences (Uster, 2014). Considering the role of personality traits on online shopping
behaviors (Sonmez, 2019), individuals should be categorized based on their unique
personality types. Understanding the relationship between personality traits and online
shopping can help businesses and marketers modify strategies to engage different
personality types and to meet their specific needs and preferences. This personalized
approach leads to greater customer satisfaction and a better online shopping experience
for individuals.

Friedman and Rosenman's Type A and Type B personality classification describes
two distinct behavioral patterns. Type A individuals, mainly observed in men under 55
years of age, display a behavior pattern associated with symptoms of coronary heart
disease (Rosenman et al., 1966). They are generally ambitious, time-conscious, and driven.
In contrast, Type B individuals are more relaxed, less aggressive, and tend to move at a
slower pace (Bortner, 1969).

Individuals with Type A behavior are known for being highly competitive,
dedicated, and time-sensitive. In addition, they may exhibit aggression, impatience, and
a strong emphasis on business-oriented activities. They tend to be driven, ambitious, and
focused on achieving their goals quickly (Griffin & Moorhead, 2014).

Type B individuals are less competitive, less dedicated to work and less sensitive to
time. They feel less conflict with people and time and has a more balanced, relaxed
approach to life. There is not an evidence whether Type B individuals are more or less
successful than Type A individuals (Griffin & Moorhead, 2014). Individuals may not be
purely type A or type B, but may instead be more prone to either type (Friedman &
Rosenman, 1974).

The table below presents a clear distinction between Type A and Type B personality
structures (Luthans, 2011):

Table 1. Types A and B Personality Structures
Type A Personality Structure Type B Personality Structure
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They are always in action. It has little to do with time.

They walk fast. They are patient.

Fast places. They don't like to brag.

They talk fast. They do games and sports for fun, not to win.

They are impatient. They rest comfortably.

They do two things at once. They are not under pressure to get the job done
right away.

They do not have much free time. They are soft headed.

They are obsessed with numbers. They never rush.

Numbers tend to measure success.
They are aggressive.
They are competitive.

They are under constant time pressure.

Online shopping addiction has been found to be associated with certain personality
traits (Rose & Dhandayudham, 2014). Individuals who engage excessively in online
shopping activities may experience depressive symptoms (Morgan & Cotten, 2003).
Consequently, individuals displaying Type A behavior may be more susceptible to online
shopping addiction due to their characteristics such as high mobility, impulsive and
passionate tendencies, competitiveness, aggression, hostility, and a one-sided personality
(Baltas & Baltas, 2000 cited in Durna, 2005). It shoud be noted that the relationship
between personality traits and online shopping addiction is complex, and other factors
may also contribute to the development of addiction in individuals.

Figure 1 provides a visual representation of the relationships between the variables
examined in this study, as well as the related studies in the literature investigating these
relationships.
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Figure 1. Representation of the relations of the variables with each other in the literature

Figure 2 provides an overview of the variables and relationships examined in this
study, based on the problem situation and findings from the literature review. It is
important to recognize that the depicted variables and relationships offer a general
representation of the tested model, and more detailed sub-factors or sub-dimensions of
each variable will be discussed in later sections.
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Figure 2. The visual representation of the relationships between the variables
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According to Kemp (2023), 26.4% of people watch product review videos on Google
each week, which indicates a large number of individuals involved in this activity. In this
sense, Understanding the factors linked to online shopping addiction is crucial. Moreover,
the global nature of this phenomenon and its examination across different geographical
contexts make this study unique and significant. By exploring the contributing factors to
online shopping addiction in diverse geographic settings, a comprehensive
understanding can be achieved.

1.5. Purpose of The Study

The aim this study was to explore the relationships among variables such as FoMO,
cognitive load, personality types, some socio-demographic characteristics (gender and
monthly shopping amount), and online shopping addiction in online shopping. The
model in Figure 3 was studied based on the findings of the studies in the literature to
understand the relationships and dynamics involved. The following assumptions were
made regarding this model:

H1: Personal FOMO has an impact on online shopping addiction.

H2: Social FoMO has an impact on online shopping addiction.

H3: Personal FoOMO has an impact on Cognitive load for searching.

H4: Personal FOMO has an impact on Cognitive load for purchase.

H5: Personal FOMO has an impact on Cognitive load for paying.

Hé: Social FoMO has an impact on Cognitive load for searching.

H7: Social FoMO has an impact on Cognitive load for purchase.

HS8: Social FoMO has an impact on Cognitive load for paying.

HO: Personality type has an impact on Personal FoMO.

H10: Age has an impact on Personal FoMO.

H11: Number of shopping has an impact on Personal FoMO.

H12: Gender has an impact on Personal FoMO.

H13: Personality type has an impact on Social FoMO.

H14: Age has an impact on Social FoMO.

H15: Number of shopping has an impact on Social FoMO.

H16: Gender has an impact on Social FoMO.

H17: Cognitive load for searching has an impact on online shopping addiction.

H18: Cognitive load for purchase has an impact on online shopping addiction.

H19: Cognitive load for paying has an impact on online shopping addiction.

H20: Gender has an impact on online shopping addiction.

H21: Number of shopping has an impact on online shopping addiction.

H22: Age has an impact on online shopping addiction.

H23: Personality type has an impact on online shopping addiction.
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Figure 3. The variables and relationships examined in this study

In addition to these hypotheses, the study also examined the online platforms and
applications used for online shopping and identified the primary needs fulfilled through
online shopping.

2. Method

The study employed Structural Equation Modeling (SEM) path analysis to examine
the relationship between the independent variables (personality types, cognitive load,
FoMO, gender, and monthly shopping amount) and the dependent variable of online
shopping addiction. SEM was preferred since it allows for the assessment of whether the
theoretical model aligns with the observed data and determines the goodness of fit (Alkis,
2016). Path analysis, within the SEM framework, was used to represent the relationships
between the variables, determine the magnitude and direction of the linear relationships,
and interpret the effects of these relationships (Karagoz, 2016). The analysis also involved
estimating the relationships and revealing both the direct and indirect effects of these
relationships (Hair et al., 2014).

2.1. The Universe and Sample

The sample for this study consisted of individuals who engage in online shopping.
The sample size was determined using probability sample size calculation with a 95%
confidence level (Balci, 2009). Initially, 526 individuals participated in the study. The valid
data is 517. But after applying purposeful sampling (Biiyiikoztiirk et al, 2016),
participants who indicated that they did not shop online were excluded from the analysis.
As result, 488 participants took part in the study. The use of purposeful sampling ensured
that the study focused specifically on individuals who engage in online shopping. The
sample size in this study aligns with the recommended guidelines for most studies.
Typically, a sample size of over 100 is suggested for uncomplicated models, while for
complex models, a sample size of over 200 is recommended. Additionally, most studies
advise a sample size ranging from 250 to 500 participants (Karagoz, 2016).
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Table 2. Demographic features

Gender f %
Female 300 61.5
Male 188 38.5
Marital status

Single 283 58.0
Married 198 40.6
Other 7 14
Age

20 years and under 88 18.0
21-30 years 190 38.9
31-40 years 143 29.3
41-50 years 57 11.7
51 years and older 10 2.0
Household monthly total income status

Less than 10000 TL 125 25.6
Between 10001-20000 TL 172 35.2
Between 20001-30000 TL 99 20.3
Between 30001-40000 TL 45 9.2
Between 40001-50000 TL 25 51
More than 50001 TL 22 4.5
Number of shopping per month

3 and less 282 57.8
Between 4-6 151 30.9
Between 7-10 32 6.6
Between 11-14 9 1.8
more than 15 14 2.9
Education status

Secondary school graduate 2 0.4
High school graduate 111 22.7
University student 80 16.4
Graduated from a Universty 199 40.8
Master's/PhD graduate 96 19.7
Online shopping preference

I prefer to do it from websites 34 7.0
I prefer to do it from mobile apps 143 29.3
I use both (web and mobile) 311 63.7
Daily internet usage time (including social media usage)

Less than 1 hour 24 4.9
1-3 hours 170 34.8
3-5 hours 175 35.9
More than 5 hours 119 24.4
Total 488 100.0

The study focused on individuals who engage in online shopping. Table 2 presents
the characteristics of the participants who shop online. The majority of participants were
women, university students, and single. The study revealed that a significant proportion
of participants preferred both web and mobile shopping, and made three or fewer online
purchases per month. Furthermore, most participants reported a monthly total household
income between 10001 and 20000 TRY, and they typically spent three to five hours on the


https://doi.org/10.20944/preprints202306.1614.v1

Preprints (www.preprints.org) | NOT PEER-REVIEWED | Posted: 22 June 2023 doi:10.20944/preprints202306.1614.v1

internet (including their time on social media). The average age of the participants in the
study was 29 and their age ranged between 21 and 30. Considering that these data are the
data of online shoppers, the results here can also be used in the evaluation of online
shopping.

In the study, 29 participants (5.6%) reported that they did not experience online
shopping. The average age of these participants were 29. The majority of them were
women, single, university graduates. They reported a monthly household income of less
than 10000 TRY. Also they reported that they spent one to three hours per day using the
internet.

2.2. Data Collection Tools

The questionnaire form used in the study consisted of two sections. The aim of the
first section was to obtain demographic information. The second section included a
number of scales used in the study. The information requested in the first part were as
follows: gender, age, marital status, education level, monthly total household income,
online shopping preferences, daily internet usage time, monthly online shopping amount,
online shopping sites/applications used, and online shopping needs. In addition the
following scales were used in the second section: Fear of Missing Out (FoMO) scale,
Cognitive Load Scale, Online Shopping Addiction Scale, and Personality Inventory. These
scales were utilized to measure specific constructs and variables related to the research
topic.

2.1.1. FoMO Scale

FoMO scale was used in the study. The scale was originally developed by Zhang et
al. (2020) and adapted to Turkish by Celik and Ozkara (2022). It consists of two sub-
factors: personal FoOMO (5 Items) and social FoMO (4 Items). Exploratory factor analysis
(EFA) results revealed that the two-factor structure of the scale accounted for 61.45% of
the total variance. The standardized regression weights for the item loadings ranged from
0.949 to 0.655. The fit index values for the two-factor model were excellent. The Cronbach's
alpha value was 0.86 for the personal FoOMO factor, and 0.92 for the social FoMO factor
(Zhang et al., 2020). The FoMO scale is measured on a 7-point Likert-type scale, where the
lowest score is nine and the highest score is 63 (Celik & Ozkara, 2022). In the Turkish
version of the scale, the total variance explained was 60.63%, and the standardized factor
loading ratios of the items ranged from 0.70 to 0.88. Confirmatory factor analysis (CFA)
results indicated that the fit index values of the model were satisfactory. The Cronbach's
alpha was 0.85 value for the personal FoMO factor and 0.85 for the social FOMO factor
(Celik & Ozkara, 2022).

2.1.2. Cognitive Load Scale

The cognitive load scale used in the study was adapted into Turkish by Kili¢ and
Karadeniz (2004) and is based on the single-item scale developed by Paas and Van
Merriénboer (1993). Cronbach's alpha internal consistency coefficient was 0.90 for the
original scale (Paas & Van Merriénboer, 1993), 0.78 for the Turkish version (Kili¢ &
Karadeniz, 2004). The scale measures perceived mental effort on a 9-point symmetrical
category scale, ranging from very very low (1) to very very high (9). It should be noted
that participants' ratings below 5 indicate a lower cognitive load, while ratings above 5
indicate a higher cognitive load (Kili¢ & Karadeniz, 2004; Paas & Van Merriénboer, 1993).
In the measurement section, participants were asked three questions related to cognitive
load. In online shopping;

1. To what extent do you exert effort in searching for the product you want to
buy?

2. How much effort do you invest in the shopping process?

3. How much effort do you dedicate to the payment process?
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The study also examined cognitive load in relation to the stages of searching,
purchase, and paying in online shopping. These stages were based on "The four stages of
compulsive buying (anticipation, preparation, shopping, and spending)" as described by
Black (2007). Black (2007) explained these stages as follows:

1. Anticipation: Individuals experience expectations, personal emotions, and
desires that drive them to shop.

2. Preparation: They engage in activities such as deciding where to go, what to
wear, and which credit cards to use in preparation for shopping and spending.

3. Shopping: This is considered the most crucial stage, where individuals may
experience temporary relief, intense excitement, or even sexual arousal.

4. Spending: Shortly after making the purchase, individuals may start feeling
frustrated or regretful about their actions.

2.1.3. Online Shopping Addiction Scale

The Online Shopping Addiction Scale used in the study is a five-point Likert-type
scale with 18 items and six factors. It was originally developed by Zhao et al. (2017) and
adopted to Turkish by Yilmaz et al. (2022). The scale demonstrates high internal
consistency, with a Cronbach Alpha coefficient of 0.95. The Turkish adaptation of the scale
has an internal consistency coefficient of 0.92 and a test-retest reliability of 0.79. The
Turkish version consists of five factors: significance-tolerance, mood modification,
withdrawal, relapse, and conflict. Higher scores on the scale indicate a higher level of
online shopping addiction.

2.1.4. Personality Inventory

To assess personality traits, the short form of the Bortner Rating Scale (Bortner, 1969)
was utilized. The scale was initially developed by Friedman and Rosenman (1959; 1974)
to examine the relationship between personality and coronary atherosclerosis. It was later
named the Type A and Type B Personality Inventory and further developed by Bortner
(Bortner, 1969). The scale consists of seven items presented as contradictory statements,
and participants rate their agreement on an 8-point Likert scale. The inter-item reliability
of the scale is reported to be 0.68 (Bortner, 1969). The total score obtained from the scale is
multiplied by 3. If a participant's resulting score exceeds 100, they are classified as having
a Type A personality. If the score is below 100, they are classified as having a Type B
personality. The range of possible scores on the scale is from 21 (the lowest) to 168 (the
highest) (Mavili Aktas, 2001).

2.2. Data Collection and Analysis

The data for this research were collected using a Google Form prepared by the
researchers and distributed to the participants through digital media. Participation in the
study was based on voluntary participation. The participants completed various scales
included in the survey, and the collected data were analyzed according to the
predetermined relationships determined by the researchers. The accuracy and fit of the
proposed model, based on the literature, were assessed using the AMOS 24 software
package. The assumptions of structural equation modeling (SEM) include the following;:
normal distribution of variables, linearity of relationships between variables, absence of
outliers, presence of at least three observed variables for each latent variable, no
correlation between error terms, no multicollinearity among variables, and adequacy of
sample size (Karagodz, 2016). The SEM process typically involves the following steps
(Alkis, 2016; Hair et al., 2014; Karagoz, 2016; Siimer, 2000):

1. The theory was developed by reviewing the existing literature.
2. The model associated with the theory was identified and visually represented.
3. The sample for the study was determined, and data were collected using

specific measurement scales.
4. The model's accuracy was assessed through path analysis.
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5. Based on the analysis results, the model's compatibility was examined using
goodness-of-fit indices. If inconsistencies were found, modifications were made to the
model, which was then finalized and reported.

The adequacy of the model was assessed by evaluating the goodness-of-fit indices
based on established criteria (Schermelleh-Engel & Moosbrugger, 2003):

Table 3. Recommendations for Model Evaluation: Rules of Thumb

Fit Measure Good Fit Acceptable Fit
e 0<y <2df 2df < y* < 3df
p value 05 < p< 100 01<p< 05
1/ df 0<y/df<2 2 <y /df<3
RMSEA (0< RMSEA< .05 05 < RMSEA < .08
i 10 < p< 100 05<p<.10
: 3 T close to RMSEA., )
Confidence interval (CT) left boundary of CI — .00 close to RMSEA
SRMR 0 < SRMR< .05 05 < SRMR < .10
NFI 95 < NFI<1.00® 90 < NFI < 95
NNFI 97 < NNFI < 1.00" 95 < NNFI < 9T
CFI O7T<CFI<1.00 95 < CFI < 9T
GFI 95< GFIL1.00 90 < GFI < .95

90 < AGFI < 1.00, 85 < AGFI <.90,

AGH close to GFI close to GFI
AlC smaller than AIC for comparison model
CAIC smaller than CAIC for comparison model
ECVI smaller than ECVT for comparison model

Note. AGFI = Adjusted Gooduess-of-Fit-Index, AIC = Akaike Information Criterion, CAIC = Consistent
AIC, CFI = Comparative Fit Index, ECVI = Expected Cross Validation Index, GFI = Goodness-of-Fit
Index, NFI = Normed Fit Index. NNFI = Nommormed Fit Index. RMSEA = Root Mean Square Error of
Approximation. SRMR = Standardized Root Mean Square Residual.

*NFI may not reach 1.0 even if the specified model is correct. especially in smaller samples (Bentler.
1000). h;b‘ NNFI is not normed. values can sometimes be outside the (-1 range. CNNFI and CFI values of
A7 seem to be more realistic than the often reported cutoff criterion of .95 for a good model fit.

Data analysis, except for Structural Equation Modeling (SEM), was performed using
the SPSS 25 in the study.

3. Findings and Comment

3.1. Findings Describing The Participants

The figure below illustrates the personality types of individuals engaged in online
shopping.
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Distribution of personality types of online shoppers

wAtype = Brype

Figure 4. Distribution of personality types of online shoppers
It was found that the majority of online shoppers displayed type A personality traits.
On the other hand, it was found that the majority of individuals who do not engage in

online shopping also displayed type A personality traits.

Table 4. The most used websites or applications for online shopping

Percentage in the Percentage of total
Frequency number of participants number of answers

Amazon 120 24.59 9.55
Alibaba 20 4.10 1.59
Hepsiburada 309 63.32 24.58
N11 145 29.71 11.54
Trendyol 464 95.08 36.91
Ebay 7 1.43 0.56
Websites with physical store 151 30.94 12.01
Other 41 8.40 3.26
TOTAL 1257

In the study, participants were asked about their most frequently used sites or
applications for online shopping. The majority of participants reported that they used the
following platforms, respectively: Trendyol.com, Hepsiburada.com, websites with
physical stores, N11.com, Amazon.com, other sites, Alibaba.com, and eBay.com (Table 4).
It was found that the most commonly used platform for online shopping was Trendyol.
Furthermore, participants were also asked which needs were primarily met through
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online shopping. The majority of participants reported the following needs, respectively:
clothing, personal care products, education-related items, technology/electronics,
household goods/furniture/appliances, food market items, non-food market items, DIY
market/hand tools, health-related products, and various spare parts and other
miscellaneous needs (Table 5).

Table 5. Most fulfilled needs with online shopping

Percentage  in  the Percentage of total
Frequency number of participants number of answers

Food Market 140 28,69 7,49
Non-food market 94 19,26 5,03
Technology (Phone, Computer...) 296 46,31 12,09
Household
goods/furniture/white... 161 32,99 8,61
DIY market/Hand tools 91 18,65 4,87
All kinds of spare parts 65 13,32 3,48
Clothes 425 87,09 22,74
Health 72 14,75 3,85
Education 282 57,79 15,09
Personal care

304 62,30 16,27
Other 9 1,84 0,48
Total 1869

3.2. Findings on The Model

Figure 5 shows the model emerged as a result of the SEM analysis. Goodness-of-fit
indices were also compared with the values in Table 3 to determine the acceptance of the
model.
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Figure 5. The path coefficients of the verified structural model. Note: ***p<0.001, **p<0.01,

*p<0.05

The examination the goodness-of-fit indices in the model showed that the values
indicated a acceptable fit (x2/df= 2.248, p=0.000; RMSEA=0.051; GFI=0.878; AGFI=0.856;
CFI=0.950; NFI=0.914). These results indicated that the tested model met the necessary
criteria for a good fit, indicating its validity and accuracy. The fit indexes of the verified
structural model is shown in Table 6.

Table 6. The fit indexes of the verified structural model

B1 B2 S.E. C.R. P
Personal FoMO <--- Personality type -0,119 -0,408 0,137  -2,967 0,003
Cognitive load for paying <---  Personal FoMO 0,118 0,156 0,062 2,514 0,012
Social FoMO <---  Number of shopping -0,098 -0,2 0,079 -2,525 0,012
Online Shopping Addiction <---  Personal FoMO 0,283 0,054 0,013 4,205 i
Online Shopping Addiction <---  Social FoMO 0,158 0,034 0,012 2,763 0,006
Online Shopping Addiction <---  Cognitive load for paying 0,128 0,018 0,007 2,752 0,006
Online Shopping Addiction <---  Gender 0,142 0,093 0,031 3,017 0,003
Online Shopping Addiction <---  Number of shopping 0,154 0,067 0,021 3,202 0,001
Cognitive load for searching <---  Personal FoMO 0,228 0,307 0,073 4,204 i
Cognitive load for purchase <---  Personal FoMO 0,224 0,286 0,068 419 *x%
Cognitive load for searching <---  Social FoMO -0,147 -0,225 0,071 -3,172 0,002
Cognitive load for purchase <---  Social FoMO -0,099 -0,144 0,064 -2,244 0,025

)
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Based on the results of the SEM analysis, the explained variance values of the
dependent variables are found to be significant at the p<0.05 level. The evaluation of the
hypotheses is as follows:

H1: Personal FoMO (3= 0.28) was observed to positively and significantly affect
online shopping addiction. The hypothesis that personal FOMO affects online shopping
addiction is accepted. Personal FoMO positively affects online shopping addiction.
Personal FoMO has a stronger effect on online shopping addiction than social FoOMO.

H2: Social FoMO (= 0.16) positively and significantly affects online shopping
addiction. And it has a positive impact. The hypothesis “Social FoOMO has an impact on
online shopping addiction.” was accepted.

H3: Personal FoMO (3 = 0.23) has a positive and significant effect on cognitive load
searching. There is a positive and linear relationship between cognitive load seeking and
Personal FoMO. The hypothesis that personal FoMO has an effect on cognitive load
searching was accepted.

H4: Personal FoMO ( = 0.23) has a positive and significant effect on cognitive load
for searching. There is a positive and linear relationship between cognitive load seeking
and Personal FoMO. The hypothesis that personal FoMO has an effect on cognitive load
for searching was accepted.

Hb5: Personal FoMO has a positive and significant effect on cognitive load for paying
(p = 0.12). Personal FoMO significantly affects cognitive load for paying. The hypothesis
“Personal FOMO has an impact on Cognitive load for paying.” was accepted.

Hé6: Social FoMO (3= -0.15) negatively and significantly affects cognitive load for
searching. There is a negative effect between social FoMO and cognitive load for
searching. The hypothesis “Social FoOMO has an impact on Cognitive load for searching.”
was accepted.

H7: Social FoMO (3= -0.10) negatively and significantly affects cognitive load for
purchase. The hypothesis “Social FOMO has an impact on Cognitive load for purchase.”
was accepted.

HS8: Social FoOMO was observed to have no effect on cognitive load for paying. The
hypothesis “Social FOMO has an impact on Cognitive load for paying.” was rejected.

HO: Personality types have a negative and significant effect on personal FoMO (3= -
0.12). The hypothesis “Personality type has an impact on Personal FoMO.” was accepted.

H10: Age was observed to have no effect on individual FOMO. The hypothesis that
“Age has an impact on Personal FOMO.” was rejected.

H11: We examined at whether the monthly number of online shopping has an effect
on personal FoMO, but no effect was observed. The hypothesis that “Number of shopping
has an impact on Personal FoMO.” was rejected.

H12: The effect of gender on personal FoMO has been investigated and not observed.
Therefore, the hypothesis “Gender has an impact on Personal FoMO.” was rejected.

H13: The effect of gender on personal FOMO has been investigated and not observed.
Therefore, the hypothesis “Personality type has an impact on Social FOMO.” was rejected.

H14: The effect of age on social FoOMO was also examined. As a result of the analysis,
it was observed that there was no effect. The hypothesis that “Age has an impact on Social
FoMO.” was rejected.

H15: The effect of the monthly numbers of online shopping of the participants on
their Social FoMOs was examined. It has been determined that the amount of online
shopping has a negative and significant effect on Social FoMO (3= -0.10). The hypothesis
“Number of shopping has an impact on Social FOMO.” was accepted.

H16: The effect of gender on Social FoOMO was investigated and it was observed that
there was no effect in this direction. Therefore, the hypothesis that “Gender has an impact
on Social FOMO.” was rejected.

H17: Cognitive load for searching does not affect online shopping addiction. It has
been determined that cognitive load has no effect on online shopping addiction while
searching for the desired product in online shopping. The hypothesis that “Cognitive load
for searching has an impact on online shopping addiction.” was rejected.
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H18: Cognitive load for puchase does not affect online shopping addiction. It is seen
that the cognitive load that occurs in the process of obtaining what is desired in online
shopping has no effect on online shopping addiction. The hypothesis that “Cognitive load
for purchase has an impact on online shopping addiction.” was rejected.

H19: Cognitive load for paying ( = 0.13) positively and significantly affects online
shopping addiction. For payment status, cognitive load for paying has a directly
proportional effect with online shopping addiction. The hypothesis that “Cognitive load
for paying has an impact on online shopping addiction.” was accepted.

H20: Gender (f3 = 0.14) positively and significantly affects online shopping addiction.
The hypothesis that “Gender has an impact on online shopping addiction.” was accepted.

H21: The monthly numbers of online shopping (3 = 0.15) positively and significantly
affects online shopping addiction. It has been determined that the monthly numbers of
online shopping of online shoppers has a positive effect on online shopping addiction. For
this reason, the hypothesis that " Number of shopping has an impact on online shopping
addiction." was accepted.

H22: It was investigated whether the age variable affects online shopping addiction
and it was observed that it did not. Based on this result, the hypothesis " Age has animpact
on online shopping addiction." was rejected.

H23: Personality types in online shopping do not affect online shopping addiction.
The hypothesis that “Personality type has an impact on online shopping addiction.” was
rejected.

The results suggested that the proposed model, which examined the relationship
between online shopping addiction, FoMO, cognitive load, personality types, gender, and
monthly shopping amount, was valid. The findings supported the validity of the model
in explaining the patterns of these relationships.

4. Conclusions, Discussion and Recommendations

Advancements in technology, processes, and user experiences have led to the spread
of various applications (Deloitte.Digital & TUSIAD, 2022). As a result, the market has
made significant progress towards becoming mainly online. This shift towards digital
platforms has influenced the online purchasing habits of different age groups. Users
between the ages of 16-24 showed a higher preference and interest in online shopping,
while users aged 55-64 also started taking on e-commerce at a faster pace (Deloitte.Digital
& TUSIAD, 2022). Several factors were identified as influential in this context, including
FoMO (Argan & Tokay-Argan, 2018; Bekman, 2022; Korkmaz & Dal, 2020; i§can et al,,
2022; Sahin & Cavus, 2020), personality types (Aydin, 2022; Sénmez, 2019), cognitive load
(Aydin, 2022), gender (Uster, 2014), shopping amount (Beziroglu, 2018), and online
shopping addiction (Uster, 2014).

This study focused on adult individuals, particularly those in their twenties, who
engage in online shopping. This age group was selected because studies in the literature
report that compulsive buying disorders, such as online shopping addiction, often
develop during late adolescence or early adulthood and can become chronic over time
(Black, 2007). Furthermore, individuals in their twenties typically have their own bank
accounts, personal finances, and credit cards. This means a shift from relying on pocket
money to earning their own income. This period marks a significant transition where
individuals have new autonomy in spending (Bal & Okkay, 2022). Additionally, since
income status was found to be associated with FoMO (Bekman, 2022), it was considered
necessary to collect information about participants' income status in order to examine its
potential impact on shopping behavior. The findings of this study revealed that most of
the participants shopping online were women, in university and single. They preferred to
shop using both websites and mobile apps. They typically shopped three times a month
or less, and their monthly household income was between 10,000 TRY and 20,000 TRY. It
was also found that people between the ages of 21 and 30, who were considered to have
a type A personality, spend around three to five hours on the internet, including their
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online shopping time. However, it was found in another study that 63.3% of people who
usually shop in physical stores shop online less than once a month, while 45.3% of online
shoppers make purchases a few times a month (Saygili & Siitiitemiz, 2017).

Although online shopping is rapidly becoming widespread, many people do not
prefer to shop online due to the fact that it is different from traditional shopping habits
and due to the uncertainties in the internet environment (Algiir & Cengiz, 2011). Although
those who did not shop online were not included in the study, their information was still
considered. Although the number of people who do not shop is generally low, important
to understand the general characteristics of these individuals in the digital age and explore
ways to include them in the online shopping system. After all, these people have potential
in terms of marketing.

This study identified several popular websites and applications for online purchases,
including Trendyol.com, Hepsiburada.com, sites with physical stores, N1l.com,
Amazon.com, and other platforms, Alibaba.com and ebay.com. In addittion, as of March
2023, the most frequently visited e-commerce and shopping websites in Tiirkiye were
Trendyol.com, Sahibinden.com, Hepsiburada.com, Amazon.com.tr, and Akakge.com
(similarweb, 2023b). Furthermore, in global Google searches, Amazon ranked as the most
searched e-commerce platform (Kemp, 2023). As of March 2023, the most popular e-
commerce and shopping websites worldwide were Amazon.com, eBay.com,
Amazon.co.jp, Rakuten.co.jp, Etsy.com, and AliExpress.com. Particularly, eBay.co.uk
ranked 17th, Trendyol.com ranked 28th, Sahibinden.com ranked 34th, and Alibaba.com
ranked 44th (similarweb, 2023a).

This study also revealed that participants engaged in online shopping to fulfill
various needs. The most common product categories were clothing, personal care items,
education-related purchases, technology products, household
goods/furniture/appliances, groceries, non-food items, DIY materials/hand tools, health
products, and various spare parts. It was reported in a study that the most purchased
product categories for online shoppers were "clothing and shoes," "books, magazines, and
stationery," and "banking services," while traditional shoppers primarily purchased
"technology products" (computers, cameras, mobile phones, etc.), "books, magazines, and
stationery," and "travel tickets" (Saygili & Siitiitemiz, 2017). Based on estimated annual
expenditure, the ranking of online consumer goods included fashion, electronics, toys,
hobbies, DIY materials, furniture, personal and home care products, food, beverages, and
physical media (Kemp, 2023). In Tiirkiye specifically, the most commonly purchased
items online were clothing, shoes, and accessories (71.3%), followed by deliveries from
restaurants, fast food chains, and catering companies (50.2%), food products (41.9%),
cleaning and personal care products (28.7%), and beauty and health products (27.4%)
(TUIK, 2022).

In addition, this study highlighted the significant relationship between FoMO,
cognitive load, personality types, gender, monthly shopping amount, and online
shopping addiction among individuals shopping online Although age was thought to
have an effect while creating the model, it was seen that there was no effect in the last
stage and it was removed from the model. While individuals' cognitive load while
searching and receiving during their online shopping did not have an effect on online
shopping addiction; It was found that cognitive loading during payment has a significant
effect on online shopping addiction. This result shows that while the cognitive load for
payment increases, online shopping addiction increases and significantly affects it. Time
and product diversity are among the perceived advantages in online shopping, and the
concern about sharing identity and credit card information, which is seen as a perceived
risk (Algiir & Cengiz, 2011), will cause excessive effort in online shopping. This concern
makes them more cautious and increases the cognitive load when making online
payments. Cognitive overload, influenced by factors such as social anonymity and
excessive visual stimuli (images, animations, pop-up applications, notifications), weakens
self-control and facilitates an increase in online shopping addiction. Cognitive overload
was identified as a predictor of online shopping addiction (Rose & Dhandayudham, 2014).
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Moreover, this study provided insights into the factors that users prioritize to facilitate
their online purchasing processes in Tiirkiye (Kemp, 2023). These factors include:

1. Free delivery (57.3%)

Easy return policy (49.4%)

Coupons and discounts (43.5%)

Fast and easy payment (34.8%)

Customer comments (34.7%)

Next day delivery (34.2%)

Likes or positive comments on social media accounts (27.1%)
Cash on delivery option (26.4%)

Loyalty points (26.0%)

Company appearing environmentally friendly (21.6%)
Interest-free payment option (21.1%)

Live chat support (19.5%)

Membership-free ordering feature (18.9%)

14.  In-store pickup option (17.9%)

15.  Exclusive content or services (15.8%)

These data can be used to address cognitive load, FOMO, and online shopping
addiction, and to design online shopping experiences to address users' preferences and
needs.

While it is important to reduce cognitive load in e-commerce, it is also necessary to
consider the question of whether it causes individuals to become addicted to online
shopping. There is a delicate balance here since the motto of cognitive load is "don't make
me think", while online addiction has a situation "without thinking about it,
unconsciously”. It's crucial not to overlook the fact that minimizing exhaustion and effort
during e-commerce can unintentionally contribute to online shopping addiction.

The study revealed a significant and inverse relationship between personality types
and personal FoMO. However, no relationship was observed between personality types
and social FOMO. While the level of FOMO differs among individuals, it has an impact on
purchasing behavior (Bekman, 2022). Individual differences in FOMO can be attributed to
varying personality types (Rozgonjuk et al., 2021). When individuals are evaluated
considering physiological, psychological, biological, and sociological aspects (Luthans,
1995), personality types influences personal FoMO, considering factors such as
inheritance and bodily structure (Cetin & Beceren, 2007), which contribute to the
formation of personality. Also, personality type appears to have an impact on online
shopping addiction via Personal FoMO. There isn’'t direct a connection between
personality types and online shopping addiction. In this case, personality types affect
online shopping addiction weakly (Rose & Dhandayudham, 2014). Personality traits are
enduring psychological characteristics that remain stable over time (Mount et al., 2005).
Studies have identified that personality traits, environmental factors, and characteristics
of online retail contribute to the prediction of online shopping addiction (Chen & Zhang,
2015; Yang, 2021).

FoMO (personal FoMO and social FOMO) has a significant and positive impact on
online shopping addiction. Individuals who experience FoMO tend to exhibit higher
levels of online shopping addiction. In fact, 60% of people shop online due to FoMO and
often make purchases within 24 hours (Taheer, 2023). This increased shopping behavior
is believed to contribute to the development of online shopping addiction. FoMO, a
psychological phenomenon (Song et al.,, 2017), can lead individuals to use excessive
internet use as a form of self-medication (Kandell, 1998). While many people who spend
excessive time online may not become dependent on the internet itself, they may utilize
the online environment to engage in other addictive behaviors (Pontes et al., 2015).
Addicted individuals tend to rely on the internet to fulfill their problematic shopping
tendencies (Zhao et al., 2017). In addition, Kerse and Yiice (2022) discovered that FoMO
has a positive influence on online compulsive buying behavior.
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