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Abstract: The present study attempts to explore, in-depth, the influence of AI on the Human Resource 

Management process with respect to key results such as Smarter Recruitment, Enhancing Performance 

Management, Employee Engagement and Retention, Data-Driven Decision Making, and Personalized 

Learning and Development for estimating the protentional benefits that can be drawn through the adoption of 

AI. A structured questionnaire was used to collect data from 275 HR managers, recruitment managers, training 

managers, and their assistants who are currently working in a five-star hotel chain in Egypt. This study has a 

novel conceptual framework and uses SPSS version 23 and AMOS version 23 for analysis. These findings reveal 

that the use of AI in HR processes has, in fact, a positive significant effect on Employee Engagement and 

Retention, Data-Driven Decision Making, Smarter Recruitment, and Enhancing Performance Management but 

has no effect on Personalized Learning and Development. The novelty of this contribution lies in its focus on 

specific outcomes of the adoption of AI technology in managing the HRM process. This study fills the 

conceptual gap in the literature on HRM through the critical analysis of AI functions in the human resources 

process, focusing on the following critical outcome variables: employee engagement and retention, data-driven 

decision making, smarter recruitment, enhancing performance management, personalized learning, and 

development-the interrelations between HR artificial intelligence and these outcome variables. 

Keywords: AI; HR; engagement; retention; performance management; decision making 

 

1. Introduction 

The world is witnessing an unprecedented period of technological advancement in various 

fields. This technological advancement helps address some of the biggest human resources problems 

in business organizations. The human resource management process has significantly influenced by 

artificial intelligence improved the fastest and best solutions to their problems and challenges faced. 

The HR department has always been very crucial to the success of any company since it generally 

deals with talent growth and acquisition, employee engagement, retention, and workforce 
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development. Technology advancement leads the development of the human resources (HR) field. 

Recently, the integration of artificial intelligence (AI) into HR has significantly influenced the 

development of the concept of performance management. Generative AI makes use of machine 

learning (ML) and deep learning algorithms to produce high-quality material that is 

indistinguishable from human-generated content [1]. 

Artificial intelligence, robotics, and modern technological techniques and applications are 

among the positive and effective means that human resources management can rely on to develop 

and reengineer its operations. In fact, these technologies will foster creativity and innovation within 

human resources management functions and departments. Professionals and stakeholders view 

these technologies as essentials and fundamentals that foster competitiveness and guarantee a 

continuous path to success. Artificial intelligence applications can analyze, predict, and diagnose to 

help human resources teams and specialists make decisions [2]. Although the application of artificial 

intelligence is considered an optimistic opportunity that enhances the growth and development of 

organizations and supports functions such as recruitment, training, performance analysis, retention, 

and more, the majority of organizations are still hesitant or late in integrating artificial intelligence 

applications into their human resources management practices due to their cost. Understanding the 

meaning of AI and using it appropriately can create a better future by combining human and 

technical intelligence and boost the value of producing better and quicker solutions for HR processes 

and operations. 

According to Murugesan et al. [3] AI algorithms assist in making real-time decisions and 

ensuring consistency in computational methods. The integration of AI and automation into 

workforce development marks a significant advancement in the field of study. HRM operations, 

including learning and development, talent development and management, and workforce planning, 

are incorporating these applications. For instance, the ability of artificial intelligence and automation 

to analyze data and recognize patterns has already disrupted the traditional methods of identifying 

and processing learning needs in learning and development. Furthermore, AI systems use natural 

language processing and machine learning to analyze employee input. They provide actionable 

insights into skill gaps and learning requirements. Therefore, using AI in HRM leads to more 

personalized learning experiences and helps find skill gaps through analytics, making sure that each 

employee gets the training that is best for them [4]. These technologies have changed HRM 

procedures, making them more effective and impactful, with the potential to fundamentally 

revolutionize the discipline [5]. 

Academics are increasingly interested in studying the impact of artificial intelligence (AI) on 

human resource management [6]. In this perspective, the present research focuses on the role of AI 

in five critical elements of human resource management: smarter recruitment, enhancing 

performance management, employee engagement and retention, data-driven decision-making, and 

personalized learning and development. Moreover, previous studies on the role of AI in HRM by 

Tambe et al. [7] have primarily focused on descriptive aspects without considering theoretical 

contributions. Thus, the present research adds new information to the existing literature. First, the 

research focuses on the function of AI in encouraging data-driven decision-making since there are 

few studies on this issue [8]. Second, the study's originality stems from its investigation of the role of 

artificial intelligence in fostering HR management processes. Third, there are a few studies on 

performance management in the setting of artificial intelligence [9]. Finally, the study explores the 

organizational outcomes of applying AI in HRM. Thus, this study also aims to develop a conceptual 

framework and examine the relationship among the potential outcomes of integrating AI into HRM. 

Furthermore, the above discussion has influenced the formulation of the study's question: What are 

the potential consequences of integrating AI into the HR management process? 
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2. Literature Review 

2.1. Theoretical Background and Hypotheses Development 

Socio-technical approach is "a way of seeing organization that emphasize the interdependence 

between the functioning of the social and technological systems within the organization and the 

relation of the organization as a whole in its operational environment." According to Passmore et al. 

[10] the socio-technical system view emphasizes that people in organizations who, through 

technology, produce goods and services are integral determinants of the functioning and 

appropriateness of the technology as well as the behaviors of the users of the technology. This 

definition includes the added value aspect in that the customers, as part of the organization's external 

environment, have valued the goods and services [11]. 

Emery [12] stated that socio-technical research concerns the mutual benefit arising from the 

conjunction of social and technical factors. This intersection emphasizes a reciprocal relationship 

between humans and machines, whereby a dual process of shaping social and technical systems 

occurs [13]. Thus, the socio-technical approach identifies social and technical dimensions, called 

subsystems, that form a system of interest or a broader system, known as the metasystem. The theory 

explained that a socio-technical system's success is the product of the contribution between these 

subsystems. Socio-technical theory emerged in response to the prevailing technocratic models, which 

were technologically deterministic and ignored human factors [14,15]. 

Kling's [14] study underscored the significance of proactive and imaginative analyses in 

addressing the implications of emerging technologies. The study considered "the potential 

capabilities, benefits, and harms of new technical developments," concluding that moral analyses of 

implications should incorporate social and economic factors rather than solely rely on technical 

aspects. A subsystem concept distinguishes between different aspects of a given system using a socio-

technical theory. Early studies identified three dimensions of a socio-technical system: socio-

psychological, which refers to people and their human aspects; technological, which refers to tools or 

objects; and economic, which represents the effectiveness of interactions between human and 

technological resources [16]. 

this technical subsystem is related to the physical and material proceeds within the 

transformation process, as well as the tasks, control, and maintenance functions, and when applied 

to the organizational setting, denotes the tools, techniques, skills, and devices that workers need to 

achieve organizational goals and tasks [17, 18]. 

Numerous disciplines, including information systems (complex systems), 

organization/business/management studies, and engineering have applied sociotechnical theory, 

employing a variety of qualitative and quantitative methods as well as socio-technical design 

methodologies. Moreover, the application of socio-technical theory spans various contexts and levels 

[11,19]. 

2.2. Role of AI in Human Resources Management 

Different scholars and experts have presented the definition of AI in various ways, highlighting 

its capabilities and aspects in terms of technical advancement and problem-solving efficiency. 

Agrawal et al. [20] stated that AI is basically the ability of computers to utilize voluminous data in 

order to predict outcomes or propose solutions for contexts that are multimodal as well as 

multidimensional. AI solutions analyze large volumes of data in critical situations to make informed 

predictions and judgments. AI is increasingly integrating into human resource management, thereby 

transforming nearly all pertinent aspects of HRM. Most operational procedures in human resource 

management have begun to make increasing use of AI because of the large number of data points 

relating to labor management and organizational operations. According to Votto et al. [21] this 

development aims to support sustainable company structures. Also, AI in HRM may enable business 

organizations to easily identify highly qualified candidates. Thus, recruiting can be far more efficient. 

For instance, [22] and [23] identified various opportunities that arise in the performance management 

context due to intelligent AI technologies. However, when businesses transform into knowledge-
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driven, organizations will be able to meet the needs of workforce training and development and 

enhance the quality of learning through the AI-based training application. 

Businesses across the world have now realized the role of AI-based solutions in motivating 

improvements in several important human resources tasks. These technologies enhance work 

performance and cost efficiency, besides improving employee satisfaction and productivity. Other 

results that have emerged from the incorporation of AI include improved retention rates, more 

informed decision-making, and a significant reduction in human resources and operational costs [24]. 

The increased acceptance of AI in human resource management will be fostered by the realization of 

potential benefits to companies, employees, and customers alike. In fact, AI stands out to be quite 

useful in automating processes and hence freeing human resources for core activities down to real-

time data analyses and predictive analytics. Artificial intelligence is changing the capability of the 

human resource sector at large in terms of decision-making and problem-solving [25–27]. 

SET or Social Exchange Theory explains how perceptions of HR management in integrating AI 

into the HRM process influence their strategies toward smarter recruitment, engaging employees and 

retaining them, enhancing performance management, personalized learning, and development, and 

making decisions. "SET" illustrated that, when organizations drive the AI-driven into the processes 

of HRM, people will perceive something special because this might lead to a greater likelihood of 

workers showing positive attitudes and behaviors. This could also support engagement and retention 

[28]. The implication of this study, therefore, is that integrating AI into the process of human resource 

management might come up with employee engagement and retention, guide the human resource 

team in more effective recruitment, improve performance management, create personalized learning 

and development, and inform decision-making. Figure 1 depicts the conceptual framework. 

 

Figure 1. Conceptual Framework. 

2.3. Potential Outcomes of Artificial Intelligence Technologies in HRM 

2.3.1. Employee Engagement and Retention 

According to SivaSubramanian [29] employee engagement patterns are shifting as generations 

change in the workplace. As a result, techniques for engaging and retaining people are evolving. Dell 

Technologies has shown that Generation Z is excited about how technology may transform the way 

workers work and participate. The availability of innovative technology made Gen Z employees 

more engaged and interested in their work. Moreover, new technologies such as machine learning 

and artificial intelligence are replacing traditional techniques of employee engagement, including 

two-way communication, employee recognition programs, and learning and development, unlike 

the yearly performance review platform. 

A study by Hughes et al. [30] explained that utilizing artificial intelligence to provide feedback 

enhances employee engagement. Garg et al. [31] explained that AI systems may assist in analyzing 

employee feedback and satisfaction levels; consequently, this will assist workers in responding to an 

organization survey on their experiences at the workplace, analyze the inputs offered by the 
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respondents, and deliver vital information to the organization for improving employee engagement 

and retention [32]. 

HR management can employ AI to get deeper insights into team dynamics, identify high-

performing teams, and indicate areas for growth. This data-driven strategy allows firms to optimize 

team structures, efficiently allocate resources, and build a culture of continuous development. AI may 

analyze data based on employee behavior to discover individual skills, limitations, and preferences, 

as well as anticipate future performance. Real-time data is also essential for the personalized 

engagement process. Decision-makers may then utilize this reflective and predictive data to make 

informed choices. Among the primary benefits of personalized interaction are enhanced productivity 

and motivation [33] 

When treated as individuals rather than as team members, employees were more likely to feel 

appreciated, Consequently, employees will show more commitment to their job. Another significant 

potential of AI is chatbots and virtual assistants, which are in high demand for employee engagement. 

Advanced AI-driven algorithms in the performance of chatbots or virtual assistants transform 

managerial communication with employees. Chatbots are those programs which interact with users 

by using human-like conversations [34]. 

2.3.2. Smarter Recruitment  

Data-Driven Decision Making, and Personalized Learning and Development Generally, AI-

driven solutions currently transform human resources management and the processes of recruitment 

and selection. The inclusion of AI in the process of recruitment is a paradigm shift which merges the 

interaction of tradition with advanced technologies. AI-driven candidate screening automates the 

process of preliminary screening of candidates, hence shortlisting applications that fit the 

requirements of the job description. Additionally, automated parsing utilizes natural language 

processing to optimize the assessment of abilities and experiences. Combined, video interviews and 

face analysis decipher nonverbal clues and provide subtle insights about applicant appropriateness 

[23]. 

While AI improved efficiency, it also strengthens candidate experience [35]. AI-powered 

chatbots respond to real-time candidate inquiries, ensuring smooth and dynamic interaction. 

Predictive analytics uses data-driven insights to evaluate candidate performance, finding the best-fit 

candidates via algorithmic analysis of past data [36]. 

Park [37] argued that AI-powered tools can predict which candidates will stay with an 

organization. As a result, the placement process could become significantly more efficient. Web-

based recruitment tends to be impersonal. Web-based recruitment does not allow prospects to ask 

questions about the vacancy announcement. Job seekers frequently ask questions and tend to stay in 

touch with the organizations. However, approximately 40% of the applicants never receive responses 

from organizations [38]. 

2.3.3. Personalized Learning and Development 

AI embeds intelligence in the process of onboarding and training employees, thus setting new 

highs in human resource management regarding personalized and effective learning. AI-powered 

onboarding proceeds with experiences designed to meet the needs of each employee. AI algorithms 

generate recommendations for personalized training through an analysis of employee profiles and 

experiences and recommend appropriate modules in line with the employee's skillset and learning 

speed [39]. 

The results of Holuša et al. [40] study indicated that the virtual reality-based simulations further 

plunge newly recruited employees into real situations where they receive hands-on training even 

before actually starting their jobs. This kind of approach toward learning promotes faster speeds and 

a greater understanding of the job responsibilities. Artificial intelligence gives real-time feedback, 

thereby enhancing the training capability. The employees get real-time feedback on their 

performances and thus have a drive to improve. Predictive analytics may help identify potential skill 

gaps and target training interventions, thereby enabling people to upskill themselves and remain 
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relevant for the emerging demands of employment. Additionally, AI-supported training improves 

information retention using adaptive learning approaches, which alter the training material 

depending on an employee's progress and understanding level [41]. 

Budhwar et al. [42] discussed how AI technologies help workers learn and improve. HR 

managers may use AI technologies to identify employee skill gaps and build appropriate training 

programs. Furthermore, the HR manager's online and virtual training allows them to evaluate not 

only the effectiveness of the training provided but also the talents and experiences of employees. This 

ensures that the right people with appropriate talents are placed in the appropriate locations. 

2.3.4. Performance Management 

Performance management is the strategic process whereby companies plan, monitor, and 

analyze the performance of their employees to achieve both individual and corporate objectives. This 

involves setting their expectations, continually monitoring the progress with respect to set 

expectations, feedback, and embracing strategies for improvement. Traditionally, manual methods 

and subjective judgments have supported performance management. AI allowed higher accuracy 

and data-driven decisions to be made possible [43]. 

Performance management is a continuous process whereby employees' levels of performance 

are observed. Performance management involves observing and recognizing individual and team 

performance to achieve corporate objectives [7,44]. HR managers may use multi-attribute decision-

making models to guarantee that workers get fair and complete appraisals. They highlight areas 

where workers may improve their talents and the extent to which they need development. 

Furthermore, they allow managers to assess employee performance and offer improvements, such as 

extra training, skill development, or higher education as required [42]. 

Integrating AI into the HR process system will enhance performance management. The 

organization can easily monitor the performance of workers across all departments and track 

individual performance. As workers update their goal progress, AI monitors performance measures 

and alerts you if they are not on pace to accomplish the targets. Then, you can take quick action by 

investigating what's causing performance concerns and providing assistance to help every employee 

achieve their goals [45]. 

Lake [46] conducted a case study on how AI influences performance management in a Fortune 

500 firm. He realized that, after a while, the use of AI in performance management resulted in a 

reduction in time spent on administrative tasks of performance reviews by 30%. This result leads 

executives and managers to concentrate more on employee coaching and delivering relevant 

feedback to their staff, resulting in a 15% increase in overall employee performance. Furthermore, AI 

assisted in identifying patterns and trends in employee performance data, enabling firms to identify 

issues and seize opportunities for employee development. 

2.3.5. Data-Driven Decision-Making 

In today's technological advancement, an organization's ability to make educated, accurate, and 

timely decisions determines the road to success. AI helps organizations accelerate it through going 

through a large volume of data, coming up with trends, and determining what to do. All businesses 

are now undergoing a transformation in their decision-making process. AI integration into decision-

making platforms is changing industries by enabling better, faster, and more impactful decisions. Its 

ability to quickly and accurately analyze massive volumes of data makes it perfect for decision-

making in the twenty-first century [47]. 

Data-driven decision-making is a corporate strategy that involves using data analysis to make 

informed decisions. It entails collecting data and analyzing it in a way that provides insight into the 

information, thereby helping to drive the decision-making process. The essence of DDDM is the 

replacement of intuitive and gut sentiments with evidence-based insight—a process that reduces the 

margin of error and increases the possibility for success. Artificial intelligence in decision-making 

shows one of the biggest leaps beyond human capabilities. AI in decision-making extends its prime 

importance to banking, healthcare, manufacturing, and marketing [48]. This allows for faster and 
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quicker processing of voluminous data, resulting in quicker and more informed decisions. This is 

particularly important in critical situations such as medical emergencies, where prompt analysis can 

differentiate between life and death. In addition, AI might identify trends and make predictions that 

would not come to a human decision-maker's attention; thus, it might obtain better outcomes in risk 

management, resource allocation, and policy development [45]. 

Luley [43] found that data-driven human resources decision-making, on the other hand, will 

enable the firm to align its human resources approach with wider business goals. In this regard, 

organizations can identify how human resources practices and initiatives help the organization 

achieve success by measuring human resources data against key business metrics, HR director and 

managers can make more effective and informed decisions about resources and workforce and align 

human resources process with overall goals and objectives. 

3. Materials and Methods 

3.1. Data Collection 

The present investigation, therefore, uses the quantitative survey method, the base for which 

was taken from [49], in order to realize how the integration of AI into human resource processes has 

brought out certain implications on the HR functions of an organization. data collected from the 

respondents using a structured questionnaire. This study's measurement tools are based on twenty-

six constructs developed from three studies, namely [50–52]. 

Respondents in this study are HR managers, recruitment managers, training managers, and their 

assistants who presently work in a five-star hotel chain in Egypt. The researchers contacted the 

general managers of those hotels for their consent to participate in the research. Thirty-four hotels 

agreed to participate, while five hotels declined to conduct the survey. 

The questionnaires were administered to the respondents through the business emails obtained 

from the HR division. The hotels, which apply artificial intelligence in human resources practices to 

improve their operation performance based on facts and not emotions or biases, were the targets of 

the study. A random sampling approach was useful for data collection when respondents shared 

characteristics of smart technology use for hospitality and tourism [53]. A total of 275 valid 

questionnaires were collected, with a response rate of 78.5%. For rating of the study questions, a five-

point Likert-type scale was utilized, where 1 pointed to "strongly disagree" and 5 to "strongly agree." 

Additionally, we asked participants to report some demographic information, such as age, gender, 

position, and years of experience. 

Prior to the survey distribution, we conducted a pretest of the questionnaire with 30 samples to 

examine the reliability of the construct. We asked HR managers who have experience in artificial 

intelligence (AI) and hospitality management professors to participate in the pretest for the pilot test, 

aiming to assess logical consistency, comprehensibility, and task relevance. 

Participants in the pretest provided suggestions on how to improve the questionnaire. The 

hypothetical framework led to the development of "the structural equation modeling," or SEM, which 

was used to test the hypotheses. While selecting the appropriate statistics for data analysis, there 

were several reasons to choose SEM as a proper method for the study analysis. First, Structural 

equation modeling represents a statistical modeling technique that encompasses several traditional 

multivariate approaches to factor analysis, regression or path analysis, discriminant analysis, and 

canonical correlation. It has been widely utilized in the behavioral sciences. This basic approach to 

the method is based on theoretical constructs represented by latent factors. Path analysis provides 

interrelationships of the theoretical constructs through the path coefficients, resulting in a path 

diagram that graphically represents the structural model. We used exploratory factor analysis (EFA) 

to find the main constructs in the first phase. In the second phase, confirmatory factor analysis (CFA), 

we used path analysis to find the causal relationships between these constructs [54,55]. Moreover, we 

used factor loadings to determine the extent to which certain questionnaire questions reflect their 

underlying components. Internal consistency was tested via alpha-Cronbach and composite 

reliability. 
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Construct validity was used to test for the actual lack of a relationship among measures that 

were not conceptually related to any great degree. Additionally, we precisely evaluated the validity 

of convergent constructs using AVE, and we followed Fornell & Larcker's approach to evaluate the 

discriminant construct validity. 

3.2. Respondents’ Profile  

The demographic characteristics are extracted to explain in detail the information required about 

the respondents. Table 1 explains that the majority of the respondents were males, which formed 71% 

of the total responses, while females rated for 29%. The age group of 35–54 accounted for 17% of the 

responses, while the age group of24–34 accounted for 36%. Regarding the years of experience, the 

results reveal that 50% of respondents have experience ranging from a year to 5 years, 35% have 

experience ranging from 6 to 10 years, and the rest of respondents is 15% have experience exceeding 

10 years. additionally, 13% of total respondents were occupy a directors of HR jobs as well as HR 

managers; 12% were training managers; 10% were recruitment managers14% were HR assistant 

managers; 11% were assistant training managers; and 27% were HR supervisors. 

Table 1. Sample characteristics. 

Indictor Category Percentages 

Gender:  

Male 

Female 

 

195 

80 

 

71 

29 

Total 275 100% 

Age:  

From 24 to less than 34 

From 35 to less than 54 

From 55 to above 

 

98 

129 

48 

 

36 

47 

17 

Total 275 100% 

Years of experience: 

From 1 year to 5 years 

From 6 years to 10 years 

Over 10 years 

 

138 

95 

42 

 

50 

35 

15 

Position: 

Director of HR 

HR manager 

Recruitment Manager 

Training Manager 

HR Asst. Manager 

Asst. Training Manager 

HR Supervisor  

 

35 

35 

29 

32 

39 

31 

74 

 

13 

13 

10 

12 

14 

11 

27 

Total 275 100% 

3.3. Measurement Model 

a confirmatory factor analysis (CFA) conducted first to determine the reliability and validity of 

the data measurements. The factor loading, Cronbach’s alpha (α), composite reliability (CR), and 

average value extracted (AVE) tests are used to check the reliability of study measures. Table 2 

explains that all the variables reflect acceptable levels of reliability since they are all above 0.9: AI = 
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0.933, SR = 0.931, PM = 0.932, LD = 0.929, DM = 0.938. All Cronbach's alpha results were above the 

threshold value of 0.7 recommended; hence, measures utilized in this study are reliable, having high 

levels of internal consistency. 

The Composite Reliability (CR) index test assesses the internal reliability of each measurement. 

In light of Hair et al. [56] and Lai et al. [57] who explained that a CR index greater than 0.7 is an 

indication of an acceptable internal consistency of the construct. The results indicate that the 

composite reliability (CR) of all items exceeded the recommended threshold (0.7), as they ranged 

from 0.832 to 0.903. These results therefore validate the existence of internal reliability for each of the 

study constructs. 

Table 2. Convergent Validity. 

Constructs Items Loadings Alpha CR AVE 

artificial intelligence (AI) 

AI1 .776 

0.933 0837 0.692 
AI2 .716 

AI3 .751 

AI4 .757 

Employee Engagement and Retention 

 

ER1 .777 

0.931 0.832 0.684 
ER2 .711 

ER3 .783 

ER4 .705 

Data-Driven Decision Making  

 

DM1 .713 

0.932 0.846 0.708 
DM2 .764 

DM3 .844 

DM4 .721 

Smarter Recruitment 

SR1 .786 

0.930 0.864 
0.738 

 

SR2 .749 

SR3 .885 

SR4 .709 

Enhancing Performance Management 

PM1 .725 

0.929 0.903 
0.731 

 

PM2 .807 

PM3 .760 

PM4 .795 

PM5 .800 

Personalized Learning and Development 

LD1 .764 

0.938 0.889 0.785 
LD2 .824 

LD3 .846 

LD4 .836 

The results of Table 2 demonstrate that all constructs' average extracted variance exceeded the 

threshold value of 0.50, indicating that the measurement instruments accurately represented the 

overall amount of variance in the study's indicators. All AVE values ranged from 0.684 to 0.785 and 

were thus acceptable, as recommended by [58] who asserted that the ideal value for the AVE should 

be greater than 0.5. Higher values for the variance-extracted estimate (greater than 0.50) reveal that 

the indicators represent the latent construct well [59]. 
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Furthermore, the discriminant validity calculated using the Fornell-Larcker approach was less 

than 0.9 in all dimensions [60]. Table 3 shows that the square roots of AVE for each of the six 

constructs are on the diagonal and the squared correlations between constructs are not. 

Table 3. Discriminant Validity (Fornall-larcker). 
 

AI ER DM SR PM LD 

AI 0.831      

ER .683** 0.827     

DM .680** .776** 0.841    

SR .707** .774** .794** 0.859   

PM .774** .816** .829** .862** 0.854  

LD .006 -.008 -.021 -.049 -.015 0.886 

Note: Diagonal values represent the square roots of AVE and below values represent correlation Coefficients. 

3.4. Model Fit Indices 

The model was evaluated using several measures to determine the acceptance level of the model 

fit. The Chi-Square value (χ2=1.639, df= 257) falls below the recommended threshold of less than 3.0, 

confirming the model's fit [61]. The results illustrate that the measurement model has an excellent fit 

with the data: GFI =.90, NFI =.911, TLI =.957, CFI =.963, and RMSEA =.048. These fit results show that 

the measurement model provides a satisfactory fit to the data, as recommended by Schumacker & 

Lomax [62] and Reinard [63] who asserted that the baseline comparison index should have values 

above.90, where a value of 1 indicates a perfect fit. 

3.5. Structural Model Assessment 

For hypothesis testing, the structural model assessed the causal relationships among six factors. 

The Chi-Square χ2=(1.655) meets the threshold of <3, confirming that there is an acceptable fit model. 

Regarding the baseline indicators, NFI, TLI, RFI, IFI, TLI, CFI, and GFI, the results were 0.906, 0.955, 

0.90, 0.961, 0.955, 0.960, and 0.891, respectively. These confirm that there is a favorable fit since all the 

indices have met the recommended threshold ≥ 0.9. Furthermore, RMSEA at 0.049 indicates a good 

fit because the result meets the recommended threshold of < 0.06. We provided evidence of an 

acceptable model fit by comparing all the fit indices with their respective recommended values. 

3.6. Hypothesis Testing Results  

The path coefficients of the structural model in Table 4 showed that the strongest relationship 

was between AI and smarter hiring (β = 2.288, p < 0.001). Human resources teams rely on artificial 

intelligence to select the best candidates, matching their profiles to job positions that require specific 

skills, qualifications, and experiences. They filter the applications and exclude those that do not meet 

the requirements. This result supports the first hypothesis (H1). 

Results of path coefficients indicated that the artificial intelligence had a positive and significant 

impact on Enhancing Performance Management (β = 2.213, p < 0.001). These results indicate that the 

integration of AI with HR processes makes organizations able to optimize various HR functions, 

identify the strengths and areas for improvement, enhance productivity, and improve talent 

acquisition and development. Thus (H2) is accepted. 
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Table 4. Indicators of hypothesis evaluation. 

Description Estimate S.E. 
p-

values 
Results 

Smarter Recruitment <--- AI 2.288 .368 0.001 Accepted 

Enhancing Performance 

Management 
<--- 

AI 

 
2.213 .341 0.001 Accepted 

Employee Engagement 

Redefined 
<--- AI 1.608 .283 0.001 Accepted 

Data-Driven Decision 

Making 
<--- AI 2.196 .333 0.001 Accepted 

Personalized Learning and 

Development 
<--- AI -.006 .019 .736 Rejected 

The relationship between artificial intelligence and employee engagement and retention was 

found to be significant and positive (β = 1.608, p < 0.001); however, it is considered to be the least 

affected by artificial intelligence among all the intendent variables. The findings suggest that the 

integration of AI tools could enhance employee engagement and retention by achieving in-place 

rewards, promoting equity and diversity, providing opportunities for development and learning, 

and promoting inclusion by eliminating bias in recruitment and performance management 

procedures. Thus, (H3) was approved. 

 The results also explain that there is a positive and strong significant influence of artificial 

intelligence on data-driven decision-making (β = 2.196, p < 0.001). This result indicates that 

integrating AI-driven HR processes influences analytics and predictive information, which enables 

human resource development professionals to gain deep insights into employee performance, 

engagement, skill advancement, and workforce trends. AI provides crucial information that 

empowers human resource teams to confidently and efficiently make strategic decisions. This, 

therefore, implies that hypothesis H4 is true. On the contrary, the relationship of AI to personalized 

learning and development was not supported, given (β = -.006, p > 0.05); hence, hypothesis H5 was 

rejected (Figure 2). 

 

Figure 2. Structural equation modeling. 
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4. Discussion  

The growth of the enormous volume of information has highlighted the importance of having 

an effective information system that can provide accurate and timely information to meet the needs 

of senior management. This has become one of the main problems facing senior management today. 

Based on the review of the study's findings, it was clear that the use of AI in HR processes demands 

further research by academics in a diverse range of areas. Therefore, this present study will look 

through the existing literature on the development of AI in HRM processes for a better understanding 

of their importance. AI developments in human resources management have increased incredibly 

due to workforce digitization. 

This implies AI significantly influences the relation with hiring smarter employees, improving 

the processes of recruitment and hiring to make them more accurate and effective. These results 

confirm the fact that integration of AI with HR processes enables professionals to strategically and 

effectively hire the best talent in an organization aligned with the strategy behind meeting its goals. 

By reviewing candidates’ files and CVs, matching the necessary skills with the job requirements, and 

storing and archiving all CVs in an independent database for future reference, this process not only 

saves time and effort but also enhances the success and prosperity of the target job. 

In addition, during the phase of employee tests and interviews, AI creates standardized 

questions to judge candidates’ skills and performs cognitive tests to measure the candidate’s ability 

to solve problems and think critically, as well as behavioral and psychological tests. The result is in 

line with the results of Sekhri & Cheema [64] who found that artificial intelligence (AI) is significantly 

impacting recruitment management at almost every step of the hiring process. These technologies 

have greatly helped in selecting the best qualified candidates from a seemingly limitless pool of 

applications. 

Due to the large number of applications, HR departments face challenges in quickly identifying 

the best candidates for advertised positions [65]. Having many recruiters review and evaluate 

thousands of applications received for a single position has not only been very difficult but also 

excessively costly. Furthermore, digital technologies are significantly more effective and efficient in 

comparison to people. On the other hand, AI eliminated the possibility of cognitive biases [66]. Thus, 

HR departments should leverage AI-powered technologies and solutions to overcome these obstacles 

and speed up the hiring process.  

Results from the study indicated that AI had a strong, significant positive relationship with 

performance management. The result would mean that the AI solution to performance management 

could help in raising performance management by giving the holistic view of real performance that 

would lead to meaningful interactions between managers and employees. Performance management 

systems can apply AI to the enhancement of efficiency in monitoring, assessing, and rewarding 

employees. This technology can facilitate more effective employee goal setting by HR professionals 

and managers, improve feedback, and identify any recommendations for development. Thus, the 

results of this study support the findings of Qasim [67] who reported that the application of AI can 

revolutionize performance management by automating and simplifying important stages in the 

process. 

Theoretically, AI has brought a variety of benefits to performance management by being able to 

gather and process, in real time, large volumes of data about employee performance, summarize 

customer ratings and comments, and provide indications of sales volume in order to make judgments 

about how individuals and teams are performing. This allows the enterprise to proactively solve its 

performance problems and adapt data-driven decision making that enhances overall performance. A 

review by Brynjolfsson et al. [68] supports these results, as he mentioned that "integrating AI into HR 

management leads to improved organizational performance". 

Hypothesis 4 results showed that there was a positive relationship between artificial intelligence 

and employee engagement and retention. This finding provides evidence that AI-powered tools and 

applications might boost employee engagement and productivity. AI-enabled chatbots and virtual 

assistants may be offering an enhanced level of communication, improved response time, and 

deliverance of critical information all the time. An AI-enabled chatbot can summarize employee and 
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performance information and give significant insight into where the problems lie with managers, and 

thus it must be included in a proper development program. AI can also support HR managers in 

predicting the rate of employee turnover and plan employee incentives to encourage them. 

From analyzing the direct paths of artificial intelligence and data-driven decision-making, it is 

obvious that the relationship between them is significant and positive; this proves that integrating AI 

into the processes of HR will improve its quality and efficiency. AI systems can also predict market 

trends, employee’s behavior, and operational inefficiencies, thus enabling organizations to act before 

a problem has a chance to arise or an opportunity is lost. They also analyze vast volumes of data to 

find patterns and relationships that may elude human analysts. Previous research by Ben-Gal [69] 

also supported the results that the influence of AI on HR data-driven decisions. According to him, AI 

can promote the process of decision-making at each stage of the employee life cycle. 

Surprisingly, the outcome revealed that the fifth hypothesis could not support the significant 

role of AI in personalized learning and development. The result ran against Karaboga [70] who found 

that AI-driven tools support personalized learning systems and help meet the goal of selecting the 

most skilled and talented employees. 

5. Conclusion 

This study underlines that integration of artificial intelligence into human resources 

management procedures ensures the most desirable results, be it in recruitment, improvement of 

management's performance, rise of engagement, or retention of employees. Additionally, it is the best 

tool that helps in data and information collection with the intent of forecasting decisions believed to 

be optimal. Artificial Intelligence favors accelerating the hiring process further. Screening all the 

resumes and applications in time with precision is its work. It checks backgrounds and information 

provided and even suggests the best recommendations. Artificial intelligence provides new 

opportunities for enhanced training and development, including customized training programs 

tailored to each employee's needs and abilities. Equipped with AI, HR management could analyze 

performances in ways hitherto unimaginable: this form of intelligence in recognizing patterns and 

trends enables the development of more accurate and effective performance reviews. 

Moreover, since AI takes over and can actually perform the more routine duties, HR personnel 

are now able to give their energy to tasks that are becoming increasingly complex and require 

significant human involvement. This involves fostering relationships with clients, actively 

participating in workplace activities, fostering employee development, and placing a strong focus on 

strategic planning. However, many businesses persist in using online learning tools for ongoing 

training. Companies carefully organize and deliver programs using artificial intelligence methods. 

AI has the potential to reduce various responsibilities within a corporation, including recruiting and 

training expenses. Through its analysis and prediction prowess, AI provides pertinent answers and 

is effective, enabling greater planning for future challenges. 

Implications 

Theoretically, this study strengthens the conceptual foundation of HRM by conducting a critical 

analysis of AI functions in the human resources process. The study found five main factors that help 

new technologies grow and be used in HRD. These are: efficiency, cost-effectiveness, personalization, 

adaptability, and data-driven decision-making. These five factors work together to make the dual-

purpose mechanisms. First, they established a conceptual framework for continued research and, as 

a result, laid the groundwork for broader theories that could later inform empirical studies. Secondly, 

they provide HRD practitioners with a coherent framework for implementing AI and automation in 

an ethical and efficient manner, and finally, they improve the quality of the HRD intervention. 

The integration of artificial intelligence into human resource management practices has raised 

both interest in and alarm over its potential consequences. Artificial intelligence in human resource 

management may herald a shift in how organizations select, develop, and maintain their human 

resources. AI offers a set of opportunities that could complement human resource management 

practices and further enhance the ability to boost corporate performance, including speeding up 
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recruitment processes, offering personalized learning, and predicting employee flight risks. AI can 

help speed up the hiring process even as staffing requirements continue to increase. AI can help 

automate repetitive tasks by first working on big data analytics to identify trends. Organizations can 

incorporate AI technology, like chatbots, into their websites to draw visitors and boost conversation 

rates. This helps save time as it reduces the time spent on tedious hiring tasks like collecting candidate 

information, pre-qualifying candidates, and scheduling meetings and chat times. 

AI technology can help in screening resumes and identifying the right employee for the desired 

position. Models trained in machine learning check experience, skills, education levels, and the 

organization's interests before selecting the candidate for the job. Organizations may form flexible, 

cross-functional teams with this level of awareness that can lead strategic initiatives and adjust to 

changing market situations [71]. 

 HR departments may now train and assess employees using AI-based tools. AI tools have made 

it possible to detect skill gaps and create training plans for employees according to their needs. AI 

can create personalized learning routes for new employees according to their skills and abilities and 

match them up with projects of interest. 

AI can analyze employee training metrics to determine which employees should undergo 

specific training. Conversely, with effective implementation of this technology, AI tools will enable 

employees to learn more efficiently and expedite their personal and professional development, thus 

enhancing productivity. With the facilitation of AI tools, it is quite easy to monitor the behavior and 

analyze the performance of every employee. Rewards can be recommended for faster achievement 

of goals, and AI can help with notifications and suggestions on topics to increase productivity when 

goals are not met on time. AI can remove potential biases in comparing employees' performances. 

It also helps to realign the goals of those employees who are underperforming, hence enhancing 

their performance. AI can also provide information about the potential of an employee and 

performance prediction, which then becomes very important to the succession planning performed 

by the HR professional. Setting goals, tracking team and individual performances, capturing 

developments and changes are some tools that are being utilized by the HR professionals for saving 

operation time in order to reap optimal productivity and overall positive outcomes. 

It simplifies data collection and analysis in HR operations, excluding biases and conjectures and 

selecting the best candidates and pay/benefit schemes. Examining recruitment data, for example, 

reveals issues that can be addressed objectively.HR practitioners may improve overall effectiveness 

by concentrating on measures related to expenses (e.g., job advertising performance, cost per hire), 

speed (e.g., time to fill, time to recruit), and quality (e.g., new-hire turnover, new-hire retention rate). 

AI is also altering HRM in the field of learning and development. 

In conclusion, integrating AI with HR processes is an evolving area that enables HR to realize 

its potential as a genuine strategic partner. AI can amplify data's power so that HR professionals can 

leverage it to integrate their knowledge with the data to predict the future and take the required 

actions. AI also emphasizes the significance of AI as a supplement to sound and comprehensive logic 

in the operation of a well-functioning measurement system, ensuring that the insights from HR data 

serve as valid and reliable foundations for wise human capital decisions. 
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